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Tǁƾ ƼǈǇǍǂǇǎǂǇǀ ƾƿƿƾƼǍǌ ǈƿ ǐƾǅƿƺǋƾ ǋƾƿǈǋǆ
ǈǇ ƿǈǈƽ ƻƺǇǄ ǎǌƾ ǂǇ Ǎǁƾ UK: Ǎǁƾ ǋǈǅǅ-ǈǎǍ ǈƿ
UǇǂǏƾǋǌƺǅ CǋƾƽǂǍ* †

Aaron Reeves‡ and Rachel Loopstra§

July 13, 2020

Abstract:
In this paper we explore whether the recent rise in food bank usage in the UK has been
induced by the roll-out of Universal Credit. We bring together official statistics on the in-
troduction of Universal Credit with data on food bank usage from the UK’s largest food
bank network. We test the relationship between Universal Credit and food parcel dis-
tribution using a range of causal identification strategies (such as fixed-effects model,
Granger causality tests, and matching designs) and consistently find that an increase in
the prevalence of Universal Credit is associated with more food parcel distribution. We
also find that the relationship between Universal Credit and food parcel distribution is
stronger in areas where food banks are active, suggesting food insecurity arising from
UniversalCreditmaybehidden inplaceswhere foodbanks are largely unavailable. Though
it is challenging to implement any large-scale change to social security, our analysis sug-
gests systemic and persistent problems with this new system. Whilst the logic of Uni-
versal Credit is intuitively appealing, it has also proven to be unforgiving, leaving many
struggling to make ends meet.

IǇǍǋǈƽǎƼǍǂǈǇ
One particularly stark manifestation of poverty is household food insecurity, defined in high-
income countries as ‘the uncertainty and insufficiency of food availability and access that are
limited by resource constraints, and the worry or anxiety and hunger that may result from
it’ (Wunderlich and Norwood, 2006). Food insecurity, like poverty, exists in all high-income

*Replication materials are available here: https://github.com/asreeves/uc-foodbank
†Aaron Reeves and Rachel Loopstra are joint lead authors of this article, and both contributed equally.
‡Department of Social Policy and Intervention, University of Oxford, aaron.reeves@spi.ox.ac.uk
§Department of Nutritional Sciences, King’s College London, rachel.loopstra@kcl.ac.uk
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countries and, while estimates vary between contexts (FAO, 2019; Garratt, 2019)1, the rates of
food insecurity have gone up in some countries in recent years. The Great Recession, which
led to stagnating wages and rising food prices, explains some of this increase (Reeves et al.,
2017), especially in countries such as Greece, Italy, and Latvia, where the prevalence of food
insecurity rose after 2007 and then peaked in 2011 or 2012 (European Commission, 2019).

Rising food insecurity in Europe was not solely rooted in the economic crisis, however (Loop-
stra et al., 2015). In some places, it only began to increase after 2010, once austerity policies
aimed at reducing government spending on social security systems were implemented (Hills,
2014). These reforms reflect a broader shift in the logic of welfare states over the last 40 years:
reducing public expenditure by making the conditions of social security entitlements more
demanding and by cutting the generosity of financial support (Timmins, 2017; Pierson, 1994).
While the particular instantiations of this underlying logic of welfare are quite diverse, when
countries reduce the generosity and the universality of social security systems, they strip away
policies that would havemade them relatively immune to rising food insecurity during periods
of macroeconomic fluctuation (Loopstra et al., 2016).

The UK potentially fits this story too. The end of the recession, for example, did not coincide
with a reduction in food bank usage (Loopstra et al., 2018), and, in spite of economic recovery,
it has continued to climb over the past five years, rising by 73% since 2014 (The Trussell Trust,
2019). Indeed, over this same period, the UK Government implemented numerous welfare
reforms, many of which bore the hallmarks of this new logic of social security (Taylor‐Gooby
and Stoker, 2011). The rhetorical frames used to justify welfare reform in the 1990s re-entered
the political discourse in the wake of the Great Recession (McArthur and Reeves, 2019) and
were particularly prominent in theUKgovernment’s 2010SpendingReview. ‘UniversalCredit’
(UC), which was rolled-out in earnest from 2014 onwards, was the epitome of these efforts
(Timmins, 2016).

This paper seeks to empirically assess whether rises in food bank usage are associated with
the introduction and roll-out of Universal Credit, which, we argue, has a number of features
that may increase the risk of economic hardship for some claimants. Using Trussell Trust data
on food parcel distribution alongside a range of official statistics, we find that, when the UC
caseload rises from one month to the next, the number of food parcels being distributed goes
up too. This relationship is not constant across the UK, however. In places without a readily
accessible food bank, putting more people on UC has a far smaller influence on the number of
food parcels that are given out. This does not mean, we take it, that UC fails to produce depri-
vation in areas without food banks; rather it seems that, in these place, UC is in fact creating
hidden hunger. We also explore the switch to Full-Service UC, testing whether this exacer-
bates or minimises the association with food bank use, finding that introducing Full Service
appears to be independently related to higher food bank usage. Our results speak to broader
debates about how social security is structured and how reforms which seek to activate both
the employed and the unemployed may leave some worse off.

1The prevalence levels vary from 3-5% of the population in countries such as Sweden, Germany, and Den-
mark, to more than 10% in the UK and the United States
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Hǈǐ UǇǂǏƾǋǌƺǅ CǋƾƽǂǍ ƺǅǍƾǋƾƽ ǌǈƼǂƺǅ ǌƾƼǎǋǂǍǒ
Drawingon the same logic informingwelfare reformpolicies elsewhere (Kenworthy, 2010), UC
has been designed to reduce welfare dependency and ensure people are financially better off
when employed rather than on social security (Hills, 2014). UC expands welfare conditionality
and benefit sanctions to incentivise people to improve their financial situation. Conditionality
was previously reserved for those described as ‘trapped’ in the benefit system (e.g., out-of-work
benefits) (Dwyer and Wright, 2014). Under UC, conditionalities apply to some people in-work
and eligible for housing benefit or working- or child-tax credits (Hills, 2014; Timmins, 2017).
Another major change introduced with UC is that payments are paid in arrears. This model is
intended tomirror the world of work, where amajority of people receive their first pay cheque
after a month or more of employment (Millar and Bennett, 2017). Until February 2018, the
design involved a six-week wait for a benefit payment to be made. This ‘assessment period’
included a seven-day spell when the person was not eligible for UC, one month during which
claimants’ incomes were assessed, and another seven days for processing the claim payment.
From February 2018, this waiting period was reduced to five weeks, but has not been further
reduced.

