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Abstract 
 

Land use and cover change (LUCC) is considered one of the main drivers of biodiversity loss 

and deterioration of ecosystem services (ES) globally. Currently, the highest land conversion is 

occurring in tropical regions from forest to agricultural land, i.e. agriculturalisation. Tropical 

forests contain the highest biodiversity on Earth and are recognised as highly relevant for ES 

provision. 

Fauna provides key regulating services (e.g. pollination, natural pest and disease control and 

long-distance seed dispersal) the so-called faunal ecosystem services (FES). This research 

aimed to assess how agriculturalisation affects the distribution of FES provision and demand at 

pantropical scale. For this it was necessary: 

a) To identify FES with potential to be spatially modelled through a comprehensive 

literature review, which summarises the importance of animal populations as 

providers of regulating ecosystem services and the identified consequences of 

agriculturalisation on animal populations. 

b) To generate a spatial model of FES provision and demand pantropically. A pantropical 

pollination model was generated by combining previously suggested models with 

novel variables and methods, using geographic information system techniques. 

c) To use a LUCC model to generate projections of future agriculturalisation in tropical 

regions under two scenarios of change: a conservation scenario, where deforestation 

is restricted to occur outside protected areas; and a non-conservation scenario, where 

deforestation can occur within protected areas. Constant deforestation rates were 

assumed for both scenarios.  
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d) To use the land-use change projections to model pollination service under these 

scenarios and quantify the changes in provision and demand due to conversion of 

forest to cropland. 

The main findings of this research are: 

• Abundance and capacity of movement of providers are highly relevant for the 

occurrence of some FES (i.e. pollination, natural control, seed dispersal) and 

determines the spatial distribution of the service. However, this could vary among 

ecosystem services and is context-dependent. 

• The agriculturalization of forested areas can increase the service provision by wild 

bees in the short term. However, deforestation and cropland expansion could have a 

negative impact on pollination service pantropically in the long term.  

• A decrease in current deforestation rates, an increase in forest protection and 

incorporation of natural habitats in agricultural landscapes are necessary to maintain 

current pollination service through time. 

Enhancement of FES can have positive effects on agroecosystems, by increasing productivity 

and food security, and on natural systems, by reducing the pressure of agriculturalisation on 

both, provider and non-provider populations.  
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1 Introduction 

1.1. Rationale  

Tropical forests harbour the highest biodiversity on Earth and are where the greatest habitat 

loss is occurring due to land use and cover change from forest to agricultural land (Lambin et 

al. 2003). Land-use and cover change (LUCC) is considered one of the main drivers of 

biodiversity loss and deterioration of ecosystem services (ES, Foley et al. 2005, Newbold et al. 

2015). 

Over the past 60 years, anthropogenic disturbance has changed natural environments at a rate 

and extent that is unprecedented during human history (MA 2005). This has led to a global loss 

of biodiversity, which has been compared to mass extinction events that have occurred 

periodically throughout the history of Earth (Barnosky et al. 2011, Ceballos et al. 2015) and has 

put the provision of ecosystem services in jeopardy (Foley et al. 2005). 

For thousands of years, humans have obtained essential ecosystem services –such as food, 

freshwater and shelter–through diverse and low-intensity land-use practices. Some of these 

practices have led to the degradation of ecosystems and the services they provide. Over 60% 

of ES assessed by the Millennium Ecosystem Assessment (15 out of 24) are deteriorating or 

already overused worldwide, including 70% of regulating and cultural services (MA 2005).  

1.2. Biodiversity and ecosystem services  

Variation of biotic elements at all organizational levels, number, abundance, composition, 

spatial distribution, and interactions of genotypes, populations, species, functional types and 

traits, and landscape units in a given system, constitute biodiversity (Díaz et al. 2006, Cimon-

Morin et al. 2013). Biodiversity is recognized as the main factor to sustain the stability of life 
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on Earth (CBD 2000) and plays an essential and complex role in all levels of ES production 

(Pimentel et al. 1997, Balvanera et al. 2006, Mace et al. 2012).  

The importance of the natural environment for the survival of humanity has been recognized 

from ancient times (Fisher et al. 2009). However, the conception of the term “ecosystem 

service” goes back only a few decades. From its first appearance in the book of Ehrlich and 

Ehrlich (1982) up to now, the use of the term has increased exponentially in the context of 

scientific research (Fisher et al. 2009). This is because of the need to understand the role of ES 

in human well-being, the complexity of its production and maintenance and the attempt to 

reduce its loss and degradation (Daily 1997, Boyd and Banzhaf 2007).  

One of the simplest and commonly cited definitions is “the benefits people obtain from 

ecosystems” (MA 2005). However, given the evolution of the conceptual framework, higher 

accuracy has been proposed. Boyd and Banzhaf (2007) define ES as “final components of 

nature, directly enjoyed, consumed, or used to yield human well-being”. In this definition, ES 

are limited to final ecosystem components and ecosystem processes are excluded. However, 

there are ecosystem processes (also referred to as functions) that ultimately give rise to goods 

and benefits for humans(e.g. pollination give rise to food production). Wallace (2007) and 

Fisher et al. (2009) support the recognition of ecosystem processes as services along with their 

final benefits to carrying out proper management of ES. Under this approach, processes can be 

the objective of conservation and management to secure final benefits.  

Accurate definition and characterisation are essential to properly manage, valuate and 

conserve ES. Although considerable advances have been made, there is still a need to improve 

the theoretical framework for ES assessment. Currently, The Common International 

Classification for Ecosystem Services (CICES, Haines-Young and Potschin-Young 2018) includes 

both processes and final services. These are grouped into three main categories: a) 

provisioning of material and energy needs (e.g. food, fibre), b) regulation and maintenance of 
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the environment for humans (e.g. air quality regulation, pollination),  and c) cultural 

significance, i.e. the non-material characteristics of ecosystems that affect physical and mental 

states of people (e.g. recreation, spiritual experience). These, in turn, are divided into biotic 

and abiotic, depending on the service provider.  

Identifying ecosystem service providers and characterising their functional relationships are 

among the key research areas to increase understanding of ES production (Kremen 2005).  

Luck et al. (2003) suggest the term service-providing unit for those biological entities –

populations, species, functional group, etc. –that provide ES. The delineation of the service-

provider unit varies depending on the considered service and any temporal or spatial variation 

characteristic of the provider in question and the service itself (Kremen 2005, Harrison et al. 

2014). 

Biodiversity loss threatens ES provision and therefore, human well-being (Díaz et al. 2006). The 

importance of biodiversity in underpinning some ecosystem processes and delivering ES is well 

known (Mace et al. 2012, Bastian 2013). Recently, several studies about the role of biodiversity 

in maintaining ES have increased the understanding of the biodiversity-ES relationship 

(Harrison et al. 2014). However, ecosystem functions and ES delivery involve intricate 

ecological interactions (Kremen et al. 2007, Duncan et al. 2015). Despite the intrinsic value of 

biodiversity for ecosystems (i.e. organisms have an unquantifiable and untransactable value), 

presence of biodiversity and ES supply are not synonyms. The relationship between 

biodiversity and ES is complex. There is still much to know and understand about the linkages 

between different biodiversity components and ES production (Duncan et al. 2015), such as 

species richness (number of species), abundance (number of individuals of a species), 

functional diversity or evenness (similarity among the number of individuals of different 

species in a community). This is particularly true for many ecosystem services provided by 
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mobile organisms (Jonsson et al. 2014), these include some ES provided by animals, i.e. faunal 

ecosystem service (FES).  

The effect of LUCC on FES provision has been scarcely studied and mostly limited to case 

studies. Here is presented an initial assessment on the role of regulating FES to croplands and 

the potential effects of agriculturalisation on provision (i.e. service is provided but not 

necessarily consumed)  and demand (i.e. service currently consumed or used in a certain area 

over a given time, Burkhard et al. 2012) for FES across the tropics using a modelling approach. 

The main outcomes of this research are: a spatially explicit model of a FES, insect pollination by 

wild bees, at pantropical scale, which allows identification of where in the tropical regions is 

the highest service provision and demand; the implementation of this model to assess current 

status of  protection of suitable habitat for wild bees; and a quantitative assessment on the 

potential changes in this service due to agriculturalisation at regional and pantropical scales. 

These outcomes were used as a baseline to analyse the feasibility of generating models for 

other FES (natural pest control and seed dispersal) and to assess the implication of LUCC 

pantropically. 

1.3. Aim and objectives 

1.3.1. Aim 

This thesis aims to assess how LUCC (in particular from forest to cropland) impacts the 

distribution of FES supply, as a result of the interaction of habitat loss and degradation 

affecting FES providers, i.e. animal populations. We begin by assessing pollination services 

supply by wild insects and demand as determined by land use of insect-pollinated crops. 
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FES providers  

To achieve this aim, there are two main topics to address. The first topic relates to FES 

providers and FES spatial distribution. Providers are a key element to understand ES provision 

(Harrison et al. 2014). The initial questions raised were: 

What animal taxa have a direct relationship with the production of regulating ES? 

What are the most relevant factors that influence richness, abundance and distribution of FES 

providers in the tropics? 

What are the possible approaches to model the spatial distribution of FES providers?  

Impact of habitat loss on FES providers 

Having identified key FES providers and influential factors in their distribution, it is possible to 

address the second main topic, the possible effects on FES providers of habitat loss and 

degradation due to agriculturalisation, in terms of both FES supply and demand. 

Impact on FES supply and demand 

The knowledge generated from answering the previous questions helps to answer the main 

research questions: 

1. Do habitat loss and degradation due to land-use conversion from forest to cropland 

have an impact on FES provision?  

2. How does agriculturalisation affect the distribution of FES provision and demand in 

tropical forests and in agricultural land near forests? 

3. What are the possible impacts on FES supply and demand under different scenarios of 

land-use change from forest to cropland in the tropics? 

 

1.3.2. Objectives 

The objectives to answer these questions and to achieve the research aim are: 
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Objective 1. To identify faunal ecosystem services with the potential to be spatially modelled 

To understand the effect of land-use change on FES, first, it is necessary to gather the evidence 

that shows where strong links exist between fauna and to regulating ES provision. After 

identifying and describing those services, the relationship between agriculturalisation and FES 

provision and demand must be assessed. A spatial model will be generated from the FES 

identified as having a strong relationship with agriculturalisation.  

Objective 2. To generate a pantropical spatial distribution model of a faunal ecosystem 

service provision and demand 

Once a FES has been selected, the modelling of the potential distribution involves two main 

tasks. First, to identify the most relevant variables that explain the occurrence of FES providers 

at the relevant geographical scale (i.e. pantropically); and second, to determine the modelling 

approach, considering previously trialled and novel methods. This model aims to evaluate the 

potential (i.e. provision) and realised (i.e. demand) distribution of the selected services 

throughout the study area.  

Objective 3. To generate projections of land use and cover change from forest to cropland at 

pantropical scale  

This objective is focused on developing projections of deforestation where forest is replaced 

by cropland under two scenarios of change considering business as usual trends (i.e. current 

deforestation trends are maintained over time): a) a “conservation” scenario, where 

deforestation allocation excludes protected land, and b) a “non-conservation” scenario, where 

deforestation also occurs in protected land. These scenarios are simulated as both short and 

long term. 

Given the diversity of existing datasets and land-use change models, a selection of a spatially 

explicit model that accurately reflects the pattern and process of change for the entire study 
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area must be carried out. The use of the land-use change model aims to identify geographical 

patterns of change (i.e. where deforestation is more likely to occur) considering current 

deforestation rates since the progression of those into the future is unknown and dependent 

upon economy and technology. 

Objective 4. To quantify changes in FES supply and demand due to land-use change under 

different scenarios of conversion 

LUCC projections are incorporated as scenarios to the FES model to obtain the potential 

distribution of services under different scenarios. Thus, it is possible to estimate the changes in 

provision and demand of FES between present day (baseline) and future scenarios and 

between conservation and non-conservation scenarios. This is estimated in terms of gain 

and/or loss of service provision relative to the baseline considering the percentage of forest 

cover change through time. 

1.4. Thesis overview 

The content of this thesis comprises six chapters: 

Chapter 1. 

This chapter includes a brief introduction to the research problem and rationale and describes 

the aim and objectives. Broad definitions of biodiversity, ES and LUCC are provided, and the 

FES concept is introduced. The relationship between LUCC and biodiversity and ES loss is 

briefly explained. The main components of the research are described, research questions are 

listed, and the main objectives are explained. Finally, an overview of the thesis chapters is 

provided. 

Chapter 2. 
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This chapter is a scoping review article that compiles evidence on the effects of 

agriculturalisation on FES provision. In the initial section of the article, regulating services 

provided by fauna: animal pollination, biological control of crop pests and human diseases and 

seed dispersal are defined. The main providers are identified and evidence supporting the 

strong direct relationship between animal populations and service production is summarised. 

Next, the role of species richness and abundance in FES provision is addressed. The following 

section explains how FES providers can also be a source of disservices in relation to 

agriculturalisation and describes the impacts of invasive species, the spread of human 

diseases, and crop pests and raiding. 

The following sections focus on the effects of agriculturalisation on FES providers due to 

landscape homogenisation and fragmentation, habitat loss, microclimatic changes, pest 

proliferation and use of chemical pest control. Once the effects are identified, the negative 

impacts on FES production as a consequence of loss of species richness and decrease in 

population abundance are described. Final sections focus on the potential changes to 

regulating FES supply and demand under future agriculturalisation and the expected global 

demand for regulation FES. 

Chapter 3. 

This chapter is presented as a research article and is focused on the development of a 

pantropical model of service provision and demand. The selected service is animal pollination, 

an essential ecosystem function to sustain wild plant communities and tropical crops. Wild 

bees are the selected providers given the major contribution of this group to this FES. The 

sections of this chapter are structured into two main topics: 1) generation of the pantropical 

pollination model and 2) implementation of the model to quantify the current status of the 

service throughout tropical forests and within tropical protected areas.  
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First, the data and methods applied to derive the variables used to generate a spatially explicit 

probabilistic model of pantropical potential and realised pollination are described. Second, 

improvements, limitations and possible applications of this model are discussed in this 

chapter. Finally, the role of protected forest in the conservation of pollination service and the 

relevance of pollination service in biodiversity conservation strategies are discussed. 

 Chapter 4.  

The effects of agriculturalisation on the spatial and temporal distribution and quantity of 

potential and realised pollination services are assessed in this chapter using a LUCC model. 

First, the land use and land cover concepts are described along with the historical causes of 

LUCC in tropical forests. Then a brief introduction to spatial LUCC models for tropical regions 

and LUCC scenarios is presented. This is followed by a description of the LUCC model, 

scenarios of change and approach used to incorporate projections of future agriculturalisation 

into the model presented in Chapter 3. 

A quantitative analysis of change in potential and realised pollination services is presented first 

at regionals scale—five regions across the tropical forests of the world— and then 

pantropically. A current (baseline) scenario is compared with two future scenarios of provision 

in the short term (32 years) and long term (200 years). Differences and similarities between 

scenarios and among regions and further research opportunities are discussed. 

Chapter 5.  

The potential to develop a pantropical natural pest control model and a pantropical seed 

dispersal model is addressed in this chapter. For each of these FES, the ecological knowledge 

that has allowed the generation of spatial models is summarised, followed by a brief 

description of the methods and main outcomes of such models. The opportunities, challenges 
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and considerations of using these approaches, along with the suggestion of alternative 

indicators to generate pantropical models for these FES is assessed. 

Chapter 6.  

This chapter comprises the main conclusions of this research. It summarises the answers for 

the research questions raised in Chapter 1, describes the achievements of the proposed 

objectives and the main findings of Chapters 2-4. Finally, the areas of further research 

identified in Chapters 2-5 are mentioned.
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2 Faunal ecosystem services and agriculturalisation: a 

scoping review 

 

2.1. Introduction 

A scoping review was carried out to map the relevant literature on the main topic ‘Effects of 

agriculturalisation on regulating ES provided by fauna’. This chapter presents a published 

review paper (Gutierrez-Arellano and Mulligan 2018) on this subject. First, the evidence on the 

regulating FES is presented and complemented with evidence on disservices provided by fauna 

in the context of agriculturalisation, i.e. the functions that directly or indirectly undermine 

human-wellbeing (Shackleton et al. 2016). Second, the evidence on the consequences of 

agriculturalisation on service providers is linked with their effect on the provision. 

The current information on the possible state of provision and demand for regulating FES 

under future agriculturalisation is summarised at the end of the paper. Finally, the conclusions 

of this review describe the current research gaps and possible approaches to enhance the 

knowledge of the subjects covered. 

 

2.2. A review of regulation ecosystem services and disservices from faunal 

populations and potential impacts of agriculturalisation on their provision, 

globally
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2.3. Conclusion 

This chapter summarised the evidence on the relationship between fauna and ES provision and 

the effects of agriculturalisation on it. This allowed the identification of key concepts, such as 

ES providers and faunal ecosystem services; key functions, like pollination, biological control 

and seed dispersal; the roles of richness and abundance in service provision; and some gaps in 

research, such as the development of multi-FES models at broader scales, and the use of LUCC 

models to assess future FES conditions of provision and demand. The opportunity to reduce 

these gaps is addressed in the following chapters. 
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3 A pantropical pollination model 

 

3.1. Introduction 

This chapter presents the work carried out to fulfil the second objective of this thesis, to 

generate a pantropical spatial distribution model of a FES provision and demand. Spatially 

explicit models of ES are valuable tools to understand the potential effects of LUCC and inform 

management decisions (Costanza et al. 2017). 

The developed spatial model of pollination service was focused exclusively on wild bees. This 

model is based on two main features to estimate pollination provision: habitat suitability and 

mobility of providers (Lonsdorf et al. 2009, Zulian et al. 2013). The general structure and 

assumptions of this model are depicted in Fig. 3.1, the theory and methods used to generate it 

are described in Section 3.2. This section is presented in the format of a research article, which 

has been submitted for publication and is currently under review. This article aimed to answer 

the following questions: 

a) Where is the pollination service provided by wild bees to cropland distributed in the 

tropics?  

b) How much of this service is currently protected? 

c) What tropical protected areas (PAs) contribute to service conservation? 

d) What is the relationship between service distribution and size of PAs? 

Based on the idea that habitat suitability and mobility determine the occurrence of pollination 

service, we tested the hypothesis that the highest service provision occurs in cropland located 

nearby PAs, where pollinators can access both suitable nesting sites and floral resources.  

The article has supplementary information containing a sensitivity analysis and detailed 

information on methods, which are available in the appendices of this thesis. 
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Figure 3.1. Pollination model. The proposed model was based on two main features, (a) habitat 
suitability and (b) mobility of pollinators, i.e. wild bees. Habitat suitability was defined as the 
availability of (1) nesting sites and (2) floral resources. For pollination to occur wild bees must have 
access to floral resources from their nests, this is subject to their mobility. The factors used to model 
wild bee mobility were (3) the likelihood of movement, influenced by the quality of the habitat 
surrounding nesting sites; (4) the distance between the nest and floral resources, determined by the 
pollinators’ flight distance; (5) the foraging activity, subject to environment temperature and solar 
radiation; and (6) the occurrence of barriers, i.e. major roads, railways and rivers. These factors can 
have a positive (+) or a negative (-) effect on pollination service by wild bees.  

 

 

3.2. Research article: Small-sized protected areas contribute more to  tropical 

crop pollination than large protected areas 

Pollination provided by animals is an essential process for the maintenance of wild plant 

communities and service for agricultural systems (Potts et al. 2010). Over 87% of flowering 

plant species are directly dependent on animal pollination globally (Klein et al. 2007, Ollerton 

2017) and over 66% of the world’s crop species depend on pollinators and produce between 

15 and 30% of global food production (Kremen et al. 2002, Klein et al. 2007). 

 Approximately 70% of tropical crop production is supported by wild pollinators (Roubik, 

1995). A species-rich and abundant community of pollinators with high species richness and 

abundance generally provides more effective and stable crop pollination (Klein et al. 2007, 
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Potts et al. 2016). Insects are the most important pollinators in terms of abundance and 

foraging behaviour (Kremen et al. 2002), with bees the best-known group. The global decline 

in pollinating insect populations is widely recognized (Biesmeijer et al. 2006, Potts et al. 2010). 

Land use and cover change are considered some of the main threats at broader scales (Ricketts 

et al. 2008, Potts et al. 2016, Gutierrez-Arellano and Mulligan 2018). 

Land conversion reduces the availability of nesting substrates and floral resources for wild 

pollinators, which are the most influential factors for pollinator diversity and abundance (Potts 

et al. 2005, Williams and Kremen 2007, Lonsdorf et al. 2009). Deforestation is an indicator of 

land use and cover change, and currently, the greatest forest loss occurs in the tropics (FAO 

2015). Protected areas (PAs) in tropical forests have an important role in safeguarding nesting 

and foraging sites of wild pollinators, and consequently in conserving wild plant communities 

and yields in pollinator-dependent crops.  

The relevance of the occurrence of natural habitat patches near cropland for pollination 

provision has been widely studied at the landscape scale, showing a positive relationship (e.g. 

Ricketts et al. 2008, Senapathi et al. 2015b, Bukovinszky et al. 2017). The value of PAs to 

provide and conserve this service has been recently assessed in the tropics at the local scale 

(Hipólito et al. 2019). Here, we assessed this on a pantropical scale. 

The spatial configuration of PAs has been a topic of concern in conservation science for 

decades (Williams et al. 2005) and the effect of PA size on effectiveness for biodiversity 

protection has been widely debated (Ovaskainen 2002, Tjørve 2010). More recently, with the 

recognition of need and benefit of simultaneous protection of biodiversity and ecosystem 

services (Goldman et al. 2008, Watson et al. 2019), ecosystem services have been increasingly 

included in this debate (Eigenbrod et al. 2009, DeFries et al. 2010). The optimal spatial 

configuration for PAs varies depending on conservation outcomes (Maiorano et al. 2008), 

however, small-sized PAs have been identified as highly valuable for biodiversity and 
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ecosystem service protection and particularly vulnerable to land-use change (Bodin et al. 2006, 

Maiorano et al. 2008, Eigenbrod et al. 2009, Wintle et al. 2019). 

Most of the knowledge about the current status of diversity and abundance of wild pollinators, 

as well as the effects of land conversion on service provision at broad scales, is based on data 

from North America and Europe (Lonsdorf et al. 2009, Zulian et al. 2013), data for other 

regions is still insufficient (Potts et al. 2016). Modelling is especially useful in areas where 

measured data may be sparse such as tropical regions (Bullock and Ding 2018). A spatially 

explicit model of tropical wild pollinators can be a useful tool to inform land use and 

development decisions (Costanza et al. 2017). 

Here, we developed a spatially explicit probabilistic model of pollination service to crops aimed 

for tropical regions. We built this model on the theoretical frameworks proposed by  Lonsdorf 

et al. (2009) and Zulian et al. (2013) used to map pollination service in North America and 

Europe, respectively. They suggest nesting suitability of land cover type, availability of floral 

resources and bee mobility as the most relevant factors to estimate wild pollinator abundance. 

While we considered these factors, we also suggest key modifications to bee mobility 

variables. Although other non-bee insects, including flies, beetles, moths, butterflies, wasps, 

ants, and some birds, and bats, are important contributors to crop pollination (Rader et al. 

2016), this model focuses only on bee pollinators, all assumptions are based entirely on bee 

species. 

The objective of this study was to estimate how much of the pollination provided by wild bees 

is currently found within tropical protected areas, as an indicator of protection of the service, 

and how much can contribute to the pollination of tropical crops. Based on this we made an 

initial assessment of the role of PAs size in service provision. We identified which protected 

areas contribute most to the provision of pollination service to crops and identify some key 

patterns and their implications for management. 
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3.2.1. Methods  

3.2.1.1. Study area 

The study area includes all the terrestrial PAs within the tropical forest area. Tropical forest 

area delimitation was based on the terrestrial ecoregions map (NC 2012), these include 

tropical and subtropical coniferous forests, tropical and subtropical dry broadleaf forests and 

tropical and subtropical moist broadleaf forests. Data on PAs was obtained from the World 

Database of Protected Areas (IUCN and UNEP-WCMC 2017). The extent of the analysis was 

restricted between 35.0 and -35.0 degrees of latitude, where the tropical and subtropical 

forest distribution is delimited.  

3.2.1.2. Pollination model 

Evidence suggests that pollinator species richness (Garibaldi et al. 2011, Mallinger and Gratton 

2015, Dainese et al. 2019) and abundance (Harrison et al. 2014, Winfree et al. 2015) are 

necessary components of pollinator diversity to sustain and magnify pollination service. 

Species richness is relevant for specialist interactions and pollination effectiveness (Dainese et 

al. 2019, Guzman et al. 2019), while the abundance of pollinators enhances pollination services 

(Blanche and Cunningham 2005, Morandin and Winston 2006, Frimpong et al. 2011). The 

model we propose focuses on the estimation of wild bee abundance.  

The proposed model combines a probability of occurrence of wild bees −based on the 

occurrence of suitable habitat, i.e. nesting sites and floral resources− and their probability of 

movement and activity to provide a relative index of potential service provision per cell (cell 

size 300 m), ranging from 0 (null capacity of provision) to 1 (maximum capacity of provision). 

This potential pollination model is linked with the current distribution of pollinator-dependent 

crops to generate a realised pollination model. The difference between these models is that 

potential pollination depicts where the service is provided but not necessarily consumed (now 
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or in the future), and realised pollination shows where the service is currently consumed, i.e. 

pollination of tropical crops. This probabilistic approach to model pollination aims to capture 

the variation in the occurrence of this process (code available here and a sensitivity analysis is 

described in Appendix A). 

Potential pollination 

 

Using geographic information system techniques (Fig. 3.2), open-source global spatial data and 

literature, we generate the following variables to model potential pollination: 

1) Nesting suitability by land cover type. The GlobCover 2009 land cover map (Arino et al. 

2010) was the base map used to assign suitability scores for nesting (𝑁𝑗) throughout the study 

area. These values range from 0, land cover is unsuitable for nesting, to 1, land cover provides 

suitable sites for nesting in full extent (i.e. 100% of the pixel provides optimal nesting 

conditions; e.g. water bodies, 0; artificial or urban areas, 0.3; mosaic forest-grassland 0.9; 

Table 3.1). The assignment of these values is based on the values suggested by Tallis et al. 

(2011) and Zulian et al. (2013). These are based on literature and expert assessment. 

2) Corridors. Marginal habitats such as roadsides and stream banks in semi-natural zones have 

a positive impact on nesting suitability and floral availability in highly-modified landscapes 

(Svensson et al., 2000; Zulian et al., 2013). These may supply diverse nesting opportunities and 

higher floral diversity in comparison with the surrounding ploughed fields (Hopwood, 2008; 

Kwaiser and Hendrix, 2008). Therefore, the nesting suitability and floral availability scores for 

those cells with a modified landscape and containing rivers (FAO 2014b), railways (FAO 1997a) 

and/or roads (FAO 1997b) were modified to a value of 0.8 (Zulian et al. 2013) for marginal 

habitats in modified landscapes (i.e. Post-flooding or irrigated croplands, rainfed croplands, 

mosaic cropland, mosaic vegetation). These constituted an additional land cover type to those 

originally proposed on the GlobCover 2009 map.

https://github.com/Claudia-Gutierrez/Pantropical-pollination
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Figure 3.2. Potential pollination model workflow. Flow chart describing the spatial (raster data) and non-spatial data (table) used to derive the final potential pollination 
map, using map algebra. Numbers indicate the description of each variable in the main text. Abbreviations: RRR= roads, railways and rivers; NS= Nesting suitability; FR= 
Floral resources. Grey text in dotted boxes represents intermediate rasters. 
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Table 3.1. Suitability of nesting and foraging sites by land cover type. Scores of GlobCover 2009 land 
cover classes according to nesting suitability (NS) and floral resources (FR) for tropical bees, as 
suggested by the models of Lonsdorf et al. (2009) and Zulian et al. (2013)  and their equivalent land 
cover type descriptions. (*) Additional land cover class created ad hoc for this pollination model. The 
scores range from 0, absence of suitable sites or floral resources, to 1, the land cover provides suitable 
sites or floral resources in full extent. 

GlobCover 2009 land cover types 
Lonsdorf et al. (2009) /Zulian et al. 

(2013) land cover types 
NS FR 

Post-flooding or irrigated croplands (or 
aquatic) 

Irrigated perennial 0.4 0.4 

Rainfed croplands Non-irrigated arable land 0.2 0.2 

Mosaic cropland (50-70%) / vegetation 
(grassland/shrubland/forest) (20-50%) 

Land principally occupied by 
agriculture, with significant areas of 
natural vegetation 

0.7 0.75 

Mosaic vegetation 
(grassland/shrubland/forest) (50-70%) / 
cropland (20-50%)  

Land principally occupied by 
agriculture, with significant areas of 
natural vegetation 

0.75 0.7 

Closed to open (>15%) broadleaved 
evergreen or semi-deciduous forest (>5m) 

Broad-leaved forest 0.8 0.9 

Closed (>40%) broadleaved deciduous forest 
(>5m) 

Broad-leaved forest 0.8 0.9 

Open (15-40%) broadleaved deciduous 
forest/woodland (>5m) 

Broad-leaved forest 0.4 0.45 

Closed (>40%) needle-leaved evergreen 
forest (>5m) 

Coniferous forest 0.8 0.3 

Open (15-40%) needle leaved deciduous or 
evergreen forest (>5m) 

Coniferous forest 0.4 0.15 

Closed to open (>15%) mixed broadleaved 
and needle-leaved forest (>5m) 

Mixed forest 0.8 0.6 

Mosaic forest or shrubland (50-70%) / 
grassland (20-50%) 

Natural grassland/ Transitional 
woodland-shrub  

0.9 0.9 

Mosaic grassland (50-70%) / forest or 
shrubland (20-50%)  

Natural grassland/ Transitional 
woodland-shrub  

0.9 0.9 

Closed to open (>15%) (broadleaved or 
needle-leaved, evergreen or deciduous) 
shrubland (<5m) 

Moors and heathland 0.9 1 

Closed to open (>15%) herbaceous 
vegetation (grassland, savannas or 
lichens/mosses) 

Pasture/Grass 0.4 0.4 

Sparse (<15%) vegetation Sparsely vegetated areas 0.7 0.35 

Closed to open (>15%) broadleaved forest 
regularly flooded (semi-permanently or 
temporarily) - Fresh or brackish water 

Flooded/marsh 0 0 

Closed (>40%) broadleaved forest or 
shrubland permanently flooded - Saline or 
brackish water 

Flooded/marsh 0 0 

Closed to open (>15%) grassland or woody 
vegetation on regularly flooded or 
waterlogged soil - Fresh, brackish or saline 
water 

Flooded/marsh 0 0 

*Land cover types modified by agriculture 
and occurrence of roads, railways or rivers 

Marginal habitats in modified 
landscapes 

0.8 0.8 
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3) Likelihood of movement. The quality of the habitat matrix surrounding the habitat of 

pollinators strongly influences their movements (Kremen et al. 2007, Klein et al. 2008), and 

consequently the provision of pollination service (Westphal et al. 2003). Pollinators tend to 

move towards sites with equal or higher resources, we include this factor based on the quality 

of the surroundings of nesting sites. Likelihood of movement (𝑀𝑥) was calculated as follows: 

 𝑀𝑥 =  
1

𝑛
∑ 𝑁𝑖

𝑛
𝑖=1

𝑁𝑥
                                                              (1) 

where 𝑁𝑥 is the suitability score for nesting in a cell 𝑥, and 𝑁𝑖 is the suitability score of the 

eight surrounding cells. The obtained values were adjusted between 0 and 1, if  𝑀𝑥  >1, the 

outcome was converted to 1 (highest suitability). This means that, while the possibility of 

movement towards any of the pixels of the matrix remains, each pixel has a different 

probability of being abandoned to perform foraging activities in the surrounding cells. The 

mean value calculated from surrounding cells indicates the quality of the matrix, which were 

used as an indicator of movement. 

4) Potential nesting sites. The final value of the potential for nesting sites per cell (𝑁𝑆𝑥) was 

calculated as 

 𝑁𝑆𝑥 = 𝑁𝑗 × 𝑀𝑥                                                      (2) 

where 𝑁𝑗 is the suitability score to provide nesting and 𝑀𝑥  the probability of movement 

towards neighbouring cells. 

5) Floral resources by land cover type. As with nesting suitability, each land cover type from the 

GlobCover 2009 map was scored according to its potential to provide floral resources for 

pollinator feeding, from 0 (null potential) to 1 (highest potential). The floral resources scores 

(𝐹𝑗 , Table 3.1) were those suggested by Tallis et al. (2011), Zulian et al. (2013) and 

complementary literature (Roubik 1992, Boreux et al. 2013). For instance, water bodies were 
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assigned 0 potential to provide floral resources, while a mosaic of cropland-vegetation reaches 

a 0.75 potential. The influence of corridors was estimated in the same way as for nesting sites. 

6) Foraging distance. Pollination depends on the distance between nesting sites and foraging 

sites. Pollination is possible if the distance between these sites is equal to or less than the 

pollinator’s foraging range. Also, there is an exponential decrease in foraging activity as the 

distance from the nest increases (Abrol 1988, Gathmann and Tscharntke 2002, Zurbuchen et 

al. 2010), i.e. the probability of pollination is higher near the nest. Thus, the suitability of cell 𝑥 

and surrounding cells to provide floral resources was estimated dependent on the distance 

from the nests. 

The estimation of pollinator’s foraging distance was based on empirical data for six species of 

tropical bees, including solitary and social species (Appendix B: Table B.1). The data used for 

this estimation was retrieved from studies where the frequency of individuals recorded at 

various distances from the nest was explicitly reported for known tropical crop pollinators 

(Gary et al. 1972, Abrol 1988, Dyer and Seeley 1991, Walther-Hellwig and Frankl 2000, 

Greenleaf et al. 2007). A positive correlation between pollinator’s body size and foraging 

distance has been identified, foraging distance increases as body length (Gathmann and 

Tscharntke 2002) or distance between wings increases (Greenleaf et al. 2007). Although our 

sample is small, it applies to bee species ranging from 8 to 26 mm in length. 

The number of cases reported every 100 meters up to 4000 meters (95% of cases included) 

from the nesting site for each species, was converted to a percentage of cases. Then, this 

percentage was averaged to obtain a general distribution of cases depending on the distance. 

The percentage of occurrence of each species was calculated and averaged across all species 

every 100 meters for 4000m with significant numbers found only in the first 1500m (Appendix 

B: Fig. B.1). These percentages were used to obtain an exponential decay function 

𝐷 =  𝑒−0.004𝑥                                                                        (3) 



79 
 

where 𝑥 is the distance in meters from the nesting site. The constant of decay (-0.004) was 

calculated as the mean difference between the proportion of cases every 100 m away from the 

nest. Thus, 𝐷 was used to weigh the suitability to provide floral resources, where nearby cells 

have higher values than distant cells. 

Since cell size is 300 m, 𝐷 was calculated every 300 m up to 1500m from cell 𝑥. A kernel weight 

(𝐷) was applied in an 11x11 matrix where cell 𝑥 (at the centre of the matrix) weighted 1, and 

surrounding cells had an exponentially decreasing weight (Appendix B: Fig. B.1). The output for 

cell 𝑥 is the mean value of the suitability score of this and surrounding cells after applying the 

weight value.  

7) Potential foraging sites. The suitability value to provide floral resources of cell 𝑥 was 

calculated as 

 𝐹𝑅𝑥 =  
∑ 𝐹𝑗𝐷𝑖

𝑛
𝑖=1

𝑛
                                                                        (4) 

where 𝐹𝑗  is the suitability score to provide floral resources, 𝐷𝑖  is the weight value depending 

on the distance from cell 𝑥, and 𝑛 is the total number of cells.  

Once the suitability of cell 𝑥  to provide nesting sites (𝑁𝑆𝑥, eq 2) and floral resources (𝐹𝑅𝑥 , eq 

4) was calculated, it was possible to calculate the pollinator abundance (𝑃𝑎) as the product of 

these two components, 

 𝑃𝑎𝑥 = 𝑁𝑆𝑥 × 𝐹𝑅𝑥                                                        (5) 

8) Barriers. There is contrasting evidence regarding the influence of rivers, roads and railways 

on pollinators (Wojcik and Buchmann 2012). While marginal habitats represent a potential 

refuge in highly-altered landscapes (Potts et al. 2016), evidence suggests they can act as 

barriers in barely-modified habitats. In this scenario, pollinators tend to avoid the edges 

created by roads, railways and rivers (Ricketts 2001, Bhattacharya et al. 2003, Kremen et al. 

2007). They can cross them, however, these structures may alter their movement depending 
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on the magnitude of the barrier, innate site fidelity and differential foraging behaviour among 

species and individuals (Rasmussen and Brødsgaard 1992, Ricketts 2001, Bhattacharya et al. 

2003). 

The data used comprises major roads (primary routes), rivers (perennial, Strahler stream order 

>2)  and railways (FAO 1997b, a, 2014b), therefore, they were considered as potential barriers. 

Thus, their density per pixel (m/m2) was calculated for all the pixels without alteration by 

agriculture. The relative density of barriers in the study area was calculated as a proportion of 

the maximum density value in the study area. Finally, the difference from 1 was calculated (i.e. 

suitability = 1 - relative density of barriers in cell 𝑥) to be multiplied by the potential 

abundance scores (𝑃𝑎𝑥, eq 5). This means that, although pollination can occur in the presence 

of these barriers in non-agricultural areas, the probability increases in their absence. 

