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Abstract

This dissertation addresses three questions in relation to distributive preferences. First, I test, together with
Shaun Hargreaves Heap and Konstantinos Matakos, whether distributive choices made in experimental set-
tings, in fact, reveal underlying social preferences. We find that while social preferences explain distributive
choices to an extent, following descriptive social norms is a significantly better explanatory factor for these
choices, irrespective of the institutional mechanisms used to elicit preferences and perceived social norms.
Second, I test with cross-country survey data and a survey experiment whether personal experience with
social mobility affects perceptions of procedural fairness in society and, in turn, distributive preferences. The
results indicate a divide between people who experienced upward mobility as opposed to downward mobility
— experiencing downward mobility increases support for redistribution while experiencing upward mobility
does not affect redistributive preferences. Third, I test in an interactive online experiment how distributive
choices are affected by potential positive externalities of risky decisions. Many personally risky decisions,
such as innovation and entrepreneurship, have the potential to increase overall welfare by creating positive
externalities for society. Rewarding such prosocial risk-taking may therefore be an important strategy in
addressing societal challenges, but individuals’ distributive preferences are a fundamental constraint for pol-
icymakers who wish to do so. The results of my experimental study indicate that although individuals have

a preference for rewarding prosocial risk-taking, they display outcome bias in doing so.
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Chapter 1

Introduction

One of the central insights of behavioural economics is that people have social, and not
just selfish, preferences. People give to charities (Andreoni and Payne 2013; Ottoni-Wilhelm
et al. 2017), voluntarily contribute to public goods (Ledyard 1995; Fehr et al. 2002; Chaud-
huri 2011), and vote for redistributive policies they do not directly benefit from (Alesina
and Giuliano 2011; Enke 2019; Bregman 2020). One of the most direct measures of social
preferences in economic decision-making are distributive choices. This thesis will focus on

three questions in relation to distributive preferences in experimental and survey data.

Studies measuring distributive choices go back to simple dictator games in which one subject
must decide how to divide an endowment between herself and another subject (Giith et al.
1982). This basic experimental design is commonly used to study social preferences as it
presumably eliminates any potential other motivations from the subject’s choice set. The
subject making the choice is hereby the dictator as the other subject can neither accept nor

reject the proposed division.

Strict rational choice theory would predict in this setting that the dictator keeps the entire
endowment for herself, as this choice maximises her own monetary payoff. This is however
not what most experiments find. In a meta-analysis of dictator games, Engel (2011) finds
that, in fact, 63.89% of dictators give at least some of their endowment to the other subject.
On average, dictators give 28.35% of their endowment away. Unlike in the ultimatum game,

where the receiver can reject or accept the division proposed by the first mover, the dictator

13



game eliminates any potential self-interested motivation from the choice of sharing. The re-
sults of this experiment have therefore been interpreted as strong evidence for the existence

of social preferences for equality.

As pointed out by Franzen and Pointner (2012) and others, even the dictator game however
does not entirely eliminate selfish preferences. Dictators may try to appear fair in front of
the recipient or experimenters for social desirability, reputational or reciprocal motivations.
They implement a randomized response technique (Warner 1965) whereby both, the experi-
menter and the receiver, cannot know which dictators made which specific choice. They find
that under this condition, dictators give substantially less to the recipients and a much larger
share of dictators keeps the entire endowment for themselves. More interestingly though,
about 40% of dictators still gave some of their endowment away. Even if reputational and
reciprocal motivations are therefore close to eliminated, many people still express social pref-

erences.

Given the importance of distributive choices for understanding social preferences, a growing
literature in experimental economics and beyond aims to understand the nature of these
choices and what shapes them (e.g. Fehr and Schmidt 1999; Corneo and Griiner 2002; Falk
et al. 2003; Alesina and Angeletos 2005; Klor and Shayo 2010; Cappelen et al. 2010; Alesina
and Giuliano 2011; Luttmer and Singhal 2011; Cappelen et al. 2013a,b; Durante et al. 2014;
Kuziemko et al. 2015; Cappelen et al. 2016; Alesina et al. 2018; Stantcheva 2021; Alesina
et al. 2023). Factors which have been found to influence distributive preferences fairly con-
sistently are, among others, gender — with women giving significantly more than men (Engel
2011), age — older people giving significantly more (Engel 2011), economics education — with
those trained in economics giving less (e.g. Fehr et al. 2006), and, as previously discussed,
anonymity — with less giving when choices are kept anonymous (e.g. Andreoni and Bernheim

2009; Engel 2011; Franzen and Pointner 2012).

A particularly important factor identified in the recent literature are procedural fairness per-
ceptions (Cherry et al. 2002; Cherry and Shogren 2008; Cappelen et al. 2010; Krawczyk 2010;
Brock et al. 2013; Cappelen et al. 2013a; Mollerstrom et al. 2015; Lefgren et al. 2016; Gee
et al. 2017; Rey-Biel et al. 2018; Almas et al. 2020). If outcomes have been reached through
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procedures which are perceived as fair by the individual who judges them, less money tends
to be redistributed. Generally, outcomes tend to be deemed fair in these studies if people

had agency in the procedure to reach these outcomes.

In this thesis, I focus on three questions in relation to distributive preferences which have so

far received comparably little attention.

In the first paper, together with Shaun Hargreaves Heap and Konstantinos Matakos, I test
whether distributive choices are, in fact, motivated by underlying social preferences, or
whether perceived social norms can better predict the distributive choices people make. In a
series of online experiments, we ask subjects to make dictator-like distribution decisions for
groups of five. Prior to asking subjects to make their decision, we elicit social preferences and
perceived injunctive and descriptive social norms for each subject. We then test whether the
elicited social preferences are consistent with the choices made and whether social norms can
provide a plausible alternative motivation for the decision-making of our subjects. We also
run three separate treatments: an impartial spectator, a veil of ignorance, and a non-veil
of ignorance treatment, to test whether the elicitation procedure affects the preference- or

norm-following of our subjects.

Our main finding is that while social preferences predict some of the decisions our subjects
make, descriptive social norms are a significantly better predictor of distributive choices. In-
terestingly, the elicitation mechanism used does not affect the preference- or norm-following
of our subjects. In a series of follow-up experiments, we probe the validity of our results
and test potential explanations for our findings. Here, we find that subjects who are more
confident in their social preference are also more likely to follow it in the distribution decision

and are less likely to follow the descriptive social norm instead.

We further find evidence for this type of norm-following in the distribution task to translate
to a different decision problem; specifically, a one-shot hypothetical public goods game. Here,
subjects who followed the descriptive social norm in the distribution decision also contribute

more to the public good on average.

Our results are particularly important for the use of criteria like the Pareto criterion in wel-
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fare evaluations. If distributive choices do not always reflect underlying social preferences
but instead perceived social norms, then evaluating the welfare improvement of policies faces

a significant challenge.

In the second paper, I address a puzzle observed in the literature on social mobility and dis-
tributive preferences. While perceptions of social mobility fairly robustly predict preferences
for redistribution, experience of social mobility does not. I test a potential explanation for
this puzzle; specifically, the self-serving bias. I first use cross-country survey data from the
International Social Survey Programme (ISSP) and the Luxembourg Income Study (LIS) to
document how the intergenerational socio-economic mobility of respondents correlates with
their perceptions of societal mobility and their distributive preferences. I find that there is a
divide between people who experienced upward mobility as opposed to downward mobility
— experiencing downward mobility increases support for redistribution while experiencing
upward mobility does not affect redistributive preferences. This divide is in line with the
self-serving bias: Those with negative mobility experiences blame the system and extrapolate
from their experience onto society, which increases their demand for redistribution. Con-
versely, those who experienced positive mobility accept the system and do not extrapolate

from their experience onto society, leading to no change in support for redistribution.

In a subsequent information provision survey experiment I test the causality of this pattern
by providing respondents with a shock to their personal mobility experience. I find that
receiving a negative mobility shock decreases perceptions of societal mobility and increases
support for redistributive policies while a positive mobility shock has no effect on these vari-

ables.

The findings of this paper suggest a potential alternative explanation for the Great Gatsby
Curve: As overall absolute mobility decreases (increases), ceteris paribus, demand for redis-

tribution also decreases (increases).

In the third paper, I test how potential positive externalities of risk-taking behaviour affect
the distributive choices of third-party spectators by developing a theoretical framework and
testing its theoretical predictions in an interactive online experiment. Many personally risky

decisions, such as innovation and entrepreneurship, have the potential to increase overall
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welfare by creating positive externalities for society. Rewarding such prosocial risk-taking
may therefore be an important strategy in addressing societal challenges like, for example,
the climate emergency, by promoting innovation that has positive externalities for the en-
vironment. A fundamental constraint for policy makers in rewarding such behaviour are,
however, individuals’ distributive preferences. So far, the role of potential externalities has

however not received a lot of attention in the literature on distributive preferences.

The results of the experiment indicate that individuals, on average, have a preference for
rewarding prosocial risk-taking, but they display outcome bias in doing so. Specifically, indi-
viduals reward prosocial risk-taking primarily if the positive externalities ultimately realise
and do not compensate unlucky prosocial risk-takers. If outcomes are, however, unknown,
prosocial risk-taking is substantially rewarded. These findings have potential implications
for the stability of policies aimed at rewarding prosocial risk-taking: Policies which are sup-

ported ex ante might lose support ex post, once outcomes are realised.

The findings of this paper also suggest that outcome bias poses an important challenge to
the role of procedural fairness in explaining distributive choices: Although risk-takers can-
not affect the likelihood of whether positive externalities realise ex post in the experimental
design, they are nonetheless held accountable for it through the distributive choices made

by the spectators.
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Chapter 2

Do Distributive Choices reveal Social
Preferences? The Role of Social

Norms

with Shaun Hargreaves Heap and Konstantinos Matakos

I Introduction

Experimental Economics has provided ample evidence that people frequently choose to re-
duce their own income to reduce inequality within groups or to help others (see Charness
and Rabin 2002; Fehr et al. 2006; Bolton and Ockenfels 2006; Cappelen et al. 2013a). Such
behaviour is perfectly compatible with standard models of rational choice if it reflects an
underlying social preference that motivates behaviour (Andreoni and Miller 2002). Specifi-
cally, when people give up part of their own income to reduce inequality within a group, this
behaviour might, for example, be motivated by a social preference for equality. In this paper,

we test whether such distributive choices, in fact, reflect underlying social preferences.