UC also innovates in important ways. It creates a new infrastructure for social security by
combining out-of-work support, housing benefits, and tax credits into one system (Timmins,
2016; DWP, 2010). Combining these benefits into a single application and payment system is
intended to enable people to move between out-of-work and in-work benefits more smoothly,
reducing the risk of experiencing financial loss due to ‘churn’ into and out of the social security
system as people’s circumstances change (Hills, 2014). UC is also ‘digital-by-default’, what is
called Full Service (Dwyer and Wright, 2014), allowing people to make a claim without travel-
ling to a centralized site.

There has been a great deal of debate concerning the potential outcomes of UC. Some argue
UC’s labour activation components may have had positive effects on employment (Griggs and
Evans, 2010; DWP, 2018), as labour activation programmes have been shown to do this else-
where (Griggs and Evans, 2010). But a major qualitative longitudinal study based in the UK
found that welfare conditionality, and in turn sanctions, are not effective at facilitating em-
ployment or in-work progression (Welfare Conditionality, 2018). In some cases, sanctions
may be deducted from Housing and Child elements of UC payments, which could not happen
under the separated benefit system (Webster, 2019).

Digitalizing the service may also exclude those who lack IT skills and may actually make it
harder for some to submit claims (NAO, 2018). Assessment of the roll-out of the Full Service
version of UC has shown that 98% of claimants were able to register their claim online (Fos-
ter et al., 2018); however, this potentially misses the many who started the process but never
finished. Even among these successful claimants, around 43% said they needed more support
registering their claim (Foster et al., 2018). But by streamlining the application procedure and
automatically signing recipients up for any entitlements, there may be higher uptake benefit
uptake than the previous, disjointed benefit system.
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The waiting period for a first UC payment, though mirroring the world of work, may lead
to financial hardship and debt for those who do not have financial savings. Government data
suggest such policies are inducing financial hardship and causing many claimants to take out
advance payments to carry them through to the first payment, resulting in debt (NAO, 2018;
Foster et al., 2017).

Lastly, financial outcomes of UC are also mixed, as levels of entitlements are changed for some
claimants under UC. Some claimants will see higher payment levels under UC (Brewer et al.,
2019). But, UC will reduce entitlements for a significant number of benefit claimants, with
around 3 million people seeing their incomes reduced, many of whom are already living in
poverty (Barnard, 2019).

Wǁǒ UǇǂǏƾǋǌƺǅ CǋƾƽǂǍ ǆƺǒ ǂǇƼǋƾƺǌƾ ƿǈǈƽ ǂǇǌƾƼǎǋǂǍǒ
Given both the negative and positive aspects of the new UC system, there is considerable de-
bate aboutwhat impactUC is having on households’ ability tomeet their basic needs, including
their ability to afford food (Jitendra et al., 2018; Watts and Fitzpatrick, 2018). The claimants
that benefit from higher welfare payment entitlements and from moving into higher paid em-
ployment, might be at lower risk of food insecurity. However, these positive outcomes may
not offset some of the immediate, and potentially prolonged, harms of the claiming process
or conditionality. For example, receiving no income through the waiting period may increase
risk of food insecurity, as previous research suggests that short-term monthly income shocks
are associatedwith periods of food insecurity (Leete and Bania, 2010). Alternatively, if advance
payments are accessed, debt repayments may leave households financially worse off once UC
payments start, as these are automatically deducted. Both of these issues risk increasing food
insecurity and food bank usage, one with immediate effect and one in the longer term.

The extension and intensificationof sanctions to a broader segment of the low-income, claimant
population could also lead to food insecurity. Evidence suggests that when benefit claimants
are sanctioned, they are often left without sufficient financial support to meet basic needs and
need to rely on informal means of providing for themselves and their families (Garthwaite,
2016; Watts and Fitzpatrick, 2018; Fitzpatrick et al., 2018), such as food banks (Loopstra et
al., 2018).2 If sanctions do leave claimants without sufficient resources, as mentioned above,
they can claim a hardship payment. UC, however, has now made these hardship payments
repayable, with repayment required at a rate of 40% of benefit payment.

Thus, there is real risk that UC is contributing to financial hardship, and in turn, food insecu-
rity among benefit claimants. Food insecurity rose among low-income households generally
since 2004 (Loopstra et al., 2019), and preliminary evidence suggests the introduction of UC
has been linked to rising food bank use ( Jitendra et al., 2017). This said, while suggestive, there
are reasons to be cautious about accepting this early evidence. Earlier analyses have not, for
example, linked UC claimant data to food bank usage data to study the dynamic relationship

2One important change here is that in the past if you were sanctioned for more than one failure then you
would face these multiple sanctions concurrently. Now, if you are subject to multiple sanctions then you face
these consecutively.
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between UC uptake and food bank use, nor have they considered temporal effects related to
initial implementation, longer term hardship, or Full Service rollout. These are all crucial di-
mensions of the roll-out of UC which may alter the implications for food bank usage.

In this study, we use the roll-out of UC in the UK to explore how restructuring welfare in this
way may affect food bank usage. Food bank use is a critical indicator of financial hardship,
as households using food banks have frequently been found to be severely food insecure and
unable to meet their basic needs, including food, utility and housing costs (Clair et al., 2019).
We consider whether the net-effect of UC, namely increased conditionality, harsher penalties,
and payment in arrears, but also efforts to reduce the administrative burden, increases reliance
on food banks. We also examine how access to food banks may modify this relationship and
if the roll-out of Full Service has had an impact over and above the UC caseload. To address
these questions, we accessed the administrative database from the largest food bank network
in the UK, The Trussell Trust, combining their data on the monthly volume of food bank use
over 2015 to 2017 with data on the monthly caseload and take-up of UC across postcode areas
throughout Britain over this same period.