9) Activity. Insect activity is strongly dependent on ambient temperature (Mellanby 1939, 

MacMillan and Sinclair 2011). Foraging activity, and consequently pollination effectiveness, is 

null if the pollinator’s body temperature is below 10°C and increases as temperature rises 

above this threshold (Corbet et al. 1993). Corbet et al. (1993) developed a model to estimate 

insect temperature, calculated as a function of ambient temperature 𝑇 (°C) and solar radiation 

𝑅 (W∙m-2): 

 𝑇𝑏𝑔 =  −0.62 + 1.027(𝑇) + 0.006(𝑅)                                       (6) 

where 𝑇𝑏𝑔  is the temperature of a black spherical model used in their experiments. Based on 

this, Zulian et al. (2013) suggest an annually-averaged activity coefficient (𝐴), given as a 

percentage, to represent pollinators’ activity. The activity coefficient is calculated as: 

 𝐴 =  −39.3 + 4.01(𝑇𝑏𝑔)                                                     (7) 

To calculate the activity coefficient in the study area, first, solar radiation for a completely 

clear sky was calculated using the Area Solar Radiation tool (ESRI 2015), derived from a DEM 
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(Jarvis et al. 2008). This was calculated independently for each degree of latitude (35 to -35), 

accumulated for a year. The output radiation rasters have units of watt-hours per square 

meter (WH∙m-2). To obtain initial solar radiation under clear sky (𝑅0), these were divided by 

the number of daylight hours per year. Daylight hours were calculated using the model of 

Forsythe et al. (Forsythe et al. 1995) as a trigonometric function of latitude (Appendix B: Table 

B.2). The amount of initial solar radiation (W∙m-2) was then adjusted using the mean annual 

cloud frequency (Wilson and Jetz 2016). The final solar (𝑅) radiation raster was determined by 

using clear sky insolation and the fraction of cloud cover using the equation of Ashrafi et al. 

(2012)  

 𝑅 = 𝑅0(1 − 0.75𝑛3.4)                                                      (8) 

where 𝑅0 is solar radiation (W∙m2) and 𝑛 is the percentage of cloud cover. 

Secondly, 𝑇𝑏𝑔  (eq 6) was calculated using the final solar radiation raster and WorldClim mean 

annual temperature data (Hijmans et al., 2005). Finally, the pollinators’ activity coefficient (𝐴, 

eq 7) was calculated through the study area. Those values <0% or >100% were adjusted to 0% 

and 100%, respectively (Zulian et al. 2013).  

10) Potential pollination. The potential pollinators’ abundance (𝑃𝑎), the density of barriers (𝐵) 

and the activity index of pollinators (𝐴) were used to estimate the potential provision of 

pollination service (𝑃𝑝) as 𝑃𝑝 =  𝑃𝑎 × 𝐵 × 𝐴.  

Realised pollination 

 

To model realised pollination, i.e. where service is used, the occurrence of tropical crops for 

which insect pollination is essential or very important was considered (Roubik 1995, Klein et al. 

2007). We followed the same procedure as that used to model potential pollination, but 

foraging sites were restricted only to the areas where pollinator-dependent crops were 

distributed, according to the ‘Geographic distribution of major crops across the World’ map 
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(Leff et al. 2004). Under the category ‘Other crops’ are included highly dependent nuts, fruits, 

vegetables, spices and oil-bearing crops (Appendix B: Table B.3).  

The foraging suitability score (𝐹𝑗) was transformed to zero in all those cells that did not overlap 

or were not within foraging distance to pollinator-dependent crops, the remaining cells kept 

their original values. A 1500 m buffer was added to this distribution, to include pollinators 

from nearby nesting sites. This distance based on the observations used for the foraging 

distance variable. The overlapping cells kept their original foraging suitability score. Thus, floral 

resources other than the distributed in the pollinator-dependent crop range were excluded.  

Thus key modifications to the currently available models (Lonsdorf et al. 2009, Zulian et al. 

2013) are the estimation of the likelihood of movement from nesting sites given the suitability 

of adjacent sites to account for the effect of land cover in bee movement; the calculation of a 

probability of foraging distance to reflect the decrease in pollination activity with the increase 

of distance from the nest (particularly important for solitary species, Klein et al. 2008), to 

represent more accurately process compared to the use of a mean distance value like the 

suggested for other models; finally, the role of major barriers was also considered in this 

model. 

3.2.1.3. Pollination service to crops within protected areas  

We used the realised pollination model results to estimate how much of the service provided 

to crops is currently within protected tropical forests. We summed the values of the cells 

across the study area to calculate the total value of potential and realised pollination. Then, we 

summed the values within PAs polygons. Thus, we calculated the percentage of the total 

service contributed firstly by all PAs globally, and then the contribution of each PA.  To account 

for the PA size and estimate the density of service provision per PA, we divided the total 

service value of each PA (i.e. the sum of values within each PA polygon) by their respective 
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area (sum/km2). Thus, for each PA we provide a percentage of the total contribution to service 

provision and a density of service provision. 

3.2.2. Results  

The potential pollination map (Fig. 3.3a) shows the capacity per cell to provide pollination 

service regardless of the occurrence of crops. The values range from 0 (null capacity) to 0.494 

(maximum capacity). The highest values are found in the Dry Chaco and Central Amazon Basin 

moist forests in South America; the Madagascar deciduous forests and Eastern Coastal moist 

forests in Africa; as well as dry evergreen forests in Sri-Lanka and Central Indochina dry forests 

in Asia.  

The realised pollination map shows provision to pollinator-dependent crops (Fig. 3.3b). PAs 

with high potential to provide pollination that currently do not provide a service to agriculture 

show a null capacity of provision in this map. The regions with higher realised service are: in 

America, the South-eastern Mexican forests, the Central American Atlantic moist forests, 

Northern Dry Chaco and Central Amazon Basin moist forests; in Africa, Guinean forests, 

Madagascar’s deciduous forests and Eastern Coastal moist forests; and in Asia, Central India 

deciduous forests, Sri-Lanka dry evergreen forests, Central Indochina dry forests, East Sumatra 

forests and South Borneo forests. 

A total of 8,127 PAs located within the tropical forest ecoregions were included in the 

analyses. Together, these PAs protect over 20% of the area (~526,570 of 26,610,100 km2). 

Approximately 60% (4,822) of these PAs are assigned to one of the six IUCN protected area 

categories (I=823, 10.1%; II=849, 10.4%; III=146, 1.8%; IV=966, 11.9%; V=816, 10.0%; VI=1,222, 

15.0%) and 40% (3,305) are not reported/assigned. Categories I, II and III include natural areas 

that have not been modified permanently by humans, while categories IV, V, VI include areas 

with diverse semi-natural systems, including agricultural land (Dudley 2008).  
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Figure 3.3. Pantropical pollination map. a) Potential pollination map shows the relative capacity per 
cell (300 m) for wild forest-dwelling bees to provide pollination, regardless of the occurrence of crops. 
b) Realised pollination map shows the capacity per cell to provide pollination to pollinator-dependent 
crops.  

 

The sum of potential pollination values across the study area (4,094,178.6) and within PAs 

(872,451.5) indicated that 21.3% of potential service occurred in protected land. Regarding the 
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protection of realised pollination, 80% of the PAs (6,480) contributed to the service (i.e. values 

>0), while 1,674 PAs had no contribution value(i.e. no realised pollination within these PAs).  

Equally, the sum of realised pollination values across the study area (2,032,447.1) and within 

PAs (319,116.1) indicated that 15.7% of service to crops occurred in protected land.  

Of the total pollination service provided by PAs, the PAs with the highest absolute contribution 

(>1.0%) are in the American tropical forests (Fig. 3.4a): Kaa-iya del Gran Chaco, Bolivia (2.2%), 

Kayapó, Brazil (2.0%), Parque Nacional Do Jaú, Brazil (1.4%), Maya, Guatemala (1.2%) and 

Munduruku, Brazil (1.2%),  adding 7.9% of the total sum of realised pollination values within 

PAs. When we plotted the PA area against their PA total contribution, we found that some of 

the largest areas had a lower contribution than some small or medium-sized PAs: Yanomami, 

Brazil (94,827 km2, >0.01%), Vale do Javari, Brazil (86,244 km2, 0%) and Alto Rio Negro, Brazil 

(80,059 km2, 0.3%). 

Regarding the estimation of the average value per km2 (sum/km2), small-sized PAs had higher 

sum values than medium- or large-sized PAs (Fig. 3.4b). The PAs with the highest per-unit 

contribution were: San Francisco, Mexico (PA area: 0.008 km2; average value per km2: 2.19); 

Luis Espinosa, Mexico (0.011 km2; 1.78); San Carlos, Mexico (0.011 km2; 1.26);. Zona de 

Conservación de Puerta del Mar, Mexico (0.026 km2; 1.09); Weherebendikele, Sri Lanka (0.028 

km2; 0.91); and Area De Relevante Interesse Ecologico Parque Ambiental Antonio Danubio 

Lourenco Da Silva, Brasil (0.037 km2; 0.75).   
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Figure 3.4. Contribution of protected areas to pollination service. a) Percentage of the total 
contribution of protected areas (PAs) against their size (km2): 1. Kaa-iya del Gran Chaco, Bolivia, 2. 
Kayapó, Brazil, 3. Parque Nacional Do Jaú, Brazil, 4. Maya, Guatemala, 5. Munduruku, Brazil, PAs with 
the highest contribution in red and largest PAs with the lowest contribution in blue. b) Average per-
km2 contribution (sum/km2) of PAs against their size (km2): 1. San Francisco, Mexico (0.008, 2.19), 2. 
Luis Espinosa, Mexico (0.011, 1.78); 3. San Carlos, Mexico (0.011, 1.26); 4. Zona de Conservación de 
Puerta del Mar, Mexico (0.026, 1.09); 5. Weherebendikele, Sri Lanka (0.028, 0.91); 6. Area De 
Relevante Interesse Ecologico Parque Ambiental Antonio Danubio Lourenco Da Silva, Brasil (0.037; 
0.75).  
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3.2.3. Discussion and conclusions 

Protected pollination 

 

PAs are a cornerstone to conserve tropical biodiversity (Laurance et al. 2012) and the 

regulating services biodiversity provides. The long-known Single Large Several Small (SLOSS) 

debate around the most effective size of PAs for biological conservation (Tjørve 2010) has now 

extended to ecosystem services (Eigenbrod et al. 2009). As for biological conservation, the 

optimal spatial configuration for PAs varies depending on ecosystem services conservation 

outcomes.   

An assertion about the occurrence of regulating services is that these occur at a maximum in 

nonhuman-disturbed ecosystems (de Groot et al. 2010, Cimon-Morin et al. 2013). This is the 

case of services that operate at broad scales such as carbon sequestration and air purification 

(Hein et al. 2006), where the beneficiaries of the service do not require proximity to the 

source. Animal pollination, like other faunal regulating services (Gutierrez-Arellano and 

Mulligan 2018), operates at ecosystem scale (Hein et al. 2006), therefore, beneficiaries need to 

be close by where function takes place. Insect pollination of crops necessarily involves human-

disturbed ecosystems. This is a clear example of how ecosystem services depend on a fine 

balance between human disturbance and nature conservation. 

In this context, insect pollination of crops essentially depends on the proximity of crops to the 

source, in this case, natural areas (Kremen et al. 2004). Hipólito et al. (2019) showed the high 

value of PAs for crop pollination in Brazil. This is also observed at pantropical scale. The 

fundamental reason why the smallest PAs turn out to be the higher providers of pollination is 

their proximity to cropland. When the condition of occurrence of pollinator-dependent crops 

was included in the model, some of the largest PAs, usually located in areas isolated from 

human-modified ecosystems, were no longer a source of service. The PAs that contribute most 

to pollination provision per unit area are those containing or surrounded by a high density of 
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agricultural land. The weight given by the distance factor increased the value of these PAs 

given their proximity to cropland.  

Currently, some PAs do not contribute to crop pollination. Although these areas could 

contribute in the medium or long-term if agriculture expands near or within these areas, as 

suggested by the potential pollination model, it is imperative to highlight the relevance of 

these areas to provide suitable other species and services (e.g. water, carbon sequestration, 

Mulligan 2015b). Larger-sized PAs normally capture a greater range of environmental 

variation, hence a larger number of species across all taxa, and are more likely to support 

viable populations maximizing the community capacity of ecosystems and preventing or 

slowing down species extinction (Economo 2011, Durán et al. 2016). They also provide habitat 

for wildlife providers of other regulating services (e.g. natural pest control and seed dispersal, 

Gutierrez-Arellano and Mulligan 2018). 

On the other hand, evidence suggests that small areas of suitable habitat can support diverse 

insect pollinator populations (Ricketts 2004), providing pollination to natural systems and 

crops.  Smaller PAs tend to suffer more intense human-induced edge effect (i.e. the decrease 

in population sizes of some species at the interface between two land cover types, Mahmoudi 

et al. 2016), a higher pressure due to human activities and tend to be more isolated from other 

PAs or undisturbed ecosystems than larger-sized PAs (Parks and Harcourt 2002). Brosi et al. 

(2007) found a very significant difference in bee community composition at forest edges as 

compared to deforested farmland only a few hundred meters from forest. We suggest these 

factors be considered in PA management decisions in mixed forest-agricultural landscapes.  

PAs located in American tropical forests showed the highest (absolute and proportional to size) 

contribution to crop pollination. Currently, PAs in this part of the world play a main role in 

safeguarding tropical biodiversity and ecosystem services (Naidoo et al. 2008). Also, in this part 

of the world, the highest deforestation rates are currently recorded (Aide et al. 2013, FAO 
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2015), as a result of the increase in intensive agriculture for exportation (Geist and Lambin 

2002, Grau and Aide 2008). Deforestation, pollinator population loss and cropland expansion 

are a vicious cycle. Aizen et al. (2009) modelled the potential expansion of cropland and the 

resultant decline of pollinator populations. They estimate a decrease of 8% in agricultural 

production due to loss of pollinator populations and predict an increase in cultivated area, 

mainly in the tropics. Conservation of areas with the most suitable conditions to support 

pollinators’ habitat and proximal to highly pollinator-dependent crops is essential to break this 

negative feedback. 

Evidence suggests that pollination by wild bees contributes to crop production in areas where 

there is a mosaic of crops and adjacent remnants of natural and seminatural habitats that offer 

suitable nest sites (Klein et al. 2007, Ricketts et al. 2008, Aizen and Harder 2009). Areas of low 

to moderate agricultural intensification, such as subsistence agriculture or agroforestry, 

usually are more benefited by wild pollinators, while intensive commercial agriculture usually 

requires managed pollinators (Aizen and Harder 2009). Both, wild and managed pollinators 

have globally significant roles in crop pollination, although their relative contributions differ 

according to crop and location (Potts et al. 2016). 

High dependence on managed pollinator species can have detrimental effects on natural 

systems. Managed pollinators can be competitors of wild-pollinator species and pollinate 

inefficiently native plants (Torné-Noguera et al. 2016, Geslin et al. 2017), they may act as 

pathogen transmitters, threatening wild-pollinator populations (Fürst et al. 2014), and may 

reduce the resilience of the pollination service to other environmental changes (Senapathi et 

al. 2015a). Therefore, focus on conserving or providing suitable habitat for wild pollinators is 

recommended for agricultural land near natural habitats, since this can enhance the benefit 

for both agro- and natural systems (Garibaldi et al. 2013), while integrated management of 
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wild and domesticated species is recommended for commercial agriculture (Garibaldi et al. 

2013, Potts et al. 2016). 

In addition to assessing the relevance of PAs for the provision of pollination services, the 

model can be used to assess the pollination potential in agricultural land given the occurrence 

of non-protected natural habitat at a pantropical scale, and provide an insight on the optimal 

spatial configuration of semi-natural habitat.   

Pollination model 

 

Spatial modelling is a useful tool to synthesize and quantify the understanding of ecosystem 

services (Costanza et al. 2017). This model gives an initial approach to quantify and assess the 

distribution of pollination service at pantropical scale. This can be useful to identify sites with 

potential to be conserved given their pollination value or to locate pollinator-dependent crops, 

maximizing productivity and potentially reducing the extension of cropland.   

This is the first step to further development of other models of regulating services provided by 

wildlife. By focusing on a single ecosystem service we might reduce the overall value relative to 

that for a full range of services (Costanza et al. 2017). Instead, the modelling of a bundle of 

services (InVEST, Tallis et al. 2011, ARIES, Villa et al. 2014, e.g. Co$ting Nature, Mulligan 

2015b), can help to maximize the benefits obtained through time and space (Bhagabati et al. 

2014, Mulligan 2015a), however, the level of detail for individual services is reduced. There is a 

trade-off between data collection and processing time and level of model detail and the 

number of services that can be modelled. The availability of multiple models for the same 

service allows comparison and thus assessment of model and data uncertainties and ensemble 

approaches to ecosystem service assessment. 

Modelling allows assessing shifts in ecosystem services under different scenarios (Kubiszewski 

et al. 2017). By using land use and cover change models, this pollination model can assess 
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potential changes in provision under different scenarios of conversion, such as conversion to 

agriculture in the absence of PAs.  

Although models are valuable tools, uncertainty and limitations associated with them must be 

considered when interpreting the results (Oreskes 2003). The approach used to design the 

foraging distance equation in this model represent more accurately the effect of distance from 

nesting sites on pollination provision and provides robust results considering the available 

information. However, the limited data available is a source of uncertainty and can be subject 

to improvement. Small-sized stingless bees and solitary bee species are the most abundant 

flower visitor of tropical crops, such as coffee and cacao (Klein et al. 2008). Therefore, a better 

representation of these taxa in the calculation of the foraging distance variable is desirable.      

At a local scale, Lonsdorf et al. (2009) validate their model with a moderate to a strong 

relationship between predicted and observed abundance values (R2=0.5-0.8). Compared to 

other sites (California and New Jersey, USA), the fit is particularly strong for Costa Rica 

(R2=0.8), showing the model is appropriate for tropical conditions. Although we cannot 

generalize this throughout the tropics, the environmental assumptions on which our model 

was built are justified. Validating the model at larger geographical scales would require 

tailored sampling since currently available data on pollinator abundance is insufficient and/or 

biased (Zulian et al. 2013). Validation should include other tropical regions, to assess if the role 

of corridors compares with that suggested for Europe (Zulian et al. 2013) and whether 

landscapes predicted as wild-bee scarce have crop pollination deficit.  

Unlike temperate forests, where seasonality is noticeable, and mostly determined by 

temperature, the phenology of tropical forests is dominated by interspecific adaptation (Reich 

1995), resulting in a staggered availability of resources throughout the year (Girardin et al. 

2016). Therefore, seasonal variation in floral resources was not considered in this model. 
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It is worth mentioning that the model does not consider metapopulation dynamics, and 

therefore cannot evaluate whether these populations are sustainable in small forest 

fragments. The importance of small-sized PAs is based on their suitability to support 

pollinators without considering population dynamics over time.    

An important factor that has not been considered in this model is the effect of pesticides on 

pollinators (Geiger et al. 2010, Isenring 2010). Currently, the global data on pesticide use is 

spatially coarse and assumes a uniform distribution of pesticide per country (Vorosmarty et al. 

2010). The effects of this assumption on the model performance will require further 

assessment. 

Equally, climate change has been identified as one of the main threats to wild pollinator 

populations (Schweiger et al. 2010). Changes in range, abundance and foraging activity have 

been observed as responses of climate change over the last decades (Chen et al. 2011, Kerr et 

al. 2015), and the overall reduction of habitat has been projected for some species (Giannini et 

al. 2012). The effects of climate change could be incorporated in the pollination model using 

alternative climatic data and scenarios (e.g. van Vuuren et al. 2011). Modification of climatic 

data would have a direct influence on the foraging activity variable, given its relationship with 

temperature and solar radiation. Similarly, climate change may alter significantly distribution 

plant taxa (Shafer et al. 2015) and thereby major vegetation cover types (i.e. tree, herb, bare, 

Notaro et al. 2007), modifying the distribution of nesting and foraging sites of wild bees. 

Future work includes assessing the effects of land cover and climate change on pollination 

service in the tropics. 

Finally, data on pollinator diversity is scarce and geographically biased, therefore a modelling 

approach to identify patterns of pollinator richness can be useful (Hofmann et al. 2017). Future 

work includes assessing the role of species richness in the model outcome. 
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3.3. Conclusion 

A pantropical, spatially explicit model of pollination, derived from open-access global datasets, 

has been developed. This model is relevant from the regional to the global scale, given the 

spatial resolution and extent at which the analyses were carried out. The estimation of 

potential and realised service is relevant to assess current (realised) benefits for tropical crops, 

but also to assess the (potential) benefit in the future and/or its interaction with other 

ecosystem services and biodiversity. 

The assessment of the current state of pollination service present within protected areas 

(protection) shows the importance of these areas in sustaining the services and the utility of 

the ES spatial models in ecosystem management decisions. The inclusion of FES is important to 

conserve and manage benefits provided by protected areas given the projected increase in 

demand for these services and the fact that they have a different causality and distribution to 

many other services. 
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4 Effects of agriculturalisation on the distribution of 

supply and demand for pollination service in the 

tropics 

 
 

4.1. Introduction 

Land cover, land use and land cover and use change 

 

Land cover is defined as the observed bio-physical cover on the earth's surface, e.g. vegetation 

type and man-made features. While the land use concept refers to how and/or for what 

purpose humans use the land. Thus, land use is defined by the land cover and the actions of 

people in their environment (Di Gregorio and Jansen 2005). For instance, ‘tree cover’ is a land-

cover term, while ‘native forest’ and ‘tree plantation’ describe its use.   

Land cover change can occur due to natural phenomena, e.g. fires, landslides or floodings, and 

can involve a subsequent recovery towards pre-phenomena conditions (Brown et al. 2012). 

While land use and cover change (LUCC) necessarily involves the transformation of the original 

cover by humans and usually implies a sustained change in management following the land 

cover change, e.g. clearing forest for agricultural use (Watson et al. 2000). 

LUCC is considered the main factor of loss, modification and fragmentation of habitats, causing 

biodiversity loss and ES degradation by reducing carrying capacity and functioning of some 

ecosystems (Gaston et al. 2003, MA 2005). 

Turner et al. (1995) identify three dimensions of LUCC drivers: socio-economic (e.g. technology 

development, economies), biophysical (e.g. soil degradation) and modalities of land 

management (e.g. cultural practices). These influence LUCC at different spatial and temporal 
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scales (Verburg et al. 2004). To understand the impact of LUCC on a given natural system is 

necessary to identify the relevant drivers in a specific spatiotemporal scale. Although LUCC 

often occurs at local scales, as this practice has intensified and extensified, it has generated 

global consequences (Foley et al. 2005, Newbold et al. 2015).  

 Goldewijk et al. (2017) estimate the extent of human-induced LUCC up to 10,000 years ago by 

using demographic growth, cropland and induced pastureland data and using a modelling 

approach (History Database of the Global Environment, HYDE). They estimate that the global 

human population has grown from approximately 4.4 million to 7.257 billion in the last 10,000 

years. The industrial revolution has been suggested as the start of Anthropocene (first signal of 

humankind causing global-scale changes in atmospheric conditions), although early dates have 

been proposed (Lewis and Maslin 2015). From the early eighteenth century until the present, 

global cropland area has increased more than five times (293 to 1,591Mha, uncertainty range 

1,572-1,604 Mha), global pastureland more than six times (1,192 to 3,241 Mha, uncertainty 

range 3,211–3,270 Mha, Goldewijk et al. 2017).  

As a general trend, in the past, most of LUCC occurred in natural grasslands and to a lesser 

extent in forests globally. There has been variation among regions and periods. Temperate 

regions of developed countries had the major changes during the nineteenth century, while 

most of tropical developing countries have faced the largest LUCC since the late twentieth 

century to the present (Song et al. 2018). Currently, tropical forest lands present the highest 

rates of LUCC (FAO 2015). 

Forest and deforestation 

 

There are several hundred official definitions of forest (Lund 2018), some of them rely only on 

biophysical properties, while others include intended use.  For instance, the United Nations 

Food and Agriculture Organization Forest Resources Assessment (FAO 2015) defines forest as 

‘land spanning more than 0.5 hectares with trees higher than 5 meters and a canopy cover of 
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more than 10 %, or trees able to reach these thresholds in situ. It does not include land that is 

predominantly under agricultural or urban land use’. 

The United Nations Framework Convention on Climate Change (UN-FCCC 2002) suggests this 

definition: ‘A minimum area of land of 0.05–1.0 ha with tree crown cover (or equivalent 

stocking level) of more than 10–30 % with trees with the potential to reach a minimum height 

of 2–5 m at maturity in situ. A forest may consist either of closed forest formations where 

trees of various storeys and undergrowth cover a high proportion of the ground or open 

forest. Young natural stands and all plantations which have yet to reach a crown cover of 10–

30 % or tree height of 2–5 m are included under forest, as are areas normally forming part of 

the forest area which are temporarily unstocked as a result of human intervention such as 

harvesting or natural causes but which are expected to revert to forest’. 

These definitions, like many others, differ in the specific thresholds of area, tree cover 

percentage, tree height and magnitude of human intervention (Lund 2018). There is no unique 

correct definition,  forests are defined, assessed and valued through different lenses 

depending on their intended purpose(Chazdon et al. 2016).  

The definition of deforestation depends on the definition of forest, therefore, it is equally 

variable. This varies depending on the type of change assessed, these can include land-cover 

change, land-use change or both and can include time features (i.e. temporary or permanent, 

Sunderlin and Resosudarmo 1996). For instance: 

The United Nations Food and Agriculture Organization Forest Resources Assessment (FAO 

2000) defines deforestation as ‘the conversion of forest to another land use or the long-term 

reduction of the tree canopy cover below the minimum 10 % threshold. Deforestation implies 

the long-term or permanent loss of forest cover and implies transformation into another land 

use. Such a loss can only be caused and maintained by a continued human-induced or natural 

perturbation’.  While the United Nations Framework Convention on Climate Change (UN-FCCC 
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2002) defines deforestation as ‘the direct human-induced conversion of forested land to 

nonforested land’.Here, the definitions adopted are the ones suggested by Hansen et al. 

(2013), the authors of the Global Forest Change spatial dataset. This dataset was used to 

assess the effect of agriculturalisation on pollination services in the tropical forest of the world. 

Similar to the FAO (2015) definition, forest is defined as ‘vegetation taller than 5m in height 

and tree cover above 10%’. Deforestation, also denominated ‘forest loss’, is defined as ‘a 

stand-replacement disturbance, or a change from a forest to non-forest state, during the 

period 2000–2018’. 

4.1.1. Deforestation in tropical forests 

Deforestation is an indicator of LUCC trends. During the period from 1982 to 2016 global tree 

cover has increased by 2.24 million km2 (+7.1%). This overall net gain is the result of a net loss 

in the tropics (−4.1%) being outweighed by a net gain in the extratropics, especially in 

temperate continental forests (+33%), partly due to natural afforestation on abandoned 

agricultural land and partly due to forestry management (Song et al. 2018). 

The largest forest area loss occurs in tropical regions, home to the greatest biodiversity on 

Earth (FAO 2015, Song et al. 2018). This is occurring in a few localized areas (Fig. 4.1), the sites 

under greatest deforestation pressure per continent are: in Africa,  Madagascar, Côte d’Ivoire, 

and Congo basin; in  Southeast Asia, Sumatra, Borneo, Vietnam, Cambodia, and Myanmar; and 

in America, the Amazon Basin, Gran Chaco and Atlantic forest, Yucatán Peninsula and the 

Nicaraguan border with Honduras and Costa Rica (Lambin et al. 2003, Aide et al. 2013, Song et 

al. 2018). 

Curtis et al. (2018) identified the recent drivers (2001-2015) of deforestation globally. Shifting 

agriculture and commodity-driven agriculture are the main causes in tropical forests. In 

Southeast Asian countries they identified widespread deforestation due to expansion of oil 

palm plantations. In Central and South America, forests were converted to row crop 
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agriculture and cattle grazing lands. Finally, shifting agriculture was the dominant driver in sub-

Saharan Africa.  

 

 
Figure 4.1. World distribution of biodiversity hotspots. Two-thirds of the hotspots area (shaded) is 
distributed in the tropics (black). The highest rates of deforestation are occurring in a few localized 
areas within tropical biodiversity hotspots (stars). 

 

The largest area of tropical forest in the world is in South America (Aide et al. 2013). This is 

recognized as an important region for ES production globally (Naidoo et al. 2008), however, 

this can be adversely affected given the high rates of LUCC. The countries with the largest area 

of net tree cover loss between 1982 and 2016 are Brazil (−8%), Argentina (−25%) and Paraguay 

(−34%, Song et al. 2018). 

Simultaneously, afforestation (i.e. forest gain) has been reported in some areas of Central 

America (Grau and Aide 2008, Aide et al. 2013) and Central Africa (Aleman et al. 2018), 

although to a lesser extent than deforestation, due to agricultural land abandonment.  

4.1.2. Land-use change models 

LUCC models are useful tools to analyse the causes and consequences of land-use dynamics 

and to make informed decisions (Verburg et al. 2004). Several models have been described in 

the literature in multiple disciplines (e.g. landscape ecology, computer sciences, economics, 

etc.), each differing in goals, methodological approach, data availability, dimension and scale 
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applied (Brown et al. 2012). All these factors produce a high variability in the outcomes 

produced by different LUCC models. For instance, in a comparison of 11 global-scale LUCC 

models, Prestele et al. (2016) identified  LUCC type definitions and the individual model 

allocation of change schemes as the main causes of prediction variability.  

Many reviews on LUCC models have been produced (e.g. Baker 1989, Agarwal et al. 2002, 

Verburg et al. 2004, Brown et al. 2012) using different typologies. The review by Kaimowitz 

and Angelsen (1998) refers to over 140 models of tropical deforestation available at the time. 

Here, regional-level models are grouped in three main categories: 1) analytical, the models are 

an abstract, theoretical construct, which exclude empirical data, and are expressed in 

mathematical equations; 2) simulation,  where the models use parameters based on facts 

drawn from various sources to assess scenarios and the impact of changing such parameters; 

and 3) regression models, based on a set of statistical analysis to estimate the relationship 

between LUCC (response variable) and one or more explanatory variables (Kaimowitz and 

Angelsen 1998, Brown et al. 2007).  

 Many LUCC models are not spatially explicit, i.e. these do not answer the question where 

deforestation can occur. In contrast, spatial LUCC models provide information not only on how 

much forest is likely to be cleared but also on which specific locations have the highest risk of 

being deforested. The development of computers, geographical information systems and 

associated land cover data from remote sensing products, has allowed spatial factors to be 

included in deforestation models (Dezécache et al. 2017, e.g. Table 4.1). Spatially explicit 

models provide insights about forest fragmentation, land management, and biodiversity 

conservation, among others (Kaimowitz and Angelsen 1998).  

4.1.3. Scenarios of land-use change 

The spatial heterogeneity in driving factors —socioeconomic, biophysical and historical factors 

(e.g. table 4.1)—has led to spatially distinct land-use patterns. Several techniques can be used 
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to understand the spatial relationship between historical changes in land use and its driving 

factors. Then, it is possible to project spatial changes in land use under different scenarios 

based on the variability of these drivers (Meiyappan et al. 2014). 

Usually, LUCC scenario assessments are based on gradual changes in socio-economic 

conditions (e.g. population density, infrastructure development, agricultural productivity; 

Fuller et al. 2012), and biophysical or climatic conditions (e.g. soil quality, temperature change, 

extreme weather events; Carter et al. 2007). Many of them focus on local and regional issues, 

only a few are global in scope (Meiyappan et al. 2014), such as QUICKLUC.   

LUCC scenarios assessments often include the 'business-as-usual' scenario (BAU), which 

assumes a non-significant change in rates, patterns and distribution of change, so that current 

trends can be expected to consistently continue through time. BAU scenarios are contrasted 

with scenarios where new actions significantly affect change rates, locations and patterns, 

such as implementation and enforcement of protected areas (e.g. Soares-Filho et al. 2006), or 

prioritisation of agricultural expansion over forest protection(e.g. Koh and Ghazoul 2010).  
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Table 4.1. Tropical land use change models. Examples of spatial land use change/ deforestation models developed for tropical regions, type (as described by the 
authors), biophysical (*) and socioeconomic (^) variables included in the models, and the sites where have been applied.  

Model Type Variables Study site Reference 

Geographical modelling 
(GEOMOD) 

Spatial regression  
rule-based model1 

*Elevation, slope, aspect, precipitation, temperature, 
distance to water bodies, soil, vegetation type 
^Distance to roads, distance to human settlements, 
political districts 

Southeast Asia 
Mexico (Chiapas, 
Campeche, 
Michoacán) 
Paraná, Brazil 
Santa Cruz, Bolivia  

Hall et al. (1995), 
Brown et al. (2007) 

Manson 2000 Agent-based 
dynamic model2 

*Hydrology, soil type, slope, aspect, suitability for 
agriculture 
^Land use type, suitability for agriculture, forestry and 
non-timber forest products, distance to market, 
transportation infrastructure 

Yucatán Peninsula, 
Mexico 

Manson (2000) 

Messina and Wash 2000 Cellular automata 
model3 

*Elevation, slope, hydrography, land cover type 
^Land use type, distance to roads, (unspecified) socio-
economic data 

Ecuadorian Amazonia Messina and Wash 
(2000) 

CLUE-S Dynamic model4 *Altitude, slope, aspect, distance to stream, erosion, 
geology 
^Distance to roads, towns and ports, population density 

Central America, 
Malaysia, Philippines 

Verburg et al. (2002) 

Dinamica EGO 
 

Cellular automata 
model3 

*Vegetation type, soil type, altitude slope distance to 
rivers, distance to deforested and forested areas 
^Influence of population centres,  distance to roads 

Brazilian Amazonia, 
Colombia 

Soares-Filho et al. 
(2013), Negret et al. 
(2019) 

QUICKLUC 2.0 Equilibrium model5  *Forest cover 
^Distance to deforestation fronts 
Accessibility to population centres 
Planned infrastructure 

Africa, Asia, South 
America 

Mulligan (2015b) 

1 The model is calibrated by assigning weights to map cells based on analysis of the importance of each of the variables and combination of them, it uses the kappa index for internal validation. 
2 The model combines an agent-based and a dynamic spatial simulation model to obtain an integrated assessment model based on three components: actors (agent), institutions and environment 
3 The model employs user-defined rules assigning one of a finite number of possible states (k) to each of the cells of a uniform grid, the state is updated by the interaction of rules.  
4 Designed for small regions, the model is based on systems theory, it addresses the hierarchical organization of land use systems, spatial connectivity and stability.  
5 This was the model selected to assess the effect of land use and cover change on pollination service. The model is explained in detail in section 4.2.1 
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4.1.4. Effects of LUCC on ES 

Consequences of LUCC in tropical forest landscapes on ES have been explored recently, mainly 

in a study case basis (e.g. Ricketts et al. 2004, Grau et al. 2008, Martínez et al. 2009, Williams-

Guillén and Perfecto 2010). The ecosystem services addressed in these studies include 

hydrological services (Grau et al. 2008, Martínez et al. 2009), pollination (Ricketts et al. 2004, 

Ricketts et al. 2008) and pest control (Williams-Guillén and Perfecto 2010). As a general 

conclusion, these studies suggest that larger forested areas and high landscape heterogeneity 

improve ES supply to agro- and urban ecosystems, while intensive and extensive livestock and 

agricultural activities have a negative impact. The understanding of the global effects of LUCC 

on ES could be improved by upscaling the analysis from the local to the regional and global 

scale, thereby understanding variation in responses within and between landscapes. 

In this chapter, the effects of the conversion of forest to cropland, i.e. agriculturalisation, on 

pollination services in the tropics were assessed using the model of pollination distribution 

described in Chapter 3. The hypothesis tested in this chapters were: 

1. The exclusion of deforestation in tropical protected areas would conserve potential 

and realised pollination services in the long-term.    

2. The conversion of forest to cropland in highly forested areas would increase 

realised pollination in the short-term. 

3. The most fragmented forest patches in the present would provide the highest 

realised service in the future due to an increase in the perimeter of the forest-

cropland edge.        

The QUICKLUC model (Mulligan 2015b) was used to generate two scenarios of change, 

conservation and non-conservation scenarios. These scenarios were projected forwards to 

assess the effects of change on service in the short (32 years) and long (200 years) terms. 
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Projected land cover maps were generated and used to model projected pollination 

distribution. The difference between present-day (i.e. baseline) and projected pollination 

distribution was calculated and its relationship with current fragmentation was assessed. This 

was first carried out regionally (i.e. Amazon, Gabon, Paraguay, Sri Lanka and Yucatan) and then 

pantropically.  

 

4.2. Methods 

4.2.1. QUICKLUC model 

The LUCC model used to estimate the change in pollination provision is QUICKLUC (v2.1). This 

model is part of the web-based Policy Support tools WaterWorld and Co$ting Nature (Mulligan 

et al. 2010, Mulligan 2015b). Unlike other LUCC models, QUICKLUC is spatially explicit and 

globally applicable at variable resolution (1 ha, 1 km, 10 km). Some models perform specifically 

at a regional scale (e.g. Verburg et al. 2002, Soares-Filho et al. 2013), while others perform at a 

global scale at a coarse spatial resolution (e.g. IMAGE, 0.5-degree resolution, Dobrovolski et al. 

2011). QUICKLUC can be applied from a local to a global scale at high-resolution (up to 1ha). 

This peculiarity allows the use of the same model to compare regional scenarios and carry out 

a pantropical assessment. This model is open access, all data required is supplied, its execution 

is easy, fast and has no software requirements. Furthermore, it allows detailed customisation 

by the user to simulate the land cover and use transitions of interest.  

QUICKLUC is an equilibrium model, which projects a given future time in a single step without 

going through a series of intermediate time steps, only one time period is predicted per 

simulation. QUICKLUC projects deforestation based on recent rates estimated from three 

different datasets: Global Forest Cover (GFC, Hansen et al. 2013), Terra-i (Reymondin et al. 

2012) and FORMA (Hammer et al. 2014), these rates can be used independently or combined. 
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Recent rates of deforestation are assessed per regional administrative areas according to FAO 

(2014a), these can be increased or decreased by the user to reflect changing global economic, 

population and market conditions in the study area. The model allows allocating deforestation 

in areas where it has not occurred recently by adding a user-defined rate to the measured base 

rate. These rates are then applied for a specified number of years. Thus, the number of pixels 

to be deforested in an administrative region is calculated by multiplying the rate by the 

number of years.  

It is also possible to set per pixel fractional forest cover losses to avoid overestimation of 

deforestation by assuming all is clear-cut at the pixel resolution. This means a pixel can be 

projected as partially deforested under a user-defined threshold instead of only assigned 100% 

deforested pixels. In a range of 0 to 1, a high value will project forwards clear-cut full pixel 

deforestation only (i.e. 1 means projecting 100% deforestation in the pixels), while a lower 

value will also project part-pixel deforestation and forest degradation as is common in many 

landscapes. For instance, a 0.3 threshold value will project pixels deforested above 30%. 