Under the assumptions of revealed preference theory, preferences can always be inferred by
the choices people make (Samuelson 1938). If a person chooses to reduce inequality within

a group, this person has, therefore, revealed a preference for equality. A behaviour which
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seemingly contradicts this assumption is, however, that individuals’ choices are often incon-
sistent across different decision problems when it is assumed that social preferences revealed
in one decision apply to another (Andreoni and Miller 2002; Levitt and List 2007; Blanco
et al. 2011). A potential explanation for the inconsistencies in revealed social preferences
across decision problems could be that social preferences are context-dependent and that
different preferences dominate in different decision problems. This explanation is however

somewhat tautological.

An alternative explanation would simply be that distributive choices do not actually reveal
social preferences, or, at least, not exclusively. Instead, they may reflect perceived social
norms. Given that social norms vary significantly across different decision problems (List
2007; Kimbrough and Vostroknutov 2016), this explanation could shed light on the incon-
sistency of people’s distributive choices in the experimental literature. We, therefore, focus
specifically on social norms as an alternative to social preferences in explaining distributive

choices.

In our pre-registered experiment!, our subjects make four decisions. Prior to making the
decisions, subjects are told how a particular distribution of income in a group of people
arose. In their first decision, they are asked to select a principle of justice, from a set of
four, that they think should govern distribution for that group. This first decision identifies
the personal principle of a subject. The idea of this elicitation is that if a person indeed
assesses a distributive situation through a social preference, then these preferences will be
underpinned by a personally held principle of justice. We justify this key assumption be-
cause this connection is similarly made by economists when they categorise revealed social
preferences in distribution experiments (e.g. see Charness and Rabin 2002; Fehr et al. 2006;

Bolton and Ockenfels 2006; Cappelen et al. 2013a).

In the second decision, we then elicit what people regard as the appropriate behaviour in
the given circumstance - the injunctive norm (Cialdini et al. 1990) — through a Krupka and

Weber (2013) elicitation. There are two ways in which an injunctive norm might be related

!The pre-analysis plan was registered at Harvard Dataverse and can be accessed here as well as in
appendix IX.5. The experiment was granted ethical clearance from the Research Ethics Committee at
King’s College London (reference number MRS-18/19-9148).
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to whether or not someone is guided by a social preference. First, if a person has doubts
about the correctness of their personal view about what should be done, they might turn
to the injunctive social norm to reduce those doubts. Equally, in social identity theory,
people acquire a sense of identity by behaving in accordance with their group’s injunctive
social norm (e.g. see Tajfel et al. 1979; Akerlof and Kranton 2000). The injunctive norm
might therefore affect the personal principle of our subjects. The second possibility is that
people follow the injunctive norm in their distribution choice directly due to conformism.
This second possibility would contradict more directly the assumption that choices reflect
a person’s preferences. Explaining conformism within the revealed preference model is also
self-contradictory as a person would need to have a preference to not follow their own pref-

erence, yet follow this first preference.

The third decision is our main outcome variable and it is incentivized. Subjects are asked
to choose a distribution of income for the group. They are given four possible distributions,

each corresponding to one of the four principles of justice identified in the first two decisions.

In the final decision, we elicit what people regard as the usual behaviour - the descriptive
norm (see Cialdini et al. 1990) — again using a Krupka and Weber (2013) elicitation. Fol-
lowing a descriptive norm in the distribution choice would provide an even stronger case
against the revealed preference model than following an injunctive norm. While the previ-
ously discussed concern about conformism remains when following descriptive norms, they
are different from injunctive norms in that they are concerned with what is as opposed to
what ought to be. They can therefore not as easily be reframed as a different version of
personal principle following. Someone who follows a descriptive norm might nonetheless be
motivated by what ought to be done. This argument is made by Adam Smith in his Theory
of Moral Sentiments (1759) where he suggests that when selfish interests conflict with what
a person believes ought to be done, a person cannot be relied upon to judge how best to act.
In such instances, people need an external standard to guide their behaviour and this stan-
dard can be provided by the behaviour of others. Despite a motivation to make a morally
correct choice, this version of descriptive norm following is a distinct challenge to the social

preference model.
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Our subjects make these four decisions in one of three different treatment groups. Our
treatments vary the elicitation mechanism used to identify subjects’ social preferences and
norms. Specifically, we ask subjects to make their decisions as either impartial spectators,
whereby they have no personal stake in the decision, behind a veil of ignorance, where they
have a personal stake but do not know their position in the distribution, or as a stakeholder

who knows her likely position.

We then observe subjects’ consistency between their personal principle, perceived social
norms, and their actual distribution choice. We further test whether any deviations between
personal principles and distribution choices can be explained by a desire to follow an injunc-

tive or descriptive social norm.

Our results suggest that descriptive norm following is a better predictor of distributive choices
than personal principles. We find that people’s chosen distributions differ significantly from
their chosen principles, both at the aggregate and at the individual level. We further find
that this discrepancy can be explained by descriptive norm-following for a significant share
of our subjects. Somewhat surprisingly, but perhaps less so given our main finding, the
elicitation mechanism we use to identify people’s preferences does not affect the level of

preference-following, nor does it significantly affect the actual distributive choices made.

To probe the validity of our findings we conduct several robustness checks. First, we run a
second experiment that inverts the order between the actual distribution decision (the third
decision above) and the decision that reveals a person’s perception of the descriptive norm
(the fourth decision referred to above). We do this to test for the possibility that the actual
distribution choices influence perceptions of the descriptive social norms. This further exper-
iment also allows us to explore the origins of such descriptive norm-guided behaviour. The
second experiment again reveals the primacy of descriptive social norms and it reinforces the
social norm account by yielding some plausible insights into why people follow such social
norms. In particular, when subjects are confident in their choice of personal principle, they
are more likely to follow it in the distribution decision and an individual’s strong social
identification helps build such confidence. Lower levels of confidence, in contrast, are more

likely to lead to selfish or descriptive norm-following behaviour. These additional findings
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are broadly consistent with Adam Smith’s account of norm following in the Theory of Moral
Sentiments (1759). They also suggest that because such distributive decisions are rare, some
might not have strong social preferences, indicated by low confidence in one’s stated princi-

ple, and therefore follow what they perceive to be the descriptive social norm instead.

In our second and third robustness checks, we examine with further surveys two additional
possibilities that might have contributed to the weak evidence in favour of social preferences
in our experiment. One concerns the possibility that people are guided by more than one
personal principle of justice and, in such circumstances, their secondary personal principle
might explain the drift to maximin outcomes in the data. The other concerns the possibil-
ity that our subjects may not be able to associate a principle of justice with a particular
distribution outcome and so could be unable to apply their personal principle when making
the distribution decision. Again, we conclude the original result favouring descriptive norm

following is robust to these considerations.?

Given that our main results suggest distributive choices are better explained by descriptive
norms rather than social preferences, we test, in a subsequent hypothetical one-shot public
goods game, whether this type of descriptive norm-following in the distribution task trans-
lates into norm-following, specifically conditional cooperation, in this different context. Our
results suggest that this is indeed the case and that descriptive norm-following in the dis-
tribution task is, on average, associated with larger contributions in the public goods game.
This result suggests that the type of descriptive norm-following we identify in the distribu-

tion task also translates into at least this particular other experimental context.

We are not the first to examine whether social preferences or social norms better explain
prosocial behaviour (e.g. see Ellingsen et al. 2012; Géchter et al. 2013; Guala et al. 2013).
The evidence from these earlier studies typically comes from trust and public goods games,
although not exclusively, and is mixed in its conclusions. Our study is distinct from these

earlier studies in two important ways.

First, in trust and public goods games, social norms can function as coordination devices

2We also subject these results to various robustness checks regarding the wording of the principles, see
appendix sections 1X.1.3 and 1X.3.7
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when there are multiple Nash equilibria. Social norms are therefore not a challenge to the
social preference model in this context but a complement, as norm-following helps to coordi-
nate on an equilibrium that best satisfies preferences. For norm-following to be a challenge
to the social preference model, it must be distinct from preference-following. We focus on
non-interactive distribution games to ensure that there is no scope for norms to act as coor-
dination devices. Our version of norm-following is therefore potentially more challenging to

the social preference model than that used in earlier studies.

Second, our test is more direct. In earlier studies, social preferences are usually identified
through a particular theory of what social preferences are expected to be present in the given
setting. With a particular theory in mind, these studies then test whether social norms or
the given theory can better organise the data. Our approach is more direct and requires
fewer background assumptions, because we ask our subjects to identify directly what, in
effect, if they were motivated by a social preference, would be its character. This approach
would be more difficult to do in trust and public goods games than in a simple distribution
game because there are a larger number and variety of potential social or moral motives that

could be at play.

While it is sufficient for positive economics to assume that choices always reveal preferences,
it is not for welfare economics and, especially, for the use of criteria like the Pareto criterion.
To determine whether a distributive choice is welfare-enhancing, it is important to know
whether choices actually reflect underlying preferences. This is the case because welfare
improvements are judged by preference satisfaction if the Pareto criterion is applied and
these judgements can only apply to a world where people are actually preference satisfiers.
Suppose this is not the case and distributive choices reflect something other than social
preferences. In that case, one cannot be certain that a policy implemented based on such a

choice, in fact, increases welfare.

Additionally, whether choices actually reflect social preferences also matters for the stability
of implemented policies and, more broadly, for constitutional politics, which establishes the
rules or principles that should guide action in a society (e.g. see Rawls 1971). For the sta-

bility of any policy or constitutional arrangement, it is important that consistency between
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preferences over principles and actual decisions over outcomes exists. If individuals however
regularly agree to allocative principles, the practical implementation of which they oppose,
then it may create a build-in source of opposition to the constitution or to distributive poli-

cles.