DƺǍƺ ƺǇƽ ǆƾǍǁǈƽ
Data on food bank use are fromThe Trussell Trust’s food bank network, the largest network of
food banks in the UK. Member food banks in this network make up about 60% of food banks
that operate in the UK, and collect data using a harmonised method, which are then uploaded
and held centrally by The Trussell Trust. In general, food banks that are part of the Trussell
Trust also operate according to a common set of procedures (Trussell Trust, 2020), including
requiring that people have a referral from a frontline care professional agency, such as Citizens
Advice Bureau, social services, orGP office, and providing three-daysworth of food in the food
parcel that is provided when referral vouchers are redeemed.

Food bank usage has been rising across the network over the last few years, rising by 73% since
2014 (The Trussell Trust, 2019). The Trussell Trust provided data on themonthly total number
parcels of food distributed to households by postcode district (equivalent to a Zip code in the
United States) covering 2015 to 2017. More than one food parcel could be given to the same
household within a given month, but evidence suggests the majority of households do not use
a food bank more than twice in a six month period (Garratt, 2017). About 4.6% of food parcels
distributed in this time period could not be matched to a postcode district. A total of 2,501
postcode districts contained at least one household that received a food bank parcel over 2015
to 2017, while 504 postcodes did not report foodbank usage.

We accessed data from theDepartment forWork and Pensions (DWP) on the number of house-
holds receiving UC in each postcode district available from Stat X-plore (more details on the
roll-out of UC are available in Box 1 and Web Appendix 1). At the time of our analysis, data
were last updated on 22nd March 2018, and we matched DWP data to the Trussell Trust data
over the same period (from August 2015 to December 2017). These DWP data contain the
number of households with an active UC claim. Crucially, the UC count date occurs in the
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middle of the assessment period. Thus, because UC is paid in arrears, this count covers house-
holds currently waiting on a UC payment. There were a total of 2,907 postcode districts which
could be matched between the Trussell Trust data and the DWP data included in this analysis,
covering households in England, Scotland, and Wales.

Box 1: The roll-out of Universal Credit

UC has been slowly introduced across the UK, both with respective to areas where it is
available and the claimants it is available to. The timeline for the roll-out has been delayed a
number of times. First, UCwas first piloted in 12 local authority areas over September 2012 to
December 2013 (DWP, 2014a). After a delay caused by concerns raised by the Major Projects
Authority about UC’s assessment review, the Government started rolling out UC ‘live service’
using in April 2013. At this time, only claimants who were single, childless, out-of-work
adults without housing costs were eligible – in other words, claims that were simplest to
manage. It was only extended to couples and families from April 2016. Live service did not
involve online applications; instead, claimants made a claim through their local Jobcentre, as
they would have done under legacy benefits. However, live service was only ever intended
to be an interim service, while the Full Service was further developed. From January 2018,
live service was deactivated. In areas where UC could previously be claimed through live ser-
vice and where Full Service is not yet active, new claimants can now only claim legacy benefits.

From April 2016, areas began to transition to Full Service and existing live service claimants
transferred onto Full Service. Of note is that all claims for UC are for claimants making a
new claim. This could be because their financial situation has changed (i.e. unemployment,
reduction in wages), because they’ve moved to a new area, or because a partner has moved in
or out. Some household types are not eligible to claim due to the complexity of their cases,
namely, families with three or more children. The main transition of claimants from legacy
benefits onto UC was scheduled to begin in 2020.

The phased roll out of Universal credit was not random but was implemented according to
operational constraints and focused on implementation (DWP, 2014b). In web appendix 1, we
provide a series of descriptive statistics showing that the roll-outwas initially focused on urban
areas (high population) with higher numbers of claimants (as a proportion of the working age
population) but whichweremoderately deprived. This may introduce some bias into our anal-
ysis because the increase in the number of UC claimants was initially faster in more deprived
areas (see Web Appendix 1). However, in practice, this is unlikely to influence our results be-
cause if we look at the speed at which new claimants enter UC by the period in which UC was
implemented, we see very similar trends, especially in the first year (see Web Appendix 1).

We excluded data from 200 postcode districts with very small populations (less than 33 people)
because these were likely to bias our results by creating large fluctuations. We also excluded
non-residential postcodes. Finally, for the main parts of our analysis we only include postcode
districts that are currently assigned to Jobcentre Plus administrative office (the centres which
administer UC regionally), excluding a further 61 postcode districts. Our results do not vary if
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these are included in the analysis. The total number of observations included in the dataset was
76,734 referring to postcode district-months over August 2015 to December 2017 covering
2,646 postcode districts.

We also obtained data on the number of food bank distribution centres operated by Trussell
Trust food banks. These refer to the physical locations where people can go to redeem their
referral for a food parcel. The number of centres operating per postcode district was calcu-
lated. At the end of 2017, 1216 Trussell Trust distribution centres were operating in a total of
870 postcode districts, 30% of the sample. These data were only available for December 2017,
thus, could not be included in time-varying analyses, described in more detail below, but were
included in mixed models, when fixed area characteristics could be accounted for.

Food bank use is reported as the number of food parcels distributed to households as a percent-
age of households in the district, and UC claimant rates are reported as percentage of house-
holds in the postcode district claiming UC.

Oǎǋ ƺǇƺǅǒǍǂƼƺǅ ǌǍǋƺǍƾǀǒ
We explore four issues using this data to understand how the transition and uptake of UC in
postcode districts could relate to food bank use.