Deforestation is allocated by pixel based on distance rules: the Euclidian proximity to existing 

deforestation fronts and accessibility to population centres (Mulligan 2015b). In addition to 

the distance rules, the user can allocate deforestation considering agricultural suitability using 

the IIASA GAEZ (Global Agro-ecological Zones) analysis (IIASA/FAO 2012). The GAEZ approach 

identifies crop-specific limitations of climate, soil and terrain resources in a consistent way 

based on empiric data. It utilizes the land resources inventory to assess all feasible agricultural 

land-use options and to quantify expected production of cropping activities relevant in a 

particular agro-ecological context, for specified management conditions and levels of inputs.   

If available for the study area, the user can include planned infrastructure in the model 

settings. Likely new transport routes are calculated by connecting all existing urban areas with 

a road (Schneider et al. 2009) and the user can choose to add them to the deforestation fronts 
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calculation (Mulligan 2015b). Simultaneously, deforestation can be excluded for certain areas 

fully or through a set management effectiveness index, where values range from null (0) to 

total exclusion (1) of deforestation in those areas. Along with the user-defined exclusion, 

deforestation is not allocated in already deforested areas (according to the chosen dataset) 

and in non-forests areas (tree cover <10%, DiMiceli et al. 2011).  

Deforested areas are converted to a land-use type defined by the user, these are most suitable 

agriculture, most common agriculture locally or regionally, in proportion to current agriculture 

locally or regionally, all grazing, all cropping, all natural or all protected land. (Fig. 4.2).    

 

 
Figure 4.2. QUICKLUC (2.1) model interface showing default settings.  This model was used to 
generate two scenarios of land-use change to assess its effect on pollination service.  

 

4.2.2. Scenarios and model settings 

Two scenarios of change were produced for two different periods, short term (2018-2050) and 

long term (2018-2218). The first one is a conservation scenario, where deforestation occurs at 

the current rates but is excluded from occurring in current protected areas (C2050 and C2218). 

The second is a non-conservation scenario, where overall rates of deforestation are the same, 

but the network of protected areas is ineffective, therefore deforestation occurs within and 

outside protected land (NC2050 and NC2218). 
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The settings to model these scenarios are shown in Table 4.2. and detailed below. For both 

scenarios:  

a) Set/ change was ‘tree: −100%’, this means deforestation per pixel can include up to 100% 

tree cover), while herb and bare cover were set to 0, remaining in the proportion they 

currently exist in the area, which means no land-use change was projected in land-cover 

areas defined as herb or bare.  

b) The forest loss rate selected for the projections was the rate estimated from the GFC 

dataset (Hansen et al. 2013) since it covers the spatial extent of the study area. The rate 

can be multiplied to increase or reduce the current forest loss rates, in this case, this was 

multiplied by 1, assuming the current rates will remain in the future (i.e. no increase in 

BAU rate). The settings allow to introduce deforestation in sites where it is currently 

absent by adding a given percentage to the current rates, here, there was added 0% of 

forest loss (i.e. no additional deforestation in sites with no current BAU deforestation). 

Thus, these settings were based on the assumption that the current deforestation rate 

and patterns will occur without significant changes in the future. 

c) The projected deforestation was restricted to pixels suitable for agriculture based on the 

GAEZ criteria, this was done by enabling the ‘allocation by agricultural suitability’option.  

d) Likely transportation routes were considered.  

e) The converted areas were defined as cropland. This based on the assumption that 

currently, the main cause of forest loss in the tropics is extensive agriculture, and this will 

occur only in areas suitable for agriculture.   

f) Finally, for the management effectiveness index,  a value of 1 excludes all allocated 

deforestation, following the exclusion rules in areas defined by the user (e.g. exclusion of 

deforestation in protected areas), whilst a value of 0 excludes none of the allocated 

deforestation, meaning that, even when the user specifies areas of exclusion, 
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management ineffectiveness would allow the allocation of deforestation in such areas. 

Here, the management effectiveness index was set to 1, to enforce the exclusion rule for 

the conservation scenario detailed below.    

Table 4.2. QUICKLUC model settings to generate two scenarios of land use change: conservation and 
non-conservation, at one of two time periods: 2018-2050 (32 years) and 2018-2218 (200 years), 
considering one of three different fractional values of forest cover losses (0.1, 0.5, 0.7)  

Settings Conservation Non-conservation 

Name for my scenario  2050_C_10  2050_NC_10  

Set/change tree, herb, bare covers (%) −100, 0, 0 −100, 0, 0 

using recent rate of loss by compare: GFC_loss GFC_loss 

for (years):  32    /   200 32    /   200 

 Multiply recent rate by:  1 1 

add (% forest loss/yr):  0 0 

Include recent (fractional) forest cover losses greater 
than:  

0.1 / 0.5 / 0.7 0.1 / 0.5 / 0.7 

Allocate by agricultural suitability  yes yes 

Include planned infrastructure (if available)  no no 

Include likely new transport routes  yes  yes  

Management effectiveness index (0-1):  1 1 

where Protected areas  Study area mask 
is =   this value: 0 >=   this value: 0 

Define converted areas as: All Cropping  All Cropping  

Fraction of water exposed to contamination:  1 1 

 or scale the default for land use ticked  ticked  

Total change in population for changed land uses:  0 0 

Mean conversion cost (USD per ha.):  100 100 

Limit conversion to budget (M USD):  No limit No limit 

 
 

The fundamental difference between scenarios was that for the conservation scenario, 

deforestation was restricted to occur only outside protected areas. This was done by setting 

the option ‘where’  to ‘Protected Areas (IUCN and UNEP-WCMC 2017) = 0’, i.e. no 

deforestation will occur within the Protected Areas polygons provided by the World Database 

on Protected Areas (IUCN and UNEP-WCMC 2017). While  for the non-conservation scenario, 

this was set to ‘Study area >=0’, allowing deforestation to occur anywhere in the study area, 

including within the protected area polygons. The management effectiveness for both 

scenarios was set to 1, excluding deforestation completely within protected areas in the 
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conservation scenario, and allowing deforestation in any pixels that meet the rest of the 

criteria in the study area for the non-conservation scenario.   

Regarding the fractional forest cover losses, three different values were used to capture 

different per pixel partial losses, i.e. each scenario was run three times. The values assigned 

were 10%, 50%, and 70% of forest cover loss (0.1,0.5 and 0.7, respectively). Thus, with a 0.1 

fractional value, deforestation was projected to pixels where deforestation could replace over 

10% of their tree cover. Equally, 0.5 and 0.7 values projected over 50% and 70% tree cover 

loss. These values were selected according to the threshold values used to categorize land 

cover types in the GlobCover map (Arino et al. 2010; see Table 3.1), thereby connecting land 

cover to the land use classification.   

Some of the outcomes of the model are a projected percentage of forest cover map, and a 

difference (change) map of this projection with the baseline tree cover forest map (DiMiceli et 

al. 2011, Fig.4.3a-c). The difference map of each of the deforestation thresholds shows the 

pixels where deforestation above 10%, 50% (e.g. Fig 4.3d) and 70% was projected. Each of 

these maps were converted to a Boolean map (0, no deforestation; 1, deforestation; Fig. 4.4b). 

This was done by reclassifying all the pixel values above 0 (where there was a cover loss above 

10%, 50% or 70%)  as 1, and all the pixel values equal to 0 (where there was no projected 

forest loss), remained as 0. The three Boolean maps were summed to get a single 

deforestation map showing where the forest loss would occur above the 10%, 50% or 70% of 

the pixel area. The areas with projected deforestation above 70% are nested within the areas 

with projected deforestation above 50%, and these in turn within the areas with projected 

deforestation above 10% as shown in Fig. 4.4c.  
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Figure 4.3. Projected forest cover in the Amazon. a) Baseline percentage of forest cover (DiMiceli et 
al. 2011), b) Percentage of forest cover projected (C2050), considering fractional deforestation >0.5, 
c) percentage of forest cover loss calculated as the difference of baseline and projected forest cover 
and d) Boolean map of projected deforestation occurrence. The a-c maps are QUICKLUC model 
outputs (Mulligan 2015b). 
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Thus, the QUICKLUC model was run 12 times in total, for two scenarios, at two different 

periods, and considering three different fractional forest cover losses (Table 4.2) to obtain a 

 
Figure 4.4. Intersection of current land cover types with projected deforestation in the Amazon 
(C2050). (a) GlobCover map (Arino et al. 2010) used to assign nesting suitability (𝑁𝑗) and floral 

resources (𝐹𝑗) scores for baseline pollination model. The QUICKLUC output maps of (b) projected 

deforestation occurrence under different fractional deforestation thresholds were combined to 
generate a single (c) projected deforestation map. (a) and (c) were intersected to identify the (d) 
areas where 𝑁𝑗 and 𝐹𝑗  were modified according to the projected percentage of forest loss.   
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projected deforestation map for C2050, C2218, NC2050 and NC2218. These runs were done 

regionally at 1 km resolution and globally at 10 km resolution.  

4.2.3. Projected pollination 

The projected deforestation maps were intersected with the GlobCover map (Fig. 4.4), to 

reclassify the nesting suitability (𝑁𝑗) and floral resources (𝐹𝑗) scores that were assigned to the 

current pollination model (Table 3.1). Under the GlobCover 2009 land cover type classification, 

the ‘Mosaic vegetation’ corresponds to a mix of natural vegetation and cropland with a higher 

percentage of forest/grassland/shrubland (50 -70%) and a lower percentage of cropland (20-

50%); the opposite proportion (50-70% cropland; 20-50% natural vegetation) corresponds to 

‘Mosaic Cropland’; finally, a percentage >70% corresponds to ‘Cropland’. Each of these land 

cover types has its respective suitability value to provide nesting sites (NS) and floral resources 

(FR): 

• Mosaic vegetation: NS, 0.75; FR, 0.70 

• Mosaic cropland: NS, 0.7; FR, 0.75 

• Cropland: NS, 0.2 ; FR:, 0.2 

Thus, depending on the original land cover type, the scores increased or decreased according 

to the projected percentage of forest loss per pixel (Table 4.3). For example, pixels currently 

classified as ‘Broad-leaved deciduous forest’ in the GlobCover map that when intersected with 

the projected deforestation map (e.g. Fig. 4.4c) showed 10%, 50% or 70% forest cover loss, 

changed their original suitability values to provide nesting sites (NS=0.8) and floral resources 

(FR=0.9) to those of Mosaic vegetation, Mosaic cropland or cropland respectively. Equally, in 

the case of pixels currently classified as ‘Mosaic cropland,’ a loss >50% implied conversion to 

‘Cropland’ suitability values. Those pixels with no deforestation projected retained their 

original scores. For example,  Table 4.4 shows the value conversion carried out for the Amazon 
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region, under the conservation scenario by 2050 (C2050). Here, most pixels either lost 

between 10% and 50% of forest cover or above 70%, no deforestation was projected between 

50 and 70% of forest loss for pixels assigned to certain land cover type according to the 

GlobCover map. For each region, the projected deforestation varied with the scenario 

(conservation or non-conservation) and the projection time (2050 or 2218). Therefore, the 

conversion tables, like the shown for the Amazon-C2050, differed for each scenario and region. 

Appendix C (Table C.1) shows a hypothetical reclassification table showing the values that 

were used to each land cover type depending on their projected forest cover loss.   

Table 4.3. Criteria used to reclassify nesting suitability (𝑁𝑗) and floral resources (𝐹𝑗) according to the 

projected percentage of forest loss. Based on the GlobCover map percentage of cover type, the 
original 𝑁𝑗  and 𝐹𝑗  scores (0 -1) were reclassified per pixel to Mosaic vegetation (𝑁𝑗: 0.75, 𝐹𝑗 :0.7), 

Mosaic cropland (𝑁𝑗: 0.7, 𝐹𝑗 :0.75) and Cropland (𝑁𝑗: 0.2, 𝐹𝑗 :0.2). Pixels where no deforestation was 

projected retained their original score.  

From 
To 

0.1- 0.5 0.5 -0.7 >0.7 

Forest Mosaic vegetation Mosaic cropland Cropland 

Mosaic vegetation Mosaic cropland Cropland Cropland 

Mosaic cropland Cropland Cropland Cropland 

Spare vegetation Cropland Cropland Cropland 

These reclassified nesting suitability maps and floral resource maps were used to generate 

projected pollination maps following the same method to map current potential pollination 

(section 3.2.1.2). For realised pollination, the current cropland distribution was replaced by the 

projected distribution of cropland. Future cropland distribution was determined using the 

>50% forest cover loss map  (i.e. cropland distribution using fractional deforestation value 

>0.5).  

Projected pollination was first generated regionally (Amazon, Gabon, Paraguay, Sri Lanka and 

Yucatan) to assess the performance of the model under different regional deforestation rates 

and baseline conditions (five sites), and to analyse the possible effects of the LUCC scenarios.  

Then it was generated pantropically (averaged regional rates) to identify pantropical patterns 

of change. 
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Table 4.4. Reclassification table example: Amazon, 2050C.  Nesting suitability (𝑁𝑗) and floral resources (𝐹𝑗) scores reclassified per pixel according to the projected 

percentage of forest loss. The deforestation thresholds were set to identify 10 to 50% (0.1-0.5) forest loss, 50 to 70% (0.5-0.7) forest loss and 70 to 100% (>0.7) 

forest loss per pixel. Pixels where no deforestation was projected maintained their original score (-).  

ID GlobCover land cover type 

𝑵𝒋 𝑭𝒋 

From 
To 

From 
To 

0.1-0.5 0.5-0.7 >0.7 0.1-0.5 0.5-0.7 >0.7 

11 Post-flooding or irrigated croplands (or aquatic) 0.4 0.2 - 0.2 0.4 0.2 - 0.2 

14 Rainfed croplands 0.2 0.2 - 0.2 0.2 0.2 - 0.2 

20 Mosaic cropland (50-70%) / vegetation (grassland/shrubland/forest) (20-50%) 0.7 0.2 - 0.2 0.75 0.2 - 0.2 

30 Mosaic vegetation (grassland/shrubland/forest) (50-70%) / cropland (20-50%)  0.75 0.7 0.2 0.2 0.7 0.75 0.2 0.2 

40 Closed to open (>15%) broadleaved evergreen or semi-deciduous forest (>5m) 0.8 0.75 0.7 0.2 0.9 0.7 0.75 0.2 

50 Closed (>40%) broadleaved deciduous forest (>5m) 0.8 0.75 - 0.2 0.9 0.7 - 0.2 

60 Closed (>40%) needle leaved evergreen forest (>5m) 0.8 0.75 - 0.2 0.3 0.7 - 0.2 

70 Closed to open (>15%) mixed broadleaved and needle leaved forest (>5m) 0.8 0.75 - 0.2 0.6 0.7 - 0.2 

110 Mosaic forest or shrubland (50-70%) / grassland (20-50%) 0.9 0.75 - - 0.9 0.75 - - 

130 Closed to open (>15%) (broadleaved or needle leaved, evergreen or deciduous) 
shrubland  

1 0.75 0.7 0.2 0.9 0.7 0.75 0.2 

140 Closed to open (>15%) herbaceous vegetation (grassland, savannas or 
lichens/mosses) 

0.4 0.2 - 0.2 0.4 0.7 - 0.2 

150 Sparse (<15%) vegetation 0.35 0.2 - - 0.7 0.2 - - 

170 Closed (>40%) broadleaved forest or shrubland permanently flooded  0 0 - 0 0 0 - 0 

190 Artificial surfaces and associated areas (Urban areas >50%) 0.3 0.2 0.2 0.2 0.3 0.2 0.2 0.2 

200 Bare areas 0 0 - 0 0 0 - 0 

210 Water bodies 0 0 - 0 0 0 - 0 
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4.2.4. Quantification of change at regional scales 

Five regions were selected through the study area (Fig. 4.5) to apply the QUICKLUC model and 

generate a projected distribution of pollination for C2050, NC2050, C2218 and NC2218. Sites 

were chosen to represent different combinations of climate, topography and rate/pattern of 

land-use change.  The boundaries for these sites were specified using predefined polygons of 

the regions of interest provided by Co$ting Nature (Mulligan 2015b), the web-based tool 

where the QUICKLUC model is integrated. Administrative boundaries (countries) were selected 

for Gabon, Sri Lanka and Paraguay, drainage basin for Yucatan Peninsula (Yucatan) and a 10x10 

degrees tile for the Amazon. 

The regions differ in size,  topography, main forest type and occurrence in biodiversity hotspot 

areas (biodiversity hotspots defined as areas with more than 1,500 endemic species of vascular 

plants and have lost >70% native vegetation, Myers et al. 2000) and recent deforestation rates 

(Table 4.5), assessed per regional administrative areas (FAO 2014a), comprising a variety of 

characteristics to apply the LUCC scenarios.     
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Figure 4.5. Sites where QUICKLUC and pollination models were applied (1 km resolution). Sites varied 
in area (km2), topography, recent (2010-2015) forest cover loss/gain (%, FAO 2015) and occurrence in 
biodiversity hotspot areas (BHS, Myers et al. 2000).  

 

  

To assess the effect of LUCC on potential and realised pollination under the two scenarios, the 

following statistics were calculated for each site and each scenario: 

Table 4.5 Selected sites to run the QUICKLUC model at regional scale. Sites varied in area, forest cover 
change (2010-2015) per country (Amazon: Brazil, Yucatan: average Mexico, Guatemala and Belize; 
FAO 2015), tropical forest type (NC 2012) and occurrence in biodiversity hotspot areas (BHS, Myers et 
al. 2000): yes (Y), no (No), partially (P).  

Site Area (km2) Cover change (%) Forest type BHS 

Amazon 1,2135,324 -1.0 Moist broad leaf forest N 

Gabon 266,394 +4.5 Moist broad leaf forest N 

Paraguay 473,543 -9.6 Moist and dry broadleaf forest P 

Sri Lanka 67,482 -1.6 Moist and dry broadleaf forest Y 

Yucatan 221,655 -0.7 Moist and dry broadleaf, coniferous forest Y 
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a) Change in pollination service through time was calculated per site as the difference 

between the mean values of each projected pollination map (𝜇 𝑠𝑐𝑒𝑛𝑎𝑟𝑖𝑜) and the mean 

value of the current pollination map (𝜇 𝑏𝑎𝑠𝑒𝑙𝑖𝑛𝑒 ) of each site: 

 Δ𝑝𝑜𝑙𝑙𝑖𝑛𝑎𝑡𝑖𝑜𝑛 = 𝜇 𝑠𝑐𝑒𝑛𝑎𝑟𝑖𝑜 − 𝜇 𝑏𝑎𝑠𝑒𝑙𝑖𝑛𝑒  

b) Pollination change per unit of forest loss was calculated by dividing the mean 

pollination change of each site by the respective mean forest cover change, i.e. the 

difference between the baseline and projected forest cover of the site: 

Pollination change per unit of forest lost =
Δ𝑝𝑜𝑙𝑙𝑖𝑛𝑎𝑡𝑖𝑜𝑛

Δ𝑓𝑜𝑟𝑒𝑠𝑡 𝑐𝑜𝑣𝑒𝑟
 

Thereby it was possible to calculate the ratio of service change to forest loss, which allows 

comparison among sites. Three projected forest cover maps were generated per scenario 

(section 4.2.2), the forest cover map used for this calculation is the one derived from a 

fractional deforestation > 0.5.  

c) The relationship between baseline forest fragmentation with projected pollination 

change per region was evaluated.  

The edge effect can have a negative impact on the abundance of pollinators (Gutierrez-

Arellano and Mulligan 2018), and therefore on potential pollination supply. However, the 

increase of forest-cropland edge can enhance pollination to cropland (realised pollination) due 

to the proximity between crops and natural habitat. Therefore, the relationship between 

current forest fragmentation and future changes in potential and realised pollination change 

was assessed.  

In order to assess this relationship, first, the current forest cover map (Fig. 4.6a) was vectorized 

considering all pixels with remaining forest cover ≥50% (Fig. 4.6b). Second, the total perimeter 

and total area were calculated for this vector forest map (Fig. 4.6c). Third, a fragmentation 
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index was calculated per site by dividing the total perimeter of forest patches (km) by total 

forest area (km2). The fragmentation value (km/km2 or 1/km) per site was plotted against the 

pollination change per unit of forest lost for both potential (∆PP/∆FC) and realised pollination 

service (∆RP/∆FC).   

 
Figure 4.6. Fragmentation measure, Yucatan example. From (a) the current percentage of forest 
cover map, the areas with a (b) forest cover ≥50% were vectorized to get (c) polygons of forest 
patches to calculate total area and perimeter per site.   

  

4.2.5. Quantification of change at pantropical scales 

To quantify the effects of pollination provision at the pantropical scale, a similar procedure to 

the regional scale quantification was carried out. However, due to computing time and power 

limitations, the QUICKLUC model was run at a 10 km resolution. At a global scale, lower 

deforestation fraction values than the ones used for regional-scale models were set, aiming to 

capture similar deforestation patterns at both scales. 

The model projects deforestation in a pixel only if at least 10% of the forest cover could be lost 

under the conditions set by the other parameters (see section 4.2.2). In this case, assuming 

BAU conditions (i.e. constant deforestation rates) at a 10 km resolution, no pixel with forest 

loss greater than 10% was identified. When a 10% threshold was first used, the outcome maps 

showed no difference from the baseline forest cover map, i.e. no 10k-resolution pixel had 

forest cover loss greater to 10% neither in the short nor in the long term. Thus, the selected 

deforestation thresholds had to be set below 10% to identify the occurrence of deforestation 
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at this coarse resolution. Since the resolution increased tenfold (from 1 km to 10 km), the 

percentage of fractional deforestation projected forward was proportionately decreased (from 

10% to 1%). Therefore, 10%, 50% and 70% deforestation per pixel were projected forward at 1 

km resolution, whilst 1%, 5% and 7% were projected forward at 10 km resolution (Fig. 4.7).   

 

Figure 4.7. Fractional values to project deforestation. The fractional values used at a) 1 km-resolution 
projected deforestation (grey) in those pixels with a forest cover loss ≥10%, ≥50% and ≥70%, whilst at 
b)10 km- resolution the values projected deforestation in those pixels with forest cover loss ≥1%, ≥5% 
and ≥7%, because no deforestation >10% was identified for none of the simulated years (2050 and 
2218). This allowed projecting deforestation at a coarser resolution. 

 

The study area was divided using a 5-degree latitude/longitude grid (Fig. 4.8). The pollination 

provision values within each square were summed and divided by their respective area, 

obtaining a mean value per square. These mean values were used to calculate the grand mean 

of the study area, which in turn was used to calculate the change in pollination through time 

and change per unit of forest lost pantropically.  This change was calculated only in those 
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squares where a change in forest cover was projected, due to the mathematical impossibility 

of dividing the change in pollination service by zero. 

 
Figure 4.8. Distribution of tropical and subtropical forest of the world (NC 2012) and percentage of 
forest cover (Hansen et al. 2013). The study area was gridded (5x5 degrees) to calculate the effect of 
LUCC on pollination provision per square.  

 

An adjustment was made to assess realised pollination at this scale. Realised pollination was 

defined by restricting foraging sites to the distribution areas of crops highly dependent on 

pollination plus a 1500 m outside buffer (section 3.2.1.2, Realised pollination). After carrying 

out the calculations including all values, it was noticed that the estimation of change was 

obscured by the exceedingly high number of pixels with almost null service value within 

cropland areas (outside the normal travel radius for forest-dwelling insects). Therefore, to 

exclude the pixel values outside the mobility range of pollination from natural habitats, instead 

of a 1500 m outside buffer, a 1500 m ring buffer (i.e. 1500 m outwards and 1500 m inwards) 

was applied around the cropland edges. The values within this buffer were summed and 
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divided by their respective buffer area, obtaining a mean value per square. Finally, as done for 

potential pollination, the mean values were used to compare change between baseline and 

future scenarios.   

Fragmentation was estimated per square in the same manner as for regional scale and plotted 

against the pollination change per unit of forest lost per square. The squares with forest cover 

≥50%  were treated as forest patches in the fragmentation analysis.  

Finally, a linear regression was performed using the mean change in pollination service per 

unit of forest loss as the dependent variable and baseline fragmentation index as the 

independent variable. This relationship could indicate that a larger perimeter increases the 

contact between forest and cropland, therefore increases the probability of pollination by wild 

bees to crops.   

 

4.3. Results  

4.3.1. Projected deforestation and cropland expansion 

Four maps of projected deforestation were generated for each site and the tropics. They 

correspond to the conservation and non-conservation scenarios in the short and long terms 

(Fig. 4.9). These maps show where deforestation was projected above the 10%, 50% and 70% 

thresholds in the area of interest and where the nesting suitability (𝑁𝑗) and floral resources 

(𝐹𝑗) were modified according to Table 4.3.  

The model allocated deforestation based only on the geographic rules described above, 

showing physical patterns of change without considering economic or technological changes. 

Among the sites, the greatest deforestation was projected for Paraguay (Fig. 4.9c), followed by 

the Amazon (Fig. 4.9a), Yucatan (Fig. 4.9e) and Sri Lanka (Fig. 4.9d). The lowest deforestation 

was projected in Gabon (Fig. 4.9b). 
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a 

 
Figure 4.9 Projected deforestation and projected cropland distribution obtained with the QUICKLUC model. Maps correspond to baseline (BL) forest cover (%), 

projected deforestation (percentage of forest cover loss), and cropland distribution (fractional deforestation, 0.5) for conservation (C) and non-conservation 
scenarios (NC) by 2050 and 2218 for a) the Amazon, b) Gabon, c) Paraguay, d) Sri Lanka, e) Yucatan and f) tropics. 
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b 

 
Figure 4.9 Continued. b) Gabon 
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c 

 
Figure 4.9 Continued. c) Paraguay 
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d 

 
Figure 4.9 Continued. d)Sri Lanka 
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e 

 
Figure 4.9 Continued. e) Yucatan 
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f 

 
 

Figure 4.9 Continued. f) tropics 
 

 

 



 

127 
 
 

Equally, Figure 4.9 shows the projected distribution of cropland for each scenario and time 

period. Projected cropland was allocated according to the agricultural suitability of the area 

(IIASA/FAO 2012). This distribution replaced the distribution of the pollinator-dependent crop 

(i.e. baseline distribution) used to model realised pollination (section 3.2.1.2). 

 

4.3.2. Regional projected change of pollination service 

The effects of agriculturalisation on pollination supply and demand varied among sites through 

time. The difference among baseline conditions and deforestation rates produced different 

patterns of distribution of service. In general, a loss of potential pollination is projected for all 

sites, but for some of the sites realised pollination increased in the short term (Yucatan and Sri 

Lanka) and for one of them (Yucatan) a  gain was also projected in the long term. 

 This is consistent with the projected proportion of natural habitat-cropland and its effect on 

pollinator abundance (Fig. 4.10). Since natural habitats are more suitable for wild pollinators 

(see Table 3.1, and Table 4.3), a higher proportion of natural vegetation tends to produce 

higher potential and realised service. Landscapes dominated by agricultural land receive little 

or null service by wild pollinators in areas where suitable habitat is very distant. Thus, the gain 

or loss of service was greatly determined by the baseline conditions of land cover within and 

outside protected areas. The results for each site are described in detail below
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Figure 4.10. Relationship between the proportion of natural habitat-cropland and suitability for wild 
pollinators. Deforestation increases with agriculturalisation. The higher proportion of natural habitats 
tends to increase pollination service due to the higher suitability for wild pollinators. 

 

 

Amazon 

 
A mean of 72.3% forest cover is currently estimated in the Amazon region, the highest baseline 

forest cover among the assessed sites. A 3.6% forest cover loss is projected by C2050 and a 

12.4% loss by C2218; while projected a mean forest cover loss of 1.9% and 9.6%  for NC2050 

and NC2218 respectively (Fig. 4.11a). 

A decrease for mean potential and realised pollination was projected for all scenarios 

compared to mean baseline pollination (Fig. 4.11b). For potential pollination, the loss is higher 

in the conservation scenario, especially in the long term, than in non-conservation. Realised 

pollination shows a significant loss under both scenarios, in the short and long terms, the 

decrease is greater in non-conservation than in conservation conditions.  

Regarding the change of service per unit of forest lost (i.e. the amount of change, loss or gain, 

in service due to a 1% forest cover loss, Fig. 4.11c), for potential pollination, the proportion of 

decrease is lower for conservation than for non-conservation by 2050. This condition is 
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inverted by 2218, where the decrease is greater in the conservation scenario, although the 

difference between scenarios is lower in the long term.  

 

 

a 

 
b 

 

  
c  

  
Figure 4.11. Amazon’s change in pollination service. a) Forest cover, b) mean potential (PP) and mean 
realised pollination (RP) and c) change in mean potential (∆PP) and mean realised (∆RP) pollination 
per unit of forest cover loss (∆FC) for conservation (C) and non-conservation (NC) scenarios by 2050 
and 2218. 
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While on average a loss of potential pollination is projected, the variation of values increased 

considerably through time and throughout the region for both scenarios (Fig. 4.12). The 

occurrence of extreme values (outliers), both maximum and minimum, increased compared to 

baseline distribution. While some areas decreased their value, others increased them, being 

more evident by 2218. In the long term, under conservation conditions, the change in value is 

spread throughout the region, whilst for non-conservation, the loss is mostly concentrated at 

the south of the study area, where cropland is currently distributed (Fig. 4.5). 

Regarding realised pollination values (Fig. 4.13), as the occurrence of cropland increases most 

of the pixels present lower values compared to baseline distribution. However, some pixels 

considerably increased their values compared to current conditions. These are mainly 

distributed in the edges of cropland patches where proximity of new cropland to remaining 

forest increases service provision.  
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Figure 4.12. Amazon’s projected potential pollination. Boxplot shows the distribution of potential 

pollination values for the region corresponding to the baseline map (BL) and projected maps for 

conservation (C) and non-conservation (NC) scenarios by 2050 and 2218. 
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Figure 4.13. Amazon’s projected realised pollination. Boxplot shows the distribution of realised 
pollination values for the region corresponding to the baseline map (BL) and projected maps for 
conservation (C) and non-conservation (NC) scenarios by 2050 and 2218. 
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Gabon 

 
A mean of 39.9% forest cover is estimated currently in Gabon and less than 1% forest cover 

loss is projected in the short and long terms. The loss was lower under the conservation 

scenario in the short and long terms: C2050, −0.19%; NC2050, −0.21%; C2218, −0.22%; 

NC2218, −0.24% (Fig. 4.14a).  

A decrease in potential and realised pollination was projected for both scenarios (Fig. 4.14b), 

and the mean loss was greater in the conservation scenario.  

Considering the change of service per unit of forest lost, the change is greater for potential and 

realised pollination in conservation scenario. This relationship remains through time (Fig. 

4.14c).  

In general, excluding outlier values (see Fig. 4.15 Boxplot) of the potential pollination 

distribution, there is a continuous decrease throughout the region and occurs equally for both 

scenarios (Fig. 4.15). A decrease was also present for realised pollination. However, a greater 

decrease occurred under a conservation scenario by 2218 (Fig. 4.16).  
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Figure 4.14. Gabon’s change in pollination service. a) Forest cover, b) mean potential (PP) and mean 
realised pollination (RP) and c) change in mean potential (∆PP) and mean realised (∆RP) pollination 
per unit of forest cover loss (∆FC) for conservation (C) and non-conservation (NC) scenarios by 2050 
and 2218. 
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Figure 4.15. Gabon’s projected potential pollination. Boxplot shows the distribution of potential 
pollination values for the region corresponding to the baseline map (BL) and projected maps for 
conservation (C) and non-conservation (NC) scenarios by 2050 and 2218. 
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Figure 4.16. Gabon’s projected realised pollination. Boxplot shows the distribution of realised 
pollination values for the region corresponding to the baseline map (BL) and projected maps for 
conservation (C) and non-conservation (NC) scenarios by 2050 and 2218. 
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Paraguay 

 
Paraguay is currently the least forested among the assessed sites with a 24.2% mean forest 

cover. Deforestation projections suggested a reduction of more than a half of the current 

cover in the short term, a mean of 11.5% mean forest cover for the conservation scenario and 

10.5% for the non-conservation scenario was projected. By 2218, it was projected a 6.1% and 

4.7% mean forest cover respectively (Fig. 4.17a).  

The decrease in potential pollination by 2050 is similar under both scenarios but by 2218 the 

difference between scenarios increases. The non-conservation scenario presented the lowest 

service supply.  In contrast, for realised pollination, the difference between scenarios is greater 

in the short term than long term (Fig. 4.17b).  

The change on potential and realised pollination per unit of forest cover loss was higher in a 

conservation scenario in both time periods. For potential pollination, this proportion was 

higher by 2050 than by 2218. In contrast, for realised pollination, the proportion was higher by 

2218 than in 2050 (Fig. 4.17c). 

A considerable decrease in potential pollination values occurred in the short term and 

continued in the long term, especially in the central region of the country (Fig. 4.18). The 

conservation scenario kept the highest values for potential pollination, mostly concentrated in 

current protected areas.   

Regarding realised pollination, there was a general decrease in the country, except for the 

edges of remnant natural vegetation and riversides (corridors). The C2218 presented the 

highest maximum values for the region, as shown by the outlier values in the boxplot of Fig. 

4.19.   
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Figure 4.17. Paraguay’s change in pollination service. a) Forest cover, b) mean potential (PP) and 
mean realised pollination (RP) and c) change in mean potential (∆PP) and mean realised (∆RP) 
pollination per unit of forest cover loss (∆FC) for conservation (C) and non-conservation (NC) 
scenarios by 2050 and 2218. 
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Figure 4.18. Paraguay’s projected potential pollination. Boxplot shows the distribution of potential 
pollination values for the region corresponding to the baseline map (BL) and projected maps for 
conservation (C) and non-conservation (NC) scenarios by 2050 and 2218. 
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Figure 4.19. Paraguay’s projected realised pollination. Boxplot shows the distribution of realised 
pollination values for the region corresponding to the baseline map (BL) and projected maps for 
conservation (C) and non-conservation (NC) scenarios by 2050 and 2218. 
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Sri Lanka 

 
Currently, an average of 32.3% forest cover was estimated for Sri Lanka. Under the 

conservation scenario, a 31.8% mean forest cover was projected by 2050 and 30.2% by 2218. A 

31.9% by 2050 and 31.0% by 2218 was projected under non-conservation conditions (Fig. 

4.20a).  

A greater decrease of potential pollination was projected in a conservation scenario than in 

non-conservation in the short term. However, NC2218 presented a greater loss in the long 

term.  

Initially, an increase in realised pollination is projected by 2050 for both scenarios. This 

changes in the long term, a decrease below the baseline was projected for both scenarios, 

especially in NC2218 (Fig. 4.20b).  

In terms of the change in service per unit of forest lost (Fig. 4.20c), for potential pollination, 

the loss was greater for C2050 than for NC2050. In contrast, by 2218 the proportion of service 

lost was greater in the non-conservation scenario. For realised pollination, the gain in service 

in the short term was higher in non-conservation, while in the long term the loss is lower 

under conservation conditions.  

The change in potential pollination is mostly concentrated in the northern part of the island 

and is more evident in the long term in NC2218 (Fig. 4.21). For realised pollination, the 

projection of service reached a peak by 2050 under a non-conservation scenario, but in the 

long term, the realised service decreases and the number of pixels with lower values increased 

compared to the conservation scenario (Fig. 4.22). 
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Figure 4.20. Sri Lanka’s change in pollination service. a) Forest cover, b) mean potential (PP) and 
mean realised pollination (RP) and c) change in mean potential (∆PP) and mean realised (∆RP) 
pollination per unit of forest cover loss (∆FC) for conservation (C) and non-conservation (NC) 
scenarios by 2050 and 2218. 
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Figure 4.21. Sri Lanka’s projected potential pollination. Boxplot shows the distribution of potential 
pollination values for the region corresponding to the baseline map (BL) and projected maps for 
conservation (C) and non-conservation (NC) scenarios by 2050 and 2218. 
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Figure 4.22. Sri Lanka’s projected realised pollination. Boxplot shows the distribution of realised 
pollination values for the region corresponding to the baseline map (BL) and projected maps for 
conservation (C) and non-conservation (NC) scenarios by 2050 and 2218. 
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Yucatan  

 
The current forest cover estimated for Yucatan was 50.2%, a reduction to 47.3% and 47.9% 

was projected by 2050 in conservation and non-conservation scenario, respectively. By 2218 

the projected forest cover was 31.9% in a conservation scenario and 34.0% in non-

conservation (Fig. 4.23a).  

A decrease of potential pollination was projected for both scenarios in the short and long-

term. In contrast, realised pollination increased by 2050, reaching a peak in a conservation 

scenario (Fig. 4.23b). Realised pollination continued to be higher in 2218 than the current 

estimation, especially in a non-conservation scenario, although it decreased compared to 

2050. 

The change in service per unit of forest loss was negative for potential pollination and was 

greater under a non-conservation scenario. In contrast, the change was positive for realised 

pollination and considerably higher in the short-term projections (4.23c). 

Potential pollination presented a relatively even decrement in the north-eastern area of the 

peninsula, but a major loss was concentrated along the coastlines of the Gulf of Mexico and 

the Caribbean Sea (Fig. 4.24). Realised pollination showed the highest values by C2050, mainly 

concentrated at the North-west of the region (Fig. 4.25). 
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Figure 4.23. Yucatan’s change in pollination service. a) Forest cover, b) mean potential (PP) and mean 
realised pollination (RP) and c) change in mean potential (∆PP) and mean realised (∆RP) pollination 
per unit of forest cover change (∆FC) for conservation (C) and non-conservation (NC) scenarios by 
2050 and 2218. 
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Figure 4.24. Yucatan’s projected potential pollination. Boxplot shows the distribution of potential 
pollination values for the region corresponding to the baseline map (BL) and projected maps for 
conservation (C) and non-conservation (NC) scenarios by 2050 and 2218. 
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Figure 4.25. Yucatan’s projected realised pollination. Boxplot shows the distribution of realised 
pollination values for the region corresponding to the baseline map (BL) and projected maps for 
conservation (C) and non-conservation (NC) scenarios by 2050 and 2218. 
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Regarding the relationship of service provision with regional baseline fragmentation, the area 

with the lowest fragmentation was the Amazon (0.14) with a forest cover >50% area of 

1,128,297 km2 and a 156,585 km perimeter, followed by Yucatan (0.59), with 130,222 km2 and 

77,202 km, Gabon (0.83) with 106,303 km2 and 88,482 km of area and perimeter respectively. 

The region with the highest fragmentation was Paraguay (1.71) with 31,106 km2 of forest area 

and 53,207 km perimeter, followed by Sri Lanka (1.51) with an area of 15,093 km2 and a 

perimeter of 22,828 km (Fig. 4.26).  