The outline of this paper is as follows. In section II, we will begin by outlining the relevant
literature and theory. Section III describes the experimental design and section IV lists the
hypotheses and the empirical strategy. Section V reports the main results and section VI
reports the results of a follow-up experiment aimed at testing the underlying motivations
for norm-following in the distributive task. Section VII reports further results of a series of

robustness checks and section VIII concludes.

II Literature Review

As previously outlined, a large literature in experimental economics is concerned with mea-
suring distributive preferences. Most commonly, distributive preferences are studied with
dictator games, whereby one subject has to decide how much of their endowment to give
to another. Even once all reputational and reciprocal motivations are close to eliminated,

about 40% of subjects still give some of their endowment away (Franzen and Pointner 2012).

What dictator game results illustrate is that both, selfish and social preferences, appear
to influence distributive decisions in redistributive tasks. A growing literature is therefore
concerned with identifying the social preferences motivating people’s choices. This literature
tends to consist of experiments in which subjects make distributive choices, whereby each
choice is classified as being motivated by one or more specific social preference. Subsequently,
the set of distributive choices made by subjects is analysed by testing which social prefer-
ences can best organise the data (e.g. Fehr et al. 2006; Bolton and Ockenfels 2006; Cappelen
et al. 2010, 2013a).

Based on this literature, four main social preferences commonly found to motivate distribu-

tive choices can be identified:
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II.1 Inequality aversion

Considerable experimental evidence has found that an aversion to inequality can help un-
derstand distributive decisions made by subjects (e.g. Fehr and Schmidt 1999; Charness and
Rabin 2002; Fehr et al. 2006; Bolton and Ockenfels 2006). Inequality aversion hereby refers
to a dislike for inequitable outcomes, meaning that a distribution of material payoffs that
is equal is preferred to a distribution of material payoffs that is unequal (Fehr and Schmidt

1999). We represent this principle with the following statement in the experiment:

Inequalities should be minimized.

I1.2 Maximin preferences

A somewhat weaker form of inequality aversion is a preference to maximise the income of the
least well-off group in society. Such a social preference was first proposed by Rawls (1971) as
the logical redistributive principle to be chosen under a veil of ignorance once equal freedoms
are ensured. Experimental evidence on whether people indeed follow such a social preference
in their choices exists (e.g. Charness and Rabin 2002; Engelmann and Strobel 2004), but is
not as strong as the evidence for inequality aversion (e.g. see Fehr et al. 2006). In the

experiment, we refer to this principle with the following statement:

Inequalities are only justifiable iof they improve the position of the least well-off group in

society.

I1.3 Utilitarianism/Efficiency

Utilitarianism suggests that societies should aim to maximise happiness; or, in Bentham’s
words, produce the ‘greatest happiness for the greatest number’ (Mulgan 2014). In the
absence of specific knowledge about how income translates into happiness for different people,
this becomes a preference for arrangements that produce the highest average income level.
This is in line with Harsanyi’s derivation of utilitarianism from the same veil of ignorance
procedure as Rawls, when individuals are expected utility maximisers as opposed to being

expected to follow the maximin principle (Harsanyi 1980). He argues that a risk-neutral
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utility maximiser would aim to maximise average income behind the veil of ignorance. The
distribution which maximises the average income in society would also be associated with
exhausting all potential Pareto improvements (when allowing for compensation schemes)

and so reflects a concern for efficiency.

There is robust experimental evidence that subjects indeed follow such a concern for efficiency
or utilitarianism and care about maximising the average income of distributions. Such
findings tend to be particularly strong for economics students (e.g. Engelmann and Strobel
2004; Fehr et al. 2006). The corresponding statement for this principle in our experiment is

the following:

Income should be distributed to maximize the average income in society.

I1.4 Meritocracy

Recent experimental studies on distributive choices have focused increasingly on another po-
tential social preference: a preference for meritocracy. These studies differ somewhat from
the previously discussed ones in that they incorporate another dimension into the experi-
mental design — procedural justice. Of particular importance is thereby whether subjects
interpret the source of the experimental income as being luck or effort. On average, people
tend to be willing to redistribute a larger share of income if it is earned through luck as op-
posed to effort (Cappelen et al. 2013b). There is now substantial evidence in the literature
that meritocratic concerns can explain much of the variation in distributive preferences (e.g.
Almas et al. 2010; Cappelen et al. 2010; Krawczyk 2010; Cappelen et al. 2013a; Lefgren et al.

2016). This principle is referred to with the following statement:
Individual income should be based exclusively on his/her ability and talents.?

We are not aware of any studies directly comparing the exact same set of principles in dis-
tributive decision games as we do; however, as mentioned previously, various studies focus
on testing the explanatory power of a subset of these principles. What is common to all

these studies is that ex post explanations for behaviour are used to test which one can best

3Meritocracy is usually defined as also including a person’s effort provision (Cappelen et al. 2010), which
we did not explicitly state in our definition but would include if we were to rerun the experiment.
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organise the data. Such a test is only valid if one assumes revealed preference theory to hold.
This means that one has to assume that the result of the action, e.g. less inequality, is also

the motivation for it.

A further point to note on the existing literature on distributive preferences and the dic-
tator game in particular is that real-world distributive tasks almost never involve only two
people. Increasingly, studies therefore test preferences in large groups. These studies tend
to assume a redistribution parameter so that any preference is expressed as a degree of gen-
eral redistribution from poor individuals to rich individuals, thereby limiting the potential
principles motivating subjects’ distributive choices (e.g. Durante et al. 2014). To allow for
more nuanced motivations, Fisman et al. (2021) test distributive preferences in large groups
by asking subjects on mTurk to choose between two hypothetical societies of 7-9 individuals
with different income distributions. They find that both, inequality averse and maximin
preferences, can explain decision-making, as well as a desire to reduce the income of the
person directly ‘above’ the subject. This second finding is in line with ‘last-place aversion’

as found in Kuziemko et al. (2015).

The secondary research question of our paper asks whether social norms can explain any
deviation away from one’s social preferences when making distributive choices. This ques-
tion is not new (e.g. see Ellingsen et al. 2012; Géchter et al. 2013; Guala et al. 2013). As
discussed previously, the evidence from these earlier studies typically comes from trust and

public goods games, although not exclusively, and is mixed in its conclusions.

I11.5 Elicitation mechanism

We test three elicitation mechanisms that are most commonly used in experimental studies
for the revelation of social preferences (e.g. see Durante et al. (2014) who also use all
three mechanisms): Impartial spectator, veil of ignorance, non-veil of ignorance. We do this
because the degree to which selfish interests can enter the decision-making process varies

across treatments and, therefore, might affect the level of principle- and norm-following.
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I1.5.1 Impartial spectator

This mechanism asks subjects to make a distributive decision for a group of people they are
not a part of. Their decision, therefore, does not affect their own pay-off which ensures that
the decision can only reveal social preferences, as selfish preferences are removed from the

choice set (e.g. see Cappelen et al. 2013a).

I11.5.2 Veil of Ignorance

The veil of ignorance was developed by Rawls (1971) and asks subjects to make a distributive
decision for a group of people they belong to; however, without knowing which position they
will take up in this group. They will therefore be affected by the choice they make and selfish
preferences may affect the decision-making process. However, as subjects do not know which
position they will be in once the distributive decision is being applied, the extent to which

selfish preferences can influence choices is limited.

11.5.3 Non-veil of Ignorance

The third mechanism removes the veil of ignorance so that subjects know which position
they will likely hold in the group prior to making the distributive decision. Thus, the decision
subjects make in this treatment is a combination of social and selfish preferences. Arguably,

this mechanism is closest to distributive decisions made in the real world.

I1.6 Norm-following and cooperation

In addition to our main experiment, we also test whether norm-following in the distribution
decision is related to behaviour in a subsequent one-shot public goods game. One impor-
tant behaviour observed in public goods games is conditional cooperation (Fischbacher et al.
2001). A conditional co-operator contributes when others contribute and reduces her contri-
butions if others reduce theirs. Given that the largest group of subjects in public goods games
appear to follow conditionally cooperative behaviour (Fischbacher et al. 2001), understand-
ing what motivates conditional cooperation is relevant for an understanding of cooperative

behaviour more broadly. A plausible interpretation of conditional cooperation would be that
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it is a version of descriptive norm-following (Fehr et al. 2002; Fehr and Fischbacher 2004;
Vollan and Ostrom 2010). Subjects who want to follow the norm observe the behaviour
of others and adjust their own contributions accordingly. There is, in fact, evidence that
conditional cooperators who have a high propensity to contribute seek information about
others’ contributions - the descriptive norm - if given the option (Bigoni and Suetens 2012).
Our experimental setting allows us to test whether this type of norm-following in the public
goods game is related to norm-following in a different setting — our distribution task. If this

is the case, it would suggest that conditional co-operators might be general norm-followers.

III Experimental Design

To test whether choices over outcomes in distributive settings reveal underlying social pref-
erences, we leverage a within-subject design that requires people to choose a principle that

they believe should govern distributive choices in a hypothetical group of five subjects, before

Figure 2.1: Experimental Design Overview
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making an incentivised decision over allocations in this group.

The novel aspect of this experimental design is to identify people’s preferences directly, by
simply asking them which principle of distributive justice they believe should govern decision-
making. The underlying assumption of our experimental design is that people are aware of
the principle they apply in distributive decision-making. Figure 2.1 provides an overview of

the experimental design.
Introduction

Subjects are told, by way of background, that a group of people are asked to do a quiz and
their answers generate income. Their performance is ranked from the bottom 20% to the
top 20% of performers and the average income by quintile of performers is given in table 2.1.

This table was presented to all subjects in the introductory part of the experiment.