First, we evaluate whether in the first stage of the UC application process, encompassing the
waiting period when claimants are being assessed and waiting to receive payments and also
potentially other problems with the application process, is linked to food bank use. Any as-
sociation between this period and food bank usage is likely to show up in the same month or
the month after people come onto UC. We explore this relationship using the following linear
regression model, which estimates the association between an increase in UC claimants and
food bank usage:

V ouchersit =α + β1UCit + β2Claimantsit + β3timeit + βmontht + µi + ϵit (1)

Where i is postcode district and t is month. V ouchers is the proportion of households receiv-
ing a food voucher in a postcode district and UC is the proportion of households receiving
UC in a given postcode district. We adjust for the proportion of the working-age population
receiving Jobseeker’s Allowance or claiming UC for unemployment (i.e. the new ‘Claimant
count’ from www.nomisweb.co.uk) (Claimants) at the local authority level to account for the
background level of social security dependence, which may be correlated with UC roll-out
and food bank usage. Plus, we also include a linear time trend (time) and a seasonality variable
(month), which is a series of dummy variables for each month of the year, to account for tem-
poral aspects of both food bank usage and roll-out. µ is the postcode district ‘fixed-effects’, the
differences between postcode districts that are constant over time, and ϵ is our error term. The
coefficient of interest is β1: if β1 > 0 then an increase in the proportion of households receiving
UC is associated with the proportion of households receiving a food parcel.
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Whilst causality may be difficult to estimate in this observational setting, we estimate a num-
ber of variants of this model to test the robustness of our estimates. We estimate models with
a lagged measure of the increase in UC to capture the effects in the month after their claim
and also a model with a lagged measure of the dependent variable, this latter model is equiv-
alent to a Granger causality test.3 We also use matching techniques to create a sample that is
balanced on the covariates mentioned above and allow us to compare postcode districts which
have introducedUC and those that have not. This focusses our analysis on only those postcode
districts that are most comparable to each other (see Web Appendix 4 for full details). Consis-
tent results across these specifications gives usmore confidence in drawing causal conclusions.
Standard errors are estimated at the postcode district level.

Second, we consider whether the association between UC and food bank usage is due to the
difficulties of implementing a new system of welfare delivery, which may subsequently decline
after UC has been active in an area for a sustained period of time. Here we add an interaction
term to equation 1 between UC and a new variable measuring the number of months UC has
been active in a postcode district. This interaction term tests whether β1 (the association be-
tween an increase in the proportion of households receiving UC and the proportion of house-
holds receiving food vouchers) changes if UC has been active in an area for a longer period.

Third, we explore whether the total proportion of households claiming UC is associated with
food parcel distribution (over and above the recent increase in the proportion of households
claimingUC). Rent arrears and problematic debt have both been identified as longer-term con-
sequences of UC; thus, if UC leave some households worse off, even after the initial waiting
period has ended, we might expect food bank usage to rise with the proportion of households
on UC. Here we model the proportion of households receiving a food parcel voucher using
a multi-level linear regression model with random intercepts which includes two key predic-
tors: 1) the increase in the proportion of households on UC in the last month and 2) the total
proportion of households on UC one month ago. A multi-level approach allows us to include
both of these variables but also allows us to simultaneously account for clustering at the level
of the Jobcentre Plus Office (which may account for differences in how regional offices man-
age UC) and the level of the local authority (which may account for local policies that may also
influence both UC and food bank usage). It also enables us to control for variables in the data
set that do not change over time, namely, the number of food bank distribution centres in the
postcode district, which is likely correlated with food bank usage andwith the underlying level
of material deprivation in an area. We also include an interaction term between the proportion
of households onUC and the number of food bank distribution centres in the postcode district
to test whether the association between UC and food parcel distribution varies according to
the number of food distribution sites.

In the final aspect of the analysis, we test whether roll-out of Full Service UC alters any of
3A Granger causality test exploits the temporal nature of our data to test the direction of causality, namely

that ‘causes’ typicallymove forward in time, that is, if event A causes event B thenwewould typically assume event
A preceded event B. If, however, we found that event A occurred after event B thenwe rule out the possibility event
A caused event B. A Granger causality test formalizes this institution by testing whether increases in the number
of people receiving UC (event A) occurs before rises in food bank usage (event B).
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the relationships we estimated for the main, direct associations between rolling out UC and
food bank parcel distribution. We add a binary indicator to equation 1 indicating whether Full
Service is active or not and then add an interaction term between this indicator of active Full
Service and the proportion of claimants on UC and whether a food bank distribution centre
is present. This model tests whether increases in UC are more closely associated with food
parcel distribution in areas where there is an active food bank and where Full Service has been
introduced. Again, we estimate a matching model to test the consistency of our results to a
more balanced sample (see Web Appendix 5 for full details). All models were estimated in
STATA v 15.

RƾǌǎǅǍǌ
Food bank usage has been rising in recent years. In August 2015, at the beginning of our ana-
lytic period, the median proportion of households receiving a food parcel across all postcode
districts was 0.047% (IQR = 0% – 0.17%). By December 2017, the end of our analytic period,
this has risen to 0.10% (IQR = 0% - 0.31%). While many places had no food bank usage at all,
some parts of the country had seen large increases. We begin our analysis, then, with a simple
question: is this rise in food bank usage in some parts of the country concentrated in areas
where more people are claiming UC?

Figure 1 is a binned scatterplot of the proportion of households claiming UC (x-axis) and the
proportion of households receiving help from food banks in October and November 2017
(y-axis). On average, there is a clear positive relationship across postcode districts. This cor-
relation could, of course, be driven by underlying characteristics of the postcode areas, where
common factors that drive people to claim UC and use food banks are causing a spurious cor-
relation between these variables. Moreover, the common secular trend in both food bank use
and UC rollout could also bias this association.

In Table 1, therefore, we report results from a series of models which explore whether this
association remains after we have controlled for local area characteristics that are stable over
time, the unemployment claimant rate at the local authority level, and time trends. First, we
formally model the association between the change in the proportion of households receiving
UC over time and the change in the proportion of households receiving food vouchers. We
observe that for every 1 percentage point increase in households receiving UC, there is a 0.011
percentage point increase in redeemed food bank vouchers (Model 1 in Table 1). Given the
average monthly percentage of vouchers redeemed per household across postcode districts in
2017 was 0.16%, this change represents an increase on monthly voucher claims of about 6.9%.
This association is qualitatively unchanged if we estimate this association using the change in
the proportion of the population receiving UC in the previous month (Model 2 in Table 1) and
if we adjust for the proportion of households receiving a food parcel in the previous month (a
lagged measure of the dependent variable). Model 3 in Table 1 is, in effect, a Granger Causality
test and we find evidence that changes in UC ‘granger cause’ food parcel distribution.
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Figure 1: Binned scatterplot of the proportion of household claiming UC and households re-
ceiving help from Trussell Trust food banks across postcode districts (October and November
2017).