When the projected change in service provision per unit of forest loss per site was plotted 

against current fragmentation no clear pattern was observed among the sites. The change 

varied irrespective of the increase in fragmentation and projected deforestation rate 

(Fig14.27).   

 

 
Figure 4.26. Regional fragmentation.  A fragmentation index (1/km) was calculated as total perimeter 
(km) divided by total area (km2) of forests patches (forest cover ≥50%) per region. 
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Figure 14.27. Relationship between fragmentation and change in service. a) Potential and b) realised pollination change per unit of forest lost in the 
short-term (2050) and c) potential and d) realised pollination change per unit of forest lost in the long term (2218) plotted against current 
fragmentation per region: 1. Amazon, 2. Yucatan, 3. Gabon, 4. Sri Lanka, 5. Paraguay. Numbers in colour are the estimated deforestation rates for 
conservation (C) and non-conservation (NC) scenarios. 
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4.3.3. Summary of regional results  

Table 4.6.  summarises results described in detail in section 4.3.2. for each of the regions 

where the effects of LUCC on potential and realised pollination service were assessed. This 

summary includes the mean values of potential pollination (PP), realised pollination (RP) and 

percentage of forest cover (FC) estimated at the present (baseline, BL),  as well as the 

projected mean values for the year 2050 and 2218 under conservation (C) and non-

conservation (NC) scenarios per region. The difference between the baseline (BL) and the 

scenarios mean values were calculated to identify a loss or gain of service in relationship with 

forest cover loss.  

For all regions, a decrease in forest cover was projected, this varied in extent among regions 

and scenarios. In the case of the Amazon, the decrease in the percentage of forest cover was 

lower under the non-conservation scenario in both periods. In contrast, for Gabon and 

Paraguay, the decrease in the percentage of forest cover was lower under the conservation 

scenario. For Sri Lanka and Yucatan, a greater decrease was projected under the conservation 

scenario in the short-term but this changed in the long-term projection, where the higher 

decrement was projected under the non-conservation scenario.  

A decrease in potential pollination is estimated for all regions in the short and long-term. In 

contrast, for realised pollination, Sri Lanka and Yucatan showed an increase in the short-term, 

and Yucatan showed it also in the long-term. Amazon,  Gabon and Paraguay indicated a 

decrease of realised service from 2050 and Sri Lanka by 2218. 

 Regarding the relationship of change of potential pollination per each 1% of forest cover lost 

by 2050, under the conservation scenario, Sri Lanka presented the greatest loss followed by 

Paraguay, Yucatan, Gabon and  Amazon. With no conservation conditions,  Sri Lanka also had a 

greater loss, but Yucatan had a greater one over Paraguay and the Amazon over Gabon. In the 
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long-term,  in a conservation scenario, Gabon had the greatest loss, followed by Sri Lanka, 

Paraguay, Amazon and Yucatan the lowest.  In a non-conservation scenario, Sri Lanka 

presented the greatest loss followed by Gabon, Paraguay, Yucatan and the Amazon.   

In the case of realised pollination, the relationship of change of potential pollination per each 

1% of forest cover lost by 2050, under conservation conditions, Amazon presented the highest 

reduction, followed by Gabon and Paraguay; whilst Sri Lanka showed an increase of service, 

followed by Yucatan. In a non-conservation scenario, the patterns of loss and gaining were the 

same as those of the conservation scenario.  In the long-term, with conservation conditions, 

Gabon showed the greatest reduction followed by Amazon, Sri Lanka and Paraguay, only 

Yucatan showed an increase. Under non-conservation conditions, Gabon remained with the 

highest decrease, followed by Sri Lanka, Amazon and Paraguay, Yucatan, showed a higher 

increase under this scenario than under conservation conditions.  
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Table 4.6. Summary of results of regional analyses. Mean values of potential pollination (PP), realised pollination (RP) and percentage of forest cover (FC) in the present 

(baseline, BL),  and projected in 2050 and 2218 under conservation (C) and non-conservation (NC) scenarios per region. Difference between the baseline values and 

scenarios values in 2050 and 2218, negative values represent a loss in service or forest cover (red) and positive values indicate a gaining (green). Value of pollination service 

difference  (potential, ∆PP; realised, ∆RP) divided by the change in the percentage of forest cover loss (-∆FC) indicates the amount of pollination service lost or gained due 

to the 1% loss of forest in the region.  

   BL 2050C 2050C-BL 2050NC 2050NC-BL 2218C 2218C-BL 2218NC 2218NC-BL 

Amazon 

PP 0.02442 0.02342 -0.0010 0.02357 -0.00085 0.01994 -0.00448 0.02125 -0.00317 
RP 0.00656 0.00497 -0.0016 0.00501 -0.00155 0.00444 -0.00212 0.00372 -0.00284 
FC 72.38330 68.75320 -3.6301 70.45170 -1.93160 60.00500 -12.37830 62.76020 -9.62310 
∆PP/-∆FC   -0.00027  -0.00044  -0.00036  -0.00033 

∆RP/-∆FC   -0.00044  -0.00080  -0.00017  -0.00030 

Gabon 
PP 0.01079 0.01073 -0.0001 0.01073 -0.00006 0.01043 -0.00036 0.01049 -0.00030 
RP 0.00754 0.00749 -0.0001 0.00750 -0.00005 0.00725 -0.00029 0.00731 -0.00023 
FC 39.28070 39.09030 -0.1904 39.07250 -0.20820 39.05420 -0.22650 39.03510 -0.24560 

 ∆PP/-∆FC   -0.000332  -0.000274  -0.001581  -0.001208 
 ∆RP/-∆FC   -0.000290  -0.000221  -0.001281  -0.000954 

Paraguay 
PP 0.02028 0.00825 -0.0120 0.00819 -0.01209 0.00504 -0.01524 0.00407 -0.01621 
RP 0.00541 0.00457 -0.0008 0.00468 -0.00073 0.00346 -0.00195 0.00346 -0.00195 
FC 24.15820 11.48430 -12.6739 10.51040 -13.64780 6.12964 -18.02856 4.71786 -19.44034 

 ∆PP/-∆FC   -0.000949  -0.000886  -0.000845  -0.000834 
 ∆RP/-∆FC   -0.000066  -0.000108  -0.000053  -0.000100 

Sri Lanka  
PP 0.01883 0.01813 -0.0007 0.01849 -0.00034 0.01656 -0.00227 0.01591 -0.00292 
RP 0.01029 0.01115 0.0009 0.01147 0.00118 0.01000 -0.00029 0.00960 -0.00069 
FC 32.25940 31.85030 -0.4091 31.94360 -0.31580 30.25870 -2.00070 31.01850 -1.24090 

 ∆PP/-∆FC   -0.001693  -0.001070  -0.001132  -0.002350 
 ∆RP/-∆FC   0.002114  0.003734  -0.000146  -0.000555 

Yucatán  

PP 0.02011 0.01780 -0.0023 0.01784 -0.00227 0.01356 -0.00654 0.01274 -0.00736 

RP 0.00440 0.00849 0.0041 0.00823 0.00383 0.00736 0.00296 0.00777 0.00336 

FC 50.19420 47.30500 -2.8892 47.86910 -2.32510 31.88810 -18.30610 34.03990 -16.15430 
 ∆PP/-∆FC   -0.000798  -0.000975  -0.000357  -0.000456 
 ∆RP/-∆FC   0.001414  0.001648  0.000162  0.000208 
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4.3.4. Pantropical projected change of pollination service 

A mean of 43.8% forest cover is currently estimated in the tropics. In the short term, greater 

forest loss is projected for a conservation scenario, 6.5% forest cover loss by 2050 compared to 

5.9% forest cover loss in a non-conservation scenario. In the long-term projection, a lower 

forest cover loss is estimated for conservation compared to the non-conservation scenario, 

14.4% loss by C2218 and 17.7% by NC2218 (Fig. 4.28a).  

A decrease of potential pollination was projected for both scenarios compared to mean 

baseline pollination.  Potential pollination was higher for the conservation scenario than for 

the non-conservation scenario (Fig. 4.28b).  

An increase is projected for realised pollination under conservation conditions in the short 

term and a minor decrease in the long term compared to the baseline estimate. In contrast, a 

considerable decrease is estimated by 2050 under non-conservation conditions, by 2218 there 

is an increase compared to 2050, but is still lower than the baseline estimate (Fig. 4.28b). 

Concerning the change of service per unit of forest loss (Fig. 4.28c), by 2050 the proportion of 

decrease of potential pollination is lower for conservation than for non-conservation scenario. 

In the long term, the difference between scenarios is reduced.  

For realised pollination, there is a positive change in the short term under a conservation 

scenario and a considerable negative change under a non-conservation scenario. By 2218 the 

change is negative for both scenarios.   
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Figure 4.28. Pantropical change in pollination service. a) Forest cover, b) grand mean potential 
pollination (PP) and grand mean realised pollination (RP) and c) change in grand mean potential (∆PP) 
and grand mean realised (∆RP) pollination per unit of forest cover loss (∆FC) for conservation (C) and 
non-conservation (NC) scenarios by 2050 and 2218.  
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In terms of the spatial distribution of change, a continuous loss of potential pollination was 

projected through time and practically all over the study area (Fig. 4.29). Some of the highest 

potential pollination values remained in the western Amazon Basin and central Africa forests, 

while the greatest losses were observed at the east of South America and South-East Asia.  

Regarding realised pollination, the most notable change is the increase of the area of realised 

service, with projected service in Zambezian forest in Africa, Amazonian forest in America, and 

Polynesian forests in Asia from 2050. The conservation scenario showed higher realised 

pollination values than the non-conservation scenario (Fig. 4.30). 
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Figure 4.29. Pantropical projected potential pollination. Boxplot shows the distribution of mean 

potential pollination (PP) values per square corresponding to the baseline map (BL) and projected 

maps for conservation (2050C, 2218C) and non-conservation (2050NC, 2218NC) scenarios. 
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Figure 4.30. Pantropical projected realised pollination. Boxplot shows the distribution of mean 

realised pollination (RP) values per square corresponding to the baseline map (BL) and projected 

maps for conservation (2050C, 2218C) and non-conservation (2050NC, 2218NC) scenarios. 

 



 

159 
 
 

In terms of how the changes in service provision are distributed throughout the study area , for 

potential pollination (Fig. 4.31), the greater negative change occurred mostly in America and 

western Africa.  In the short term, the Indochina region showed the lowest change in a 

conservation scenario, but a greater loss was projected for non-conservation conditions. In the 

long term, the change is similar for both scenarios. 

Positive values resulted for some regions, for the equatorial African forest, this is explained by 

a negative change in potential pollination and a negative change in forest cover loss (i.e. forest 

cover gain, 0.07%) in the short term and in a non-conservation scenario in the long term. The 

rest of the positive values are explained by a positive change in potential pollination and 

projected forest cover loss for all scenarios.   

 
Figure 4.31. Projected change of potential pollination per unit of forest loss. Difference between the 

baseline and scenarios mean potential pollination (∆PP) divided by the difference between baseline 

and scenarios mean forest cover (∆FC). 
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Regarding realised pollination, positive and negative changes were projected throughout the 

tropics (Fig. 4.32). The greater negative change was projected under non-conservation 

conditions in the short term, while under a conservation scenario a maximum in realised 

service was projected. In the long term, the change in service is similarly distributed under 

both scenarios, although a negative change was projected in eastern China under a non-

conservation scenario. 

 

 
Figure 4.32. Projected change of realised pollination per unit of forest loss. Difference between the 

baseline and scenarios mean realised pollination (∆RP) divided by the difference between baseline 

and scenarios mean forest cover (∆FC). 
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The current mean pantropical fragmentation in areas with a ≥50% forest cover was 0.21 

(Percentiles: 25%, 0.09; 50%,0.16; 75%, 0.25; Fig. 4.33a). The lowest fragmentation values 

occurred in the Amazonian forests (0.008-0.03) and central African forests (0.014-0.03), while 

the highest fragmentation values were in Mozambique coastal forests (0.903) and eastern 

China forests (1.065, Fig. 4.32b) 

a 

 
b 

 
 

 
Figure 4.33. Pantropical fragmentation. a) Frequency and b) spatial distribution of fragmentation 
index (1/km) calculated as proportion of forest perimeter (km) per forest area (km2) in regions with 
≥50% forest cover.  

 

When baseline mean change in service per unit of forest loss per square was plotted against 

their respective fragmentation index (Fig. 4.34), for 2050 projections, potential pollination 

results showed a positive trend for both scenarios (2050C, β=3.45e−8; 2050NC, β=3.02e−8). In 

the long term, a conservation scenario projection showed a negative relationship with 

fragmentation (β=−7.14e−9), while a non-conservation scenario presented a positive 

relationship (β=7.41e-9).  



 

162 
 
 

a  

   

 

   

 
b  

 

 

               

 
Figure 14.34. Relationship between fragmentation and change in service. a) Potential pollination change per unit of forest loss (∆PP/∆FC) estimated for 2050 and 
2218 for conservation (C) and non-conservation (NC) scenarios plotted against current fragmentation index; R2= 2050C, 0.01; 2050NC,0.005; 2218C,0.001; 
2218NC, 0.0009. b) Realised pollination change per unit of forest loss (∆RP/∆FC); R2= 2050C, 0.005; 2050NC,0.003; 2218C,0.024; 2218NC, 0.014. 
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Regarding realised pollination change, by 2050 a negative trend was suggested in a 

conservation scenario (β=−5.37e−8). In contrast, a positive trend is suggested for non-

conservation conditions (β=3.55e-8). For both long term scenarios the relationship was 

negative (2218C, β=−1.34e-8; 2218NC (β=−1.90e−8). However, fragmentation showed a very 

weak non-significant linear relationship with change in services per unit of forest loss for all 

scenarios (R2<0.015, p>0.05).   

 

4.4. Discussion and conclusions 

4.4.1. Effects of agriculturalisation on pollination services  

In general, a decrease in potential pollination was suggested for all regions in the short term 

and continued in the long term, as result of the increase in the area of cropland, which is one 

of the least suitable land cover types for nesting and foraging (see Table 3.1). However, the 

response to the conservation and non-conservation scenarios varied among the regions as a 

result of the proportion of cropland vs mosaic vegetation area (Fig. 4.10). While the loss of 

service was lessened under a conservation scenario in the Amazon and Yucatan, it was greater 

for Gabon, Paraguay and Sri Lanka. These last three sites have a lower forest cover, mostly 

restricted to protected areas, than the Amazon and Yucatan. Under a non-conservation 

scenario, in Gabon, Paraguay and Sri Lanka, deforestation was allocated to pixels within 

protected areas with a higher forest cover. Therefore, the proportion of pixels converted to 

mosaic vegetation (a more suitable land cover type for nesting and foraging) was greater than 

area converted to cropland (the least suitable land cover type, Fig. 4.10).  

In contrast, a conservation scenario increased the area of cropland-only cover type, given the 

relatively low percentage of forest cover outside protected areas of these three regions. This is 

not the case for the Amazon and Yucatan, where a conservation scenario maintained the 
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service within protected forests and still presented a mosaic vegetation cover type outside 

them, given the higher forest cover present in these two sites.  

In the long term, the projected forest loss in Gabon and Paraguay is not considerably greater 

than the projected in the short term and was similar between scenarios, therefore a lower 

change in service continued under a non-conservation scenario. In the case of Paraguay, the 

highest deforestation period was estimated from 2001 to 2012 (Baumann et al. 2017), 

assuming BAU, the greatest forest cover loss could occur by 2050, meaning that conditions by 

2218 would be similar to the suggested in the short term. In contrast, in Sri Lanka areas that 

once benefited from a mosaic vegetation cover turned into less suitable landcover type in the 

long term under the non-conservation scenario.  

The theoretical negative relationship between the provision of regulation services and level of 

anthropogenic disturbance (de Groot et al. 2010, Cimon-Morin et al. 2013) was observed for 

potential pollination service for all regions (see Table 4.6). However, this is not the case of 

realised service, where projections suggested a gaining in service for Sri Lanka and Yucatan in 

the short term compared to baseline estimation, and for Yucatan in the long term as well. 

Instead of a linear negative relationship, these regions showed a curvilinear relationship, 

indicating that they have not reached a maximum in realised service. These projections can 

help to identify where and when an inflexion point could be reached and turn into a loss of 

service. Also, they are useful to understand at what extent the protection of forests would 

prevent or slow down this loss, as suggested by the Sri Lanka conservation scenario.  

Similar to regional trends of change, potential pollination showed a general decrease in service 

at pantropical scale, especially in a non-conservation scenario, and changed rapidly in the 

short term. Potential pollination loss could have major negative consequences for wild plant 

communities all over the tropics. Given the high reproductive diversity of flowering plants on 

animal pollination, a decline in pollination would imply disruption in ecosystems functioning 
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due to the loss of habitat and food resources for a wide range of species (Potts et al. 2016), 

including biodiversity hotspot areas. Although a conservation scenario could considerably 

reduce the loss in the short and long terms, a decrease in deforestation rates and an increase 

in forest protection are necessary to maintain current potential pollination through time.   

Regarding realised pollination, the exclusion of deforestation in protected areas is suggested 

as the way to maintain pollination to tropical crops in the long term. Although some regions 

could benefit in the short term from wild insect pollination, this could lead to a decrease in 

service at pantropical scale in the long term. Therefore, a conservation scenario is suggested as 

the less detrimental for natural and agroecosystems regarding pollination service. As for 

potential pollination, restraint of deforestation outside protected areas would not prevent the 

loss.  

While protected forest showed to have a relevant role in reducing the loss of pollination 

service, avoidance of deforestation within protected areas is not enough to stop service 

reduction. Furthermore, evidence suggests that environmental changes within tropical 

protected areas are strongly linked to their surrounding habitats, and broad-scale loss and 

degradation of such habitats could increase the likelihood of biodiversity decline (Laurance et 

al. 2012) and ecosystem services loss. Sustainable agricultural practices, such as sustainable 

intensification, conservation agriculture, and agroforestry, along with avoidance of agricultural 

expansion into native habitats are essential to avoid further degradation of natural ecosystems 

(IPBES 2018).  

Proximity to forests increased the probability of realised service occurrence. Therefore, pixels 

adjacent to protected areas or with a projected mosaic cover type presented higher values 

than extensive areas of cropland, such as the projected for Paraguay. Based on the idea that 

an increase in edge length of forest patches would increase the probability of service and that 

future deforestation patterns were defined by current deforestation fronts, a positive 
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relationship between fragmentation and a service gain was expected, particularly for a non-

conservation scenario, where deforestation in highly forested areas was allowed. However, no 

strong relationship was identified.  

This was a simple approach to assess the relationship between baseline fragmentation with 

service change, the inclusion variables other than total forest patch perimeter could improve 

the understanding of the difference in realised service change among regions, such as 

proximity among patches and forest type. Also, further assessment of the difference in future 

fragmentation patterns derived from alternative scenarios is required.  

Along with LUCC, climate change has a significant impact on ecosystem services and it will be 

exacerbated in the future (Mooney et al. 2009). A systematic review carried out by Runting et 

al. (2017) on the impacts of climate change on ecosystem services (117) showed that 59% of 

the analyses were negative, 24% mixed, 13% positive and 4% neutral. Regulating services (e.g. 

pollination, biological control) and cultural services (e.g. tourism, aesthetic appreciation) are 

more negatively impacted by climate change than provisioning services (e.g. food, raw 

materials).  

Regarding pollination service, climate change has been identified, along with LUCC, as a major 

threat to wild pollinator populations (Schweiger et al. 2010). Some of the effects identified due 

to a gradual climate change are phenological decoupling of plant-pollinator mutualism, 

landscape alteration, climate-driven shifts in ranges and competition with non-native species 

(Chen et al. 2011, Kerr et al. 2015, Settele et al. 2016). Meanwhile, the effects identified due to 

extreme wheater events caused by climate change are the decline of populations, the 

decrease in breeding success and floral resources, alteration of foraging patterns and 

spreading of pathogens (Giannini et al. 2012, Settele et al. 2016, Erenler et al. 2020). 

Therefore, to assess the future condition of pollination service (or any other ecosystem 

service) is necessary to consider the effects of both LUCC and climate change.  
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The effects of climate change could be incorporated in the pollination model using alternative 

climatic data and scenarios (e.g. Nakicenovic et al. 2000, van Vuuren et al. 2011). Modification 

of climatic data would have a direct influence on the foraging activity variable, given its 

relationship with temperature and solar radiation.  Equally, climate change may alter 

significantly distribution plant taxa (Shafer et al. 2015) and thereby major vegetation cover 

types (i.e. tree, herb, bare; Notaro et al. 2007). Data related to the percentage of change in 

vegetation cover type as a result of climate change could be incorporated in the QUICKLUC 

model settings.  

To understand the future condition of ecosystem services is imperative to understand the 

impacts of both LUCC and climate change. To predict the effects of LUCC and climate change it 

is important to consider not only the biophysical aspects (e.g. temperature and precipitation), 

but also the socioeconomic changes (e.g. increase in population, food demand, and 

technology) as well as changes in policy and institutions (MA 2005). However, the impacts of 

future LUCC and climate change can be difficult to assess as these often change over long 

timescales with high uncertainties (IPCC 2014). This must be considered in the interpretation 

of results provided by LUCC and climate change models.  

4.4.2. Assumptions and limitations of the model 

The data and settings used to model LUCC carry several assumptions that must be considered 

when concluding the effects of LUCC on pollination services. First, the Global Forest Cover 

dataset considers forests as any vegetation higher than 5m and covers above 10% of a pixel 

(Hansen et al. 2013), it includes both natural forest and tree plantations. Evidence suggests 

that foraging activity of wild bees and other wild insect pollinators is lower in tree plantations 

than in natural habitats (e.g. Lander et al. 2009, Freitas et al. 2014, Kaluza et al. 2016). 

Therefore, an overestimation of pollination service is possible when assigning equal suitability 
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for nesting and foraging in undifferentiated tree cover of natural habitats and forest 

plantations. 

Second, it is important to consider that this analysis was limited to assess the effect of 

agriculturalisation on service provision and no other LUCC processes were included in the 

model. The LUCC model was set to project deforestation (tree cover loss) only, and to be 

allocated based on agricultural suitability to cropland only. Afforestation (tree cover gain), 

change in herb and bare cover percentages, allocation of grazing or protected land instead of 

cropland, were not included in the assessment. For regions such as central Africa forest, where 

afforestation has been observed (Aleman et al. 2018), or regions where new protected areas 

could be declared (Bacon et al. 2019), these results might vary. Therefore, further assessment 

of other LUCC processes is required. 

Third, the main difference between scenarios was the absolute exclusion of deforestation in 

protected areas in the conservation scenario defined by 100% management effectiveness. 

Thus, it is assumed that no further deforestation will occur within protected areas. However, 

agriculturalisation within protected areas is recognised (see section 3.2.2, IUCN categories of 

protected areas), and the expansion of agricultural is possible. Although this could be 

accounted for in the model by changing the management effectiveness index, it was preferred 

to consider a scenario where conservation was privileged over other processes and be able to 

generalise for all protected areas. Management decisions and effectiveness are highly variable 

in space and time  (Danielsen et al. 2005, Dudley 2008) and it could be considered when 

analysing a particular area at a given time.  

Equally, deforestation rates were assumed to remain constant in the future, i.e. assuming the 

current socioeconomic conditions will not change in the future. Although new transport routes 

were included in the scenarios settings, other factors that could affect the occurrence of 

deforestation fronts, such as population growth, an increase in food demand or 
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implementation of new technology were not considered in the model settings. While assuming 

constant conditions in the short-term projections is plausible, it is not possible to extend this 

assumption to the long term (IPCC 2014). The long-term scenarios allowed to identify the 

different inflexion points of provision and demand of pollination service among regions and 

throughout the tropics, showing that different baseline conditions influence the model 

outcomes, and do not necessarily involve service loss. However, it should be noted that 

current conditions are unlikely to remain for the next 200 years.  

A limitation of the analysis was the lack of the future distribution of pollinator-dependent 

cropland to accurately project realised pollination service. Some studies have assessed the 

future distribution of major crops (e.g. maize, wheat,  Bradley et al. 2012, Estes et al. 2013). 

However, this information was not available to carry out the analyses using a specific 

distribution of pollinator-dependent crops and a general cropland distribution was used 

instead. This was considered a fair approximation because the ‘Geographic distribution of 

major crops across the World’ map (Leff et al. 2004), shows a mixed distribution of major crops 

with pollinator-dependent crops, but this certainly can be improved if the required data 

becomes available.  

Equally, to obtain a pantropical-scale estimation of change it was a required upscaling the 

resolution of the pantropical scale analyses, due to the computing time and data storage 

limitation. This implied the homogenisation of the effects of LUCC on pollinations service over 

a much wider area (10 km2) compared to the regional analyses (1 km2).  This still allowed to 

fulfil the aim of the analyses, a lower resolution allowed to identify general patterns of 

distribution of change at a wider scale, while a higher resolution allowed the comparison 

among regions. A wide-scale high-resolution analysis can be achieved if the computing 

infrastructure is available.  
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4.4.3. Conclusion 

In conclusion, the exclusion of deforestation in tropical protected areas had differential 

outcomes of realised pollination services among the regions and between time scales. In 

contrast, a decrease in potential service was observed for all areas and pantropically in both 

scenarios in the short-term. Assuming unchanged future conditions, a conservation scenario 

would not maintain current provision and distribution of pollination service but would result in 

a minor loss compared to a non-conservation scenario. Further assessment is required to 

analyse the relationship between fragmentation and change in pollination services.  

This chapter showed how LUCC models can be used to analyse the effects of LUCC on an 

ecosystem service at different spatial and temporal scales. However, it is important to consider 

the assumptions made and recognize the limitations of the models when interpreting the 

results. These kinds of analyses can be used to estimate the change in ecosystem service 

provision and to assess the change in its spatial distribution. This information can be useful to 

inform conservation and management decisions.
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5 A blueprint for modelling pest control and seed 

dispersal at pan-tropical scale 

 

5.1. Introduction 

 

A wide range of ES are required to secure human well-being and dependency on them will 

continue to increase in time (Lin et al. 2018). Although this has been widely recognised 

(Costanza et al. 2017), the spatial synergies and trade-offs among ES are still scarcely 

understood (Mouchet et al. 2014). Spatial ES models are useful tools to assess this relationship 

and to prioritize areas that will allow multiple management and conservation goals (Martínez-

Harms and Balvanera 2012).  

As discussed above (section 3.2.3), focusing on a single ES spatial models can provide detailed 

insight into the process and improve the understanding of service distribution and effects of 

environmental changes. However, focusing on a single ES can minimize the benefits obtained 

through a range of ES and potentially lead to the creation of dysfunctional incentives (Costanza 

et al. 2017) that work against improving the benefits that we receive from nature. Most ES are 

produced as joint products (or bundles) from intact ecosystems, these vary among systems, 

sites and times. It is necessary to consider the full range of services and the characteristics of 

their bundling to maximize the net benefits to society (Costanza et al. 2017). For example, 

focusing only on the carbon sequestration service of a forest may in some instances reduce the 

overall value of the full range of ES, such as the provision of raw materials or tourism. 

Therefore, as emphasised before, faunal ecosystem services (FES ) should be considered as 

part of the bundle of services in management and conservation strategies. 
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While assessing multiple ES can maximize the benefits, it is also a challenging task, particularly 

in the spatial dimension.  Currently, the understanding of the spatial interactions among ES is 

relatively limited (Lin et al. 2018). Particularly for FES, although the benefits are tangible 

(Gutierrez-Arellano and Mulligan 2018), the processes by which these benefits are produced 

spatially are complex and scarcely understood (Harrison 2017, Rega et al. 2018).  

Along with pollination distribution models, a few spatially explicit models have been developed 

to map natural pest control and seed dispersal. These are taken as a reference to assess the 

possibility of developing a natural pest control and seed dispersal models at the pantropical 

scale. Taking a similar approach to the one used to model pantropical pollination, the creation 

of pantropical pest control and seed dispersal model is proposed here. This chapter describes 

tentative modelling approaches for these FES based on the ecological theory that explains the 

processes that underpin them, current data availability, and the challenges involved in this 

task. To conclude, the aim to integrate them to produce a pantropical model of some FES is 

discussed.  

5.2. Natural pest control 

 

Natural pest control service—also known as biological control or biocontrol— results from the 

interaction between populations of natural enemies. Among the best-known interactions from 

the ecological theory perspective are predation and parasitoidism (e.g. Mills and Getz 1996, 

Briggs and Hoopes 2004). Unlike other antagonistic interactions, such as parasitism or 

competition, the definitive outcome of predation and parasitoidism is the mortality of some 

individuals of one well-identified population.  

In the case of predation, the prey is killed and eaten by the predator. In the case of 

parasitoidism, the parasitoid lays eggs on or in the body of the host killing it eventually. As 

summarised in Chapter 2, the identified providers of natural pest control to crops are 
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insectivorous insects, birds and bats, performing as predators, and some wasps and flies, 

performing as parasitoids.   

The outcome of these interactions has allowed the development of ecological models 

using differential equations. The Lotka-Volterra models (Lotka 1925, Volterra 1926) and  

Nicholson-Bailey Model (Nicholson and Bailey 1935) —and subsequent development and 

modifications of models— offer a fair understanding of the mechanisms determining the 

populations' sizes of the actor populations. Out of these two interactions, parasitoidism is 

probably the one that allows more simplifying assumptions, as this is provided only by sexually 

mature female individuals.  

These models consider a two-species relationship occurring in isolation, without considering 

the complex links of both actors with their surroundings (Gutierrez et al. 1994), which most 

probably explains the difference between the outcomes predicted by the models from those 

observed in the field (Mills and Getz 1996). The extensive ecological knowledge on this process 

offers a good baseline to explore its relationship with land use and landscape complexity 

(Jonsson et al. 2014). 

Compared with managed pollination, managed natural pest control has had a relatively lower 

success rate. According to the review provided by Greathead and Greathead (1992) on the 

introduction of natural enemies to eliminate crop pests around the world (196 countries) since 

mid-nineteenth century to the late twentieth century, only 30% of the introductions have 

resulted in the establishment of the natural enemy in the target region and only 12% have 

resulted in substantial or complete control of the target pest. Also, some introductions have 

produced negative consequences for non-target native species (Simberloff and Stiling 1996). 

Since the understanding of successful managed natural pest control is still limited, wild 

predator/parasitoid populations play a fundamental role as service providers to reduce 
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production costs and use of chemical pest control —and the negative impacts this causes 

(Gutierrez-Arellano and Mulligan 2018). 

Like pollination, species richness is an important attribute in specialist relationships 

(Letourneau et al. 2015), but abundance is the determinant factor for natural pest control to 

cropland (Maas et al. 2013, Winfree et al. 2015). A recent global study by Dainese et al. (2019) 

suggests that richness and abundance of natural enemies have a positive effect on natural pest 

control delivery. Equally, the distance from natural habitat, land cover type and spatial 

configuration have been identified as the most explanatory variables of providers abundance 

(Railsback and Johnson 2014, Letourneau et al. 2015). Based on this, some natural pest control 

spatial models have been suggested. 

5.2.1. Available spatial models 

 

Some advances in modelling natural pest control distribution have been carried out in the last 

decade, the methodological approaches include participatory mapping, biophysical indicators 

and spatial simulation. The geographical scales represented range from local to continental 

and are mostly located within Europe (Table 5.1). 

First approaches to analyse pest control services to cropland spatially were done by Raymond 

et al. (2009) in the Murray–Darling Basin in South Australia using a participatory GIS approach, 

where community members of the study area were asked to spatially locate and assign a  

value to a range of ecosystem services, including natural pest control. This was used later to 

compare ecological and social values for natural areas in the same site (Bryan et al. 2011). 

These studies identified natural pest control as highly valuable and threatened in the area. 

Although these studies show the utility of participatory mapping as a first approach to 

understand the value and distribution of regulating services, these outcomes require further 

assessment to identify the patterns of spatial distribution. 
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Landscape scale 

 

A spatial quantitative assessment was carried out by Petz and van Oudenhoven (2012) in the 

Groene Woud area, in the Netherlands. Natural pest control is one of eight services assessed. 

Based on the available evidence suggesting a positive relationship between insect pests 

predation rate and area (in hectares) of forest edges, i.e. area of forest in 25 x 25 m grids that 

contained both forest and non-forest habitat types.  (Levie et al. 2005, Bianchi et al. 2006, 

Bianchi et al. 2008), they mapped the density of forest and hedgerows within a 1000 m 

distance from cropland as an indicator of service provision.  

Also at a landscape scale, Jonsson et al. (2014) developed a mechanistic model based on a 

conceptual framework which incorporates plant, herbivore (pest) and natural enemy (service 

providers) communities with land use and landscape structure in a geographical context. They 

apply the model to aphid pests in cereal crops, parameterised for Uppland, Southern Sweden. 

They also consider predation as a pest control mechanism, provided mainly by spiders and 

beetles.  Based on evidence suggesting a high correlation between different land cover types 

and abundance of pest control providers (Bianchi et al. 2006, Chaplin-Kramer et al. 2011), 

Jonsson et al. (2014) used the CORINE land cover dataset to generate two variables, 

proportion of land not covered by annual crops and the proportion of grassland within 135, 

500 and 1500 m from cropland. The study included sensitivity and validation analyses. Their 

results suggest higher service provision in landscapes with a higher proportion of non-cropland 

cover for all radii (Fig. 5.1a).  
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Table 5.1. Natural pest control spatial models. Recent spatially explicit models of natural pest control services, scale, resolution and study area where the models 
were applied, if these model were part of a single-service (S) or a multiple-service (M) assessments, the variables used and the potential proxy data to model 
natural pest control at pantropical scale. 

Model Scale Resolution Study area S/M Variables Pantropical proxy 

Raymond et al. (2009) 

Bryan et al. (2011) 

 

Regional 100m 
Murray–Darling Basin, 

Australia 
M Occurrence/absence of pest Literature review 

Petz and van 
Oudenhoven (2012)  

Landscape 25 m 
Groene Woud, the 

Netherlands 
M Forested area Forest cover 

Jonsson et al. (2014) Landscape 25m Uppland, Sweden S 

Mean annual temperature 

Proportion of non-cropland  

Proportion of grassland 

Global climate data 

Non-cropland land cover 

Collard et al. (2018) Plot 0.4m Simulated plots S 

Crop edge length  

Aggregation of non-crop habitat 

Percentage of non-crop habitat  

Proximity to non-crop habitat 

Cropland land cover 

Non-cropland land cover  

Rega et al. (2018) Continental 100m Europe S 

Seminatural habitat cover types 

Spatial configuration of non-crop 
habitats  

Vegetation structure 

Global land cover types 
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Plot scale 

 

Collard et al. (2018) provide a theoretical contribution on the effect of spatial configuration of 

non-crop habitats to enhance natural pest control services. They used landscape ecology 

metrics to generate over 1700 simulated agricultural plots varying in percentage, aggregation, 

proximity and edge length of favourable (non-crop) habitat for predators. Then, they 

developed an individual-based model to simulate foraging activity based on literature and 

personal observations of the banana weevil (pest)- earwig (predator) interactions, which they 

suggest can be extended to many species of ground-dwelling generalist predators, such as 

ants, ground beetles and spiders. They found that an increase in the percentage of non-crop 

habitat and aggregation resulted in the spatial dilution of predators, and this is effectively 

counteracted by the increase of edge length. Thus, they identified non-crop habitat strips 

among banana plant rows as the best spatial configuration for service provision (Fig. 5.1b). 

Pan-European scale 

 

In the opposite side of the spatial scale spectrum, Rega et al. (2018) modelled the pan-

European distribution of natural pest control combining geospatial layers and information 

derived from field surveys. This model quantifies the potential service provision for a given 

landscape rather than the final service delivery (reduction in pest density, higher crop yield), 

which is highly context-dependent. The model depicts provision from flying predators and 

parasitoids, adopting a 500 m maximum flight distance and a normal distribution as a distance 

weighted function for service provision. Based on a scoring system derived from an extensive 

field survey (Moonen et al. 2016), they classified European seminatural habitats into five 

classes considering vegetation structure and spatial configuration —lower to higher scores: 

herbaceous area, herbaceous linear, woody areal-edge, woody areal-interior and woody linear 

(Fig. 5.1c). The output map shows that a large proportion of highly productive agricultural 

areas has a low potential for natural pest control.     
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Figure 5.1. Land cover and spatial configuration in natural pest control models. a) Predicted service in 
Uppland, Sweden by Jonsson et al. (2014), cropland is marked with a colour gradient, depending on 
the service predicted (low, dark blue to high, dark red). A landscape (left) dominated by annual crops 
shows less predicted service than a landscape (right) dominated by grassland (dark grey) and forest 
(light grey). b) Example of a simulated plot by Collard et al. (2018) with the best spatial configuration 
for service provision, with natural habitats in green, unfavourable habitat in white and crop (banana 
plant) in grey. c) Classification of seminatural habitats in Europe by Rega et al. (2018) according to 
their potential to provide service, in lower to higher-order: agricultural land (grey), woody areal-
interior (green), woody areal-edge(black) and woody linear (red).  

 

5.2.2. Modelling pantropical natural pest control  

 

Table 5.1 summarizes the main characteristics of the available models and allows a better 

understanding of the opportunities to generate a pantropical pest control model. First, 

regarding the spatial scale, there is a representation from local (plot) to the continental scale. 

This shows the feasibility to assess the distribution of this FES at pantropical scale bearing in 

mind the limitations of the outcome. While a plot scale model can provide detailed 

information on the reduction of pest density or target crop viability (Collard et al. 2018), a 
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regional or continental scale model can provide an estimate of providers abundance (Rega et 

al. 2018), as is the case with the pantropical pollination model.  

Concerning resolution, coverage vs. fine-grained resolution is a common trade-off in spatial 

models, a high spatial resolution often means lower spatial coverage and vice versa. At broad 

scale (e.g. continental or global) there are few data sets with a fine grain resolution in meters, 

these are usually in kilometres or even degrees of latitude and longitude (e.g. Zulian et al. 

2013). Even when the fine-grain resolution data and coverage required is available, the data 

processing time and computation power required is a limitation.  Rega et al. (2018)  recognize 

limitations on data availability for Europe. To create the land cover classification mentioned 

above, they combined high-resolution maps (25m) of woody (Langanke et al. 2017) and 

herbaceous vegetation (García-Feced et al. 2015) for the continent and use the Morphological 

Spatial Pattern Analysis method suggested by Soille and Vogt (2009) to identify binary patterns 

of segmentation of mutually exclusive spatial categories in these the high-resolution maps. 