Table 2.1: Average Income per Quintile

Performance Level Average Income
Bottom 20% of performers £20
2nd 20% £30
3rd 20% £40
4th 20% £70
5th 20% £110

Decision 1: Choice of Principle

To identify subjects’ social preference, we ask which of the four statements outlined in section
IT best describes how they believe income should be distributed in this group of five. The
statements are presented in random order. As social preferences can be context-dependent
and to hold assumptions about the distribution constant between subjects, it is important to
identify people’s social preference after the background situation is described and the status

quo distribution is given.
Decision 2: Elicitation of injunctive Social Norm

To elicit subjects’ perception of the injunctive social norm, we follow the experimental design
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Figure 2.2: Injunctive Social Norm elicitation

All the participants in your group are now asked to select a statement.
Each of you will be rewarded with a bonus payment of 50p if you select
the statement chosen by most of the members of your group.

Income should be distributed to maximize the average income in society.

Individual income should be based exclusively on his/her ability and talents.

Inequalities should be minimized.

Inequalities are only justifiable if they improve the position of the least well-off group in
society.

developed by Krupka and Weber (2013), who elicit social norms in incentivised coordination
games. Our primary difference to the Krupka and Weber design is that we do not elicit
norms with a separate subject pool but with the same subjects that participate in the main
experiment.* We do this as we assume that what influences people’s decisions is what they
themselves perceive to be the norm, irrespective of whether there is a general agreement of

what the social norm consists of. This is in line with d’Adda et al. (2016).

Figure 2.2 illustrates the question we ask all subjects to identify which principle they believe

to be the injunctive norm within their group.®
Decision 3: Choice of Distribution

Subjects are now asked to make the main distributive decision of the experiment. They are
informed that the income generated by the quiz can be redistributed in four possible ways

and they are then asked to choose one of the options. Our experimental design ensures that

4In a robustness check experiment where we invert decision 3 and 4, we find a similar distribution of
perceived social norms (in line with D’Adda et al.’s findings (2016)). In a further robustness check subject
pool, however, we find significant differences in elicited social norms at the aggregate. The results can be
found in appendices 1X.2.1 and IX.3.3.

5In the impartial spectator treatment, the question we ask does not refer to “your group” but “the
group”. The exact wording of each part of the experiment can be found in appendix IX.5.

35



each possible principle matches directly onto a possible distribution option, allowing us to
test whether the stated principle and the chosen distribution match. Such a test is only pos-
sible by restricting subjects’ possible options to choose from a defined set of distributions.
Table 2.2 provides an overview of each principle and its corresponding distribution.® These

options were also randomised in order during the experiment.

Table 2.2: Distribution Options

Average Income

Performance Inequality

Level Aversion Mazimain Menritocracy — Utilitarianism
Bottom 20% £30 £40 £20 £20
2nd 20% £60 £40 £30 £30
3rd 20% £60 £50 £40 £50
4th 20% £60 £60 £70 £70
5th 20% £60 £80 £110 £110
Total £270 £270 £270 £280

Notes: The exact wording and presentation of the distributions to respondents can be found in appendix IX.5.

By design, each of the four distribution options is only compatible with one of the stated
principles. The inequality averse distribution minimises the average income differences be-
tween each person in the distribution. If one wants to maximise the income of the poorest
person, only the maximin distribution can fulfil this principle. The meritocratic distribution
is equivalent to the distribution based on quiz performance and the utilitarian distribution

has the highest average and total income of all possible distributions.
Decision 4: Elicitation of descriptive Social Norm

As in decision 2, we now ask subjects to choose a distribution and we tell them that ‘you will
be rewarded with a bonus payment of 50p if you select the distribution chosen by most of the
members of your group’. We are then able to compare the distribution chosen in decision

3 and 4 to test whether a perceived descriptive social norm guided subjects’ distribution

SWe also run a robustness check where we report the average income, rather than the total income, for
each distribution option. The results can be found in appendix IX.3.2. The different wording as no effect on
subjects’ choices.
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decision.

III.1 Treatments

In addition to our main research questions, we are interested in testing whether the method
used to elicit preferences and distribution choices affects our findings. To do so we compare
subjects’ choices across three treatments, each using one of the three previously outlined
elicitation mechanisms commonly used in distributive experiments: An impartial spectator

treatment, a veil of ignorance treatment and a non-veil of ignorance treatment.

In the impartial spectator treatment (treatment 1), subjects were asked to make decisions

1-4 for a group of subjects they do not belong to.

In the veil of ignorance treatment (treatment 2), subjects were told that they are part of the
group, that they will take part in the quiz after making decisions 1-4 and that their perfor-
mance, together with the selected distribution, will affect the bonus payment they receive.
Subjects however did not know what the quiz consisted of when making decisions 1-4 and

could therefore not predict their position in the distribution.

In the non veil of ignorance treatment (treatment 3), subjects were given the same informa-
tion as in the veil of ignorance treatment but prior to making decisions 1-4 they were given
two sample questions of the quiz. Based on their performance on these sample questions,
we told subjects the quintile they would most likely be in for the actual quiz. When making
decisions 1-4 subjects, therefore, knew their likely quintile position and so could, if they so

wished, choose a distribution that would maximise the income of that position.

II1.2 Public Goods Game

After making decisions 1-4 and completing the quiz, subjects were asked to take part in a
one-shot hypothetical public goods game. A short explanation of the game was given in
which subjects were told that the game consists of four players, each having an endowment
of £20. The multiplier used was 1.6 and each subject was given two example scenarios

prior to making the decision to illustrate the dynamics of the game. The example scenarios
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Figure 2.3: Public Goods Game Example Scenarios

Scenario 1 Scenario 2
Player 1 Player 2 Player 3 Player 4 Player 1 Player 2 Player 3 Player 4
£20 £20 £20 £20 £20 £20 £20 £20

Public Good Public Good
£80 £20

x1.6= x1.6=
£128 £32

Player 1 Player 2 Player 3 Player 4 Player 1 Player 2 Player 3 Player 4
£32 £32 £32 £32 £28 £18 £18 £28

are outlined in figure 2.3. Given that we asked subjects to play a hypothetical one-shot
public goods game, it is possible that higher contribution levels can be explained by subjects
being conditional co-operators. That is, as conditional co-operators tend to start with high
contribution levels in the first round and then decrease their contribution levels over time
depending on other players’ choices (Fischbacher et al. 2001). To account for this possibility,
we use the strategy method design by Fischbacher et al. (2001) to create a control variable
for conditional cooperation in one of our robustness checks. Previous research has found
that subjects who can be classified as conditional cooperators with the strategy method also
behave like conditional cooperators in repeated games (Fischbacher et al. 2012). The results

of this robustness check can be found in appendix section 1X.3.4.

IV Hypotheses and Empirical Strategy

To answer the primary research question, we compare subjects’ chosen principle (decision 1)
and chosen distribution (decision 3) for consistency.” If a subject chooses, for example, the
maximin principle and the maximin distribution, she is coded as a social preference-follower.
If her principle and distribution do not match, she is not. We, therefore, formulate our first

hypothesis:

"We deviate slightly from our pre-analysis plan in this section and in some of the reporting of our results
based on feedback we received since submitting the original pre-analysis plan in 2019. None of these changes
substantially change the main motivation or hypotheses of the paper.
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Hypothesis 1: A person’s personal principle (their social preference) predicts their distri-

bution choice.

To answer the secondary research question, which asks whether potential deviations away
from social preferences in the distribution choice can be explained by norm-following, we
test whether the variation in social preference following can be explained by norm following.
Norm following is thereby defined as choosing a distribution in decision 3 that matches the
perceived descriptive social norm elicited in decision 4, or the perceived injunctive norm

elicited in decision 2. Our second hypothesis is then:

Hypothesis 2: Differences between subjects’ chosen principle and distribution can be ex-

plained by descriptive and/or injunctive norm-following in the distribution choice.

As discussed previously, we expect there to be a significant difference in chosen principles
and social preference following across our three treatments. In particular, we expect prefer-
ence following to be higher in the impartial spectator treatment, which is generally assumed
to be a clean test of social preferences as selfish considerations do not apply here (Cappelen
et al. 2013a). We further expect selfish considerations to become more important in the
non-veil treatment where the position in the distribution is known. This might reduce social

preference following compared to treatments 1 and 2. This leads to our third hypothesis:

Hypothesis 3: Social preference following is lower in the non-veil of ignorance treatment

compared to the other two treatments.

Lastly, we are interested in whether norm-following in the distribution decision helps pre-
dict behaviour in the subsequent one-shot public goods game. A potential channel through
which norm-following and public goods game contributions might be linked is conditional
cooperation. Conditional co-operators, on average, are likely to make higher contributions
to the public good in a one-shot game than other types of players, for example, free riders.
If conditional cooperation is a form of descriptive norm-following, and norm-following in the
distribution task translates to norm-following in the public goods game, then we would ex-
pect contributions, on average, to be higher for subjects who are descriptive norm-followers.

Based on the above we state our final hypothesis:
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Hypothesis 4: There is a significant positive relationship between the level of norm-

following in the distributive choice and subjects’ contributions in the public goods game.

The main variable of interest in our estimation is the distributive choice subjects make in
our experiments; namely, whether they choose inequality aversion, maximin, meritocracy or

utilitarianism. We therefore estimate the following model:

Dy = Bo+ B1Pi + BoNDyj+ BsNIi; 4+ Ay + € (2.1)

Whereby D is the outcome measured as a dummy variable capturing the chosen distribution
by subject i in treatment t, P is a dummy variable equal to 1 if the chosen social preference
is equal to the chosen distribution, ND is a dummy variable equal to 1 if the elicited descrip-
tive social norm is equal to the distribution choice, NI is a dummy variable equal to 1 if the
elicited injunctive social norm is equal to the distribution choice, A a vector of controls and

€ is the error term.

As we further want to test whether any potential inconsistency between preferences and dis-
tribution choices can be explained by the role of perceived social norms, we further estimate

the following binary logit model:

Yii=P00+BiNDy; + BoNI;i + Mj + € (2.2)

Whereby Y is a binary outcome variable equal to 1 if subject i’s choice of principle and
outcome is consistent in treatment t, ND is a dummy variable equal to 1 if the elicited
descriptive social norm is equal to the distribution choice, NI is a dummy variable equal to
1 if the elicited injunctive social norm is equal to the distribution choice, A the vector of

controls and e the error term.