Table 1: The roll-out of UC is positively associated with the proportion of households receiving food parcels
Percentage of food bank vouchers

redeemed per household
(95% CI)

Covariates (1) (2) (3)
1%-point increase in the proportion of 0.011**
households on UC (0.0018)

1%-point increase in the proportion of 0.011** 0.0086**
households on UC in the previous month (0.0019) (0.0016)

Lagged measure of food parcel distribution N N Y
Seasonality Y Y Y
Linear time trend Y Y Y
Observations 76734 74088 74088
Notes: Standard errors are clustered for repeated observations within local authorities. Constant estimated but
not reported. All models include postcode district fixed-effects. All models also control for the proportion
of the working-age population that are job-seeking benefit claimants. Y = model controls for that variable. *
p < 0.05, ** p < 0.01

10



Figure 2: The association between UC and food parcel distribution strengthens the longer UC
has been active in an area.
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Notes: Full model is reported in Web Appendix 2. The model replicates model 1 of Table 1 except that now we
include a covariate measuring the number of months UC has been active and an interaction term between the
number of months UC has been active and the change in the proportion of households receiving UC.

These models suggest an acute effect of more households claiming UC on food bank use. This
association could solely reflect problems with the implementation of such a ‘radical’ new wel-
fare system. If this were the case, we would expect the association between the proportion
of households receiving UC and receiving help from food banks to diminish with the length
of time UC has been active in an area. However, if other aspects of UC, such as debt aris-
ing from the wait for payment, reductions in benefit entitlements, or sanctions applied to UC
claimants, cause ongoing hardship for UC claimants, then the length of time UC was active
in an area would not alter the relationship between UC claims and food bank use, or perhaps
even heighten it. We test this by estimating whether the association between the proportion of
household receiving UC and the proportion of households receiving a food parcel changes de-
pending on how UC has been active in an area. In figure 2, we show that the longer a postcode
district has actively been implementing UC, the stronger the association between the propor-
tion of households receiving UC and the proportion of households receiving a food parcel.
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This suggests the association between UC and food bank usage is not just teething problems,
but persists well after the initial introduction of the new regime in postcode areas.

Table 2: Multi-level model exploring the relationship between the level and change in households
claiming UC in relation to the number of households using food banks.

Percentage of food bank vouchers
redeemed per household

(95% CI)
Covariates (1) (2)
Per 1 percentage point increase in households (£) 0.014** 0.0085**
claiming UC in one month prior (0.0022) (0.0024)

Per additional 1 percentage point more 0.014** 0.012**
households claiming from the month prior (0.00052) (0.00061)

Food bank in postcode district 0.055** 0.048**
(0.0014) (0.0017)

Households claiming UC X food bank present 0.028**
(0.0059)

Change in households claiming UC X food 0.0040**
bank present (0.00074)

Lagged measure of food parcel distribution Y Y
Seasonality Y Y
Linear time trend Y Y
Region identifiers Y Y
Postcode district-months 74,088 74,088
Notes: Standard errors are clustered for repeated observations within local authorities. Constant estimated but
not reported. We estimate multi-level models with random intercepts. All models also control for population
size and the proportion of the working-age population that are job-seeking benefit claimants. Y = model con-
trols for that variable. * p < 0.05, ** p < 0.01

Together, these analyses suggest two mechanisms are at work. First, there is an acute effect
of more households claiming UC on food bank use, which may reflect acute problems with
applications and the waiting period. But it also appears that the effect of more households
going on UC is only increasing the degree to which people are relying on food banks. One
explanation of this relationship is that the claimant caseload is associated with the number
of households receiving help from food banks, suggesting a second mechanism of persisting
problems with UC, such as difficulty paying back hardship loans, rent arrears, or exposure
to conditionality and sanctioning. To further explore these two mechanisms, we next use a
multi-level model, which allows us to simultaneously estimate the effect of the monthly UC
on-flow and the caseload on the number of food bank vouchers redeemed. We also test if we
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see a stronger relationship between UC and food bank use where food banks are present in the
same postcode district.

As shown inModel 1 of Table 2, both the difference in households claimingUC from themonth
prior and the number households claimingUC in themonth prior are independently associated
with the level of food bank use. A percentage point increase in the caseload for UC increases
the proportion of households receiving a food parcel by 0.014 percentage points (95%CI: 0.013
to 0.015). Similarly, when the number of new claims increases by 1 percentage-point we see
the proportion of households receiving a food parcel increase by 0.014 percentage points (95%
CI: 0.009 to 0.018).

Importantly, we also observe (see Model 2 in Table 2) that these relationships are stronger
where food banks are located in the same postcode districts as households, suggesting that a
lack of access to Trussell Trust food banksmay diminish the observed relationship betweenUC
and Trussell Trust food bank use. We visualise this model in Figure 3. Where food banks are
located in the postcode district, a 1 percentage point increase in the proportion of households
on UC is associated with a 0.036 percentage point increase (95% CI: 0.026 to 0.047) in the
proportion of households receiving a food parcel. There is also stronger relationship between
the level of UC claimants and food bank use where food banks are present in the postcode
district.

How do these numbers translate into the number of times people are helped by Trussell Trust
food banks (see Web Appendix 3)? To do this, we calculate the same model but with a different
dependent variable tomore accurately calculate the absolute numbers of those affected. We see
that if the total number of households on UC increases by 100, there are about 3.5 more people
who receive help from food banks. When the number of households on UC increases by 100
compared to the previous month, there is a corresponding increase of about 1.3 more people
who receive help from the food bank. However, as above, relationships were stronger where
food banks were located in the same postcode districts. For every additional 100 household
claiming UC from the month before, the level of people receiving help from food banks was
predicted to rise by 6.27 (4.57 to 7.97), and for every household claiming UC in the month
prior, the number of people helped was predicted to be 1.75 higher (1.58 to 1.91).