This method obtains categories applying a series of operators originating from mathematical 

morphology. They classified the natural habitat pixels as linear, edge or areal features (Fig. 

5.2). The final resolution adopted for this assessment was 100 m, a high-resolution output 

considering the scale of the study area.  

The use of landscape ecology concepts at a non-landscape scale, like the approach used by 

Collard et al. (2018) at a plot-scale level, is worth mentioning. Based on spatial configuration 

metrics —such as proximity, edge length or aggregation— and habitat composition —such as 

land cover type or vegetal structure—, the models suggested by Jonsson et al. (2014) Collard 

et al. (2018) and (Rega et al. 2018) reach a similar conclusion: a linear forested habitat 

maximizes service provision (Fig. 5.1). Like pollination, proximity to cropland and edge effect 

are determining factors and this has major implications for land management and  
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Figure 5.2. Example of the Morphological Spatial Pattern Analysis  (Soille and Vogt 2009) on the high-
resolution layer of woody seminatural habitat in Europe by Rega et al. (2018). Left: Original map with 
woody habitat in the agricultural matrix; Right: classification of woody habitat into three mutually 
exclusive types: woody areal-edge, woody areal-interior and woody linear (resolution= 25m). 

 

conservation strategies. Conservation of natural habitats in agroecosystems is essential to 

maintain the provision of natural pest control.  

Variables suggested in previous models to model natural pest control in the tropics are 

attainable with current datasets on land cover types (e.g. Arino et al. 2010), forest cover (e.g. 

Hansen et al. 2013), and climate (e.g. Fick and Hijmans 2017). Although the effect of the 

resolution of these layers on the model output needs further assessment, the mobility ranges 

adopted in landscape and continental models (up to 1500 m), suggests that a similar approach 

to the one adopted for the pantropical pollination model is feasible.     

Currently, a 100 m-resolution map of land cover types at global scale provided by the 

Copernicus Global Land Service (CGLS-100, Tsendbazar et al. 2018) for 2015 is in development. 

This map provides a map of 20 land cover classes —a similar classification to the GlobCover 

2009 map used to model pantropical pollination— that could provide the detail required to 

model natural pest control at pantropical scale in terms of spatial configuration and 

vegetations structure. This dataset is already available and shows a higher overall global 
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accuracy (80%, Tsendbazar et al. 2018) than the GlobCover 2009 map (67%, Bontemps et al. 

2011). CGLS-100 was developed using 141,000 crowd-sourced training points and validated 

with 20,000 independent validation points. However, it is still in the ‘demonstration’ stage, and 

validation is still in progress.       

The use of spatial configuration and land cover type as an indicator of suitability for natural 

pest control providers in Europe is supported by extensive survey data (Moonen et al. 2016). 

Although data of comparable magnitude are not available across the tropics, other common 

approaches like literature- or expert-based knowledge can be used to assess the 

implementation of similar criteria.  

 For the studies described above,  it is noticeable that when the modelling objective comprises 

multiple ecosystem services, the variables used are relatively simpler than those used when a 

single service is modelled (see table 5.1), in this case, natural pest control. The single-service 

approaches provide a deeper insight into the factors that determine the occurrence and 

abundance of providers. Especially for natural pest control, the detailed information available 

on specialised predator-prey/parasitoid-host interactions in agroecosystems (e.g. Jonsson et 

al. 2014, Wyckhuys et al. 2018) allows a highly detailed modelling approach. But, in a similar 

way to the single-service vs multiple-service trade-off, a highly specialised model could 

underestimate the service potential from several providers to several pests. Thus, a generalist 

approach like the one adopted by Rega et al. (2018) is recommended at pantropical scale.  

Based on the current models and the experience gained by modelling pantropical pollination, 

the selected key provider to model pantropical natural pest control to cropland would be 

generalist predator/parasitoid insects. As has been done for pollination, data on habitat 

suitability, mobility range, and activity should be adapted as far as possible to tropical taxa and 

conditions.   
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While there is a relatively good understanding of the ecological relationship between 

populations of natural enemies and the studies described above offer a valuable 

methodological background to model natural pest control services, it is important to recognize 

the limited knowledge of the ecological processes that allow the provision of service to 

agricultural systems. As indicated by the historical failure rate of managed natural pest control 

(Greathead and Greathead 1992), the relationship between the service provider and natural 

and modified systems is complex. There is still a great lack of understanding of the 

mechanisms and key variables that determine the occurrence of this service (Hajek and 

Eilenberg 2018). To improve the modelling of service provision in the tropics it is necessary to 

increase the knowledge about the particular conditions required by providers in this area of 

the world.  

The geographic bias in the ecological observations (Martin et al. 2012) and biodiversity studies 

in modified habitats (Trimble and van Aarde 2012), where European and North American 

temperate zones are over-represented, limits the understanding of ecological processes in 

tropical regions, particularly in African and Asian tropical zones (Trimble and van Aarde 2012). 

This trend reverberates in the understanding of regulating service provision by wild and 

managed providers (e.g. Bianchi et al. 2006, Potts et al. 2016). Although some studies have 

shown the relevance of wild natural enemies in tropical agroecosystems (e.g. Drechsler and 

Settele 2001, Karp and Daily 2014) and there are some cases of success of managed natural 

pest control of tropical crops (e.g. Nwilene et al. 2008, Myrick et al. 2014), the required 

information is not yet available on a pantropical scale. As for the pantropical pollination model, 

a natural pest control model would require tailored sampling at larger scales. 

5.3. Animal seed dispersal 

 

Tropical forests are characterised by high alpha diversity of tree species (number of species 

within a site). Tropical trees tend to grow at a considerable distance from their kind. This 
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characteristic spatial pattern of tropical tree diversity has been explained by the Janzen-

Connell theory; observations by Janzen (1970) and Connell (1971) suggest that seedlings have 

higher probabilities to succeed if they are far from their pest- and pathogen-carrying parents 

and avoid interspecific competition.  

Plants have evolved many methods of seed dispersal, including abiotic dispersal (by wind or 

water) and biotic dispersal performed by animals. Zoochory (animal transportation) allows 

long-distance dispersal (>100 m), gene flow, escape from areas of high mortality, colonisation 

of new sites and dispersal to favourable sites (Wenny et al. 2016). Seed dispersal through fruit 

ingestion is the primary dispersal mode for over 75% of woody plants in most tropical forest 

and of 35–56% in other woody ecosystems (Catterall 2018).  

5.3.1. Available evidence 

 

Our understanding of the seed dispersal process derives mostly from observation, either by 

observing dispersion directly or by observing spatial patterns of species occurrence. An 

experimental approach to study this process is challenging. For instance, altering dispersal by 

the exclusion of dispersers on the relevant scale —hundreds to thousands of meters in each 

direction—is hardly achievable (Harrison 2017). Therefore, theoretical models have been a 

useful resource to understand the process (e.g. Greene and Calogeropoulos 2002).  Recently, 

the loss of providers as a result of anthropogenic activities (see Chapter 2) has allowed a 

deeper understanding of the process and to test the proposed theories explaining current 

patterns of species distribution and the effects of provision loss in natural systems.  

In brief, long-distance dispersal is expected to increase alpha diversity but reduce beta 

diversity (the dissimilarity of species composition among sites), i.e. long-distance dispersers 

promote high species richness and reduce the difference in community structure over large 

areas. Wandrag et al. (2017) tested this assumption by comparing seedling species richness 
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and spatial distribution in treefall gaps in the isle of Guam, where currently there are no more 

vertebrate seed dispersers —fully or functionally absent—, with that of neighbouring islands of 

Saipan and Rota, where dispersers are present and natural systems are practically equal. They 

showed seed dispersers approximately doubled seedling species richness within canopy gaps 

and halved species turnover among gaps. 

Equally,  using the Canary Islands as natural laboratories, Pérez-Méndez et al. (2016) 

documented a significant reduction of seed dispersal distances along a gradient of human-

driven defaunation, with increasing loss of large- and medium-bodied frugivore lizards, which 

act as seed dispersers. They showed this has an effect on the fine-scale spatial genetic 

structure of plants.  According to their results, the (total or partial) loss of large- and medium-

size lizards have resulted in high genetic similarity and smaller effective population sizes of 

local plant neighbourhoods.  

The relationship between frugivores and plants is often referred as diffuse mutualism  (e.g. 

Vander Wall and Longland 2004, Gove et al. 2007), where both plants and dispersers benefit 

from this interaction and, usually, any focal plant species interacts with a set of potential 

dispersers and any focal frugivore may potentially disperse several plant species. This is only 

the case for plant species that are small-seeded (<0.5g), have high annual fecundity, have a 

sharply peaked fruiting season, and for disperser animals that have a generalised gut and 

complement their diet with fruits (Howe 1993). There is a specialised relationship between 

large-seeded plant species with low annual fecundity and extended fruiting season, and 

dispersers with specialised guts and primarily fruit diet (Fleming et al. 1993, Howe 1993). The 

richness of disperser species is relevant in cases where plant traits (e.g. seed size) or disperser 

traits (e.g. gut structure) result in a certain degree of specialist interaction (Pérez-Méndez et al. 

2016). However, like pollination and natural pest control, the abundance of providers is key to 

secure the benefits mentioned above (McConkey and Drake 2006).  The abundance of 
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generalist long-distance dispersers, like birds and flying mammals, is essential in forest 

regeneration (Catterall 2018).  

5.3.2. Available spatial models 

 

Early approaches to model seed dispersal spatially are focused on the wind as the main means 

of dispersal (e.g. Greene and Johnson 1989). And even when some models assume animals as 

the main dispersal mechanism, this role is assumed as random and the variables considered 

are based on plant occurrences and seed traits, such as the seed shadow, i.e. the spatial 

pattern of seed distribution relative to parent trees and other conspecifics (Jordano and Godoy 

2002), rather than on service providers (e.g. Pearson and Dawson 2005). However, the need to 

incorporate animal behaviour has been recognised as necessary to generate realistic spatially 

explicit models and to improve the understanding of this process (Nathan 2006, Russo et al. 

2006). 

A combination of field observations and mechanistic models (predicting seed dispersal from 

the traits of both plant and disperser agents) has been used to incorporate stochasticity and 

realistic dispersal kernels into seed dispersal models. A dispersal kernel is a 2‐dimensional 

(movement and survival) probability density function describing the probability for a seed to 

disperse to any position relative to the maternal plant (Klein et al. 2013), incorporating 

dispersers role into this function can describe a more accurate pattern of seed dispersal.  

Russo et al. (2006) developed a seed dispersal model at a landscape scale for a tropical tree 

species by spider monkeys in Peru. They used field-collected data on densities of dispersed 

(number of freshly defecated seeds in 0.25m2) and non-dispersed (non-defecated) seeds, and 

direct estimates of seed dispersal distances. They showed that dispersal kernels based only on 

the seed shadow, without incorporating animal contribution, underestimate dispersal 

variance. They identified shadow heterogeneity and dispersal curve multimodality, i.e. the 

probability of seed dispersion differs within the mobility range of providers and presents more 
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than one peak (local maximum) in the probability density, showing dispersion occurs mostly at 

25m from the parent tree but reaches a second peak at around 175m of the parent plant, 

which cannot be identified using the seed shadow as only predictor variable (Fig. 5.3a).  

 

  

Also based on field-collected data, Levey et al. (2005, 2008) generated a seed dispersal model 

at the landscape scale for temperate forests seeds by bluebirds in the eastern United States. 

They used empirical measures of perching time, length of movement and direction of 

movement to simulate movements of a bluebird and assess the effects of natural habitat 

corridors on seed dispersal. The dispersal pattern was defined by edge-driven behaviour, 

bluebirds prefer to stay in matrix habitat as they move between habitat patches.  

a                                                                  b 

 
                      c 

 
Figure 5.3 Similarities in seed dispersal probability functions. The distributions suggested for seeds 
dispersed by a) spider monkeys (Russo et al. 2006), b) bluebirds (Levey et al. 2008) and c) mallards 
(Kleyheeg et al. 2019) are characterised by initial low probabilities, followed by a peak and a gradual 
decrease. This explained by the time between consumption and defecation of seeds. 
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Recently, a broad-scale model was suggested by Kleyheeg et al. (2019) to assess the service 

provided by migratory mallards to wetland regeneration in Europe. Here, seed dispersal is 

explicitly recognised as a service, not only as an ecosystem process. Wetland regeneration 

through seed dispersal provides natural water quality improvement, flood protection, 

shoreline erosion control, opportunities for recreation among many other ecosystem services 

(Clarkson et al. 2013). Mallards are granivores, they consume the seeds of over 300 European 

plant species, part of the seeds they ingest remain viable after digestion. They used GPS 

tracking data of 51 individuals to model seed dispersal. Seed release was strongly influenced 

by fasting before migration, offering minimal or null probability for seed dispersal between 

departure and first stopover and reaching a maximum around 300-400 km (Fig. 5.3c).  This 

model was designed to be highly replicable to other disperser species and ecosystems. 

However, the limitations of the availability of tracking data are recognised.  

Effect of landscape structure 

 

Along with the role of biotic dispersers in spatial models, the role of landscape structure has 

been assessed. Pearson and Dawson (2005) developed a mechanistic model to assess the 

relevance of strategic planning of conservation areas under climate change. The model 

suggests that the relative importance of landscape structure in determining plant migration 

ability may decrease as the potential for long-distance dispersal increases, i.e. the fragmented 

natural habitats would be as (un)suitable for seed dispersion as clumped or connected areas 

when facing climate change. However, this model does not assess animal response to 

fragmentation, even when animals are the assumed dispersal agent.  

In contrast, Levey et al. (2008) include the response of dispersers to different configurations of 

deforested patches. The model predicts that non-forested patches with corridors or other 

narrow extensions receive higher numbers of seeds than patches without corridors or 

extensions. Dispersal distances are generally shorter in heterogeneous landscapes than in 
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homogeneous landscapes (Fig. 5.3b), suggesting that patches divert the movement of seed 

dispersers, which increases the probability of seed defecation in the patches. Dispersal kernels 

for seeds in homogeneous landscapes were smooth and with long tails, whereas those in 

heterogeneous landscapes were irregular (Fig. 5.3b). This difference may be caused by 

dispersers being attracted to patches and spending more time in them than in matrix, thereby 

reducing the distance seeds are dispersed.  

5.3.3. Modelling pantropical seed dispersal  

 

Habitat sufficiency and disperser mobility are determinants of the seed dispersal service. 

However, unlike for pollination and pest control services, the relationship between habitat 

structure and seed dispersers is not yet clearly identified (Catterall 2018). Equally, the 

probability of service provision as a function of distance seems more complex than that 

suggested for insect pollinators, where an exponential decrease is described (see section 

3.2.1.2, Fig. 5.3).   

Despite the challenge that the nature of this process signifies, the studies described above 

show it is possible to obtain a model at the landscape and European scales for specific 

providers. Nevertheless, the level of accuracy is given by the detailed information required to 

feed these models. Since knowledge for several species and data availability is an important 

limitation at broad scales, and particularly in the tropics, there is a need to assess other 

possible indicators for seed dispersal provision.   

Seed dispersal indicators 

Currently, public collaborative databases (e.g. Global Biodiversity Information Facility, GBIF; 

Integrated Digitized Biocollections, iDigBio; Botanical Information and Ecology Network, BIEN) 

represent a valuable source of information on global biodiversity. Although the datasets 

compiled are not exempt from geographical, temporal or taxonomic bias (James et al. 2018), 
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they facilitate analyses that can improve our understanding of natural processes at broad 

scales (e.g. Pinto-Ledezma et al. 2018). Along with data availability, the identification of the 

best approach and ability to analyse the data are essential to understand the underlying 

mechanisms of service provision.  

Among the best-represented taxonomic groups in these databases are birds and mammals 

(Troudet et al. 2017). Information on distribution, abundance, and population changes through 

time and space of frugivore species are highly relevant indicators of potential service provision. 

As the evidence suggests, extinction or reduction of disperser population can have a negative 

effect on plant community structure. The availability of historical records can be an important 

source of information on the potential distribution of service loss, although temporal bias in 

the records should be considered.  

Along with daily dispersal patterns, like the ones described above, it is important to include 

seasonal migration into ecosystem service modelling. Frugivore populations in tropical forests 

have very dynamic distributions, they move over large areas to follow temporal and spatial 

changes in food resources (Loiselle and Blake 1992). These populations tend to perform 

seasonal altitudinal migrations. For this, spatiotemporal information provided in public 

databases is essential (i.e. geographic coordinates and collection/observation date).  

Unlike temperate forest, where seasonality is mostly determined by temperature, tropical 

forest phenology varies in response to other environmental conditions and specific adaptation. 

In the case of tropical dry forests,  seasonality is mostly determined by precipitation, with 

marked dry and wet seasons.  In tropical moist forests, where there is no marked dry season, 

foliar development (production, senescence, and longevity) is largely under adaptative 

species-specific physiological control rather than environmental control (Reich 1995). While 

precipitation and net primary productivity can be used as indicators of seasonality in tropical 

dry forests and moist forests, respectively, fruit production tends to be staggered throughout 
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the year, reflecting the high variation in development time and loss of fruits among species 

(Girardin et al. 2016). Variation in frugivore abundance can be used as an indicator of 

spatiotemporal patterns fruit of production.  

Record of seedlings occurrence can also be useful, as shown in the Guam Island study 

(Wandrag et al. 2017). At the landscape scale, beta diversity patterns showed to be an 

effective indicator of seed dispersal function. However, at a broad scale, these are also a result 

of historical processes, such as geographical isolation or environmental variation (Pinto-

Ledezma et al. 2018).  Since ecological and historical processes are not mutually exclusive, 

there is potential to upscale this indicator. However, the occurrence of both events must be 

considered by analyses. Along with spatiotemporal information, records of plant species 

specimen traits (e.g. maximum longevity, height, fruiting) can provide information on service 

occurrence.  

At this stage, high curatorial effort, spatial data processing and a vast improvement of the 

underlying ecological mechanisms determining animal seed dispersal are required to obtain 

useful information from available datasets. However, the development of seed dispersal 

indicators is imperative to advance methods and techniques that allow accurate monitoring of 

the process in tropical forest and thus improve management and conservation.  

5.4. A pantropical faunal ecosystem service model 

 
The approaches adopted to model natural pest control and seed dispersal are diverse and 

involve a varied synthesis of theoretical and empirical knowledge (e.g. Rega et al. 2018, 

Kleyheeg et al. 2019). However, it is possible to recognise habitat suitability and mobility of 

providers as the common features to model the addressed FES, including pollination. 

Regardless of the level of detail added to increase the accuracy when modelled independently, 

these variables must be considered if a multi-service spatial model is the aim.  
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Pollination and natural pest control 

The resemblance between pollination and natural pest control providers, as long as both are 

insect populations, facilitates the development of a multi-FES model. First, the evidence 

available on the positive relationship between natural habitat and the abundance of providers 

for both services can be integrated. The scoring of land cover types based on suitability for 

providers can be weighed independently for both target providers.  

Second, a similar approach can be used to incorporate a mobility variable, i.e. flight distance. 

For both provisions a maximum distance can be set based on current evidence — 1500 m is 

suggested as a maximum relevant distance— and a distance-weighted function can be adapted 

for both providers. While the pantropical pollination model suggests an exponential decay 

function (section 3.2.1.2), the pan-European model opts for a half-bell shaped distribution 

(Rega et al. 2018). Both functions suggest a decrease in service from the target cell (i.e. cell 

designated as a nesting site of providers) towards surrounding cells, therefore an 

‘intermediate’ function between an exponential decay and a half-bell shaped function could be 

a function determining a distinctive peak in the target cell followed by a steep decline and 

heavy tails as the distance from target cell increases. 

Third, as explained for pollination, ambient temperature strongly influence insect performance 

by imposing limits on reproduction, growth and activity (MacMillan and Sinclair 2011), and 

consequently, in service provision.  The foraging activity variable  suggested for pollinators (see 

Chapter 3), can be modified to include physiological limits known for generalist 

predators/parasitoids.  Bees show a positive linear relationship between activity and 

temperatures above 10°C (Corbet et al. 1993), with a maximum limit observed in tropical wild 

bees of 37°C, after which mortality rates increases (Macías-Macías et al. 2011). The optimal 

temperature range reported for some tropical parasitoids is 26-32°C (Kroder et al. 2006).  
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It is possible to adopt a common threshold for providers, keeping in mind that this would imply 

a generalisation of the optimal temperature range, and would not capture the different 

responses of individual species to climate (e.g. Stone 1993, Macías-Macías et al. 2011). 

Alternatively, independent activity variables can be calculated, and each cell could increase or 

decrease its suitability depending on the activity predicted for a single, or both services. The 

first option would represent a simpler modelling approach. However, it could underestimate 

pollination provision. On the other hand, the second option could provide a more accurate 

estimate of provision for both services, but it could increase model complexity and, along with 

it, the uncertainty (Snowling and Kramer 2001).   

Insect-provided services vs long-distance seed dispersal service 

 

The approaches to model long-distance seed dispersal show significant differences to 

pollination or natural pest control. While the occurrence of natural habitats is beneficial for all 

FES providers, the process of provision contrasts highly in the spatial dimension.  First, the 

scale at which the process occurs is greater for seed dispersal (usually thousands of meters), 

allowing a coarser grain of resolution for seed dispersal assessment.  

Second, unlike pollination or natural pest control —where the probability of service provision 

decreases with distance—, seed dispersal shows a more complex relationship with distance. 

The probability of seed release (i.e. defecation) increases with distance initially, as it takes time 

for the digestion to occur. Then the probability of release decreases gradually, like a right-

skewed Gaussian distribution (Fig. 5.3). Furthermore, this function can be multimodal (several 

peaks), especially if migratory species are considered, as providers can disperse (defecate) 

seeds at different distances, due to digestion times and home-range and migratory 

movements.  

Third, while a heterogeneous landscape, i.e. combining natural habitat and cropland, is 

recognised as highly beneficial for pollination and natural pest control (e.g. Rega et al. 2018), 
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little is known regarding the potential effects of landscape heterogeneity on spatial patterns of 

long-distance seed dispersal (Levey et al. 2008). While the challenges related to the 

assessment of this ecosystem process persist, development of novel field techniques, data 

collection methods, and modelling approaches (e.g. Kleyheeg et al. 2019) increase the 

knowledge on the landscape-disperser relationship.   

Finally, whilst seed dispersers provide the benefit of regenerating of natural systems (e.g. 

forest, Hougner et al. 2006,  wetlands, Kleyheeg et al. 2019), which contributes directly to 

human-wellbeing (e.g. flood protection, water quality regulation, recreation),  animal seed 

dispersal usually is not beneficial to cropland (e.g. frugivore mammals and birds, Naughton-

Treves and Treves 2005). Most of the evidence suggests seed dispersal is highly beneficial for 

natural systems and, in contrast to pollination and natural pest control, the spatial overlap of 

frugivores and cropland distributions can result in disservice provision if crops are foraged by 

frugivorous (Gutierrez-Arellano and Mulligan 2018). Therefore, distance has an equally 

relevant but opposite relationship on service provision to agroecosystems. In this case, the 

distinction between potential and realised provision is given by forest distribution.  

5.5.  Conclusions 

 

Given the current data availability, a model that incorporates pollination and natural pest 

control at pantropical scale is achievable in terms of the methodological approach. However, 

the limited ecological understanding of service provision and data availability at large scale in 

tropical zones requires a much more complete dataset.  Equally, a sensitivity and validation 

analyses would still be required for natural pest control service model. This would be relevant 

to gain a better understanding of ecological processes underpinning the service globally and to 

improve agricultural planning in tropical areas.  
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Regarding modelling the seed dispersal service, current data and methodological limitations 

prevent the generation of an accurate model at the pantropical scale.  The evidence available 

allows the identification of patterns of animal behaviour influencing service provision, such as 

general probability distribution of seed release as a function of distance. However, further 

development of indicators, methods and techniques are required to incorporate this service to 

other ES models.  

The similarities between pollination and natural pest control processes, and the difference 

between these and seed dispersal, exemplify the incidence of synergies and trade-offs when a 

bundle of services is assessed. Although the demand of agriculture-related regulation services 

is expected to increase in the tropics (Mulligan 2015b, Gutierrez-Arellano and Mulligan 2018), 

a purely agriculture-related approach to manage and conserve FES would be detrimental for 

other ES and biodiversity. 

Pollination, natural pest control and seed dispersal are just a few of the many regulating 

services provided by fauna which are beneficial for agro- and natural systems, such as waste 

decomposition (Luck et al. 2009) or water regulation through biogenic structures (Lavelle et al. 

2006), disturbance prevention (Paoli et al. 2017). These services are barely recognized and are 

scarcely understood (Lavelle et al. 2006). The recognition and study of faunal ecosystem 

services across different systems and biomes would improve the conservation of actors and 

processes that contribute to the provision of regulating services. The inclusion of these 

services would contribute to a more comprehensive assessment of bundles of services and 

their relationship with biodiversity.  

Modelling multiple ecosystem services at broad scales can provide an integrative perspective 

to inform conservation and management decisions of tropical forests. Strategic conservation 

of natural habitats along with planning for sustainable agriculture is recommended to 

maximise FES provision while reducing pressure on biodiversity and natural systems. This 
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chapter has provided a blueprint for a model that incorporates pollination and natural pest 

control at pantropical scale, which may be useful in extending the pollination model developed 

in this thesis.
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6 Conclusions and future work 

 

Ecosystem functions can provide services to humans directly or indirectly. The distinction 

between direct or indirect service is linked to human perception, while direct provision is 

perceived as a benefit, indirect provision is unperceived (or poorly perceived) as a such 

(Costanza et al. 2017, Potschin and Haines-Young 2017). While a direct benefit can be 

recognised in some regulating services provided by fauna, such as pollination and natural pest 

control, there are many cases where the intervention of fauna occurs in an early stage in the 

cascade of processes that lead other ecosystem functions or final benefits (Potschin and 

Haines-Young 2017). For instance, seed dispersers contribute to vegetation regeneration, 

which in turn will provide other services, such as soil erosion regulation or provisioning of raw 

materials.  

As all components of ecosystems, ecosystem services are intrinsically linked together. 

However, the definition and categorisation of services enable their assessment, modelling, and 

valuation (Costanza et al. 2017).To better understand the complex pathways to ecosystem 

service delivery, it is imperative to recognise the different actors involved. Thus, the suggested 

concept of faunal ecosystem services aims to recognise and advance the research on the role 

of fauna in the intricate ecological processes which ultimately contribute to human well-being.  

Due to the highly complex interactions of fauna with natural systems and the delivery of 

ecosystem services, it is recognised that the categorisation of these services cannot be strict. 

However, the faunal ecosystem service concept contributes to the characterisation of services, 

which is essential for their management and conservation.  

The first objective of this study was achieved through the scoping review presented in Chapter 

2. This review allowed the identification of some of the regulating services that are provided 
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by fauna: pollination, natural pest control, natural disease control and seed dispersal. 

Pollination, by wild bees and other wild pollinator insects, and natural pest control, by 

predators and parasitoids of invertebrate pests, are especially important for agriculture. These 

regulation processes can simultaneously provide disservices, including invasive species and 

species pest outbreaks. Evidence suggests that the abundance of beneficial providers is a key 

trait of biodiversity for the occurrence of service. However, richness is equally relevant 

depending on the level of specialisation of ecological interactions required for service 

provision (e.g. specialised plant-pollinator or plant-seed disperser interactions). Along with 

abundance, richness other measures of biodiversity must be considered to explore the 

relationship between biodiversity and ecosystem services.  

The recognition of land use and cover change (LUCC) as one of the main threats to biodiversity 

and ES has increased the interest in understanding the relationship between biodiversity and 

ES provision and the effects of LUCC on it. Agricultural expansion is currently one of the main 

causes of LUCC in tropical forests. The review allowed the identification of landscape 

homogenisation, habitat loss, habitat fragmentation and microclimatic changes as the main 

consequences of agriculturalisation with negative impacts on providers abundance, and as a 

result, on ecosystem service provision.  The review answered the first question: ‘Does habitat 

loss and degradation due to land-use conversion from forest to cropland have an impact on 

FES provision?’  Habitat loss and habitat degradation due to agriculturalisation have a negative 

impact on FES provision due to the loss of richness and, especially, the abundance of providers 

(Gutierrez-Arellano and Mulligan 2018). 

Spatially explicit ES models are valuable tools to assess synergies and trade-offs among ES and 

between ES provision and biodiversity. They assist in obtaining robust and location-specific 

results to inform management and conservation strategies. Regulating FES are the most 

relevant biodiversity-related services for agriculture and are intrinsically linked to the 
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conservation of natural ecosystems. Currently, biodiversity conservation and regulating 

services for agriculture are of utmost priority in the tropical forests, due to the growing 

demand for food production globally and the increasing pressure this signifies for tropical 

ecosystems. 

The second objective of this thesis: ‘To generate a pantropical spatial distribution model of a 

faunal ecosystem service provision and demand’ was fulfilled in Chapter 3. Building on 

previously suggested models, using empirical data for tropical providers and including novel 

variables and methods to improve the estimation of providers abundance, it was possible to 

generate a pantropical spatial pollination model (section 3.2.1.2). This model distinguishes 

service provision, i.e. potential pollination, from overlap with service demand, i.e. realised 

pollination. This distinction is relevant to identify current benefits for tropical crops, but also to 

assess the potential benefit in the future (as both provision and demand will change with 

LUCC) and/or its interaction with other ecosystem services and biodiversity. 

The conservation of wild pollinators is essential to compensate and possibly reduce the 

detrimental effects of managed pollinators in natural systems. The development of a 

pantropical spatial model of pollination allowed the assessment of the current status of 

protection of the service provided by wild bees to tropical crops. The potential pollination 

models suggested that over three-quarters of protected areas can contribute to tropical crop 

pollination. Considering current demand of service, small-sized protected areas provide higher 

pollination service than large ones as a result of their greater proximity to crops and their 

greater perimeter per unit area (i.e. with more pollinators in proximity to crops). This type of 

analysis facilitates the identification of the different contributions of protected areas to ES 

provision in general. 

Protection of varying-size forest areas provides different outcomes, all equally relevant for 

ecosystem service and biodiversity conservation. Larger-sized protected areas tend to harbour 
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a larger number of species and viable populations, provide habitat to medium- or large-sized 

fauna, which can provide other FES (e.g. seed dispersal) and are relevant for the provision of 

other ES (e.g. carbon sequestration). On the other hand, smaller-sized protected areas tend to 

provide habitat for small-sized fauna and tend to be closer to human-modified habitats (e.g. 

cropland) facilitating the provision of ES where proximity is a determinant factor (e.g. 

pollination and natural pest control) and are also under higher anthropogenic pressure. 

Therefore, it is suggested to consider pollination service alongside other ES in protected area 

management decisions.  

The pollination model suggested in Chapter 3 proposes a more accurate representation of the 

effect of distance from nesting sites on pollination provision than the suggested by the InVEST 

model (Tallis et al. 2011). This widely used model uses a mean distance value to represent 

service provision (e.g. 2 km, Chaplin-Kramer et al. 2019), assuming a uniform distribution of 

service within this distance. However, the exponential decrease in foraging activity as the 

distance from the nest increases is well recognised in pollinating bees (Abrol 1988, Gathmann 

and Tscharntke 2002, Zurbuchen et al. 2010). Thus, the exponential decay function reflects a 

higher provision of service near the nest.  While this function can be improved using a bigger 

sample of tropical species, this is a valuable contribution to the theoretical representation of 

the process.   

Currently, the pollination model suggested in this thesis requires to increase the sample of 

species used to estimate the foraging distance variable. The model must be validated and the 

hypothesis that landscapes predicted as wild-bee scarce have crop pollination deficit must be 

tested.  Equally, the model does not consider population dynamics over time, the effects of 

climate change on pollinators,  the negative effect of pesticides on pollinator abundance and 

the role of species richness. There is a large scope for improvement. However, this 

improvement is constrained by the current lack of data.  The knowledge about the current 
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status of diversity and abundance of wild pollinators, as well as the effects of land conversion 

on service provision at broad scales, is biased to temperate zones (Europe and North America). 

It is imperative to increase the knowledge and data availability in tropical zones to provide 

more accurate projections of providers and service status facing the pressures of global 

change.   

Chapter 4 accomplishes objective 3: ‘To generate projections of land use and cover change 

from forest to cropland at pantropical scale’; and objective 4: ‘To quantify changes in FES 

supply and demand due to land-use change under different scenarios of conversion’. LUCC 

spatial models are useful tools to understand the causes and consequences of this process at 

specific locations. Currently, few models have a global scope, one of them is QUICKLUC. This 

model allowed the generation of projections of future deforestation and conversion to 

cropland pantropically. Thanks to the integration of spatially explicit FES and LUCC models, it 

was possible to understand how scenarios for agriculturalisation can affect the distribution of 

FES provision in the future (section 4.2.3), answering the second research question: ‘How does 

agriculturalisation affect the distribution of FES provision and demand in and near tropical 

forests?’. 

The assessment of LUCC effects on the pollination service at regional scale allowed first,  to 

apply the model at a smaller spatial scale before their application at pantropical scale, and 

secondly, to identify variation among sites with diverse patterns and trends of landscape, land 

use, service provision and LUCC. Different percentage and distribution of current forest cover, 

the proportion of mosaic (vegetation-cropland) area and different deforestation rates, 

produce mixed effects on pollination provision (section 4.3.2).  

Chapter 4, solves the final research question: ‘What are the possible impacts on FES supply and 

demand under different scenarios of land-use change from forest to cropland in the tropics?’ 

Projections suggested an increase of pollination service with LUCC in some regions in the short 
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term, indicating that they have not reached their maximum in realised service yet. These 

results are not intended to encourage agriculturalisation, but to show how these projections 

are useful to understand patterns and trends of service provision. Thus, to estimate where and 

when an inflexion point could be reached, and to assess the role of protected forest in this 

process. In general, across all ES the more demand for the service the greater the service 

provided so LUCC generally increases service provision until the ecosystem that provides the 

service is itself undermined by LUCC (Mulligan 2015b). 

In general, forest loss resulting from increased cropland area has a negative impact on 

pollination service pantropically in the long term. This could be ameliorated by the 

effectiveness of current protected areas. However, a decrease in deforestation rates, an 

increase in forest protection and incorporation of natural habitats in agricultural landscapes 

are necessary to maintain current pollination service through time.   

Further assessment on the relationship between fragmentation and change in service 

provision, along with the consideration of other fragmentation patterns derived from 

alternative scenarios of change is recommended. Equally, the scope of this research did not 

include an assessment of the effects of climate change or LUCC other than agriculturalisation 

on pollinator abundance. However, given their relevance in environmental global change, the 

incorporation of these factors in the proposed models and scenarios is suggested. 

It is important to take into account the assumptions made to produce the scenarios as well as 

the limitations of the model. The undifferentiated tree cover of natural habitats and forest 

plantations can produce an overestimation of pollination service due to the designation of 

equal nesting and foraging suitability for wild pollinators. Equally, the analysis only assessed 

the effect of agriculturalisation on service provision and no other transition was included in the 

model, further assessment of other LUCC processes is still required. Also, the effectiveness of 

protected areas is highly variable in time and space, it is recommended to consider other 



 

202 
 

effectiveness indexes to explore different scenarios of management in different regions across 

the study area. Additionally, deforestation rates were assumed constant in the long term, an 

unlikely situation given the several factors that could influence LUCC processes in the future. 

Thus, the results obtained must be interpreted under the assumptions made to generate the 

projected deforestation scenarios and, depending on the context of time and space of interest, 

further exploration and adaptation of the parameters used are recommended.  

The assessment of the effects of agriculturalisation on pollination services presented in this 

thesis had some limitations that could be overcome with greater data availability and 

computing power. First, increasing the information on current suitability zones and potential 

distribution of pollinator-dependent crops in the future, as currently available for some major 

crops, would provide a more accurate projection of future realised pollination service.  Second, 

a wide-scale high-resolution analysis can be achieved if the computing time and infrastructure 

are available, to provide a spatially detailed projection of change at pantropical scale.  As well 

as discussing the possible approaches and challenges to model natural pest control and seed 

dispersal, Chapter 5 highlights the importance of considering several FES to enhance synergies 

and understand trade-offs. Given the similarities between pollination and natural pest control 

providers (in terms of relationship with habitat structure, mobility and spatial patterns of 

service provision) natural pest control shows a great potential to be spatially modelled at 

pantropical scales, to be integrated to the suggested pollination model as long as the 

ecological knowledge and data availability for tropical regions improves. For seed dispersal, 

there is still much to do to determine the best indicators of provider abundance and its 

relationship with habitat structure.  

The recognition level of pollination and, to a lesser extent, natural pest control as ecosystem 

services provided by fauna is disproportionally higher compared to the many faunal regulating 

services of which little is known and whose processes are poorly understood. The review 
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presented in Chapter 5 provides a glance to the complexity involved in the spatial modelling of 

ecosystem services and the relevance of ecological knowledge and data availability to provide 

an accurate representation of service provision. The recognition of providers and the 

understanding of processes underpinning regulating services is imperative to carry out 

comprehensive assessments of ecosystem services and their relationship with biodiversity to 

inform management and conservation decisions. Although much work is yet to be done to 

improve the approaches to model faunal ecosystem services spatially and to include other 

causes of environmental change, this study fulfilled its key objectives.  First, to gather the 

evidence that shows the relevance of fauna on the provision of regulating services at different 

geographical scales and identify those of importance for tropical agriculture. Second to 

develop an initial approach to model a faunal ecosystem service, pollination by wild bees, at 

pantropical scale. Third, to assess the possible effects of agriculturalisation on pollination 

provision. Finally, to assess the opportunity to integrate multiple faunal ecosystem services 

and to consider them in conservation and management decisions. This study suggests that 

enhancement of the faunal ecosystem services, pollination and natural pest control, can have 

positive effects on agroecosystems by increasing productivity and food security, and on natural 

systems by reducing the pressure of agriculturalisation on both, provider and non-provider 

populations. An initial assessment indicates this can be negatively affected by unsustainable 

agriculturalisation. Finally, this study showed how spatial models are a powerful tool to 

identify distribution patterns of ecosystem services and to inform management decisions to 

conserve ecosystem services and biodiversity in the tropical forest. 