Lastly, to identify whether there is a relationship between norm-following in the distribution

decision and public goods game contributions we will estimate the following additional model:
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Whereby C is the outcome variable measured as subject i’s contribution to the one-shot
public goods game, P is the chosen principle, D the chosen distribution, PD is a dummy
variable equal to 1 if subject i followed her social preference in the distribution choice, N is a
dummy variable equal to 1 if the elicited descriptive and/or injunctive social norm is equal

to the distribution choice, A the vector of controls and e the error term.

Previous research has found risk-aversion to be an important factor in determining peo-
ples’ distributive preferences, particularly behind a veil of ignorance (Carlsson et al. 2005;
Schildberg-Horisch 2010). To account for this potentially biasing factor we include a control
variable for risk-aversion in our model. We further control for participants’ income as var-
ious studies have previously found a causal link between income-levels and preferences for
redistribution (see e.g. Esarey et al. 2012; Owens and Pedulla 2014; Naumann et al. 2016).
Previous research has also found participants’ gender (Alesina and Angeletos 2005; Rehm
2005) and nationality to influence distributive preferences; particularly, whether participants
live in the United States or Europe affects their preferred level of redistribution (Alesina and
Glaeser 2004). In addition to these two factors we will also control for age and student status,
as economics students have been found to be less inequality averse in experimental settings

than the average population (Fehr et al. 2006), which may further bias our estimation.

Our online survey experiment was coded in Qualtrics and run with a subject pool of 2,408
people recruited via Prolific Academic. Our experiment was run in two sessions. The first
session ran on the 14th of November 2019 and the second session on the 9th of December
2019. Both sessions were conducted in the late afternoon to ensure that both, participants
in the US and Europe, could be reached. The experiment was pre-registered with Harvard

Dataverse (Weber 2019).

V Results

Table 2.3 reports mean values of descriptive variables by assigned treatment. Most de-
mographics are well-balanced between the treatment groups; however, the proportion of

economics students is significantly different across treatment groups. Given that this vari-
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Table 2.3: Balance across treatment groups

Impartial Non-Veil of Veil of

Spectator Ignorance Ignorance
Mean Value or Share
Female 59.60 61.02 59.70
Age
18-20 8.51% 9.90% 10.34%
21-29 38.10% 34.14% 34.12%
30-39 26.76% 30.58% 29.27%
40-49 13.32% 14.47% 13.08%
50-59 9.00% 8.12% 8.22%
60+ 4.32% 2.79% 4.98%
Students 0.25 0.24 0.27
Economics 0.19%* 0.24%%* 0.22
Income
Under £20,000 49.80% 51.15% 54.13%
£20,000 to £34,999 26.76% 23.89% 26.53%
£35,000 to £44,999 13.32% 12.15% 9.60%
£50,000 to £74,999 5.59% 8.64% 5.73%
£75,000 to £99,999 2.40% 2.16% 1.60%
Over £100,000 2.13% 2.02% 2.40%
Sample
United Kingdom 58.32% 56.69% 58.26%
United States 17.02% 19.32% 19.13%
Europe 24.66% 23.99% 22.61%
Left-Right 4.03 4.03 4.02
Risk preference 5.58 5.60 5.42
Quiz performance 2.25 2.55%HK 2.31
Observations 811 792 805

Notes: Table reports the mean values or category shares for each variable. Category shares indicate the share of respondents
within a treatment group who fall into a particular category. Students and Economics are dummy variables. A higher value
on the left-right scale from 1 to 5 indicates a more left-wing orientation on economic policy. Risk preferences are self-reported
on a scale from 0 to 10 with 10 being the most risk-seeking option. Quiz performance ranges from 0 to 5 depending on how
many questions the subject answered correctly. Asterisks indicate significant differences in mean values between treatment
groups from a chi-squared test of independence. *** p<0.01, ** p<0.05 , * p<0.1.
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able does not appear to influence the main outcome variables®, it does not appear to be a

problem for inference.

The table further reports that quiz performance is significantly higher in the non-veil of
ignorance treatment. This is likely to be the case as respondents in this treatment answered
two sample quiz questions prior to making their distributive decisions and were therefore
better prepared for the actual quiz than respondents in the other two treatments.

Figure 2.4: Frequency distribution of principle, distribution choice, and per-
ceived norms
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Figure 2.4 shows the aggregate distribution of subjects’ chosen principle, distribution and
elicited social norms for all treatments. At first glance, these results seem to suggest that
distribution choices deviate significantly from chosen principles, in line with perceived de-
scriptive social norms. Most evidently, this appears to be the case for two principles -
meritocracy and maximin. 38% of subjects chose meritocracy as their preferred principle,

while only 10% chose it in the distributive decision. Conversely, only 15% of subjects choose

8See table 2.3b.
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the maximin principle while 51% of subjects chose maximin in the distribution choice. In
both cases, the frequency of the distributions chosen across all subjects are much more in
line with that of perceived descriptive norms than principles. While the contrast is not as
stark for utilitarianism or inequality aversion, the same pattern can be observed. This ag-
gregate pattern is reinforced by simple correlation coefficients between distribution choices

and principles (-0.87) and between distribution choices and descriptive norms (0.99).

Table 2.4 plots the frequency of principle choice by chosen distribution for all three treat-
ments. The drift to the maximin distribution for each chosen principle is evident. For all
subjects, except for those who chose the meritocratic principle, maximin is the most fre-
quently chosen distribution. Indeed, except for those who chose the maximin principle, the
principle choice only predicts the distribution choices of 16-19% of subjects. For comparison,
suppose a person chose their preferred principle and then randomly selected the distribu-
tion: i.e. the principle choice has no influence on the distribution decision. It follows holding
principle x” would nevertheless ‘correctly’ predict distribution choices 25% of the time with
such random behaviour. This means that for people who choose the inequality aversion,
meritocracy and utilitarian principles in our experiment, their actual chosen distribution
outcomes are no better predicted than they would be had those distribution outcome deci-
sions actually been random. A chi-squared test of the distribution in table 2.4 is significant
at the 99%-confidence level (chi-squared of 405.36, p=0.000) further supporting the finding

that the two decisions are significantly different from each other.

Table 2.4: Social Preference by chosen Distribution

Chosen Distribution

Social Preference Inequa‘hty Maximin Meritocracy  Utilitarianism
Aversion

Inequality Aversion 18.90% 62.52% 5.83% 12.76%

Maximin 11.43% 68.86% 6.00% 13.71%

Meritocracy 6.60% 34.42% 16.56% 42.42%

Utilitarianism 21.84% 55.11% 6.61% 16.43%

Notes: Bold values indicate the share of respondents who chose a distribution consistent with their social preference.
Percentages sum to 100% within each row.

Turning now to the individual-level data, table 2.5 reports individual binary logit regressions
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whereby the outcome variable is equal to 1 of subject i chose the respective distribution. So-
cial preference and social norms are equally dummy variables equal to one if the principle
chosen by subject i matched the distribution choice of the model and if the elicited descriptive
or injunctive norm of subject i matched the distribution choice of the model, respectively.’
As we are estimating multiple outcome variables, we also account for multiple hypothesis
testing by reporting adjusted p-values based on Anderson (2008). These do not change the
main findings. In table 2.3b in the appendix we reproduce this analysis using a combined
regression equation for each distribution choice including all three dummies in the same
model. This allows us to also introduce control variables. We run separate regressions in
table 2.5 because given that personal principles are likely also influenced by injunctive social
norms, it is difficult to distinguish their respective influences on the outcome variable in a

combined regression model due to potential multicollinearity.*°

The results reported in table 2.5 show that it always helps when predicting individual dis-
tribution decisions to know either a person’s personal principle, their perceived injunctive
social norm, or their perceived descriptive social norm. However, two considerations point

to the primacy of the perceived descriptive social norms in this predictive task.

First, the coefficient of the social preference and injunctive social norm variables are negative
for the utilitarian distribution decision. This suggests that it is not helpful to know whether
a person’s social preference or perceived injunctive norm is utilitarian because this means
that person is less likely to also choose the utilitarian distribution. In contrast, the coeffi-
cients of the perceived descriptive social norm are always significant and positive, meaning
that a person who perceives the descriptive social norm to be utilitarian is also more likely

to choose the utilitarian distribution.

Second, the coefficients of the perceived descriptive social norm are always significantly larger

9In our Pre-Analysis plan, we indicated that we would weigh our results based on demographic variables
to create representative samples of the respective regions we include in our experiment. We decided against
doing so given the small sample size per country and the skewed age and income distribution outlined in
table 2.3. Instead we control for all our demographic variables in our main analysis.