We can use these numbers to estimate the extent to which UC may have contributed to rising
food bank usage in The Trussell Trust Network. To do this, we look at the month of Novem-
ber 2017. We choose this month because it is towards the end of the data collection period, but
avoids December, when food bank use is higher than on average. In the month before, Octo-
ber 2017, the number of households on UC was 597,587, and over October to November, the
number of households on UC increased by 25,852. Our models predict that the level of house-
holds claiming UC in October would correspond to about 7,953 people helped by food banks
in November, which is about 6.7% of the 117,967 beneficiaries that actually received help in
this month. Additionally, our model predicts that the observed change in households claiming
UC would relate to 892 more beneficiaries in food banks in November. Thus, in total, our
model predicts that about 7.5% of the beneficiaries helped by food banks in November 2017
could be attributed to UC.
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Figure 3: The association between food parcel distribution and the roll-out of UC is greater in
areas where food banks are located

SƾǇǌǂǍǂǏǂǍǒ AǇƺǅǒǌǂǌ
As a final sensitivity test, we also conduct a matching analysis which examines the average
proportion of households receiving food parcels in the first 3 months following UC being in-
troduced. Here we match on local authorities that have implemented UC compared to those
who have not implemented UC and will not implement it over the follow 3 months. We also
match them on a range of other covariates. We find that postcode districts implementing UC
have higher food parcel distribution in the first 3months afterUCgoes live than thosematched
postcode districts that did not (see Web Appendix 4 for full details).

Tǁƾ ǂǇǍǋǈƽǎƼǍǂǈǇ ǈƿ Fǎǅǅ SƾǋǏǂƼƾ
From 2016, Full Service UC began to be introduced in Jobcentres. Its roll out has been fairly
slow, but by the end of 2017, it was active in 256 Jobcentres and a corresponding 992 postcode
districts. Because claiming UC through Full Service has been associated with problems for
claimants related to using the new online system, our next set of analyses examines whether,
over and above the number of households claiming UC, we see an association between Full
Service becoming active in postcode districts and food bank use.
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We again begin with a fixed effect analysis, where we examine the change in number of bene-
ficiaries after Full Service went active across postcode districts (Table 3). We observe the pro-
portion of households receiving food parcels increases by about 0.019% after Full Service goes
active in postcode districts. Given that the average proportion of households receiving food
parcels before Full Service roll out is 0.15%, this represents a 10% increase. This association
is independent of the number of people claiming UC and the number of beneficiaries in the
month prior.

Table 3: Full service UC is positively associated with the proportion of households receiving food parcels
Percentage of food bank vouchers

redeemed per household
(95% CI)

Covariates (1) (2) (3)
Full service is active in postcode district 0.019** 0.013**

(0.0037) (0.0040)
1%-point increase in the proportion of 0.011**
households on UC (0.0020)

Full service is active in postcode district 0.015**
in the previous month (0.0030)
1%-point increase in the proportion of 0.0078**
households on UC in the previous month (0.0019)

Lagged measure of food parcel distribution N N Y
Seasonality Y Y Y
Linear time trend Y Y Y
Observations 67709 67709 65104
Notes: Standard errors are clustered for repeated observations within local authorities. Constant estimated but
not reported. All models include postcode district fixed-effects. All models also control for the proportion of
the working-age population that are job-seeking benefit claimants. * p < 0.05, ** p < 0.01

In light of findings from our previous analysis, which showed that the relationship between the
number of people claiming UC and vouchers redeemed in food banks was stronger when food
banks were present in the same postcode districts, we also test the interaction between Full
Service going active, the presence of food banks, and the proportion of households redeeming
food bank vouchers in postcode districts using our multi-level model.

The results of this three-way interaction are shown in Figure 4. It highlights that, where food
banks are not located in the same postcode district, the relationship between households claim-
ingUC and food bank use does not changewhen Full Service goes active. However, where food
banks are present, there is a much stronger relationship between households claiming UC and
food bank use when Full Service goes active (per 1 percentage point increase in households
claiming UC, the percentage point increase in food bank vouchers is 0.033 (0.015 to 0.050)
where Full Service is not active, but 0.082 percentage points (0.064 to 0.099) after Full Service
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Figure 4: The association between the roll-out of UC and food parcel distribution varies ac-
cording to whether a food bank is present and whether UC is ‘Full Active’

Notes: Point estimates represent the change in the proportion of households receiving food parcels association
with a percentage point increase in the proportion of households on UC.

is active. We again estimate a matching model and find consistent results (see Web Appendix
5)

DǂǌƼǎǌǌǂǈǇ
The roll out of UC embodies a major shift in the logic of social security. This reform attempts
to simplify the benefit system by bringing six different targeted benefits into one overarching
benefit, whilemaking itmore sensitive to the changing circumstances of those on low-incomes.
In theory, this should make welfare easier to access and reduce the number of times claimants
have to reapply for benefits as their circumstances change. However, in practice, many fea-
tures of UC may cause hardship and ultimately make the benefit less responsive to the needs of
claimants, especially those who are most vulnerable. First, UC incorporates the conditionali-
ties that had previous only been applied to the unemployed and the disabled, whilst changing
some of the structural features of how monies are paid and how people claim. Under UC, peo-
ple are paid in arrears and, with the arrival, of the Full Service version of UC, are expected
to apply online and regularly update their circumstances. Whilst unable to disentangle how

16



each of these features of UC may relate to hardship, our analysis explores how the roll-out of
UC relates to food bank usage, drawing on a uniquely detailed data set measuring food parcel
distribution at the postcode district level. We find that the roll-out of UC was associated with
rising food bank usage. Moreover, we find some evidence that moving to the digital version
of UC (Full Service) has also increased the proportion of people relying on Trussell Trust food
banks in the UK.