 

204 
 

References 

Abrol DP (1988) Foraging range of subtropical bees, Megachile flavipes, Megachile nana 

(Hymenoptera: Megachilidae) and Apis florea (Hymenoptera: Apidae). Journal of the Indian 

Institute of Science 68: 43 

Agarwal C, Green GM, Grove JM, Evans TP, Schweik CM (2002) A review and assessment of 

land-use change models: dynamics of space, time, and human choice. Bloomington, 

Indiana,  pp. 

Aide TM, Clark ML, Grau HR, López-Carr D, Levy MA, Redo D, Bonilla-Moheno M, Riner G, 

Andrade-Núñez MJ, Muñiz M (2013) Deforestation and Reforestation of Latin America and 

the Caribbean (2001–2010). Biotropica 45: 262-271. doi:https://doi.org/10.1111/j.1744-

7429.2012.00908.x 

Aizen MA, Garibaldi LA, Cunningham SA, Klein AM (2009) How much does agriculture depend 

on pollinators? Lessons from long-term trends in crop production. Annals of Botany 103: 

1579-1588. doi:https://doi.org/10.1093/aob/mcp076 

Aizen MA,  Harder LD (2009) The global stock of domesticated honey bees is growing slower 

than agricultural demand for pollination. Current Biology 19: 915-918. 

doi:https://doi.org/10.1016/j.cub.2009.03.071 

Aleman JC, Jarzyna MA,  Staver AC (2018) Forest extent and deforestation in tropical Africa 

since 1900. Nature Ecology & Evolution 2: 26-33. doi:10.1038/s41559-017-0406-1 

Arino O, Ramos J, Kalogirou V, Defourny P, Achard F (2010) GlobCover 2009.  ESA Living Planet 

Symposium, Bergen pp. 

Ashrafi K, Shafiepour M, Salimian M, Momeni M (2012) Determination and dispersion 

modeling of VOC emission from liquid storage tank in Asalouyeh Zone. Journal of 

Environmental Studies 38: 13-15 

Bacon E, Gannon P, Stephen S, Seyoum-Edjigu E, Schmidt M, Lang B, Sandwith T, Xin J, Arora S, 

Adham KN, Espinoza AJR, Qwathekana M, Prates APL, Shestakov A, Cooper D, Ervin J, Dias 

BFdS, Leles B, Attallah M, Mulongoy J, Gidda SB (2019) Aichi Biodiversity Target 11 in the 

like-minded megadiverse countries. Journal for Nature Conservation 51: 125723. 

doi:https://doi.org/10.1016/j.jnc.2019.125723 

Baker WL (1989) A review of models of landscape change. Landscape Ecology 2: 111-133. 

doi:10.1007/bf00137155 

https://doi.org/10.1111/j.1744-7429.2012.00908.x
https://doi.org/10.1111/j.1744-7429.2012.00908.x
https://doi.org/10.1093/aob/mcp076
https://doi.org/10.1016/j.cub.2009.03.071
https://doi.org/10.1016/j.jnc.2019.125723


 

205 
 

Balvanera P, Pfisterer AB, Buchmann N, He J-S, Nakashizuka T, Raffaelli D, Schmid B (2006) 

Quantifying the evidence for biodiversity effects on ecosystem functioning and services. 

Ecology Letters 9: 1146-1156. doi:10.1111/j.1461-0248.2006.00963.x 

Barnosky AD, Matzke N, Tomiya S, Wogan GOU, Swartz B, Quental TB, Marshall C, McGuire JL, 

Lindsey EL, Maguire KC, Mersey B, Ferrer EA (2011) Has the Earth’s sixth mass extinction 

already arrived? Nature 471: 51-57. doi:10.1038/nature09678 

Bastian O (2013) The role of biodiversity in supporting ecosystem services in Natura 2000 sites. 

Ecological Indicators 24: 12-22. doi:http://dx.doi.org/10.1016/j.ecolind.2012.05.016 

Baumann M, Israel C, Piquer-Rodríguez M, Gavier-Pizarro G, Volante JN, Kuemmerle T (2017) 

Deforestation and cattle expansion in the Paraguayan Chaco 1987–2012. Regional 

Environmental Change 17: 1179-1191. doi:10.1007/s10113-017-1109-5 

Bhagabati NK, Ricketts T, Sulistyawan TBS, Conte M, Ennaanay D, Hadian O, McKenzie E, 

Olwero N, Rosenthal A, Tallis H, Wolny S (2014) Ecosystem services reinforce Sumatran 

tiger conservation in land use plans. Biological Conservation 169: 147-156. 

doi:https://doi.org/10.1016/j.biocon.2013.11.010 

Bhattacharya M, Primack RB,  Gerwein J (2003) Are roads and railroads barriers to bumblebee 

movement in a temperate suburban conservation area? Biological Conservation 109: 37-45. 

doi:http://dx.doi.org/10.1016/S0006-3207(02)00130-1 

Bianchi FJJA, Booij CJH,  Tscharntke T (2006) Sustainable pest regulation in agricultural 

landscapes: a review on landscape composition, biodiversity and natural pest control. 

Proceedings of the Royal Society B: Biological Sciences 273: 1715 

Bianchi FJJA, Goedhart PW,  Baveco JM (2008) Enhanced pest control in cabbage crops near 

forest in The Netherlands. Landscape Ecology 23: 595-602. doi:10.1007/s10980-008-9219-6 

Biesmeijer JC, Roberts SPM, Reemer M, Ohlemüller R, Edwards M, Peeters T, Schaffers AP, 

Potts SG, Kleukers R, Thomas CD, Settele J, Kunin WE (2006) Parallel Declines in Pollinators 

and Insect-Pollinated Plants in Britain and the Netherlands. Science 313: 351-354. 

doi:https://doi.org/10.1126/science.1127863 

Blanche R,  Cunningham SA (2005) Rain Forest Provides Pollinating Beetles for Atemoya Crops. 

Journal of Economic Entomology 98: 1193-1201. doi:https://doi.org/10.1603/0022-0493-

98.4.1193 

Bodin Ö, Tengö M, Norman A, Lundberg J, Elmqvist T (2006) The Value Of Small Size: Loss Of 

Forest Patches And Ecological Thresholds In Southern Madagascar. Ecological Applications 

16: 440-451. doi:http://doi.org/10.1890/1051-0761(2006)016[0440:tvossl]2.0.co;2 

http://dx.doi.org/10.1016/j.ecolind.2012.05.016
https://doi.org/10.1016/j.biocon.2013.11.010
http://dx.doi.org/10.1016/S0006-3207(02)00130-1
https://doi.org/10.1126/science.1127863
https://doi.org/10.1603/0022-0493-98.4.1193
https://doi.org/10.1603/0022-0493-98.4.1193
http://doi.org/10.1890/1051-0761(2006)016%5b0440:tvossl%5d2.0.co;2


 

206 
 

Bontemps S, Defourny P, Bogaert EV, Arino O, Kalogirou V, Perez JR (2011) GLOBCOVER 2009-

Products description and validation report. Université catholique de Louvain, European 

Space Agency pp. 

Boreux V, Krishnan S, Cheppudira KG, Ghazoul J (2013) Impact of forest fragments on bee visits 

and fruit set in rain-fed and irrigated coffee agro-forests. Agriculture, Ecosystems & 

Environment 172: 42-48. doi:http://dx.doi.org/10.1016/j.agee.2012.05.003 

Boyd J,  Banzhaf S (2007) What are ecosystem services? The need for standardized 

environmental accounting units. Ecological Economics 63: 616-626. 

doi:http://dx.doi.org/10.1016/j.ecolecon.2007.01.002 

Bradley BA, Estes LD, Hole DG, Holness S, Oppenheimer M, Turner WR, Beukes H, Schulze RE, 

Tadross MA, Wilcove DS (2012) Predicting how adaptation to climate change could affect 

ecological conservation: secondary impacts of shifting agricultural suitability. Diversity and 

Distributions 18: 425-437. doi:10.1111/j.1472-4642.2011.00875.x 

Briggs CJ,  Hoopes MF (2004) Stabilizing effects in spatial parasitoid–host and predator–prey 

models: a review. Theoretical Population Biology 65: 299-315. 

doi:https://doi.org/10.1016/j.tpb.2003.11.001 

Brosi BJ, Daily GC,  Ehrlich PR (2007) Bee community shifts with landscape context in a tropical 

context in a tropical countryside. Ecological Applications 17: 418-430. 

doi:http://doi.org/10.1890/06-0029 

Brown DG, Walker R, Manson S, Seto K (2012) Modeling land use and land cover change.  Land 

change science. Springer, 395-409 

Brown S, Hall M, Andrasko K, Ruiz F, Marzoli W, Guerrero G, Masera O, Dushku A, DeJong B, 

Cornell J (2007) Baselines for land-use change in the tropics: application to avoided 

deforestation projects. Mitigation and Adaptation Strategies for Global Change 12: 1001-

1026. doi:10.1007/s11027-006-9062-5 

Bryan BA, Raymond CM, Crossman ND, King D (2011) Comparing Spatially Explicit Ecological 

and Social Values for Natural Areas to Identify Effective Conservation Strategies. 

Conservation Biology 25: 172-181. doi:10.1111/j.1523-1739.2010.01560.x 

Bukovinszky T, Verheijen J, Zwerver S, Klop E, Biesmeijer JC, Wäckers FL, Prins HHT, Kleijn D 

(2017) Exploring the relationships between landscape complexity, wild bee species richness 

and reproduction, and pollination services along a complexity gradient in the Netherlands. 

Biological Conservation 214: 312-319. doi:https://doi.org/10.1016/j.biocon.2017.08.027 

Bullock J,  Ding H (2018) A guide to selecting ecosystem service models for decision-making: 

Lessons from sub-Saharan Africa. World Resources Institute,  pp. 

http://dx.doi.org/10.1016/j.agee.2012.05.003
http://dx.doi.org/10.1016/j.ecolecon.2007.01.002
https://doi.org/10.1016/j.tpb.2003.11.001
http://doi.org/10.1890/06-0029
https://doi.org/10.1016/j.biocon.2017.08.027


 

207 
 

Burkhard B, Kroll F, Nedkov S, Müller F (2012) Mapping ecosystem service supply, demand and 

budgets. Ecological Indicators 21: 17-29. 

doi:http://dx.doi.org/10.1016/j.ecolind.2011.06.019 

Carter TR, Jones RN, Lu X, Bhadwal S, Conde C, Mearns LO, O’Neill BC, Rounsevell MDA, Zurek 

MB (2007) New Assessment Methods and the Characterisation of Future Conditions. In: 

Parry ML, Canziani OF, Palutikof JP, Linden PJvd, Hanson CE (Eds) Climate Change 2007: 

Impacts, Adaptation and Vulnerability Contribution of Working Group II to the Fourth 

Assessment Report of the Intergovernmental Panel on Climate Change. Cambridge 

University Press, Cambridge, UK, 133-171 

Catterall CP (2018) Fauna as passengers and drivers in vegetation restoration: A synthesis of 

processes and evidence. Ecological Management & Restoration 19: 54-62 

CBD (2000) Sustaining life on Earth. How the Convention on Biological Diversity promotes 

nature and human well-being. Secretariat of the Convention on Biological Diversity, pp. 

doi:https://www.cbd.int/doc/publications/cbd-sustain-en.pdf  

Ceballos G, Ehrlich PR, Barnosky AD, García A, Pringle RM, Palmer TM (2015) Accelerated 

modern human–induced species losses: Entering the sixth mass extinction. Science 

Advances 1: e1400253. doi:10.1126/sciadv.1400253 

Chaplin-Kramer R, O’Rourke ME, Blitzer EJ, Kremen C (2011) A meta-analysis of crop pest and 

natural enemy response to landscape complexity. Ecology Letters 14: 922-932. 

doi:10.1111/j.1461-0248.2011.01642.x 

Chaplin-Kramer R, Sharp RP, Weil C, Bennett EM, Pascual U, Arkema KK, Brauman KA, Bryant 

BP, Guerry AD, Haddad NM, Hamann M, Hamel P, Johnson JA, Mandle L, Pereira HM, 

Polasky S, Ruckelshaus M, Shaw MR, Silver JM, Vogl AL, Daily GC (2019) Global modeling of 

nature’s contributions to people. Science 366: 255. doi:10.1126/science.aaw3372 

Chazdon RL, Brancalion PHS, Laestadius L, Bennett-Curry A, Buckingham K, Kumar C, Moll-

Rocek J, Vieira ICG, Wilson SJ (2016) When is a forest a forest? Forest concepts and 

definitions in the era of forest and landscape restoration. Ambio 45: 538-550. 

doi:10.1007/s13280-016-0772-y 

Chen I-C, Hill JK, Ohlemüller R, Roy DB, Thomas CD (2011) Rapid Range Shifts of Species 

Associated with High Levels of Climate Warming. Science 333: 1024-1026. 

doi:http://doi.org/10.1126/science.1206432 

Cimon-Morin J, Darveau M,  Poulin M (2013) Fostering synergies between ecosystem services 

and biodiversity in conservation planning: A review. Biological Conservation 166: 144-154. 

doi:http://dx.doi.org/10.1016/j.biocon.2013.06.023 

http://dx.doi.org/10.1016/j.ecolind.2011.06.019
https://www.cbd.int/doc/publications/cbd-sustain-en.pdf
http://doi.org/10.1126/science.1206432
http://dx.doi.org/10.1016/j.biocon.2013.06.023


 

208 
 

Clarkson BR, Ausseil A-GE,  Gerbeaux P (2013) Wetland ecosystem services. In: Gerbeaux P, 

Dymond K (Eds) Ecosystem services in New Zealand: conditions and trends Manaaki 

Whenua Press, Lincoln, 192-202 

Collard B, Tixier P, Carval D, Lavigne C, Delattre T (2018) Spatial organisation of habitats in 

agricultural plots affects per-capita predator effect on conservation biological control: An 

individual based modelling study. Ecological Modelling 388: 124-135. 

doi:https://doi.org/10.1016/j.ecolmodel.2018.09.026 

Connell JH (1971) On the role of natural enemies in preventing competitive exclusion in some 

marine animals and in rain forest trees. Proceedings of the Advanced Study Institute on 

'Dynamics of Numbers in Populations' 298: 298- 312. 

doi:http://edepot.wur.nl/469421#page=296 

Corbet SA, Fussell M, Ake R, Fraser A, Gunson C, Savage A, Smith K (1993) Temperature and 

the pollinating activity of social bees. Ecological Entomology 18: 17-30. 

doi:http://doi.org/10.1111/j.1365-2311.1993.tb01075.x 

Costanza R, de Groot R, Braat L, Kubiszewski I, Fioramonti L, Sutton P, Farber S, Grasso M 

(2017) Twenty years of ecosystem services: How far have we come and how far do we still 

need to go? Ecosystem Services 28: 1-16. doi:https://doi.org/10.1016/j.ecoser.2017.09.008 

Curtis PG, Slay CM, Harris NL, Tyukavina A, Hansen MC (2018) Classifying drivers of global 

forest loss. Science 361: 1108. doi:10.1126/science.aau3445 

Daily G (1997) Nature's services: societal dependence on natural ecosystems. Island Press, 

Washington DC, pp. 

Dainese M, Martin EA, Aizen MA, Albrecht M, Bartomeus I, Bommarco R, Carvalheiro LG, 

Chaplin-Kramer R, Gagic V, Garibaldi LA, Ghazoul J, Grab H, Jonsson M, Karp DS, Kennedy 

CM, Kleijn D, Kremen C, Landis DA, Letourneau DK, Marini L, Poveda K, Rader R, Smith HG, 

Tscharntke T, Andersson GKS, Badenhausser I, Baensch S, Bezerra ADM, Bianchi FJJA, 

Boreux V, Bretagnolle V, Caballero-Lopez B, Cavigliasso P, Ćetković A, Chacoff NP, Classen A, 

Cusser S, da Silva e Silva FD, de Groot GA, Dudenhöffer JH, Ekroos J, Fijen T, Franck P, 

Freitas BM, Garratt MPD, Gratton C, Hipólito J, Holzschuh A, Hunt L, Iverson AL, Jha S, 

Keasar T, Kim TN, Kishinevsky M, Klatt BK, Klein A-M, Krewenka KM, Krishnan S, Larsen AE, 

Lavigne C, Liere H, Maas B, Mallinger RE, Martinez Pachon E, Martínez-Salinas A, Meehan 

TD, Mitchell MGE, Molina GAR, Nesper M, Nilsson L, Rourke ME, Peters MK, Plećaš M, Potts 

SG, Ramos DdL, Rosenheim JA, Rundlöf M, Rusch A, Sáez A, Scheper J, Schleuning M, 

Schmack JM, Sciligo AR, Seymour C, Stanley DA, Stewart R, Stout JC, Sutter L, Takada MB, 

Taki H, Tamburini G, Tschumi M, Viana BF, Westphal C, Willcox BK, Wratten SD, Yoshioka A, 

https://doi.org/10.1016/j.ecolmodel.2018.09.026
http://edepot.wur.nl/469421#page=296
http://doi.org/10.1111/j.1365-2311.1993.tb01075.x
https://doi.org/10.1016/j.ecoser.2017.09.008


 

209 
 

Zaragoza-Trello C, Zhang W, Zou Y,  Steffan-Dewenter I (2019) A global synthesis reveals 

biodiversity-mediated benefits for crop production. Science Advances 5: eaax0121. 

doi:http://doi.org/10.1126/sciadv.aax0121 

Danielsen F, Jensen AE, Alviola PA, Balete DS, Mendoza M, Tagtag A, Custodio C, Enghoff M 

(2005) Does Monitoring Matter? A Quantitative Assessment of Management Decisions 

from Locally-based Monitoring of Protected Areas. Biodiversity and Conservation 14: 2633-

2652. doi:http://doi.org/10.1007/s10531-005-8392-z 

de Groot RS, Alkemade R, Braat L, Hein L, Willemen L (2010) Challenges in integrating the 

concept of ecosystem services and values in landscape planning, management and decision 

making. Ecological Complexity 7: 260-272. 

doi:http://dx.doi.org/10.1016/j.ecocom.2009.10.006 

DeFries R, Karanth KK,  Pareeth S (2010) Interactions between protected areas and their 

surroundings in human-dominated tropical landscapes. Biological Conservation 143: 2870-

2880. doi:https://doi.org/10.1016/j.biocon.2010.02.010 

Dezécache C, Salles J-M, Vieilledent G, Hérault B (2017) Moving forward socio-economically 

focused models of deforestation. Global Change Biology 23: 3484-3500. 

doi:10.1111/gcb.13611 

Di Gregorio A,  Jansen LJM (2005) Land cover classification system: classification concepts and 

user manual: LCCS. Food and Agriculture Organization pp. 

doi:http://www.fao.org/3/y7220e/y7220e06.htm#bm06.2 

Díaz S, Fargione J, Chapin III FS, Tilman D (2006) Biodiversity loss threatens human well-being. 

PLoS Biology 4: e277 

DiMiceli CM, Carroll ML, Sohlberg RA, C. Huang, M.C. Hansen, Townshend JRG (2011) Annual 

Global Automated MODIS Vegetation Continuous Fields (MOD44B) at 250 m Spatial 

Resolution for Data Years Beginning Day 65, 2000 - 2010, Collection 5 Percent Tree Cover. 

University of Maryland, College Park, MD, USA: http://glcf.umd.edu/data/vcf/ 

Dobrovolski R, Diniz-Filho JAF, Loyola RD, De Marco Júnior P (2011) Agricultural expansion and 

the fate of global conservation priorities. Biodiversity and Conservation 20: 2445-2459. 

doi:10.1007/s10531-011-9997-z 

Drechsler M,  Settele J (2001) Predator–prey interactions in rice ecosystems: effects of guild 

composition, trophic relationships, and land use changes — a model study exemplified for 

Philippine rice terraces. Ecological Modelling 137: 135-159. 

doi:http://dx.doi.org/10.1016/S0304-3800(00)00423-3 

Dudley N (2008) Guidelines for applying protected area management categories. IUCN, pp. 

http://doi.org/10.1126/sciadv.aax0121
http://doi.org/10.1007/s10531-005-8392-z
http://dx.doi.org/10.1016/j.ecocom.2009.10.006
https://doi.org/10.1016/j.biocon.2010.02.010
http://www.fao.org/3/y7220e/y7220e06.htm#bm06.2
http://glcf.umd.edu/data/vcf/
http://dx.doi.org/10.1016/S0304-3800(00)00423-3


 

210 
 

Duncan C, Thompson JR,  Pettorelli N (2015) The quest for a mechanistic understanding of 

biodiversity–ecosystem services relationships. Proceedings of the Royal Society of London 

B: Biological Sciences 282: 20151348. doi:10.1098/rspb.2015.1348 

Durán AP, Inger R, Cantú‐Salazar L, Gaston KJ (2016) Species richness representation within 

protected areas is associated with multiple interacting spatial features. Diversity and 

Distributions 22: 300-308. doi:http://doi.org/10.1111/ddi.12404 

Dyer FC,  Seeley TD (1991) Dance Dialects and Foraging Range in Three Asian Honey Bee 

Species. Behavioral Ecology and Sociobiology 28: 227-233 

Economo EP (2011) Biodiversity Conservation in Metacommunity Networks: Linking Pattern 

and Persistence. The American Naturalist 177: E167-E180. 

doi:http://doi.org/10.1086/659946 

Ehrlich PR,  Ehrlich AH (1982) Extinction: the causes and consequences of the disappearance of 

species. Random House, New York, pp. 

Eigenbrod F, Anderson BJ, Armsworth PR, Heinemeyer A, Jackson SF, Parnell M, Thomas CD, 

Gaston KJ (2009) Ecosystem service benefits of contrasting conservation strategies in a 

human-dominated region. Proceedings of the Royal Society of London B: Biological Sciences 

276: 2903-2911. doi:https://doi.org/10.1098/rspb.2009.0528 

Erenler HE, Gillman MP,  Ollerton J (2020) Impact of extreme events on pollinator 

assemblages. Current Opinion in Insect Science 38: 34-39. 

doi:https://doi.org/10.1016/j.cois.2020.01.007 

ESRI (2015) ArcGIS Release 10.3.1. . Redlands, CA pp. 

Estes LD, Bradley BA, Beukes H, Hole DG, Lau M, Oppenheimer MG, Schulze R, Tadross MA, 

Turner WR (2013) Comparing mechanistic and empirical model projections of crop 

suitability and productivity: implications for ecological forecasting. Global Ecology and 

Biogeography 22: 1007-1018. doi:10.1111/geb.12034 

FAO (1997a) Railroads of the World (Vmap0).  pp. 

FAO (1997b) Roads of the World (Vmap0).  pp. 

FAO (2000) Global Forest Resources Assessment 2000. Appendix 2. Terms and definitions. 

Food and Agriculture Organization of the United Nations, Rome,  pp. 

FAO (2014a) Global Administrative Unit Layers (GAUL). [available online 

http://wwwfaoorg/geonetwork/srv/en/metadatashow?id=12691]:  

FAO (2014b) Major rivers of the world (Derived from HydroSHEDS).  pp. 

FAO (2015) Global Forest Resources Assessment 2015 How are the world’s forests changing? 

Food and Agriculture Organization of the United Nations, Rome,  pp. 

http://doi.org/10.1111/ddi.12404
http://doi.org/10.1086/659946
https://doi.org/10.1098/rspb.2009.0528
https://doi.org/10.1016/j.cois.2020.01.007
http://wwwfaoorg/geonetwork/srv/en/metadatashow?id=12691


 

211 
 

Fick SE,  Hijmans RJ (2017) WorldClim 2: new 1-km spatial resolution climate surfaces for global 

land areas. International Journal of Climatology 37: 4302-4315. doi:10.1002/joc.5086 

Fisher B, Turner RK,  Morling P (2009) Defining and classifying ecosystem services for decision 

making. Ecological Economics 68: 643-653. 

doi:http://dx.doi.org/10.1016/j.ecolecon.2008.09.014 

Fleming TH, Venable DL,  M LGH (1993) Opportunism vs. Specialization: The Evolution of 

Dispersal Strategies in Fleshy-Fruited Plants. Vegetatio 107/108: 106-120 

Foley JA, DeFries R, Asner GP, Barford C, Bonan G, Carpenter SR, Chapin FS, Coe MT, Daily GC, 

Gibbs HK, Helkowski JH, Holloway T, Howard EA, Kucharik CJ, Monfreda C, Patz JA, Prentice 

IC, Ramankutty N, Snyder PK (2005) Global Consequences of Land Use. Science 309: 570-

574. doi:10.1126/science.1111772 

Forsythe WC, Rykiel EJ, Stahl RS, Wu H-i, Schoolfield RM (1995) A model comparison for 

daylength as a function of latitude and day of year. Ecological Modelling 80: 87-95. 

doi:http://dx.doi.org/10.1016/0304-3800(94)00034-F 

Freitas BM, Pacheco Filho AJ, Andrade PB, Lemos CQ, Rocha EE, Pereira NO, Bezerra AD, 

Nogueira DS, Alencar RL, Rocha RF (2014) Forest remnants enhance wild pollinator visits to 

cashew flowers and mitigate pollination deficit in NE Brazil. Journal of Pollination Ecology 

12. doi:http://dx.doi.org/10.26786/1920-7603%282014%2910 

Frimpong EA, Gemmill-Herren B, Gordon I, Kwapong  PK (2011) Dynamics of insect pollinators 

as influenced by cocoa production systems in Ghana. Journal of Pollination Ecology. 

doi:http://dx.doi.org/10.26786/1920-7603%282011%2912 

Fuller DO, Parenti MS, Hassan AN, Beier JC (2012) Linking land cover and species distribution 

models to project potential ranges of malaria vectors: an example using Anopheles 

arabiensis in Sudan and Upper Egypt. Malaria Journal 11: 264. doi:10.1186/1475-2875-11-

264 

Fürst MA, McMahon DP, Osborne JL, Paxton RJ, Brown MJF (2014) Disease associations 

between honeybees and bumblebees as a threat to wild pollinators. Nature 506: 364-366. 

doi:http://doi.org/10.1038/nature12977 

García-Feced C, Weissteiner CJ, Baraldi A, Paracchini ML, Maes J, Zulian G, Kempen M, Elbersen 

B, Pérez-Soba M (2015) Semi-natural vegetation in agricultural land: European map and 

links to ecosystem service supply. Agronomy for Sustainable Development 35: 273-283. 

doi:10.1007/s13593-014-0238-1 

Garibaldi LA, Steffan-Dewenter I, Winfree R, Aizen MA, Bommarco R, Cunningham SA, Kremen 

C, Carvalheiro LG, Harder LD, Afik O, Bartomeus I, Benjamin F, Boreux V, Cariveau D, 

http://dx.doi.org/10.1016/j.ecolecon.2008.09.014
http://dx.doi.org/10.1016/0304-3800(94)00034-F
http://dx.doi.org/10.26786/1920-7603%282014%2910
http://dx.doi.org/10.26786/1920-7603%282011%2912
http://doi.org/10.1038/nature12977


 

212 
 

Chacoff NP, Dudenhöffer JH, Freitas BM, Ghazoul J, Greenleaf S, Hipólito J, Holzschuh A, 

Howlett B, Isaacs R, Javorek SK, Kennedy CM, Krewenka KM, Krishnan S, Mandelik Y, 

Mayfield MM, Motzke I, Munyuli T, Nault BA, Otieno M, Petersen J, Pisanty G, Potts SG, 

Rader R, Ricketts TH, Rundlöf M, Seymour CL, Schüepp C, Szentgyörgyi H, Taki H, Tscharntke 

T, Vergara CH, Viana BF, Wanger TC, Westphal C, Williams N, Klein AM (2013) Wild 

Pollinators Enhance Fruit Set of Crops Regardless of Honey Bee Abundance. Science 339: 

1608-1611. doi:http://doi.org/10.1126/science.1230200 

Garibaldi LA, Steffan‐Dewenter I, Kremen C, Morales JM, Bommarco R, Cunningham SA, 

Carvalheiro LG, Chacoff NP, Dudenhöffer JH, Greenleaf SS, Holzschuh A, Isaacs R, Krewenka 

K, Mandelik Y, Mayfield MM, Morandin LA, Potts SG, Ricketts TH, Szentgyörgyi H, Viana BF, 

Westphal C, Winfree R, Klein AM (2011) Stability of pollination services decreases with 

isolation from natural areas despite honey bee visits. Ecology Letters 14: 1062-1072. 

doi:http://doi.org/10.1111/j.1461-0248.2011.01669.x 

Gary NE, Mau RFL,  Mitchell WC (1972) A preliminary study of honey bee foraging range in 

macadamia (Macadamia integrifolia, Maiden and Betche). Proceedings of the Hawaiian 

Entomological Society 21: 205-212 

Gaston KJ, Blackburn TM,  Goldewijk KK (2003) Habitat conversion and global avian biodiversity 

loss. Proceedings of the Royal Society of London B: Biological Sciences 270: 1293-1300. 

doi:10.1098/rspb.2002.2303 

Gathmann A,  Tscharntke T (2002) Foraging ranges of solitary bees. Journal of Animal Ecology 

71: 757-764. doi:http://doi.org/10.1046/j.1365-2656.2002.00641.x 

Geiger F, Bengtsson J, Berendse F, Weisser WW, Emmerson M, Morales MB, Ceryngier P, Liira 

J, Tscharntke T, Winqvist C, Eggers S, Bommarco R, Pärt T, Bretagnolle V, Plantegenest M, 

Clement LW, Dennis C, Palmer C, Oñate JJ, Guerrero I, Hawro V, Aavik T, Thies C, Flohre A, 

Hänke S, Fischer C, Goedhart PW, Inchausti P (2010) Persistent negative effects of 

pesticides on biodiversity and biological control potential on European farmland. Basic and 

Applied Ecology 11: 97-105. doi:http://dx.doi.org/10.1016/j.baae.2009.12.001 

Geist HJ,  Lambin EF (2002) Proximate Causes and Underlying Driving Forces of Tropical 

Deforestation: Tropical forests are disappearing as the result of many pressures, both local 

and regional, acting in various combinations in different geographical locations. Bioscience 

52: 143-150. doi:http://doi.org/10.1641/0006-3568(2002)052[0143:pcaudf]2.0.co;2 

Geslin B, Gauzens B, Baude M, Dajoz I, Fontaine C, Henry M, Ropars L, Rollin O, Thébault E, 

Vereecken NJ (2017) Massively introduced managed species and their consequences for 

http://doi.org/10.1126/science.1230200
http://doi.org/10.1111/j.1461-0248.2011.01669.x
http://doi.org/10.1046/j.1365-2656.2002.00641.x
http://dx.doi.org/10.1016/j.baae.2009.12.001
http://doi.org/10.1641/0006-3568(2002)052%5b0143:pcaudf%5d2.0.co;2


 

213 
 

plant–pollinator interactions. In: David A. Bohan, Alex J. Dumbrell, Massol F (Eds) Advances 

in Ecological Research. Elsevier, 147-199 

Giannini TC, Acosta AL, Garófalo CA, Saraiva AM, Alves-dos-Santos I, Imperatriz-Fonseca VL 

(2012) Pollination services at risk: Bee habitats will decrease owing to climate change in 

Brazil. Ecological Modelling 244: 127-131. 

doi:https://doi.org/10.1016/j.ecolmodel.2012.06.035 

Girardin CAJ, Malhi Y, Doughty CE, Metcalfe DB, Meir P, del Aguila-Pasquel J, Araujo-Murakami 

A, da Costa ACL, Silva-Espejo JE, Farfán Amézquita F, Rowland L (2016) Seasonal trends of 

Amazonian rainforest phenology, net primary productivity, and carbon allocation. Global 

Biogeochemical Cycles 30: 700-715. doi:http://doi.org/10.1002/2015GB005270 

Goldewijk K, Beusen A, Doelman J, Stehfest E (2017) Anthropogenic land use estimates for the 

Holocene – HYDE 3.2. Earth System Science Data 9: 927-953. doi:10.5194/essd-9-927-2017 

Goldman RL, Tallis H, Kareiva P, Daily GC (2008) Field evidence that ecosystem service projects 

support biodiversity and diversify options. Proceedings of the National Academy of Sciences 

105: 9445-9448. doi:http://doi.org/10.1073/pnas.0800208105 

Gove AD, Majer JD,  Dunn RR (2007) A keystone ant species promotes seed dispersal in a 

“diffuse” mutualism. Oecologia 153: 687-697. doi:10.1007/s00442-007-0756-5 

Grau HR,  Aide M (2008) Globalization and land-use transitions in Latin America. Ecology and 

Society 13: 16. doi:https://doi.org/10.5751/ES-02559-130216 

Grau HR, Hernández ME, Gutierrez J, Gasparri NI, Casavecchia MC, Flores E, Paolini L (2008) A 

peri-urban neotropical forest transition and its consequences for environmental services. 

Ecology and Society 13: 35 

Greathead D,  Greathead A (1992) Biological control of insect pests by insect parasitoids and 

predators: the BIOCAT. BioControl 13: 61N-68N 

Greene DF,  Calogeropoulos C (2002) Measuring and modelling seed dispersal of terrestrial 

plants. In: Bullock J, Kenward R, Hails R (Eds) Dispersal Ecology: The 42nd Symposium of the 

British Ecological Society. Blackwell Publishing, Oxford 3-23 

Greene DF,  Johnson EA (1989) A Model of Wind Dispersal of Winged or Plumed Seeds. Ecology 

70: 339-347. doi:10.2307/1937538 

Greenleaf SS, Williams NM, Winfree R, Kremen C (2007) Bee foraging ranges and their 

relationship to body size. Oecologia 153: 589-596 

Gutierrez-Arellano C,  Mulligan M (2018) A review of regulation ecosystem services and 

disservices from faunal populations and potential impacts of agriculturalisation on their 

provision, globally. Nature Conservation 30: 1-39 

https://doi.org/10.1016/j.ecolmodel.2012.06.035
http://doi.org/10.1002/2015GB005270
http://doi.org/10.1073/pnas.0800208105
https://doi.org/10.5751/ES-02559-130216


 

214 
 

Gutierrez AP, Mills NJ, Schreiber SJ, Ellis CK (1994) A Physiologically Based Tritrophic 

Perspective on Bottom-Up-Top-Down Regulation of Populations. Ecology 75: 2227-2242. 

doi:10.2307/1940879 

Guzman A, Chase M,  Kremen C (2019) On-Farm Diversification in an Agriculturally-Dominated 

Landscape Positively Influences Specialist Pollinators. Frontiers in Sustainable Food Systems 

3. doi:http://doi.org/10.3389/fsufs.2019.00087 

Haines-Young R,  Potschin-Young M (2018) Revision of the common international classification 

for ecosystem services (CICES V5. 1): a policy brief. One Ecosystem 3: e27108 

Hajek AE,  Eilenberg J (2018) Clasical Biological Control.  Natural enemies: an introduction to 

biological control. Cambridge University Press, 41-65 

Hall CAS, Tian H, Qi Y, Pontius G, Cornell J (1995) Modelling Spatial and Temporal Patterns of 

Tropical Land Use Change. Journal of Biogeography 22: 753-757. doi:10.2307/2845977 

Hammer D, Kraft R,  Wheeler D (2014) Alerts of forest disturbance from MODIS imagery. 

International Journal of Applied Earth Observation and Geoinformation 33: 1-9. 

doi:https://doi.org/10.1016/j.jag.2014.04.011 

Hansen MC, Potapov PV, Moore R, Hancher M, Turubanova SA, Tyukavina A, Thau D, Stehman 

SV, Goetz SJ, Loveland TR, Kommareddy A, Egorov A, Chini L, Justice CO, Townshend JRG 

(2013) High-Resolution Global Maps of 21st-Century Forest Cover Change. Science 342: 850 

Harrison PA, Berry PM, Simpson G, Haslett JR, Blicharska M, Bucur M, Dunford R, Egoh B, 

Garcia-Llorente M, Geamănă N, Geertsema W, Lommelen E, Meiresonne L, Turkelboom F 

(2014) Linkages between biodiversity attributes and ecosystem services: A systematic 

review. Ecosystem Services 9: 191-203. doi:http://dx.doi.org/10.1016/j.ecoser.2014.05.006 

Harrison S (2017) Animal seed dispersal and the diversity of tropical forest trees. Proceedings 

of the National Academy of Sciences 114: 10526-10527. doi:10.1073/pnas.1714452114 

Hein L, van Koppen K, de Groot RS, van Ierland EC (2006) Spatial scales, stakeholders and the 

valuation of ecosystem services. Ecological Economics 57: 209-228. 

doi:http://dx.doi.org/10.1016/j.ecolecon.2005.04.005 

Hipólito J, Sousa BdSB, Borges RC, Brito RMd, Jaffé R, Dias S, Imperatriz Fonseca VL, Giannini TC 

(2019) Valuing nature's contribution to people: The pollination services provided by two 

protected areas in Brazil. Global Ecology and Conservation 20: e00782. 

doi:https://doi.org/10.1016/j.gecco.2019.e00782 

Hofmann S, Everaars J, Schweiger O, Frenzel M, Bannehr L, Cord AF (2017) Modelling patterns 

of pollinator species richness and diversity using satellite image texture. PloS One 12: 

e0185591. doi:http://doi.org/10.1371/journal.pone.0185591 

http://doi.org/10.3389/fsufs.2019.00087
https://doi.org/10.1016/j.jag.2014.04.011
http://dx.doi.org/10.1016/j.ecoser.2014.05.006
http://dx.doi.org/10.1016/j.ecolecon.2005.04.005
https://doi.org/10.1016/j.gecco.2019.e00782
http://doi.org/10.1371/journal.pone.0185591


 

215 
 

Hougner C, Colding J,  Söderqvist T (2006) Economic valuation of a seed dispersal service in the 

Stockholm National Urban Park, Sweden. Ecological Economics 59: 364-374. 

doi:http://dx.doi.org/10.1016/j.ecolecon.2005.11.007 

Howe HF (1993) Specialized and generalized dispersal systems: where does ‘the paradigm’ 

stand? Vegetatio 107: 3-13. doi:10.1007/BF00052208 

IIASA/FAO (2012) Global Agro‐ecological Zones. IIASA, Laxenburg, Austria and FAO, Rome, Italy  

http://webarchiveiiasaacat/Research/LUC/GAEZv30/:  

IPBES (2018) The IPBES assessment report on land degradation and restoration. In: 

Montanarella L, Scholes R, Brainich A (Eds). Secretariat of the Intergovernmental Science-

Policy Platform on Biodiversity and Ecosystem Services, Bonn, Germany,  pp. 

doi:https://doi.org/10.5281/zenodo.3237392 

IPCC (2014) Climate change 2014: impacts, adaptation, and vulnerability. Part A: global and 

sectoral aspects. In: Field C, Barros V, Dokken D, Mach K, Mastrandrea M, Bilir T, Chatterjee 

M, Ebi K, Estrada Y, Genova R, Girma B, Kissel E, Levy A, MacCracken S, Mastrandrea P, 

White L (Eds) Contribution of Working Group II to the Fifth Assessment Report of the 

Intergovernmental Panel on Climate Change. Cambridge University Press, Cambridge, UK 

and New York, NY,  

Isenring R (2010) Pesticides and the loss of biodiversity: How intensive pesticide use affects 

wildlife populations and species diversity.  . In: Network PA (Ed) Pesticides News, London, 2-

12 pp. 