10We also decided against using multinomial logit models with categorical independent variables because
we are interested in the relative importance of principle or norm x in explaining the choice of distribution x
over all other possible options, as opposed to the relative importance of principle or norm x over principle
or norm y in explaining distribution x.
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Table 2.5: Logistic regressions of distributive choices for all treatments

All Treatments

Non-Veil of Ignorance Treatment
Choice of Distribution Choice of Distribution
Inequality Aversion Maximin Meritocracy Utilitarianism Inequality Aversion Maximin Meritocracy Utilitarianism
Personal Principle 0.580%** 0.839%** 1.064%*** -0.564%** 0.368 0.469** 0.746%** -0.079
(0.134) (0.128) (0.147) (0.137) (0.226) (0.221) (0.265) (0.217)
[0.001] [0.001] [0.001] [0.001] [0.074] [0.054] [0.021] [0.218]
Injunctive Norm 0.338%* 0.638*** 0.755%%* -0.335%** 0.436* 0.067 0.763%** -0.423%*
(0.132) (0.142) (0.142) (0.124) (0.226) (0.249) (0.254) (0.213)
[0.006] [0.001] [0.001] [0.005] [0.056] [0.245] [0.013] [0.056]
Descriptive Norm 2.528*** 2.093*** 2.064%** 2.036%** 2.416*** 2.243%** 1.684%** 2.020%**
(0.141) (0.100) (0.164) (0.111) (0.240) (0.180) (0.291) (0.196)
[0.001] [0.001] [0.001] [0.001] [0.001] [0.001] [0.001] [0.001]
Selfishness 0.100 -0.321%* 0.467* 0.117
(0.214) (0.154) (0.252) (0.173)
[0.472] [0.147] [0.147] [0.472]
Individual Controls v’ v’ v’ N v’ N N N
Session Fixed Effects v’ v’ N v’ v’ N v’ v’
Observations 2,219 2,219 2,219 2,219 733 733 733 733

Notes: Estimates come from individual logistic regressions. Personal Principle, Injunctive Norm, and Descriptive Norm are dummy variables equal to 1 if the subject’s
respective choice of principle or norm matched the distribution choice. Selfishness is a dummy variable equal to 1 if the subject chose the distribution that maximises the

payoff of the quintile they were placed in based on their example quiz answers. Robust standard errors are presented in parentheses. Adjusted p-values for multiple hypothesis
testing (Anderson 2008) are presented in brackets. *** p<0.01, ** p<0.05 , * p<0.1.



than those of either the social preference or of the perceived injunctive social norm. This
contrast becomes even more stark when focusing only on the non-veil of ignorance treatment,
where selfish considerations can be entered as an additional motivation for distributive de-
cisions. We can introduce the selfishness variable in this treatment because subjects know
their likely quintile position. This is a dummy variable taking the value of 1 when the distri-
bution choice also accords with a person’s selfish interest (maximizes own expected material
returns); 0 otherwise. Here, perceived descriptive norms always predict the distribution
choice positively while, at best, social preferences and perceived injunctive norms only help
predict the correct direction in half the distribution decisions. Selfishness itself is generally

a poor predictor of distribution choices.

Taking meritocracy as an example, subjects who have a social preference for meritocracy are
2.6 times as likely to choose the meritocratic distribution compared to everyone else, while
subjects who perceive the descriptive social norm to be meritocratic are 7.3 times as likely
to choose the meritocratic distribution. These findings reinforce the descriptive evidence

reported in figure 2.4.

Result 1: There are significant differences between subjects’ chosen principle and distribu-
tion in the aggregate but principles have some predictive power for individual distribution

choices.

While table 2.5 provides evidence that suggests descriptive social norms play a more signif-
icant role in explaining distributive choices than social preferences, it does not yet provide
evidence on whether social norms can explain subjects’ deviation away from their stated
principle in the distribution choice. Table 2.6 reports that this is indeed the case, at least
for descriptive norm-following. The outcome variable here is a dummy variable equal to
1 if subject i chose a distribution consistent with their previously stated social preference.
As the table reports, choosing a distribution consistent with the perceived descriptive norm
makes one less likely to choose a distribution consistent with the stated preference. On the
other hand, choosing a distribution consistent with the perceived injunctive norm increases

the likelihood of being consistent in preference-following substantially. This second result is
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Table 2.6: Principle-consistency by norm-following

Principle-Distribution Consistency

Descriptive Norm Injunctive Norm
No Controls Controls No Controls Controls
Norm-following -0.211** -0.188* 2.110%** 2.129%**
(0.096) (0.101) (0.109) (0.116)
Controls v’ v’
Country Fixed Effects v’ v v’ v
Session Fixed Effects v’ v v v
Observations 2,408 2,219 2,408 2,219

Notes: Estimates come from logistic regressions. Norm-following is a dummy variable equal to 1 if the subject’s injunctive or
descriptive social norm matched the chosen distribution. Robust standard errors are presented in parentheses. *** p<0.01, **
p<0.05 , * p<0.1.

however most likely a mechanical finding due to the high correlation between personal prin-
ciples and injunctive norms, which can be seen in figure 2.4 and is reported at the individual
level in table 2.3a in the appendix. If a subject is consistent in their preference-following,

they are therefore naturally also more likely to be injunctive norm-followers if principles and

injunctive norms are correlated. These results provide evidence partially in line with H2:

Result 2: Descriptive but not injunctive norm-following can explain subjects’ deviation

away from their stated preference in the distribution choice.

While our results indicate that many subjects do not consistently follow their stated social
preferences but deviate toward descriptive social norms when making distribution decisions,
we also want to ensure that these results are robust to the elicitation method. We therefore
compare subjects’ decisions across our three treatments: The impartial spectator treatment
in which subjects have no stake in the choices they make; the veil of ignorance treatment in
which subjects have a stake in their decisions but do not yet know the position they will be
placed on in the distribution; and finally, the non-veil of ignorance treatment in which sub-
jects have a known stake in the decisions they make. Figure 2.5 gives the aggregate frequency
of distribution choices by treatment. There is a significant difference in chosen distributions
by treatments (Chi-squared of 18.63, p=0.05); however, this is driven by inequality aversion

as the significance disappears when we exclude this choice from the analysis (Chi-square of
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Figure 2.5: Distribution choice by Treatment
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2.89, p=0.58). Inequality averse distribution decisions are significantly less frequent under

the impartial spectator than veil and non-veil procedures.

Tables 2.7 gives the proportion of social preference followers and the proportion of perceived
descriptive and injunctive social norm followers by treatment. There are no significant differ-
ences in these frequencies across the three treatments (Chi-squared for preference following

is 1.12, p=0.57 and for descriptive norm following is 1.85, p=0.40).

Result 3: There is no significant difference in the level of social preference- or norm-following

in the distribution decision across treatments.

Finally, we are interested in how the level of norm-following in subjects’ choices affects their
subsequent behaviour in a one-shot public goods game. Given the high correlation between
injunctive norms and personal principles discussed previously, we exclude injunctive norms

from this analysis. As we expect conditional cooperation to be the behaviour which connects
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Table 2.7: Principle- and Norm-following by Treatments

Treatments

. . Impartial Veil of Non-Veil of
Personal Principle following Spectator Ignorance Ignorance
Inequality Aversion 18.78% 20.51% 17.62%
Maximin 76.24% 70.21% 60.19%
Meritocracy 19.21% 15.33% 14.53%
Utilitarianism 12.59% 13.33% 23.60%
Ingunctive Norm following
Inequality Aversion 14.94% 16.27% 17.52%
Maximin 69.05% 69.31% 50.62%
Meritocracy 16.41% 13.75% 14.93%
Utilitarianism 20.38% 20.75% 20.63%
Descriptive Norm following
Inequality Aversion 42.45% 50.66% 47.79%
Maximin 75.85% 77.90% 76.08%
Meritocracy 33.65% 43.84% 29.55%
Utilitarianism 52.27% 53.30% 54.75%

norm-following in the distribution task with public goods game contributions, descriptive

norm-following is the more relevant version of norm-following in this context anyway.

Table 2.8 reports subjects’ contributions for all treatments and the non-veil of ignorance
treatment only. We pooled the data from our main experiment and the two subsequent ro-
bustness check experiments which included the public goods game for this analysis. Results
for only the main experiment and each robustness check can be found in appendix section
IX.3. It is evident from the results that norm-following is a strongly significant and positive
predictor of higher contribution levels. Being a descriptive norm-follower in the distribution
choice increases public good contributions, ceteris paribus, by £0.73-£0.98 in all treatments
and by £0.82-£1.09 in the non-veil of ignorance treatment only. Preference-following on the

other hand does not help predict contribution levels.
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One possible explanation for this result is that given the modal descriptive norm in the distri-
bution task is maximin, the coefficient for norm-following might merely reflect a concern for
ensuring some income for all that translates from the distribution experiment to the public
goods game and is indirectly captured by norm-following. To account for this possibility,
we include the perceived descriptive norm as a control variable in models (2) and (4) of
table 2.8. While it is evident that the type of perceived descriptive norm affects contribution

levels, the positive effect of norm-following generally on contribution levels remains.

Result 4: There is a significant positive relationship between norm-following in the dis-

tributive choice and subjects’ contribution levels in the public goods game.

While accounting for selfishness by focusing only on the non-veil of ignorance treatment in-
creases the significance and magnitude of the norm-following variable, selfishness itself does
not explain contribution levels. We find, however, that a higher age, being female, a lower
income, not being a student, more risk-seeking preferences, and a more left-wing political

orientation are associated with higher contribution levels.

V1 Motivation for Norm-following

Our main finding, that people deviate significantly from their stated social preference in line
with what they perceive to be the descriptive social norm, raises the question of why that
is the case. There are several possible explanations for why people may decide to follow a
social norm. These can be broadly distinguished by whether they pose a challenge to the
preference satisfying model or complement it. The economic approach to norm following
falls into the latter category as it assumes norms provide focal points in games with multiple
Nash Equilibria and are therefore useful coordination devices in groups (see Binmore 2010).
This explanation is precluded by our design as there are no interactive decisions to be made
in the distributive part of the experiment. It can therefore not explain why people adhere

to their perceived social norm.