We found a particularly strong relationshipwas observedwhen Trussell Trust food banks were
located in the same areas as UC claimants. One important implication of this finding is not,
we argue, that UC has a weaker impact on economic hardship in areas without food banks, but
rather the available data are unable to make visible the economic hardship created by UC in
these areas. In other words, the hunger that may arise due to UC remains hidden. This might
be because households are accessing food through independent food banks that operate in their
area and for which no data are available through the Trussell Trust. But, it is also possible that
people are simply going without because they do not have access to food aid in their area. Even
more troubling is the frequently noted gap between the number of people who are food inse-
cure and the number of people who use food banks. Put simply, even where households have
access to food banks, only a small fraction of households that experience difficulty accessing
food use food banks. Our results, then, are very likely underestimates of the impact of UC on
hunger and, more broadly, food insecurity. Thus, the full extent to which the implementation
of UC has resulted in households experiencing food insecurity is not fully captured by using
Trussell Trust food bank data by itself.

The second implication of our findings concerns the broader trends in social security that the
move to UC represents (Watts and Fitzpatrick, 2018). Our results indicate that any association
between the roll-out of UC and the rise in food bank usage is not only ‘teething problems’ or
administrative errors. UC seems to be more systematically related to the acceleration in the
rise in hunger in the UK in recent years. Our analyses cannot single out one specific aspect of
the reforms but, at the same time, it is unlikely to be due to only one feature of this new logic of
social security. Extending conditionality, increasing the severity of the penalties for failing to
adhere to these conditions, payment in arrears, and even the digitalization of the service have
all potentially played some role in creating additional demand for food aid. More work will be
need to unpack how these different elements are contributing to hardship.

Whilewe use the best data currently available, there are also important limitations to our study.
Area level analyses are susceptible to the ecological fallacy, that is, we simply do not know
whether the people receiving food parcels from The Trussell Trust are indeed also receiving
UC. Our results are, however, consistent with the rich body of qualitative work produced by
both researchers and frontline services documenting the presence of UC recipients in food
banks. The Trussell Trust data on food bank usage is less than ideal, for example, it does not
cover food banks that are not part of their network (about 40% of food banks that operate in
the UK), and it only records the volume of food parcels distributed rather than the number
of unique users. And yet, The Trussell Trust remains, to our knowledge, the only source of
longitudinal and harmonized data on food bank usage covering theUK. Furthermore, whilewe
acknowledge that food bank use does not approximate the number of households experiencing
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food insecurity, regular monitoring of this problem has not been conducted in the UK. From
2019, a measure of household food insecurity will be included in the Family Resources Survey.

At the time of this analysis, the roll out of UC was still in its infancy. When completed, it
is expected that around 8.5 million claimants will receive UC, 13% of the entire population.
Therewill, of course, be challengeswith implementing any large-scale change to social security
systems. Our analysis, however, reveals more systemic problems. The association between
UC and food bank usage actually gets stronger the longer UC has been active. This suggests,
to quote the UK’s ‘Work and Pensions Committee’, there might be ‘fundamental flaw[s] in the
benefit’s design’ (Keen et al., 2017), which could lead to a ‘human and political catastrophe’
(Field, 2017). The logic of UC may be ‘theoretically impeccable’ – in that it simplifies social
security while incentivizing people to get into work – but it is also ‘unforgiving’, leaving too
many economically precarious people struggling to make ends meet (Asthana, 2017).
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Web Appendix 1: The roll out of UC by area characteristics

First we look at the socio-demographic characteristics of the areas in whichUCwas rolled out.
We find that UC seems to have been introduced in areas with: (1) slightly higher than average
proportion of the working-age population on benefits, (2) slightly higher than average popu-
lations, (3) slightly higher than average number of food banks, and (4) slightly more deprived
than the average.

UC available Number
of

Postcode
districts

Working
Age pop-
ulation
who are
claimants

(%)

Households
receiv-
ing food
vouchers

(%)

Average
popula-
tion in

postcode
district

Number
of food
banks

Index of
Material
Deprivation1

Available in August 2015 1100 1.90 0.15 26634 0.53 12158
Available in

September/October 2015 181 1.81 0.16 28572 0.64 12001

Available in
November/December

2015
520 1.50 0.13 24745 0.47 14146

Available in
January/March in 2016 483 1.63 0.13 21684 0.40 15237

Available in
April/September 2016 231 1.48 0.10 13269 0.32 15271

Available in October
2016/December 2017 62 1.66 0.08 1543 0 9079

Not yet Active 84 1.77 0.07 411 0 7872
All months 2646 1.75 0.15 23053 0.46 13158

Notes: 1 - Lower average rank equals more deprived

Next we consider whether this may influence the speed at which new claimants come on UC.
Here we find that more deprived parts of the country saw faster growth in the proportion of
households on UC than less deprived parts of the country.
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However, when we consider the speed at which new claimants come on UC by the time at
which their areas implemented UC we see very similar trajectories, especially in the first year.
The one exception is the small number of postcode districts which have implementedUC since
late 2016, which were initially higher and which have not increased much since. For the vast
majority of postcode districts, however, the roll-out has happened at a very similar pace, sug-
gesting the timing of the roll-out will not influence our results.
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Web Appendix 2: Relationship between households claiming UC and receiving help from a
food bank and the number of months UC has been active using a fixed-effects framework

Percentage of food bank vouchers
redeemed per household

(95% CI)
(1)

1%-point increase in the proportion of households on UC 0.0062
(0.0027)

Number of months UC has been active 0.00089
(0.00013)

Increase in UC X number of months UC has been active 0.00020
(0.000073)

Number of observations 76,734
Notes: Standard errors are clustered for repeated observations within local authorities. Constant estimated but
not reported. All models include postcode district fixed-effects. All models also control for the proportion of
the working-age population that are job-seeking benefit claimants. Y = model controls for that variable.
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Web Appendix 3: Multi-level model exploring the relationship between the level and change
in households claiming UC in relation to the number of beneficiaries helped by food banks.

The models in table 2 and this web appendix are exactly the same except for two changes.
First, our dependent variable in this model is the number of beneficiaries instead of the num-
ber parcels distributed for every 100 households (see Table 2). Second, the main predictor
variable is now the number of UC claimants as opposed to the number of UC claimants per
100 households.

Table 2: Multi-level model exploring the relationship between the level and change in households
claiming UC in relation to the number of households using food banks.