IUCN,  UNEP-WCMC (2017) The World Database on Protected Areas (WDPA) In: World U, 

Centre CM (Eds), Cambridge (UK),  pp. doi:www.protectedplanet.net 

James SA, Soltis PS, Belbin L, Chapman AD, Nelson G, Paul DL, Collins M (2018) Herbarium 

data: Global biodiversity and societal botanical needs for novel research. Applications in 

Plant Sciences 6: e1024. doi:10.1002/aps3.1024 

Janzen DH (1970) Herbivores and the Number of Tree Species in Tropical Forests. The 

American Naturalist 104: 501-528. doi:10.1086/282687 

Jarvis A, Reuter HI, Nelson A, Guevara E (2008) Hole-filled  seamless SRTM data V4.  pp. 

Jonsson M, Bommarco R, Ekbom B, Smith HG, Bengtsson J, Caballero‐Lopez B, Winqvist C, 

Olsson O (2014) Ecological production functions for biological control services in 

agricultural landscapes. Methods in Ecology and Evolution 5: 243-252. 

doi:doi:10.1111/2041-210X.12149 

Jordano P,  Godoy JA (2002) 20 Frugivore-generated seed shadows: a landscape view of 

demographic and genetic effects. In: Levey D, Silva W, Galetti M (Eds) Seed dispersal and 

http://dx.doi.org/10.1016/j.ecolecon.2005.11.007
http://webarchiveiiasaacat/Research/LUC/GAEZv30/
https://doi.org/10.5281/zenodo.3237392
www.protectedplanet.net


 

216 
 

frugivory: ecology, evolution, and conservation. CAB International Wallingford, UK, 305–

321 

Kaimowitz D,  Angelsen A (1998) Economic models of tropical deforestation: a review. Center 

for International Forestry Research, Bogor, pp. 

Kaluza BF, Wallace H, Heard TA, Klein A-M, Leonhardt SD (2016) Urban gardens promote bee 

foraging over natural habitats and plantations. Ecology and Evolution 6: 1304-1316. 

doi:10.1002/ece3.1941 

Karp DS,  Daily GC (2014) Cascading effects of insectivorous birds and bats in tropical coffee 

plantations. Ecology 95: 1065-1074. doi:10.1890/13-1012.1 

Kerr JT, Pindar A, Galpern P, Packer L, Potts SG, Roberts SM, Rasmont P, Schweiger O, Colla SR, 

Richardson LL, Wagner DL, Gall LF, Sikes DS, Pantoja A (2015) Climate change impacts on 

bumblebees converge across continents. Science 349: 177-180. 

doi:http://doi.org/10.1126/science.aaa7031 

Klein A-M, Cunningham SA, Bos M, Steffan-Dewenter I (2008) Advances in pollination ecology 

from tropical plantation crops. Ecology 89: 935-943. doi:http://doi.org/10.1890/07-0088.1 

Klein A-M, Vaissière BE, Cane JH, Steffan-Dewenter I, Cunningham SA, Kremen C, Tscharntke T 

(2007) Importance of pollinators in changing landscapes for world crops. Proceedings of the 

Royal Society of London B: Biological Sciences 274: 303-313. 

doi:http://doi.org/10.1098/rspb.2006.3721 

Klein EK, Bontemps A,  Oddou-Muratorio S (2013) Seed dispersal kernels estimated from 

genotypes of established seedlings: does density-dependent mortality matter? Methods in 

Ecology and Evolution 4: 1059-1069. doi:10.1111/2041-210x.12110 

Kleyheeg E, Fiedler W, Safi K, Waldenström J, Wikelski M, van Toor ML (2019) A 

Comprehensive Model for the Quantitative Estimation of Seed Dispersal by Migratory 

Mallards. Frontiers in Ecology and Evolution 7. doi:10.3389/fevo.2019.00040 

Koh LP,  Ghazoul J (2010) Spatially explicit scenario analysis for reconciling agricultural 

expansion, forest protection, and carbon conservation in Indonesia. Proceedings of the 

National Academy of Sciences 107: 11140-11144. doi:10.1073/pnas.1000530107 

Kremen C (2005) Managing ecosystem services: what do we need to know about their 

ecology? Ecology Letters 8: 468-479. doi:10.1111/j.1461-0248.2005.00751.x 

Kremen C, Williams NM, Aizen MA, Gemmill-Herren B, LeBuhn G, Minckley R, Packer L, Potts 

SG, Roulston Ta, Steffan-Dewenter I, Vázquez DP, Winfree R, Adams L, Crone EE, Greenleaf 

SS, Keitt TH, Klein A-M, Regetz J, Ricketts TH (2007) Pollination and other ecosystem 

http://doi.org/10.1126/science.aaa7031
http://doi.org/10.1890/07-0088.1
http://doi.org/10.1098/rspb.2006.3721


 

217 
 

services produced by mobile organisms: a conceptual framework for the effects of land-use 

change. Ecology Letters 10: 299-314. doi:http://doi.org/10.1111/j.1461-0248.2007.01018.x 

Kremen C, Williams NM, Bugg RL, Fay JP, Thorp RW (2004) The area requirements of an 

ecosystem service: crop pollination by native bee communities in California. Ecology Letters 

7: 1109-1119. doi:http://doi.org/10.1111/j.1461-0248.2004.00662.x 

Kremen C, Williams NM,  Thorp RW (2002) Crop pollination from native bees at risk from 

agricultural intensification. Proceedings of the National Academy of Sciences 99: 16812-

16816. doi:http://doi.org/10.1073/pnas.262413599 

Kroder S, Samietz J,  Dorn S (2006) Effect of ambient temperature on mechanosensory host 

location in two parasitic wasps of different climatic origin. Physiological Entomology 31: 

299-305. doi:10.1111/j.1365-3032.2006.00515.x 

Kubiszewski I, Costanza R, Anderson S, Sutton P (2017) The future value of ecosystem services: 

Global scenarios and national implications. Ecosystem Services 26: 289-301. 

doi:https://doi.org/10.1016/j.ecoser.2017.05.004 

Lambin EF, Geist HJ,  Lepers E (2003) Dynamics of land-use and land-cover change in tropical 

regions. Annual Review of Environment and Resources 28: 205-241. 

doi:doi:10.1146/annurev.energy.28.050302.105459 

Lander TA, Harris SA,  Boshier DH (2009) Flower and fruit production and insect pollination of 

the endangered Chilean tree, Gomortega keule in native forest, exotic pine plantation and 

agricultural environments. Revista chilena de historia natural 82: 403-412 

Langanke T, Herrmann D, Ramminger G, Buzzo G, Berndt F (2017) Copernicus Land Monitoring 

Service – High Resolution Layer Forest. European Environment Agency,  pp. 

doi:https://land.copernicus.eu/pan-european/high-resolution-layers 

Laurance WF, Carolina Useche D, Rendeiro J, Kalka M, Bradshaw CJA, Sloan SP, Laurance SG, 

Campbell M, Abernethy K, Alvarez P, Arroyo-Rodriguez V, Ashton P, Benítez-Malvido J, Blom 

A, Bobo KS, Cannon CH, Cao M, Carroll R, Chapman C, Coates R, Cords M, Danielsen F, De 

Dijn B, Dinerstein E, Donnelly MA, Edwards D, Edwards F, Farwig N, Fashing P, Forget P-M, 

Foster M, Gale G, Harris D, Harrison R, Hart J, Karpanty S, John Kress W, Krishnaswamy J, 

Logsdon W, Lovett J, Magnusson W, Maisels F, Marshall AR, McClearn D, Mudappa D, 

Nielsen MR, Pearson R, Pitman N, van der Ploeg J, Plumptre A, Poulsen J, Quesada M, 

Rainey H, Robinson D, Roetgers C, Rovero F, Scatena F, Schulze C, Sheil D, Struhsaker T, 

Terborgh J, Thomas D, Timm R, Nicolas Urbina-Cardona J, Vasudevan K, Joseph Wright S, 

Carlos Arias-G J, Arroyo L, Ashton M, Auzel P, Babaasa D, Babweteera F, Baker P, Banki O, 

Bass M, Bila-Isia I, Blake S, Brockelman W, Brokaw N, Brühl CA, Bunyavejchewin S, Chao J-T, 

http://doi.org/10.1111/j.1461-0248.2007.01018.x
http://doi.org/10.1111/j.1461-0248.2004.00662.x
http://doi.org/10.1073/pnas.262413599
https://doi.org/10.1016/j.ecoser.2017.05.004
https://land.copernicus.eu/pan-european/high-resolution-layers


 

218 
 

Chave J, Chellam R, Clark CJ, Clavijo J, Congdon R, Corlett R, Dattaraja HS, Dave C, Davies G, 

de Mello Beisiegel B, de Nazaré Paes da Silva R, Di Fiore A, Diesmos A, Dirzo R, Doran-

Sheehy D, Eaton M, Emmons L, Estrada A, Ewango C, Fedigan L, Feer F, Fruth B, Giacalone 

Willis J, Goodale U, Goodman S, Guix JC, Guthiga P, Haber W, Hamer K, Herbinger I, Hill J, 

Huang Z, Fang Sun I, Ickes K, Itoh A, Ivanauskas N, Jackes B, Janovec J, Janzen D, Jiangming 

M, Jin C, Jones T, Justiniano H, Kalko E, Kasangaki A, Killeen T, King H-b, Klop E, Knott C, 

Koné I, Kudavidanage E, Lahoz da Silva Ribeiro J, Lattke J, Laval R, Lawton R, Leal M, 

Leighton M, Lentino M, Leonel C, Lindsell J, Ling-Ling L, Eduard Linsenmair K, Losos E, Lugo 

A, Lwanga J, Mack AL, Martins M, Scott McGraw W, McNab R, Montag L, Myers Thompson 

J, Nabe-Nielsen J, Nakagawa M, Nepal S, Norconk M, Novotny V, O'Donnell S, Opiang M, 

Ouboter P, Parker K, Parthasarathy N, Pisciotta K, Prawiradilaga D, Pringle C, Rajathurai S, 

Reichard U, Reinartz G, Renton K, Reynolds G, Reynolds V, Riley E, Rödel M-O, Rothman J, 

Round P, Sakai S, Sanaiotti T, Savini T, Schaab G, Seidensticker J, Siaka A, Silman MR, Smith 

TB, de Almeida SS, Sodhi N, Stanford C, Stewart K, Stokes E, Stoner KE, Sukumar R, Surbeck 

M, Tobler M, Tscharntke T, Turkalo A, Umapathy G, van Weerd M, Vega Rivera J, 

Venkataraman M, Venn L, Verea C, Volkmer de Castilho C, Waltert M, Wang B, Watts D, 

Weber W, West P, Whitacre D, Whitney K, Wilkie D, Williams S, Wright DD, Wright P, 

Xiankai L, Yonzon P,  Zamzani F (2012) Averting biodiversity collapse in tropical forest 

protected areas. Nature 489: 290. doi:http://doi.org/10.1038/nature11318 

Lavelle P, Decaëns T, Aubert M, Barot S, Blouin M, Bureau F, Margerie P, Mora P, Rossi JP 

(2006) Soil invertebrates and ecosystem services. European Journal of Soil Biology 42: S3-

S15. doi:https://doi.org/10.1016/j.ejsobi.2006.10.002 

Leff B, Ramankutty N,  Foley JA (2004) Geographic distribution of major crops across the world. 

Global Biogeochemical Cycles 18: n/a-n/a. doi:http://doi.org/10.1029/2003GB002108 

Letourneau DK, Bothwell Allen SG, Kula RR, Sharkey MJ, Stireman III JO (2015) Habitat 

eradication and cropland intensification may reduce parasitoid diversity and natural pest 

control services in annual crop fields. Elementa: Science of the Anthropocene 3: 69. 

doi:10.12952/journal.elementa.000069 

Levey DJ, Bolker BM, Tewksbury JJ, Sargent S, Haddad NM (2005) Effects of Landscape 

Corridors on Seed Dispersal by Birds. Science 309: 146. doi:10.1126/science.1111479 

Levey DJ, Tewksbury JJ,  Bolker BM (2008) Modelling long-distance seed dispersal in 

heterogeneous landscapes. Journal of Ecology 96: 599-608. doi:10.1111/j.1365-

2745.2008.01401.x 

http://doi.org/10.1038/nature11318
https://doi.org/10.1016/j.ejsobi.2006.10.002
http://doi.org/10.1029/2003GB002108


 

219 
 

Levie A, Legrand M-A, Dogot P, Pels C, Baret PV, Hance T (2005) Mass releases of Aphidius 

rhopalosiphi (Hymenoptera: Aphidiinae), and strip management to control of wheat aphids. 

Agriculture, Ecosystems & Environment 105: 17-21. 

doi:https://doi.org/10.1016/j.agee.2004.06.004 

Lewis SL,  Maslin MA (2015) Defining the Anthropocene. Nature 519: 171-180. 

doi:10.1038/nature14258 

Lin S, Wu R, Yang F, Wang J, Wu W (2018) Spatial trade-offs and synergies among ecosystem 

services within a global biodiversity hotspot. Ecological Indicators 84: 371-381. 

doi:https://doi.org/10.1016/j.ecolind.2017.09.007 

Loiselle BA,  Blake JG (1992) Population Variation in a Tropical Bird Community. Bioscience 42: 

838-845. doi:10.2307/1312083 

Lonsdorf E, Kremen C, Ricketts T, Winfree R, Williams N, Greenleaf S (2009) Modelling 

pollination services across agricultural landscapes. Annals of Botany 103: 1589-1600. 

doi:http://doi.org/10.1093/aob/mcp069 

Lotka A (1925) Elements of physical biology. Williams and Wilkins, Baltimore, pp. 

Luck GW, Daily GC,  Ehrlich PR (2003) Population diversity and ecosystem services. Trends in 

Ecology & Evolution 18: 331-336. doi:http://dx.doi.org/10.1016/S0169-5347(03)00100-9 

Luck GW, Harrington R, Harrison PA, Kremen C, Berry PM, Bugter R, Dawson TP, Bello Fd, Díaz 

S, Feld CK, Haslett JR, Hering D, Kontogianni A, Lavorel S, Rounsevell M, Samways MJ, 

Sandin L, Settele J, Sykes MT, Hove Svd, Vandewalle M, Zobel M (2009) Quantifying the 

Contribution of Organisms to the Provision of Ecosystem Services. Bioscience 59: 223-235. 

doi:10.1525/bio.2009.59.3.7 

Lund HG (2018) Definitions of forest, deforestation, afforestation, and reforestation (2006  

update). Forest Information Services Gainesville, VA, pp. doi:10.13140/RG.2.1.2364.9760 

MA (2005) Ecosystems and Human Well-being: Synthesis. Millennium Ecosystem Assessment‚ 

Island Press, Washington, DC,  pp. 

Maas B, Clough Y,  Tscharntke T (2013) Bats and birds increase crop yield in tropical 

agroforestry landscapes. Ecology Letters 16: 1480-1487. doi:10.1111/ele.12194 

Mace GM, Norris K,  Fitter AH (2012) Biodiversity and ecosystem services: a multilayered 

relationship. Trends in Ecology & Evolution 27: 19-26. 

doi:http://dx.doi.org/10.1016/j.tree.2011.08.006 

Macías-Macías JO, Quezada-Euán JJG, Contreras-Escareño F, Tapia-Gonzalez JM, Moo-Valle H, 

Ayala R (2011) Comparative temperature tolerance in stingless bee species from tropical 

https://doi.org/10.1016/j.agee.2004.06.004
https://doi.org/10.1016/j.ecolind.2017.09.007
http://doi.org/10.1093/aob/mcp069
http://dx.doi.org/10.1016/S0169-5347(03)00100-9
http://dx.doi.org/10.1016/j.tree.2011.08.006


 

220 
 

highlands and lowlands of Mexico and implications for their conservation (Hymenoptera: 

Apidae: Meliponini). Apidologie 42: 679-689. doi:10.1007/s13592-011-0074-0 

MacMillan HA,  Sinclair BJ (2011) Mechanisms underlying insect chill-coma. Journal of Insect 

Physiology 57: 12-20. doi:http://dx.doi.org/10.1016/j.jinsphys.2010.10.004 

Mahmoudi S, Sheykhi Ilanloo S, Keyvanloo Shahrestanaki A, Valizadegan N, Yousefi M (2016) 

Effect of human-induced forest edges on the understory bird community in Hyrcanian 

forests in Iran: Implication for conservation and management. Forest Ecology and 

Management 382: 120-128. doi:https://doi.org/10.1016/j.foreco.2016.10.011 

Maiorano L, Falcucci A,  Boitani L (2008) Size-dependent resistance of protected areas to land-

use change. Proceedings of the Royal Society B: Biological Sciences 275: 1297-1304. 

doi:http://doi.org/doi:10.1098/rspb.2007.1756 

Mallinger RE,  Gratton C (2015) Species richness of wild bees, but not the use of managed 

honeybees, increases fruit set of a pollinator-dependent crop. Journal of Applied Ecology 

52: 323-330. doi:http://doi.org/10.1111/1365-2664.12377 

Manson SM (2000) Agent-based dynamic spatial simulation of land-use/cover change: 

methodological aspects.  4th International Conference on Integrating GIS and 

Environmental Modeling: Problems, Prospects and Research Needs, Banff, Alberta, Canada,  

pp. 

Martin LJ, Blossey B,  Ellis E (2012) Mapping where ecologists work: biases in the global 

distribution of terrestrial ecological observations. Frontiers in Ecology and the Environment 

10: 195-201. doi:10.1890/110154 

Martínez-Harms MJ,  Balvanera P (2012) Methods for mapping ecosystem service supply: a 

review. International Journal of Biodiversity Science, Ecosystem Services & Management 8: 

17-25. doi:10.1080/21513732.2012.663792 

Martínez ML, Pérez-Maqueo O, Vázquez G, Castillo-Campos G, García-Franco J, Mehltreter K, 

Equihua M, Landgrave R (2009) Effects of land use change on biodiversity and ecosystem 

services in tropical montane cloud forests of Mexico. Forest Ecology and Management 258: 

1856-1863. doi:http://dx.doi.org/10.1016/j.foreco.2009.02.023 

McConkey KR,  Drake DR (2006) Flying Foxes Cease to Function as Seed Dispersers Long before 

They Become Rare. Ecology 87: 271-276 

Meiyappan P, Dalton M, O’Neill BC, Jain AK (2014) Spatial modeling of agricultural land use 

change at global scale. Ecological Modelling 291: 152-174. 

doi:http://dx.doi.org/10.1016/j.ecolmodel.2014.07.027 

http://dx.doi.org/10.1016/j.jinsphys.2010.10.004
https://doi.org/10.1016/j.foreco.2016.10.011
http://doi.org/doi:10.1098/rspb.2007.1756
http://doi.org/10.1111/1365-2664.12377
http://dx.doi.org/10.1016/j.foreco.2009.02.023
http://dx.doi.org/10.1016/j.ecolmodel.2014.07.027


 

221 
 

Mellanby K (1939) Low Temperature and Insect Activity. Proceedings of the Royal Society of 

London B: Biological Sciences 127: 473-487. doi:https://doi.org/10.1098/rspb.1939.0035 

Messina JP,  Wash SJ (2000) The application of a cellular automaton model for predicting 

deforestation: patterns and processes of LULCC in the Ecuadorian, Amazon. In:  4th 

International Conference on Integrating GIS and Environmental Modeling: Problems, 

Prospects and Research Need. Banff, Alberta, Canada,  pp. 

Mills NJ,  Getz WM (1996) Modelling the biological control of insect pests: a review of host-

parasitoid models. Ecological Modelling 92: 121-143. doi:https://doi.org/10.1016/0304-

3800(95)00177-8 

Moonen AC, Bocci G, Bartual AM, Albrecht M, Sutter L (2016) Beneficials database 

management and scoring system development. EU FP7 QUESSA project Deliverable. 55 pp. 

doi: 

http://docs.wixstatic.com/ugd/3ccd8367154bd3e2314acf9c8a080e8d4b7925.pdf?index=tr

ue 

Mooney H, Larigauderie A, Cesario M, Elmquist T, Hoegh-Guldberg O, Lavorel S, Mace GM, 

Palmer M, Scholes R, Yahara T (2009) Biodiversity, climate change, and ecosystem services. 

Current Opinion in Environmental Sustainability 1: 46-54. 

doi:https://doi.org/10.1016/j.cosust.2009.07.006 

Morandin LA,  Winston ML (2006) Pollinators provide economic incentive to preserve natural 

land in agroecosystems. Agriculture, Ecosystems & Environment 116: 289-292. 

doi:http://dx.doi.org/10.1016/j.agee.2006.02.012 

Mouchet MA, Lamarque P, Martín-López B, Crouzat E, Gos P, Byczek C, Lavorel S (2014) An 

interdisciplinary methodological guide for quantifying associations between ecosystem 

services. Global Environmental Change 28: 298-308. 

doi:https://doi.org/10.1016/j.gloenvcha.2014.07.012 

Mulligan M (2015a) Trading off agriculture with nature’s other benefits, spatially. In: Zolin CA, 

Rodrigues RdAR (Eds) Impact of climate change on water resources in agriculture , . CRC 

Press, Boca Raton, 184-204. doi:10.1201/b18652-10 

Mulligan M (2015b) Tropical agriculturalisation: scenarios, their environmental impacts and 

the role of climate change in determining water-for-food, locally and along supply chains. 

Food Security 7: 1133-1152. doi:http://doi.org/10.1007/s12571-015-0506-1 

Mulligan M, Guerry A, Arkema K, Bagstad K, Villa F (2010) Capturing and quantifying the flow 

of ecosystem services. In: Silvestri S, Kershaw F (Eds) Framing the flow: innovative 

approaches to understand, protect and value ecosystem services across linked habitats. 

https://doi.org/10.1098/rspb.1939.0035
https://doi.org/10.1016/0304-3800(95)00177-8
https://doi.org/10.1016/0304-3800(95)00177-8
http://docs.wixstatic.com/ugd/3ccd8367154bd3e2314acf9c8a080e8d4b7925.pdf?index=true
http://docs.wixstatic.com/ugd/3ccd8367154bd3e2314acf9c8a080e8d4b7925.pdf?index=true
https://doi.org/10.1016/j.cosust.2009.07.006
http://dx.doi.org/10.1016/j.agee.2006.02.012
https://doi.org/10.1016/j.gloenvcha.2014.07.012
http://doi.org/10.1007/s12571-015-0506-1


 

222 
 

UNEP World Conservation Monitoring Centre Cambridge, 26-33. 

doi:https://portals.iucn.org/library/sites/library/files/documents/Bios-Eco-Mar-Cst-007.pdf  

Myers N, Mittermeier RA, Mittermeier CG, da Fonseca GAB, Kent J (2000) Biodiversity hotspots 

for conservation priorities. Nature 403: 853-858. 

doi:http://www.nature.com/nature/journal/v403/n6772/suppinfo/403853a0_S1.html 

Myrick S, Norton GW, Selvaraj KN, Natarajan K, Muniappan R (2014) Economic impact of 

classical biological control of papaya mealybug in India. Crop Protection 56: 82-86. 

doi:https://doi.org/10.1016/j.cropro.2013.10.023 

Naidoo R, Balmford A, Costanza R, Fisher B, Green RE, Lehner B, Malcolm TR, Ricketts TH 

(2008) Global mapping of ecosystem services and conservation priorities. Proceedings of 

the National Academy of Sciences 105: 9495-9500. 

doi:http://doi.org/10.1073/pnas.0707823105 

Nakicenovic N, Alcamo J, Grubler A, Riahi K, Roehrl R, Rogner H-H, Victor N (2000) Special 

report on emissions scenarios (SRES), a special report of Working Group III of the 

intergovernmental panel on climate change. Cambridge University Press, pp. 

Nathan R (2006) Long-Distance Dispersal of Plants. Science 313: 786. 

doi:10.1126/science.1124975 

Naughton-Treves L,  Treves A (2005) Socio-ecological factors shaping local support for wildlife: 

crop-raiding by elephants and other wildlife in Africa. Conservation Biology Series 

Cambridge 9: 252 

NC (2012) The Nature Conservancy Terrestrial Ecoregions. The Nature Conservancy. The 

Nature Conservancy, Arlington, VA,  pp. doi:http://maps.tnc.org/gis_data.html 

Negret PJ, Sonter L, Watson JEM, Possingham HP, Jones KR, Suarez C, Ochoa-Quintero JM, 

Maron M (2019) Emerging evidence that armed conflict and coca cultivation influence 

deforestation patterns. Biological Conservation: 108176. 

doi:https://doi.org/10.1016/j.biocon.2019.07.021 

Newbold T, Hudson LN, Hill SLL, Contu S, Lysenko I, Senior RA, Borger L, Bennett DJ, Choimes A, 

Collen B, Day J, De Palma A, Diaz S, Echeverria-Londono S, Edgar MJ, Feldman A, Garon M, 

Harrison MLK, Alhusseini T, Ingram DJ, Itescu Y, Kattge J, Kemp V, Kirkpatrick L, Kleyer M, 

Correia DLP, Martin CD, Meiri S, Novosolov M, Pan Y, Phillips HRP, Purves DW, Robinson A, 

Simpson J, Tuck SL, Weiher E, White HJ, Ewers RM, Mace GM, Scharlemann JPW, Purvis A 

(2015) Global effects of land use on local terrestrial biodiversity. Nature 520: 45-50 

Nicholson AJ,  Bailey VA (1935) The Balance of Animal Populations.—Part I. Proceedings of the 

Zoological Society of London 105: 551-598. doi:10.1111/j.1096-3642.1935.tb01680.x 

https://portals.iucn.org/library/sites/library/files/documents/Bios-Eco-Mar-Cst-007.pdf
http://www.nature.com/nature/journal/v403/n6772/suppinfo/403853a0_S1.html
https://doi.org/10.1016/j.cropro.2013.10.023
http://doi.org/10.1073/pnas.0707823105
http://maps.tnc.org/gis_data.html
https://doi.org/10.1016/j.biocon.2019.07.021


 

223 
 

Notaro M, Vavrus S,  Liu Z (2007) Global Vegetation and Climate Change due to Future 

Increases in CO2 as Projected by a Fully Coupled Model with Dynamic Vegetation. Journal 

of Climate 20: 70-90. doi:http://doi.org/10.1175/jcli3989.1 

Nwilene FE, Nwanze KF,  Youdeowei A (2008) Impact of integrated pest management on food 

and horticultural crops in Africa. Entomologia Experimentalis et Applicata 128: 355-363. 

doi:10.1111/j.1570-7458.2008.00744.x 

Ollerton J (2017) Pollinator Diversity: Distribution, Ecological Function, and Conservation. 

Annual Review of Ecology, Evolution, and Systematics 48: 353-376. 

doi:http://doi.org/10.1146/annurev-ecolsys-110316-022919 

Oreskes N (2003) The role of quantitative models in science In: Canham C, Cole J, Lauenroth W 

(Eds) Models in ecosystem science. Princeton University Press, Princeton, 13-31 

Ovaskainen O (2002) Long-Term Persistence of Species and the SLOSS Problem. Journal of 

Theoretical Biology 218: 419-433. doi:https://doi.org/10.1006/jtbi.2002.3089 

Paoli C, Montefalcone M, Morri C, Vassallo P, Bianchi CN (2017) Ecosystem functions and 

services of the marine animal forests. In: S. Rossi, L. Bramanti, A. Gori, Saco del Valle CO 

(Eds) Marine animal forests: The ecology of benthic biodiversity hotspots. Springer 

International, Cham, Switzerland, 1271-1312 

Parks SA,  Harcourt AH (2002) Reserve Size, Local Human Density, and Mammalian Extinctions 

in U.S. Protected Areas. Conservation Biology 16: 800-808. 

doi:http://doi.org/10.1046/j.1523-1739.2002.00288.x 

Pearson RG,  Dawson TP (2005) Long-distance plant dispersal and habitat fragmentation: 

identifying conservation targets for spatial landscape planning under climate change. 

Biological Conservation 123: 389-401. doi:https://doi.org/10.1016/j.biocon.2004.12.006 

Pérez-Méndez N, Jordano P, García C, Valido A (2016) The signatures of Anthropocene 

defaunation: cascading effects of the seed dispersal collapse. Scientific Reports 6: 24820. 

doi:10.1038/srep24820 https://www.nature.com/articles/srep24820#supplementary-

information 

Petz K,  van Oudenhoven APE (2012) Modelling land management effect on ecosystem 

functions and services: a study in the Netherlands. International Journal of Biodiversity 

Science, Ecosystem Services & Management 8: 135-155. 

doi:10.1080/21513732.2011.642409 

Pimentel D, Wilson C, McCullum C, Huang R, Dwen P, Flack J, Tran Q, Saltman T, Cliff B (1997) 

Economic and Environmental Benefits of Biodiversity. Bioscience 47: 747-757. 

doi:10.2307/1313097 

http://doi.org/10.1175/jcli3989.1
http://doi.org/10.1146/annurev-ecolsys-110316-022919
https://doi.org/10.1006/jtbi.2002.3089
http://doi.org/10.1046/j.1523-1739.2002.00288.x
https://doi.org/10.1016/j.biocon.2004.12.006
https://www.nature.com/articles/srep24820#supplementary-information
https://www.nature.com/articles/srep24820#supplementary-information


 

224 
 

Pinto-Ledezma JN, Larkin DJ,  Cavender-Bares J (2018) Patterns of Beta Diversity of Vascular 

Plants and Their Correspondence With Biome Boundaries Across North America. Frontiers 

in Ecology and Evolution 6: 194 

Potschin M,  Haines-Young R (2017) Linking people and nature: Socio-ecological systems. In: 

Burkhard B, Maes J (Eds) Mapping Ecosystem Services. Pensoft Publishers, Sofia, 41-43. 

doi:https://doi.org/10.3897/ab.e12837 

Potts SG, Biesmeijer JC, Kremen C, Neumann P, Schweiger O, Kunin WE (2010) Global 

pollinator declines: trends, impacts and drivers. Trends in Ecology & Evolution 25: 345-353. 

doi:http://dx.doi.org/10.1016/j.tree.2010.01.007 

Potts SG, Ngo HT, Biesmeijer JC, Breeze TD, Dicks LV, Garibaldi LA, Hill R, Settele J, Vanbergen A 

(2016) The assessment report of the Intergovernmental Science-Policy Platform on 

Biodiversity and Ecosystem Services on pollinators, pollination and food production. 

doi:https://ipbes.net/assessment-reports/pollinators 

Potts SG, Vulliamy B, Roberts S, O'Toole C, Dafni A, Ne'eman G, Willmer P (2005) Role of 

nesting resources in organising diverse bee communities in a Mediterranean landscape. 

Ecological Entomology 30: 78-85. doi:http://doi.org/10.1111/j.0307-6946.2005.00662.x 

Prestele R, Alexander P, Rounsevell MDA, Arneth A, Calvin K, Doelman J, Eitelberg DA, 

Engström K, Fujimori S, Hasegawa T, Havlik P, Humpenöder F, Jain AK, Krisztin T, Kyle P, 

Meiyappan P, Popp A, Sands RD, Schaldach R, Schüngel J, Stehfest E, Tabeau A, Van Meijl H, 

Van Vliet J, Verburg PH (2016) Hotspots of uncertainty in land-use and land-cover change 

projections: a global-scale model comparison. Global Change Biology 22: 3967-3983. 

doi:10.1111/gcb.13337 

Rader R, Bartomeus I, Garibaldi LA, Garratt MPD, Howlett BG, Winfree R, Cunningham SA, 

Mayfield MM, Arthur AD, Andersson GKS, Bommarco R, Brittain C, Carvalheiro LG, Chacoff 

NP, Entling MH, Foully B, Freitas BM, Gemmill-Herren B, Ghazoul J, Griffin SR, Gross CL, 

Herbertsson L, Herzog F, Hipólito J, Jaggar S, Jauker F, Klein A-M, Kleijn D, Krishnan S, Lemos 

CQ, Lindström SAM, Mandelik Y, Monteiro VM, Nelson W, Nilsson L, Pattemore DE, de O. 

Pereira N, Pisanty G, Potts SG, Reemer M, Rundlöf M, Sheffield CS, Scheper J, Schüepp C, 

Smith HG, Stanley DA, Stout JC, Szentgyörgyi H, Taki H, Vergara CH, Viana BF, 

Woyciechowski M (2016) Non-bee insects are important contributors to global crop 

pollination. Proceedings of the National Academy of Sciences 113: 146. 

doi:http://doi.org/10.1073/pnas.1517092112 

https://doi.org/10.3897/ab.e12837
http://dx.doi.org/10.1016/j.tree.2010.01.007
https://ipbes.net/assessment-reports/pollinators
http://doi.org/10.1111/j.0307-6946.2005.00662.x
http://doi.org/10.1073/pnas.1517092112


 

225 
 

Railsback SF,  Johnson MD (2014) Effects of land use on bird populations and pest control 

services on coffee farms. Proceedings of the National Academy of Sciences 111: 6109-6114. 

doi:10.1073/pnas.1320957111 

Rasmussen I,  Brødsgaard B (1992) Gene flow inferred from seed dispersal and pollinator 

behaviour compared to DNA analysis of restriction site variation in a patchy population of 

Lotus corniculatus L. Oecologia 89: 277-283. doi:https://doi.org/10.1007/BF00317228 

Raymond CM, Bryan BA, MacDonald DH, Cast A, Strathearn S, Grandgirard A, Kalivas T (2009) 

Mapping community values for natural capital and ecosystem services. Ecological 

Economics 68: 1301-1315. doi:https://doi.org/10.1016/j.ecolecon.2008.12.006 

Rega C, Bartual AM, Bocci G, Sutter L, Albrecht M, Moonen A-C, Jeanneret P, van der Werf W, 

Pfister SC, Holland JM, Paracchini ML (2018) A pan-European model of landscape potential 

to support natural pest control services. Ecological Indicators 90: 653-664. 

doi:https://doi.org/10.1016/j.ecolind.2018.03.075 

Reich PB (1995) Phenology of tropical forests: patterns, causes, and consequences. Canadian 

Journal of Botany 73: 164-174. doi:https://doi.org/10.1139/b95-020 

Reymondin L, Jarvis A, Perez-Uribe A, Touval J, Argote K, Rebetez J, Guevara E, Mulligan M 

(2012) A methodology for near real-time monitoring of habitat change at continental scales 

using MODIS-NDVI and TRMM. Available: www.terra-i.org 

Ricketts TH (2001) The Matrix Matters: Effective Isolation in Fragmented Landscapes. The 

American Naturalist 158: 87-99. doi:http://doi.org/10.1086/320863 

Ricketts TH (2004) Tropical Forest Fragments Enhance Pollinator Activity in Nearby Coffee 

Crops. Conservation Biology 18: 1262-1271. doi:http://doi.org/10.1111/j.1523-

1739.2004.00227.x 

Ricketts TH, Daily GC, Ehrlich PR, Michener CD (2004) Economic value of tropical forest to 

coffee production. Proceedings of the National Academy of Sciences of the United States of 

America 101: 12579-12582. doi:http://doi.org/10.1073/pnas.0405147101 

Ricketts TH, Regetz J, Steffan-Dewenter I, Cunningham SA, Kremen C, Bogdanski A, Gemmill-

Herren B, Greenleaf SS, Klein AM, Mayfield MM, Morandin LA, Ochieng’ A, Viana BF (2008) 

Landscape effects on crop pollination services: are there general patterns? Ecology Letters 

11: 499-515. doi:http://doi.org/10.1111/j.1461-0248.2008.01157.x 

Roubik DW (1992) Ecology and natural history of tropical bees. Cambridge University Press, pp. 

Roubik DW (1995) Pollination of cultivated plants in the tropics. Food & Agriculture 

Organization, 193 pp. doi:http://www.fao.org/3/a-v5040e.pdf  

https://doi.org/10.1007/BF00317228
https://doi.org/10.1016/j.ecolecon.2008.12.006
https://doi.org/10.1016/j.ecolind.2018.03.075
https://doi.org/10.1139/b95-020
www.terra-i.org
http://doi.org/10.1086/320863
http://doi.org/10.1111/j.1523-1739.2004.00227.x
http://doi.org/10.1111/j.1523-1739.2004.00227.x
http://doi.org/10.1073/pnas.0405147101
http://doi.org/10.1111/j.1461-0248.2008.01157.x
http://www.fao.org/3/a-v5040e.pdf


 

226 
 

Runting RK, Bryan BA, Dee LE, Maseyk FJF, Mandle L, Hamel P, Wilson KA, Yetka K, Possingham 

HP, Rhodes JR (2017) Incorporating climate change into ecosystem service assessments and 

decisions: a review. Global Change Biology 23: 28-41. doi:http://doi.org/10.1111/gcb.13457 

Russo SE, Portnoy S,  Augspurger CK (2006) Incorporating animal behaviour into seed dispersal 

models: implications for seed shadows. Ecology 87: 3160-3174. doi:10.1890/0012-

9658(2006)87[3160:IABISD]2.0.CO;2 

Schneider A, Friedl MA,  Potere D (2009) A new map of global urban extent from MODIS 

satellite data. Environmental Research Letters 4: 044003. doi:10.1088/1748-

9326/4/4/044003 

Schweiger O, Biesmeijer JC, Bommarco R, Hickler T, Hulme PE, Klotz S, Kühn I, Moora M, 

Nielsen A, Ohlemüller R, Petanidou T, Potts SG, Pyšek P, Stout JC, Sykes MT, Tscheulin T, 

Vilà M, Walther GR, Westphal C, Winter M, Zobel M, Settele J (2010) Multiple stressors on 

biotic interactions: how climate change and alien species interact to affect pollination. 