An alternative explanation for norm following that is equally not a challenge to the prefer-

ence satisfying model is that injunctive social norms help constitute preferences (Tajfel et al.
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Table 2.8: Public Goods Game

One-Shot PG Game Contributions (0-20) for all waves

All Treatments Non-Veil of Ignorance Treatment
1 (2) 3) 4)
Norm-following 0.975%** 0.726*** 1.086%** 0.817**
(0.218) (0.230) (0.320) (0.333)
Preference-following -0.027 0.198
(0.241) (0.349)
Descriptive Norm
Utilitarianism -0.924%** -1.586%**
(0.262) (0.385)
Meritocracy -1.348%** -1.335%*
(0.379) (0.539)
Inequality Aversion -0.398 -0.835*
(0.309) (0.444)
Selfishness 0.501 0.256
(0.310) (0.310)
Treatments
Veil of Ignorance 0.088 0.081
(0.311) (0.312)
Non-Veil of Ignorance 0.047 0.057
(0.316) (0.316)
Sample
United Kingdom -0.179 -0.183 -0.432 -0.425
(0.267) (0.267) (0.370) (0.369)
United States -0.184 -0.194 0.111 0.097
(0.367) (0.366) (0.559) (0.554)
Quiz Performance 0.224%* 0.205** 0.170 0.146
(0.100) (0.100) (0.143) (0.143)
Income -0.262%* -0.243** -0.280* -0.250
(0.103) (0.103) (0.155) (0.155)
Female 0.927%** 0.923%** 0.971%** 0.961%**
(0.231) (0.231) (0.340) (0.339)
Left-Right 0.495%** 0.479%** 0.379* 0.357*
(0.147) (0.146) (0.209) (0.210)
Age 0.459%** 0.446%** 0.570%** 0.547%**
(0.099) (0.098) (0.147) (0.147)
Risk seeking 0.137%** 0.148%** 0.117 0.137*
(0.051) (0.051) (0.075) (0.074)
Student -0.480%* -0.482* -0.774* -0.768*
(0.277) (0.276) (0.398) (0.396)
Economics -0.289 -0.271 -0.248 -0.201
(0.272) (0.272) (0.383) (0.382)
Constant 9.449%** 10.124%** 9.750%** 10.900***
(0.852) (0.866) (1.245) (1.265)
Session Fixed Effects v’ v’ v’ v’
Observations 3,376 3,376 1,619 1,619
R-squared 0.030 0.036 0.038 0.050

Notes: Estimates come from individual linear regressions. The outcome variable is subjects’ contribution to the hypothetical
one-shot public goods game with values ranging from 0-20. Norm-following is equal to 1 if the subject followed the perceived
descriptive norm in their distribution choice and 0 otherwise. Preference-following is equal to 1 if the subject followed their
principle in the distribution choice and 0 otherwise. The reference category for the descriptive norm variable is maximin,
which was the modal perceived descriptive norm. Selfishness is a dummy variable equal to 1 if the subject chose the
distribution that maximises the payoff of the quintile they were placed in based on their example quiz answer. The reference
category for the treatment variables is the impartial spectator treatment. The reference category for the Sample variable is
Western Europe. Quiz performance ranges from 0 to 5 depending on how many questions the subject answered correctly. A
higher value on the left-right variable indicates a more left-wing orientation on economic policy. Risk preferences are
self-reported on a scale from 0 to 10 with 10 being the most risk-seeking option. Student is a dummy variable equal to 1 if the
subject is currently studying towards a degree and Economics is a dummy variable equal to 1 if the subject has ever studied a
course on economics at university. Robust standard errors are presented in parentheses. *** p<0.01, ** p<0.05 , * p<0.1.
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1979; Akerlof and Kranton 2000). This explanation is based on social identification theory
which argues that people gain a sense of identity by behaving in a way that corresponds to
the norms of their group. This gives them a sense of identity because their group’s norms

differ from those of other groups.

There are two further potential explanations for descriptive norm following that form distinct
alternatives to the preference satisfying model. The first is that people may simply not have
relevant preferences in the given decision problem. The decision may be so novel or unfamil-
iar that individuals cannot evaluate the different options and therefore treat other people’s
behaviour, or expected behaviour, as social information regarding how to value them. There

is some experimental evidence in support of this explanation (Fatas et al. 2018).

The second potential explanation of this kind is based on a problem set out by Adam Smith
in his Theory of Moral Sentiments (1759). He argues that while we have social preferences,
it is difficult to be sure whether we authentically act on those social preferences or whether
we are actually guided by our own self-interest. To genuinely adhere to social preferences,
we therefore need some external standard to act on social preferences authentically. This is

what descriptive social norms supply and why there are followed.

In a follow-up experiment we therefore included a number of additional measures to test
which of these different explanations best explains descriptive norm-following in the dis-
tributive decision. The experiment was run on the 21st of April 2020 with a total of 1,003
subjects. After decision 1, we added a question to the design asking subjects to rate their
confidence in their chosen principle on a scale from 0 to 10. In so far as either of the two
explanations of norm-following that are distinct from the preference satisfying model are
correct, subjects who are less confident in their principle should be more likely to follow a
social norm and deviate from their stated principle. We further added questions on ambi-
guity aversion, social identification (both on strength and type of social identification) and
tolerance for deception to the demographic part of the experiment. Both, ambiguity aver-
sion and a higher tolerance for deception would be expected to correlate with norm-following
if the authenticity-based explanation of norm-following were to hold. Social identification

however would point towards the first explanation of norm-following as complimentary to

53



the preference satisfying model.

As can be seen in figure 2.6, we find that those who followed their social preference in the
distribution choice expressed a higher level of confidence in their principle compared to all
other subjects. This is consistent with both, the explanation of norm-following based on a
lack of defined preferences and a desire for authenticity. As the second part of figure 2.6
shows, higher ambiguity aversion is associated with a higher likelihood of norm-following,

which further supports the norm-following as authenticity explanation.

Figure 2.6: Individual Characteristics by Subject Group

Social Preference Followers Norm Followers
Ambiguity - : Ambiguity -
= =
Confidence | Confidence
B —
Identity | H Identity -
R =
T T T T T T T T T T T
-2 -1 0 A 2 -4 -3 -2 -1 0 A
No Controls B Controls No Controls B Controls

Notes: Figures are based on logistic regressions. The outcome variable of the left coefficient plot is equal to 1 if the subject
followed their social preference in the distribution choice and 0 otherwise. The outcome variable of the coefficient plot on the
right is equal to 1 if the subject followed their perceived social norm and 0 otherwise. Ambiguity ranges from 0 to 7 (with
a higher value indicating more ambiguity seeking preferences) and is a standardized scale based on the ambiguity preference
survey module developed by Cavatorta and Schroder (2019). Confidence is measured as the subject’s response to the question
“On a scale from 1 to 10, please rate how confident you are in the choice you just made.” which was asked directly after subjects
chose a principle. A higher value indicates more confidence. Identity ranges from 1 to 4 with a higher value indicating a higher

level of identity. This variable was measured using the module developed by Kuo and Margalit (2012).

Neither, one’s degree of social identification nor tolerance for deception, explains people’s
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likelihood to follow either social preferences or norms. We do, however, find a strong and
significant relationship between identifying with one’s race and being less likely to follow the

perceived social norm in the distributive task.!!

VII Robustness checks

To test the robustness of our results we conducted a series of additional checks. Our immedi-
ate concern was to test for the possibility that, by asking subjects to identify their perceived
descriptive social norm immediately after they made the actual distribution decision, we
might have rendered the distribution choice especially salient to the subjects when eliciting
the social norm. Thus, we inverted decision 2 and 3 in our robustness check experiment.
This makes decision 1 over the principle of justice immediately precede the social norm per-
ception question which now comes before the actual distribution decision. We find the same
patterns. In fact, we find less consistency between preferences and distribution choices and

even more norm-following (see appendix section 1X.2.1).

To better understand our main results, we also test whether following one’s social prefer-
ence in the distributive task could be predicted by any of our demographic control variables.
As table 2.9 reports, there is no demographic variable that consistently predicts preference
following. In our main two waves of the experiment, having a more left-wing political ori-
entation is significantly and positively associated with preference following; however, we
cannot replicate this finding in our subsequent robustness checks. Equally being a student
is positively and significantly associated with preference following in our main robustness
check but we can also not replicate this finding in the main experiment or second robustness
check. These findings suggest that preference following is not consistently associated with

any underlying demographic patterns.

An additional concern is that the complexity of the distributive choice made some subjects
choose at random if they did not fully understand the decision problem. We therefore cre-

ated a dummy variable capturing whether subjects included any of a select list of words and

HThese results can be found in table 2.3g in appendix IX.3.4.
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Table 2.9: Social Preference following

Social Preference Following

Main Experiment Motivation Test Average Income Test
Sample
United Kingdom -0.013 0.132 -0.185
(0.135) (0.196) (0.389)
United States -0.031 0.468 -0.093
(0.166) (0.358) (0.438)
Quiz Performance -0.016 0.021 -0.086
(0.048) (0.075) (0.149)
Income 0.012 0.057 0.177
(0.048) (0.083) (0.119)
Female 0.124 -0.249 -0.105
(0.111) (0.180) (0.317)
Left-Right 0.208*** 0.018 0.151
(0.072) (0.102) (0.220)
Age -0.019 0.062 -0.256*
(0.045) (0.089) (0.154)
Risk seeking -0.016 -0.013 0.030
(0.024) (0.038) (0.077)
Student -0.026 0.465** 0.134
(0.135) (0.202) (0.366)
Economics 0.113 -0.093 -0.108
(0.125) (0.202) (0.359)
Constant -1.861*** -1.515%* -1.360
(0.385) (0.586) (1.108)
Session Fixed Effects v’
Observations 2,219 886 271
R-squared 0.322 0.376 0.677

Notes: Estimates come from a logistic regression. The outcome variable Social Preference Following is a dummy variable
equal to 1 if the subject’s choice of principle matched the distribution. The reference category for the sample variables is
Western Europe. Quiz performance ranges from 0 to 5 depending on how many questions the subject answered correctly. A
higher value on the left-right variable indicates a more left-wing orientation on economic policy. Risk preferences are
self-reported on a scale from 0 to 10 with 10 being the most risk-seeking option. Student is a dummy variable equal to 1 if the
subject is currently studying towards a degree and Economics is a dummy variable equal to 1 if the subject has ever studied a
course on economics at university. Robust standard errors are presented in parentheses. *** p<0.01, ** p<0.05 , * p<0.1.

terms indicating confusion in their feedback section.!? We then tested whether comprehen-
sion could be predicted by any of our main variables of interest. These results are reported
in table 2.10. We find that subjects who chose either the utilitarian or the inequality averse

principle as opposed to the meritocratic principle were more likely to indicate confusion

<

12The list of words and terms included: ‘confusing’, ‘confusion’, ’confused’, 'complicated’, ‘unsure’, ‘un-
clear’; ‘ambiguous’, ‘didn’t understand’, ‘did not understand’.