Percentage of food bank vouchers
redeemed per household

(95% CI)
Covariates (1) (2)
Per household increase in households 0.035 0.00071
claiming UC in one month prior (0.0067) (0.0099)

Per additional household 0.013 0.0040
claiming from the month prior (0.00074) (0.0011)

Food bank in postcode district 10.67 8.40
(0.32) (0.35)

Households claiming UC X food bank present 0.062
(0.013)

Change in households claiming UC X food 0.014
bank present (0.0012)

Lagged measure of food parcel distribution Y Y
Seasonality Y Y
Linear time trend Y Y
Region identifiers Y Y
Postcode district-months 68,376 68,376
Notes: Standard errors are clustered for repeated observations within local authorities. Constant estimated but
not reported. We estimate multi-level models with random intercepts. All models also control for population
size and the proportion of the working-age population that are job-seeking benefit claimants. Y = model con-
trols for that variable.
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Web Appendix 4: Matching analysis comparing postcode districts that implemented UC with
those that did not.

First we create a sub-sample of the postcode districts. This sub-sample contains postcode dis-
tricts which implemented UC and also includes observations from postcode districts that have
not (or have not yet) implemented UC. To be in this group, postcode districts should not have
implemented UC in January 2017, for example, and will not implement UC in the 2 months
following month January 2017. This is illustrated in the table below. Area 1 would be included
in our sample because it is an area that introduces UC. Area 2 would not be included in our
matching sample because it introduces UC at the end of the 3 month window. Area 3 would
be included because it does not introduce UC in the 3 month window.

December 2016 January 2017 February 2017 March 2017
Area 1 X X X
Area 2 X
Area 3

Next, once we have created this sample of postcode districts that have and have not introduced
UC, we estimate a matching model using coarsened exact matching. Coarsened Exact Match-
ing (CEM) is a partial matching procedure. CEM splits all variables into bins or categories.
CEM uses an algorithm to determine an appropriate number of bins or categories for linear
or continuous variables. We match respondents on the following variables: the proportion of
households receiving a food voucher in the previous month, the month, whether a food bank
is present in the area, the size of the population, the proportion of people claiming JSA or UC
in the previous month, and the region of the country in which the postcode district is located.

Adding all these variables together creates 2532 different possible combinations (or strata) and
the CEM algorithm seeks to match the postcode districts with UC to those without UC. Only
345 strata have matched individuals. It is possible to have more than one match in each strata
and so the matching is weighted to reflect the uneven distribution of the data across these
strata. CEM is usually assessed using a global fit statistic ζ1 (or L1). This fit statistic tells us
how imbalanced the data sets are before the matching procedure (1 = completely separable or
no-overlap while 0 = perfectly balanced).

In our analysis, before the matching procedure, ζ1 is 0.937 while after the matching proce-
dure ζ1 has fallen to 0.824, which we regard as a significant improvement. If we look at the
differences between specific variables we can see that on all of the variables the matching has
been somewhat successful, removing some of the differences between the distribution of these
variables (e.g., the proportion of vouchers distributed in the previous month and population).
On most variables the degree of imbalance has been almost completely eliminated (e.g., month,
whether a food bank was present, region). The matching is not perfect, of course, but CEM is
by definition an improvement over the imbalance observed in the raw data.
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Web Table 4a: Balance between key covariates before and after matching
Variable Variable specific

measure of
imbalance (ζx)

Difference in
means before

matching

Difference in
means after
matching

Vouchers distributed in previous month 0.2674 0.054 0.017
Month 0.3980 -1.487 <0.001
Food bank present 0.1670 0.245 <0.001
Population 0.4246 12067 1071
Claimants in the previous month 0.2046 0.0372 0.0097
Region 0.2724 1.272 <0.001

We then estimate the regression model with the matched data. The predictor is whether UC is
active and the dependent variable is the proportion of households receiving UC in the first 3
months following UC implementation. We find more households receive UC in the 3 months
following introduction than in otherwise similar postcode districts.

Web Figure 4b: Results from matching analysis.
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Web Appendix 5: Matching analysis of the introduction of Full Active UC

We use the same matching procedure described in Web Appendix 4, with two important dif-
ferences. The first change is our intervention comparison is across Full Active and Not Full
Active areas. The second change is we now alsomatch on the proportion of households receiv-
ing UC, which simultaneously allows us to match on whether UC is active or not and, given
that it is active, how far the roll-out has occurred.

Adding all these variables together creates 29,778 different possible combinations (or strata)
and the CEM algorithm seeks to match the postcode districts with UC to those without UC.
Only 215 strata have matched individuals. It is possible to have more than one match in each
strata and so thematching isweighted to reflect the uneven distribution of the data across these
strata. CEM is usually assessed using a global fit statistic ζ1 (or L1). This fit statistic tells us
how imbalanced the data sets are before the matching procedure (1 = completely separable or
no-overlap while 0 = perfectly balanced).

In our analysis, before the matching procedure, ζ1 is 0.998 while after the matching procedure
ζ1 has fallen to 0.944. This is only a modest improvement and so we look in more detail at
the imbalance across these variables. On many of the variables we see the degree of imbalance
has been reduced to almost zero (e.g., the proportion of vouchers distributed in the previous
month,month, whether a food bankwas present, region, and the proportion of people claiming
benefits). There are two variables where the imbalance is still higher than would be ideal (e.g.,
the proportion of households receiving UC and population). The matching is not perfect, of
course, but CEM is by definition an improvement over the imbalance observed in the raw data.

Web Table 5a: Balance between key covariates before and after matching
Variable Variable specific

measure of
imbalance (ζx)

Difference in
means before

matching

Difference in
means after
matching

Vouchers distributed in previous month 0.0777 0.023 -0.0137
Month 0.5720 7.729 <0.001
Food bank present 0.0244 0.0444 <0.001
Population 0.0805 -608.89 -173.52
Claimants in the previous month 0.2552 0.0496 -0.0397
Region 0.1466 0.0515 <0.001
Proportion of households receiving UC 0.2040 0.4155 0.0096

We then estimate the regression model with the matched data. The predictor is whether UC is
full active or not and the dependent variable is the proportion of households receiving UC in
the first 3 months following UC implementation. We find more households receive UC in the
3 months following introduction than in otherwise similar postcode districts.

30



Web Figure 5b: Results from matching analysis.
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