Biological Reviews 85: 777-795. doi:http://doi.org/10.1111/j.1469-185X.2010.00125.x 

Senapathi D, Biesmeijer JC, Breeze TD, Kleijn D, Potts SG, Carvalheiro LG (2015a) Pollinator 

conservation—the difference between managing for pollination services and preserving 

pollinator diversity. Current Opinion in Insect Science 12: 93-101. 

doi:https://doi.org/10.1016/j.cois.2015.11.002 

Senapathi D, Carvalheiro LG, Biesmeijer JC, Dodson C-A, Evans RL, McKerchar M, Morton RD, 

Moss ED, Roberts SPM, Kunin WE, Potts SG (2015b) The impact of over 80 years of land 

cover changes on bee and wasp pollinator communities in England. Proceedings of the 

Royal Society of London B: Biological Sciences 282. 

doi:http://doi.org/10.1098/rspb.2015.0294 

Settele J, Bishop J,  Potts SG (2016) Climate change impacts on pollination. Nature Plants 2: 

16092. doi:http://doi.org/10.1038/nplants.2016.92 

Shackleton CM, Ruwanza S, Sinasson Sanni GK, Bennett S, De Lacy P, Modipa R, Mtati N, 

Sachikonye M, Thondhlana G (2016) Unpacking Pandora’s Box: Understanding and 

Categorising Ecosystem Disservices for Environmental Management and Human Wellbeing. 

Ecosystems 19: 587-600. doi:10.1007/s10021-015-9952-z 

Shafer SL, Bartlein PJ, Gray EM, Pelltier RT (2015) Projected Future Vegetation Changes for the 

Northwest United States and Southwest Canada at a Fine Spatial Resolution Using a 

Dynamic Global Vegetation Model. PloS One 10: e0138759. 

doi:http://doi.org/10.1371/journal.pone.0138759 

http://doi.org/10.1111/gcb.13457
http://doi.org/10.1111/j.1469-185X.2010.00125.x
https://doi.org/10.1016/j.cois.2015.11.002
http://doi.org/10.1098/rspb.2015.0294
http://doi.org/10.1038/nplants.2016.92
http://doi.org/10.1371/journal.pone.0138759


 

227 
 

Simberloff D,  Stiling P (1996) Risks of species introduced for biological control. Biological 

Conservation 78: 185-192. doi:https://doi.org/10.1016/0006-3207(96)00027-4 

Snowling SD,  Kramer JR (2001) Evaluating modelling uncertainty for model selection. 

Ecological Modelling 138: 17-30. doi:https://doi.org/10.1016/S0304-3800(00)00390-2 

Soares-Filho B, Rodrigues H,  Follador M (2013) A hybrid analytical-heuristic method for 

calibrating land-use change models. Environmental Modelling & Software 43: 80-87. 

doi:https://doi.org/10.1016/j.envsoft.2013.01.010 

Soares-Filho BS, Nepstad DC, Curran LM, Cerqueira GC, Garcia RA, Ramos CA, Voll E, McDonald 

A, Lefebvre P, Schlesinger P (2006) Modelling conservation in the Amazon basin. Nature 

440: 520-523. 

doi:http://www.nature.com/nature/journal/v440/n7083/suppinfo/nature04389_S1.html 

Soille P,  Vogt P (2009) Morphological segmentation of binary patterns. Pattern Recognition 

Letters 30: 456-459. doi:https://doi.org/10.1016/j.patrec.2008.10.015 

Song X-P, Hansen MC, Stehman SV, Potapov PV, Tyukavina A, Vermote EF, Townshend JR 

(2018) Global land change from 1982 to 2016. Nature 560: 639-643. doi:10.1038/s41586-

018-0411-9 

Stone GN (1993) Thermoregulation in four species of tropical solitary bees: the roles of size, 

sex and altitude. Journal of Comparative Physiology B 163: 317-326. 

doi:10.1007/BF00347782 

Sunderlin WD,  Resosudarmo IAP (1996) Rates and causes of deforestation in Indonesia: 

towards a resolution of the ambiguities. CIFOR, Indonesia, pp. doi:10.17528/cifor/000056 

Tallis H, Ricketts T, Guerry A, Nelson E, Ennaanay D, Wolny S, Olwero N, Vigerstol K, 

Pennington D, Mendoza G (2011) InVEST 2.1 beta User’s Guide. The Natural Capital Project. 

Stanford,  pp. 

Tjørve E (2010) How to resolve the SLOSS debate: Lessons from species-diversity models. 

Journal of Theoretical Biology 264: 604-612. doi:https://doi.org/10.1016/j.jtbi.2010.02.009 

Torné-Noguera A, Rodrigo A, Osorio S, Bosch J (2016) Collateral effects of beekeeping: Impacts 

on pollen-nectar resources and wild bee communities. Basic and Applied Ecology 17: 199-

209. doi:https://doi.org/10.1016/j.baae.2015.11.004 

Trimble MJ,  van Aarde RJ (2012) Geographical and taxonomic biases in research on 

biodiversity in human-modified landscapes. Ecosphere 3: art119. 

doi:http://doi.org/10.1890/es12-00299.1 

https://doi.org/10.1016/0006-3207(96)00027-4
https://doi.org/10.1016/S0304-3800(00)00390-2
https://doi.org/10.1016/j.envsoft.2013.01.010
http://www.nature.com/nature/journal/v440/n7083/suppinfo/nature04389_S1.html
https://doi.org/10.1016/j.patrec.2008.10.015
https://doi.org/10.1016/j.jtbi.2010.02.009
https://doi.org/10.1016/j.baae.2015.11.004
http://doi.org/10.1890/es12-00299.1


 

228 
 

Troudet J, Grandcolas P, Blin A, Vignes-Lebbe R, Legendre F (2017) Taxonomic bias in 

biodiversity data and societal preferences. Scientific Reports 7: 9132. doi:10.1038/s41598-

017-09084-6 

Tsendbazar N, Herold M, de Bruin S, Lesiv M, Fritz S, Van De Kerchove R, Buchhorn M, 

Duerauer M, Szantoi Z, Pekel J (2018) Developing and applying a multi-purpose land cover 

validation dataset for Africa. Remote Sensing of Environment 219: 298 - 309. 

doi:10.1016/j.rse.2018.10.025 

Turner B, Skole D, Sanderson S, Fischer G, Fresco L, Leemans R (1995) Land-use and land-cover 

change. Science/Research plan.  

UN-FCCC (2002) Report of the Conference of the Parties on its seventh session, held at 

Marrakesh from 29 October to 10 November 2001. Addendum. Part two: Action taken by 

the Conference of the Parties. Volume I.  pp. 

doi:https://unfccc.int/resource/docs/cop7/13a01.pdf 

van Vuuren DP, Edmonds J, Kainuma M, Riahi K, Thomson A, Hibbard K, Hurtt GC, Kram T, Krey 

V, Lamarque J-F, Masui T, Meinshausen M, Nakicenovic N, Smith SJ, Rose SK (2011) The 

representative concentration pathways: an overview. Climatic Change 109: 5. 

doi:http://doi.org/10.1007/s10584-011-0148-z 

Vander Wall SB,  Longland WS (2004) Diplochory: are two seed dispersers better than one? 

Trends in Ecology & Evolution 19: 155-161. doi:https://doi.org/10.1016/j.tree.2003.12.004 

Verburg PH, Schot PP, Dijst MJ, Veldkamp A (2004) Land use change modelling: current 

practice and research priorities. Geojournal 61: 309-324. doi:10.1007/s10708-004-4946-y 

Verburg PH, Soepboer W, Veldkamp A, Limpiada R, Espaldon V, Mastura SSA (2002) Modeling 

the Spatial Dynamics of Regional Land Use: The CLUE-S Model. Environmental Management 

30: 391-405. doi:10.1007/s00267-002-2630-x 

Villa F, Bagstad KJ, Voigt B, Johnson GW, Portela R, Honzák M, Batker D (2014) A Methodology 

for Adaptable and Robust Ecosystem Services Assessment. PloS One 9: e91001. 

doi:http://doi.org/10.1371/journal.pone.0091001 

Volterra V (1926) Fluctuations in the Abundance of a Species considered Mathematically1. 

Nature 118: 558-560. doi:10.1038/118558a0 

Vorosmarty CJ, McIntyre PB, Gessner MO, Dudgeon D, Prusevich A, Green P, Glidden S, Bunn 

SE, Sullivan CA, Liermann CR, Davies PM (2010) Global threats to human water security and 

river biodiversity. Nature 467: 555-561. doi:https://doi.org/10.1038/nature09440 

Wallace KJ (2007) Classification of ecosystem services: Problems and solutions. Biological 

Conservation 139: 235-246. doi:http://dx.doi.org/10.1016/j.biocon.2007.07.015 

https://unfccc.int/resource/docs/cop7/13a01.pdf
http://doi.org/10.1007/s10584-011-0148-z
https://doi.org/10.1016/j.tree.2003.12.004
http://doi.org/10.1371/journal.pone.0091001
https://doi.org/10.1038/nature09440
http://dx.doi.org/10.1016/j.biocon.2007.07.015


 

229 
 

Walther-Hellwig K,  Frankl R (2000) Foraging Distances of Bombus muscorum, Bombus 

lapidarius, and Bombus terrestris (Hymenoptera, Apidae). Journal of Insect Behavior 13: 

239-246. doi:http://doi.org/10.1023/a:1007740315207 

Wandrag EM, Dunham AE, Duncan RP, Rogers HS (2017) Seed dispersal increases local species 

richness and reduces spatial turnover of tropical tree seedlings. Proceedings of the National 

Academy of Sciences 114: 10689. doi:10.1073/pnas.1709584114 

Watson KB, Galford GL, Sonter LJ, Koh I, Ricketts TH (2019) Effects of human demand on 

conservation planning for biodiversity and ecosystem services. Conservation Biology 0. 

doi:http://doi.org/10.1111/cobi.13276 

Watson RT, Noble IR, Bolin B, Ravindranath NH, Verardo DJ, Dokken DJ (2000) Land Use, Land-

Use Change and Forestry.  pp. 

Wenny DG, Sekercioglu C, Cordeiro NJ, Rogers HS, Kelly D (2016) Seed dispersal by fruit-eating 

birds. Why birds matter: avian ecological function and ecosystem services (CH Sekercioglu, 

DG Wenny, CJ Whelan): 107-145 

Westphal C, Steffan-Dewenter I,  Tscharntke T (2003) Mass flowering crops enhance pollinator 

densities at a landscape scale. Ecology Letters 6: 961-965. 

doi:http://doi.org/10.1046/j.1461-0248.2003.00523.x 

Williams-Guillén K,  Perfecto I (2010) Effects of Agricultural Intensification on the Assemblage 

of Leaf-Nosed Bats (Phyllostomidae) in a Coffee Landscape in Chiapas, Mexico. Biotropica 

42: 605-613. doi:10.1111/j.1744-7429.2010.00626.x 

Williams JC, ReVelle CS,  Levin SA (2005) Spatial attributes and reserve design models: A 

review. Environmental Modeling and Assessment 10: 163-181. 

doi:http://doi.org/10.1007/s10666-005-9007-5 

Williams NM,  Kremen C (2007) Resource Distributions among Habitats Determine Solitary Bee 

Offspring Production in a Mosaic Landscape. Ecological Applications 17: 910-921. 

doi:http://doi.org/10.1890/06-0269  

Wilson AM,  Jetz W (2016) Remotely Sensed High-Resolution Global Cloud Dynamics for 

Predicting Ecosystem and Biodiversity Distributions. PLoS Biology 14: e1002415. 

doi:http://doi.org/10.1371/journal.pbio.1002415 

Winfree R, W. Fox J, Williams NM, Reilly JR, Cariveau DP (2015) Abundance of common 

species, not species richness, drives delivery of a real-world ecosystem service. Ecology 

Letters 18: 626-635. doi:http://doi.org/10.1111/ele.12424 

Wintle BA, Kujala H, Whitehead A, Cameron A, Veloz S, Kukkala A, Moilanen A, Gordon A, 

Lentini PE, Cadenhead NCR, Bekessy SA (2019) Global synthesis of conservation studies 

http://doi.org/10.1023/a:1007740315207
http://doi.org/10.1111/cobi.13276
http://doi.org/10.1046/j.1461-0248.2003.00523.x
http://doi.org/10.1007/s10666-005-9007-5
http://doi.org/10.1890/06-0269
http://doi.org/10.1371/journal.pbio.1002415
http://doi.org/10.1111/ele.12424


 

230 
 

reveals the importance of small habitat patches for biodiversity. Proceedings of the 

National Academy of Sciences 116: 909. doi:10.1073/pnas.1813051115 

Wojcik VA,  Buchmann S (2012) A review of pollinator conservation and management on 

infrastructure supporting rights-of-way. Journal of Pollination Ecology 7: 16-26. 

doi:http://dx.doi.org/10.26786/1920-7603%282012%295 

Wyckhuys KA, Wongtiem P, Rauf A, Thancharoen A, Heimpel GE, Le NT, Fanani MZ, Gurr GM, 

Lundgren JG, Burra DD (2018) Continental-scale suppression of an invasive pest by a host-

specific parasitoid underlines both environmental and economic benefits of arthropod 

biological control. PeerJ 6: e5796 

Zulian G, Maes J,  Paracchini ML (2013) Linking land cover data and crop yields for mapping 

and assessment of pollination services in Europe. Land 2: 472-492. 

doi:https://doi.org/10.3390/land2030472 

Zurbuchen A, Landert L, Klaiber J, Müller A, Hein S, Dorn S (2010) Maximum foraging ranges in 

solitary bees: only few individuals have the capability to cover long foraging distances. 

Biological Conservation 143: 669-676. doi:http://dx.doi.org/10.1016/j.biocon.2009.12.003 

 

 

http://dx.doi.org/10.26786/1920-7603%282012%295
https://doi.org/10.3390/land2030472
http://dx.doi.org/10.1016/j.biocon.2009.12.003


231 
 

Appendices  

Appendix A.Sensitivity analysis of a pantropical model of 

pollination  
 

A series of sensitivity analyses were carried out to understand how changes in the 

variables used in the pantropical pollination model described in Chapter 3 (section 

3.2.1.2) can affect the output of the model, i.e. pollination index.  The variables 

assessed were nesting suitability, foraging suitability, slope for nesting preferences, 

slope for foraging preferences, foraging distance, probability of movement, foraging 

activity and density of barriers.   

First, to avoid including redundant variables (i.e. the information provided by a 

variable is already provided by another variable) a correlation analysis was carried out.  

Second, to assess the interaction and relative importance of these variables a linear 

regression analysis was performed using a backward selection method. With this 

method, the model includes the minimum amount of variables while maximizing its 

explanatory power, thus is possible to identify which interacting variables best explain 

the model and which ones can be excluded.  

Finally,  the influence of the change in variables on the spatial configuration of the 

potential pollination model output was assessed  in a sample site (Amazon region) of 

the study area. A comparative spatial analysis was carried out after applying a one-at-

a-time variation method, in which the values of one variable are changed, the model is 

re-run and the output is compared to the original output.   
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Methods 

Correlation analysis 

 

To assess the relationship between inputs and to avoid redundancy in the model it was 

carried out a correlation analysis. A simple random sampling was performed to obtain 

the values of each of the assessed variables and the final pollination maps from 10,000 

pixels across the study area. Thus, each pixel has a value associated to each of the 

variables (i.e. nesting suitability, foraging suitability, slope for nesting, slope for 

foraging, likelihood of movement, foraging distance, foraging activity and density of 

barriers. 

First, a normality test of these 10,000 values was performed per variable. A Spearman 

correlation analysis was selected since the variables were not normally distributed (Fig. 

A.1). The Spearman correlation analyses performed between pairs of continuous 

variables (i.e. nesting suitability, foraging suitability, likelihood of movement, foraging 

distance, foraging activity and density of barriers). Despite being numerical, the slope 

variables (for nesting and foraging) showed a categorical distribution (Fig. A.1c, d), i.e. 

instead of a continuous variable, it showed only two possible values (nesting = 1 or 0.6, 

foraging= 1 or 0.2). Therefore, these were treated as categorical variables. Their effect 

on the other variables was assessed performing a Mann-Whitney test. The nesting for 

slope variable was used as a grouping variable, forming two groups (1 and 0.6) for the 

values of each of the continuous variables. The two groups of each variable were 

compared to test if there is a significant difference between them. A significant 

difference would indicate a correlation between the slope for nesting variable and the 
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continuous variable assessed. This procedure was repeated for the slope for foraging 

variable. All the statistical analysis were performed using SPSS 24(IBM, 2016). 

 

  

  

  

  
Figure A.1. Distribution of values of the variables used for the potential pollination model obtained 
from 10,000 randomly selected pixels throughout the study area: a) nesting suitability, b) foraging 
suitability, c) slope for nesting, d) slope for foraging, e) likelihood of movement, f) Foraging 
distance, g) foraging activity and h) density of barriers. 
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Linear regression 

 

A linear regression analysis was used to assess the relevance of each variable for the 

model. A backward selection method was used to obtain the smallest set that 

significantly predicted the response variable, i.e. potential pollination. With this 

method, initially, all variables are entered into the model and then eliminated one by 

one to leave only significant predictor variables. An a posteriori assessment of the 

distribution of the residuals was made to confirm that the distribution of the response 

variable given the distribution of the predictor variables meets the assumptions to 

perform a regression analysis. 

One-at-a-time variation of model inputs 

 

To assess the influence of the variability of the variables on the spatial configuration of 

pollination index values, a one-at-a-time analysis was performed followed by a per-

pixel comparison among the original output map and the resultant output maps 

generated with modified  variables. First, each input was systematically varied at a 

time while the others remain fixed. Each input was increased or decreased by a factor 

of their respective standard deviation, up to ±4 standard deviations to include 100% of 

the values present in the distribution (Downing et al., 1985). By using the standard 

deviation as a varying factor instead of a percentage of the input,  this sensitivity 

measure takes into account the parameter's variability and the associated influence on 

model output (Hamby, 1994).  

Given the processing time required to run the potential pollination model, the one-at-

a-time variation analysis was performed in a sample site (Fig. A.2). First, the standard 
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deviation of each variable in this site was estimated by randomly selecting 1000 pixels 

(Table A.1). Then, a variable layer was modified by adding the value of one standard 

deviation (e.g. nesting suitability, +0.2201) and the model was run again. Next, this 

same variable was modified by adding the values of two standard deviations (e.g. 

nesting suitability, +0.4402) and the model was run again. This was repeated up to 

adding the value of four standard deviations and then subtracting up to 4 standard 

deviations to the variable layer. Thus, after modifying a variable, eight different output 

maps were obtained. This was done for each of the continuous variables.  

 

 
Figure A.2. Sample site of the study area selected to perform the one-at-a-time variation analysis. The 
Amazon region was selected as a sample site where 1000 pixels were randomly selected (•) to obtain 
the values of the variables used in the pollination model associated to each pixel, these values were 
then used to carry out the one-at-a-time variation analysis. 

 

Table A.1. Mean and standard deviation of the sample (N=1000) of the output (*) 
and the variables used in the potential pollination model. 
 Mean Standard deviation 

Potential pollination* 0.0134 0.0082 

Nesting suitability 0.7301 0.2201 
Foraging suitability 0.6631 0.1661 

Likelihood of movement  0.9139 0.2655 

Foraging distance 0.0232 0.0098 

Foraging activity 0.8201 0.0600 

Barrier density 0.9993 0.0090 
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Finally, a comparison between the original output map and each of the eight output 

maps obtained after the variation of each variable was performed using the software 

Map Comparison Kit 3.3 (Visser and Nijs, 2006). The software calculates a Fuzzy 

numerical statistic (𝑠), where the formula 

𝑠 (𝑎, 𝑏) = 1 −  
|𝑎−𝑏|

max (|𝑎|,|𝑏|)
                                                              (1) 

is applied to find the similarity of two values (𝑎  and 𝑏). This statistics indicates the 

overall similarity between the maps, where 1 is complete similarity and 0 complete 

dissimilarity. Also, it is created a map per comparison showing the spatial extent of 

similarity between the maps on a per-pixel basis.  

Results 

Correlation analysis 

 

The Spearman correlation showed a weak significant correlation between continuous 

variables nesting suitability, foraging suitability, likelihood of movement, foraging 

distance, foraging activity, and density of barriers (R<0.23, p≤ 0.01) except between 

activity and distance, which showed a moderate-significant correlation (R=0.52, p≤ 

0.01,  Table A.2). Regarding the effect of categorical variables on continuous variables 

assessed with the Mann-Whitney test, the input slope for nesting showed a significant 

effect on the variables nesting suitability, foraging activity and distance (p<0.01). The 

slope for foraging showed a significant effect on all the inputs (p<0.01). These results 

indicate a correlation between the slope variables and the continuous variables.   
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Table A.2. Correlation coefficients between continuous variables: nesting 
suitability (N), foraging suitability (F), likelihood of movement (M), foraging 
distance (D), foraging activity (A), and density of barriers (B). 

 

 N F M D B A 

N 1.000 
     

F .388** 1.000 
    

M -.169** -.221** 1.000 
   

D .094** .225** .073** 1.000 
  

B -.070** -.125** 0.018 -.037** 1.000 
 

A -.169** -.090** .050** .522** -0.020 1.000 

** Correlation is significant at the 0.01 level (2-tailed).     

 

Linear regression 

 

The regression analysis generated two models using the backward selection method, 

which involved the generation of a first model including all variables and a second 

model including fewer variables(Table A.3). The first model showed a significant 

relationship between the response variable (potential pollination) and all the variable 

except slope for nesting (α=0.05, p=0.106).  The backward selection excluded this 

variable for the second model excluded this variable. Both models were equally fit 

(adjusted R²= 0.941, p<0.01), showing that slope for nesting is not an informative 

variable. According to the backward selection method, the second model was the best 

because it was equally fit with fewer variables.The fact that no more models were 

generated (i.e. no more variables were eliminated) indicates that the rest of the 

variables have a significant relationship with the response variable and the removal of 

any of these would decrease the fit of the model.   

Regarding the relevance of the inputs, it was used the beta coefficients to assess the 

relative strength of the predictor variables, foraging distance (D) was the most 
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important  variable, followed by nesting suitability (N), while least important was slope 

for foraging (Fs; Table A.3).  

 

Table A.3. Linear regression analysis for the response variable potential pollination 
(PP) using the backward selection method and the predictor variables: foraging 
distance (D), nesting suitability (N), foraging activity (A), foraging suitability (F), 
density of barriers (B), likelihood of movement (M), slope for foraging preferences 
(Fs), and slope for nesting preferences (Ns). It is shown the beta coefficient, 
estimated standard error in brackets, and t score per variable, and the adjusted R2 
per model. 
 Model 1 Model 2a 

β t β t 

(Constant) -0.025 
(0.0017) 

-14.592** -0.023 
(0.0011) 

-20.130** 
 

D 0.644 
(0.0035) 

182.390** 
 

0.644 
(0.0035) 

182.410** 

N 0.011 
(0.0001) 

75.329** 
 

0.011 
(0.0001) 

75.315** 
 

A 0.006 
(0.0001) 

42.841** 
 

0.006 
(0.0001) 

43.025** 
 

F -0.004 
(0.0002) 

-28.097** 
 

-0.004 
(0.0002) 

-28.117** 
 

B 0.008 
(0.0011) 

7.302** 
 

0.008 
(0.0011) 

7.291** 
 

M 0.005 
(0.0002) 

21.151** 
 

0.005 
(0.0002) 

21.146** 
 

Fs -0.002 
(0.0001) 

-19.052** -0.002 
(0.0001) 

-19.069** 
 

Ns 0.002 
(0.0013) 

1.616 ― ― 

R2 0.941 0.941 

Dependent variable: PP 
** Significant at the 0.01 level (2-tailed).  
a Best model  

 

One-at-a- time variation of model inputs 

When modifying the variables nesting suitability (Fig. A.3a), foraging suitability (Fig. 

A.3b) and likelihood of movement (Fig. A.3c) there is a similar pattern of change in the 

outputs samples. With a decrease of these variable, there was a decrease in potential 

pollination throughout the area (Fig. A.4a, b, c) and the variation in the sample was 

reduced. By increasing the value of these variables, the output values increased 

considerably in some regions, while others remain with a low final value (Fig. A.3a, b, 
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c). Therefore, the variation in the potential pollination values of the area increased 

with each addition of a multiple of the standard deviation (Fig. A.4a, b, c).  

 

  

  

  
Figure A.3. Response of potential pollination (PP) model output when each input variable is modified 
by a factor of their respective standard deviation. The y-axis shows the potential pollination values 
obtained after the modification of each variable.a) nesting suitability, b) foraging suitability, c) 
likelihood of movement, d) foraging distance, e) foraging activity and e) density of barriers.  
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Figure A.4. Change of potential pollination model maps when each input variable is modified by a factor (±4) of their respective standard deviation, where 0 shows 
the original output map and a) nesting suitability, b) foraging suitability, c) likelihood of movement, d) foraging distance, e) foraging activity and e) density of 
barriers. 
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The variation in foraging distance values showed a mostly consistent increase or 

decrease in the output map values throughout the study area, depending on whether 

a multiple of the standard deviation was added or subtracted (Figs. A.3d, A.4d). 

Similarly, when foraging activity was modified there was a consistent variation of the 

output (Figs. A.3e, A.4e). However, the increase or decrease in the output map values 

was not as noticeable as the obtained with the modification of the foraging distance 

variable.  

The modification of the input density of barriers showed the lower effect on the 

outputs, with a barely noticeable increase or decrease in the mean and variation of the 

samples (Fig. A.3f) and change in the output maps (Fig. A.4f).  

Given the results of the correlation analysis, where the slope for foraging was 

significantly correlated to all the continuous variables, and regression analysis, where 

the slope for nesting was identified as a non-informative variable for the model, the 

variables related to slope were excluded from the model and were not included in the 

one-at-a-time sensitivity analysis. 

Figure 5 summarizes the comparison between the original output and each of the 

modified inputs, showing the degree of similarity per pixel. The variation of nesting 

suitability and foraging suitability changed pixel values throughout the area, mainly 

with the decrease of the values of the variables as a result of subtracting multiples of 

their respective standard deviation (Fig. A.5a, b). A significant change was observed in 

the southeast, an area dominated by rainfed croplands, which has a score of 0.2 for 

both nesting suitability and provision of floral resources.  

When the likelihood of movement was modified there was a consistent change all over 

the area, except the in the pixels edging different land cover types, where the 
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probability of movement decreases if the land cover type surrounding such pixels has a 

lower nesting suitability value. A different pattern of change resulted from the 

modification of foraging distance, where the main changes occurred eastwards. This 

area corresponds to the areas where the original variable had the lowest values.  

The southwest region showed a consistent pattern of high similarity with the original 

output when all the inputs were modified, excepting foraging activity (Fig. A.5e).  This 

region has the highest elevation and lowest temperature of the area; therefore, the 

foraging activity is lower than any other region. When the foraging activity was varied, 

it is here where the major changes occurred.  

Finally, unlike the other inputs where the effects were evident throughout the area, 

the variation of the density of barriers affected only on those pixels where barriers are 

present (Fig. A.5f). These correspond to less than 1% of the total extent, hence the 

high similarity among the outputs.  
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Figure A.5. Similarity between the original output of the potential pollination model and the output after the variation of the inputs (±4 standard deviation), 
where 1 is a complete similarity between the pixels and 0 complete difference. The number below each map denotes the overall similarity between the maps 

estimated using the Fuzzy numerical statistic s (Visser and Nijs, 2006). This statistic calculates the overall similarity as 𝑠 (𝑎, 𝑏) = 1 − 
|𝑎−𝑏|

max (|𝑎|,|𝑏|)
 , where 𝑎 is the 

original map and 𝑏 is the map produced after the modification of a variable. a) nesting suitability, b) foraging suitability, c) likelihood of movement, d) foraging 
distance, e) foraging activity f) density of barriers. 
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Discussion and conclusion 

 

These set of sensitivity analyses allowed to simplify the model by identifying 

redundant and non-informative variables, to assess the contribution of the variables to 

the output, and to identify interaction among variables with the backward selection 

method. First, redundancy of the inputs was discarded for the variables treated as 

continuous variables.  

After analysing the effect of different correlation thresholds on the performance of 

different model types, Dormann et al. (2013) suggest a correlation coefficient > 0.7  as 

an appropriate indicator for when the correlation between variables affects model 

estimation and prediction. Although these variables showed some degree of 

correlation, it is likely to have no impact on the model performance given their 

correlation coefficients (<0.5). 

The variables treated as categorical, slope for nesting and slope for foraging, were 

removed from the final model, given their effect on the other variables and the null or 

low relevance on the response. Although the evidence suggests that slope is an 

important factor for pollinator abundance (Taylor and Cameron, 2003; Makino, 2008), 

the spatial resolution at what this model was built (300 m) does not capture the 

variation per pixel relevant for pollinators, and it does not add information to the 

model at this scale, this may vary if the model resolution is downscaled. 

Decreases in the inputs caused a reduction in the potential pollination per pixel 

throughout the area. However, increases in some of the inputs did not cause an 

increase for all pixels, showing that the interaction among the variables can lead to a 

reduced pollination potential. An increase in nesting or foraging suitability or a high 
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probability of movement does not increase pollination unless activity and foraging 

distance are increased. 

The high importance of foraging distance as an explanatory variable indicates that a 

change in the approach taken to estimate of pollinator’s foraging distance could 

significantly change the model output. This is supported by the high overall difference 

founded when the foraging distance input changed in the one-at-a-time variation 

analysis.  

Regarding the input density of barriers, while the overall difference between maps was 

small due to the high frequency of pixels where barriers are absent, the regression 

analysis showed that by interacting with other inputs, it has a significant effect on the 

cells where these occur.  

In general, the areas that showed the main change relative to the original output were 

those where the original input had the lowest values. In terms of the overall change 

between maps, the modification of foraging distance led to the highest change, 

followed by the likelihood of movement and foraging suitability.        
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Statistical analyses supplementary tables  

a) Mann-Whitney U test using slope for nesting (Ns) and slope for foraging (Fs) as 
grouping variables to assess their effect on the remaining inputs. 

 A B D F M N 
Ns  U 12591 64988 23982 53678 66230.5 40456 

Sig. 0 0.561175 0 0.170498 0.965503 0.005442 

Fs  U 5062861 11058220 824602 10423779 10520897 9681980 

Sig. 0 0.006682 0 0 0 0 

 
b) Linear regression analysis for the response variable potential pollination (PP) 

Variables Entered/Removed a 

Model Variables Entered Variables Removed Method 

1 Ns, M, N, B, A, Fs, F, Db   Enter 

2   Ns Backward (criterion: Probability of 
F-to-remove >= .100) 

a. Dependent Variable: PP  
b. All requested variables entered 

 
Model Summary c  

Model R R Square Adjusted R Square Std. Error of the Estimate 

1 .970a 0.941 0.941 0.0018928748 

2 .970b 0.941 0.941 0.0018930350 

a. Predictors: (Constant), Ns, M, N, B, A, Fs, F, D 
b. Predictors: (Constant), M, N, B, A, Fs, F, D 
c. Dependent Variable: PP 

 
ANOVA a 
Model Sum of Squares df Mean Square F Sig. 

1 Regression 0.543 8 0.068 18928.162 .000b 

Residual 0.034 9513 0.000     

Total 0.577 9521       

2 Regression 0.543 7 0.078 21628.152 .000c 

Residual 0.034 9514 0.000     

Total 0.577 9521       

a. Dependent Variable: PP 
b. Predictors: (Constant), Ns, M, N, B, A, Fs, F, D 
c. Predictors: (Constant), M, N, B, A, Fs, F, D 
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Appendix B. Pantropical pollination 
 

Figure B.1. Pollinators’ foraging distance. a) Average proportion of cases observed 
every 100 meters from the nest for six tropical bee species, b) Weight applied to 
suitability scores to provide floral resources, calculated as a function of distance from 
nesting sites. 

 

 
  

a 

 

b 
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Table B.1. Bee species. Species used to calculate insect pollinator’s foraging 

distance, size and reference.  

Species Body length (mm) Reference 

Apis florea 8 – 10 Abrol (1988) 

Apis cercana 9 – 11 Dyer and Seeley (1991) 

Apis melifera 11 – 13 Gary et al. (1972) 

Apis dorsata 12 – 14 Dyer and Seeley (1991)  

Xylocopa flavorufa 20 – 26 Pasquet et al. (2008) 

Bombus terrestris 20 – 23 Walther-Hellwig and Frankl (2000) 

 

 

Table.B.2.  Daylight hours per year. The model of Forsythe et al. (1995) was used to 

calculate daylight hours per latitude degree   

 

𝐷 =  𝑑𝑎𝑦𝑙𝑒𝑛𝑔𝑡ℎ 

𝐿 =  𝑙𝑎𝑡𝑖𝑡𝑢𝑑𝑒 

𝐽 =  𝑑𝑎𝑦 𝑜𝑓 𝑡ℎ𝑒 𝑦𝑒𝑎𝑟 

𝑃 =  𝑑𝑎𝑦𝑙𝑖𝑔ℎ𝑡 𝑐𝑜𝑒𝑓𝑓𝑖𝑐𝑖𝑒𝑛𝑡 

 

 

   𝑃 =  𝑎𝑠𝑖𝑛 (.39795 ∗ 𝑐𝑜𝑠(.2163108 +  2 ∗ 𝑎𝑡𝑎𝑛(.9671396 ∗ 𝑡𝑎𝑛(.00860(𝐽

− 186))))) 

   𝐷 =  24 −  (24/𝑝𝑖) ∗ 𝑎𝑐𝑜𝑠 ((𝑠𝑖𝑛(0.8333 ∗ 𝑝𝑖/180) +  𝑠𝑖𝑛(𝐿 ∗ 𝑝𝑖/180)

∗ 𝑠𝑖𝑛(𝑃))/𝑐𝑜𝑠(𝐿 ∗ 𝑝𝑖/180) ∗ 𝑐𝑜𝑠(𝑃)) 

 

 

Table B.3. Pollinator-dependent crops. The distribution of these dependent or highly-

dependent tropical crops (Roubik, 1995; Klein et al., 2007) included in the ‘Other crops’ 

category of the ‘Geographic distribution of major crops across the World’ map (Leff et 

al., 2004) was used to model realised pollination 

Subcategory Crops 

Nuts Cashew nut 

Oil-bearing crops Coconut, melon seed 

Vegetables Pumpkin, cucumber, gherkin, watermelon 

Fruits Apple, pear, apricot, sour cherry, peach, plum, kiwi fruit, 
mango, avocado 

Spices Pimiento, vanilla, cinnamon, cardamom, fennel 

Others Coffee, cocoa 
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Appendix C. Projected pollination 
 
Table C.1 Reclassification table. Nesting suitability (𝑁𝑗) and floral resources (𝐹𝑗) scores reclassified per pixel according to the projected percentage of 

forest loss. The pixels where no deforestation was projected maintained their original score. 

ID GlobCover land cover type 

𝑵𝒋 𝑭𝒋 

From 
To 

From 
To 

0.1-0.5 0.5-0.7 >0.7 0.1-0.5 0.5-0.7 >0.7 

11 Post-flooding or irrigated croplands (or aquatic) 0.4 0.2 0.2 0.2 0.4 0.2 0.2 0.2 

14 Rainfed croplands 0.2 0.2 0.2 0.2 0.2 0.2 0.2 0.2 

20 Mosaic cropland (50-70%) / vegetation (grassland/shrubland/forest) (20-50%) 0.7 0.7 0.2 0.2 0.75 0.75 0.2 0.2 

30 Mosaic vegetation (grassland/shrubland/forest) (50-70%) / cropland (20-50%)  0.75 0.75 0.7 0.2 0.7 0.7 0.75 0.2 

40 Closed to open (>15%) broadleaved evergreen or semi-deciduous forest (>5m) 0.8 0.75 0.7 0.2 0.9 0.7 0.75 0.2 

50 Closed (>40%) broadleaved deciduous forest (>5m) 0.8 0.75 0.7 0.2 0.9 0.7 0.75 0.2 

60 Open (15-40%) broadleaved deciduous forest/woodland (>5m) 0.4 0.2 0.2 0.2 0.45 0.2 0.2 0.2 

70 Closed (>40%) needleleaved evergreen forest (>5m) 0.8 0.75 0.7 0.2 0.3 0.7 0.75 0.2 

90 Open (15-40%) needleleaved deciduous or evergreen forest (>5m) 0.4 0.2 0.2 0.2 0.15 0.2 0.2 0.2 

100 Closed to open (>15%) mixed broadleaved and needleleaved forest (>5m) 0.8 0.75 0.7 0.2 0.6 0.7 0.75 0.2 

110 Mosaic forest or shrubland (50-70%) / grassland (20-50%) 0.9 0.75 0.7 0.2 0.9 0.7 0.75 0.2 

120 Mosaic grassland (50-70%) / forest or shrubland (20-50%)  0.9 0.75 0.7 0.2 0.9 0.7 0.75 0.2 

130 Closed to open (>15%) (broadleaved or needleleaved, evergreen or deciduous) shrubland (<5m) 0.9 0.75 0.7 0.2 1 0.7 0.75 0.2 

140 Closed to open (>15%) herbaceous vegetation (grassland, savannas or lichens/mosses)  0.4 0.2 0.2 0.2 0.4 0.2 0.2 0.2 

150 Sparse (<15%) vegetation 0.7 0.2 0.7 0.2 0.35 0.2 0.75 0.2 

160 Closed to open (>15%) broadleaved forest regularly flooded (semi-permanently or temporarily)  0 0 0 0 0 0 0 0 

170 Closed (>40%) broadleaved forest or shrubland permanently flooded - Saline or brackish water 0 0 0 0 0 0 0 0 

180 Closed to open (>15%) grassland or woody vegetation on regularly flooded or waterlogged soil  0 0 0 0 0 0 0 0 

190 Artificial surfaces and associated areas (Urban areas >50%) 0.3 0.2 0.2 0.2 0.3 0.2 0.2 0.2 

200 Bare areas 0 0 0 0 0 0 0 0 

210 Water bodies 0 0 0 0 0 0 0 0 

220 Permanent snow and ice 0 0 0 0 0 0 0 0 

230 No data (burnt areas, clouds) NoData NoData NoData NoData NoData NoData NoData NoData 
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