56



in their feedback section. We further find that subjects who chose the inequality averse
distribution as opposed to the meritocratic distribution (which may be viewed as the de-
fault option here) were less likely to indicate confusion. We further find some evidence that
subjects in the United States were more likely to indicate confusion compared to European
subjects. Encouragingly, we find no evidence that either principle- or norm-following pre-

dicts comprehension.

A further robustness check relates to the key assumption that we make with respect to indi-
viduals using principles of justice when thinking about how to make distribution decisions.
In particular, this is crucial in making the connection between individual’s chosen principle
of justice and their likely social preferences. At the end of the experiment we asked our sub-
jects in an open commentary box to explain how they decided on their distribution option.

Table 2.11 lists the most frequently used terms by chosen distribution.

The most used words differ substantially for each distribution choice and, importantly, match
the wording of our principle options. This is particularly striking when comparing the terms
used to justify the inequality averse and maximin distributions with the meritocratic and
utilitarian distributions. In short, the currency that people use to explain their decisions
is the same as that of the principles of justice, even though, as we have seen, they are not

typically guided by the principle they selected.

Another possible qualification to our conclusion might be that our subjects are guided by
more than one justice principle and it is possible that a different secondary principle of jus-
tice was triggered when the actual distribution choices were presented in decision 3. We
therefore ran a further robustness check with 200 subjects where we asked them after they
had identified the principle of justice they thought should be applied (decision 1) if they had
a secondary justice principle, and if so, what it was. Just over half (56%) had a secondary
principle and of those who did, maximin was again the least chosen (secondary) principle
(see appendix IX.3.5. Less than 9% of the 200 subjects identified maximin as their secondary
principle and so the possible contribution of a secondary principle in explaining the wholesale
shift to maximin in the distribution decision 3 is at best relatively modest even if all these

9% had been guided by their secondary principle alone. Recall in the original experiment
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Table 2.10: Comprehension Test

Comprehension
Distribution Choice Norm-following
Principle
Utilitarianism 0.632%** 0.561**
(0.242) (0.252)
Maximin 0.395 0.184
(0.292) (0.315)
Inequality Aversion 0.839%*** 0.647***
(0.226) (0.242)
Distribution
Utilitarianism -0.447 -0.278
(0.305) (0.329)
Maximin -0.349 -0.194
(0.270) (0.292)
Inequality Aversion -0.944%* -0.854**
(0.364) (0.393)
Preference-following 0.138 0.090
(0.192) (0.206)
Norm-following 0.137 0.256
(0.177) (0.193)
Treatments
Veil of Ignorance 0.081 0.014 0.082 0.003
(0.212) (0.229) (0.212) (0.230)
Non-Veil of Ignorance 0.132 0.182 0.151 0.187
(0.210) (0.226) (0.209) (0.227)
Sample
United Kingdom 0.336 0.423 0.326 0.453
(0.231) (0.283) (0.229) (0.284)
United States 0.502%* 0.535%* 0.475% 0.558%*
(0.269) (0.310) (0.267) (0.311)
Constant -3.205%** -2.808%** -3.266*** -2.943%**
(0.362) (0.764) (0.278) (0.701)
Individual Controls v’ v’
Session Fixed Effects v’ v’ v’ v’
Observations 2,408 2,219 2,408 2,219

Notes: Estimates come from a logistic regression. The outcome variable is equal to 1 if subjects mentioned words indicating
confusion or misunderstanding in the feedback section. Meritocracy is the reference category for the principle and distribution
variables. Preference-following is equal to 1 if the subject followed their social preference in the distribution choice and 0
otherwise. Norm-following is equal to 1 if the subject followed the perceived social norm in their distribution choice and 0
otherwise. The reference category for the treatment variables is the impartial spectator treatment. The reference category for
the sample variables is Western Europe. Robust standard errors are presented in parentheses. *** p<0.01, ** p<0.05 , *

p<0.1.
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Table 2.11: Terms most Frequently used to Justify chosen Distribution

Inequality Aversion Maximin
Total Frequency  Documents Relative Total Frequency  Documents Relative
Equal distribution 5 5 0.011 Hard work 13 13 0.011
Income inequality 4 4 0.009 Equal distribution 12 12 0.010
Basic income 3 3 0.007 Fair distribution 10 10 0.008
Equal amount 3 2 0.004 Greater good 8 8 0.006
Distribute wealth 3 3 0.007 Income inequality 8 8 0.006
Shared equally 2 2 0.004 Many people 7 5 0.004
Best choice 2 2 0.004 make sure 7 7 0.006
Fair distribution 2 2 0.004 Income distribution 7 7 0.006
Observations 447 447 447 1,231 1,231 1,231
Meritocracy Utilitarianism
Total Frequency  Documents Relative Total Frequency = Documents Relative

Work hard 5 5 0.018 Work hard 12 9 0.015
Felt right 3 3 0.011 Work harder 6 5 0.008
Work harder 3 3 0.011 Hard work 6 6 0.010
worked harder 2 2 0.007 Paid based 4 4 0.007
Hard work 2 2 0.007 Seemed fair 4 4 0.007
Next group 2 1 0.004 Felt right 3 3 0.005
Make sure 2 2 0.007 Worked hard 3 3 0.005
Second game 1 1 0.004 Worth taking 3 3 0.005
Observations 271 271 271 603 603 603

Notes: The table reports the most frequently used terms used by respondents to justify their chosen distribution. Total
frequency reports the number of times a term was used overall within the subgroup of respondents who chose a particular
distribution. Documents reports the number of responses of individual respondents in which a term was used at least once.
Relative reports the proportion of responses within the distribution-dependent subgroup that refer to the given term.

14% identified maximin as their principle and 50% chose the maximin distribution.: even

another 9% leaves a big gap.

A final possible qualification that we consider is that, although each principle in decision
1 does identify one of the four distribution outcomes, subjects might have made an exe-
cution error when translating their personal principle into an actual distribution decision.
Random ‘trembling’” would, however, introduce ‘noise’ and weaken the principle-distribution
consistency (as it might any norm-distribution consistency); it would not explain why the
distribution decisions are actually skewed to the maximin distribution. For this to occur
there has to be some reason for supposing that ‘errors’ are easier to make in the maximin
direction because maximin is ‘closer’ to each of the principles than is any of the others. We
test for this possibility by asking another 200 subjects to choose a principle (i.e. decision 1)
and then we ask them to identify the distribution (in decision 3) that they associate with

their chosen principle. Those who incorrectly identify their chosen principle’s distribution do
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on average err noticeably in the direction of two distribution outcomes: 44% go to utilitarian-
ism and 41% go to maximin. Most (82%) of the trembles to maximin were accounted for by
those who identified their chosen principle as inequality aversion, so we re-ran the individual
regression in table 2.5 excluding all the subjects who chose the inequality aversion principle
in decision 1. The perceived descriptive social norm is still a more important predictor of
these remaining subjects’ distribution choices than is their chosen principle (see appendix
[X.3.6. So, while ‘skewed’ trembling might explain why those who chose inequality aversion
migrated to the maximin distribution, it does not explain why this occurs for subjects that
select the other principles (and they are the majority in our sample). Indeed, the errors
among the subjects choosing meritocracy (our modal principle choice) were skewed away

from maximin (only 8% of their mistakes went to maximin).'®

Of course, one further explanation of this result may seem possible and so should be touched
upon. The questions asked in decisions 3 and 4 both concern the choice of an actual dis-
tribution of income, whereas question 1 refers to the choice of a justice principle. Perhaps,
therefore, it is not so surprising that decision 4 better predicts decision 3 than does decision
1, given the shared object of decisions in 3 and 4. However, a descriptive norm cannot be
defined in a way that is different to that of actual choices and unless social preferences are to
be revealed tautologically (and so unfalsifiably) by actual decisions, social preferences cannot
be identified through actual choices. Thus, this difference in the object of decision is built
into the very competition between the two accounts of why people might behave unselfishly.
It is not some artefact of our experimental design; it is integral to a serious test. Indeed,
the fact, that decision 3 refers to actual distributions and so does decision 4 on perceived
descriptive social norms, does not mean that the one should help predict the other. But they
do in our experiment. Nor, incidentally, does the fact, that decision 1 deals in a choice of
justice principles as does decision 2 on the perceived injunctive norms, mean that injunctive

norms should predict personal principles. But they do. In short, the influence of social

13Tt is perhaps also worth noting that the trembling rate was over 50%: that is only 45% correctly
identified the distribution outcome associated with their chosen principle. Again, this suggests that the
majority of our subjects were not used to thinking in terms of principles of justice; and if this is the case,
it would be difficult for the majority of our subjects to be said to have social preferences that they consult
when decision making in this instance.
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norms seems not to be limited to that of the descriptive kind, powerful as they appear to

be.

VIII Discussion and Conclusion

People frequently behave prosocial in situations where they can reduce their own income to
help others. Contrary to the assumptions made by previous studies and by revealed pref-
erence theory, we find that such behaviour cannot simply be assumed to reflect underlying
social preferences but may instead reflect perceived descriptive norms. In a series of online
experiments, we elicited subjects’ social preferences and perceived social norms and compared
these to decisions made in a simple distributive game. We find that subjects make distribu-
tive decisions that deviate significantly from their stated preferences in line with perceived
descriptive social norms. Interestingly, the elicitation mechanism used makes surprisingly
little difference to either the principles and distributions chosen or the preference-following
behaviour of subjects. This is however less surprising given that expected differences in
choices made under the different elicitation mechanisms require the preference satisfying
model to hold. Finally, we find that descriptive norm-following behaviour in the distributive

task is associated with higher contributions in a subsequent one-shot public goods game.

There are several respects in which the behaviour of our subjects is reassuringly consistent
with other experimental findings. For example, we find in table 2.3b in the appendix that
being trained in economics is a powerful predictor of choosing the utilitarian distribution
but not any of the other distributions; and we know, for example, from Fehr et al. (2006)
that economics students are more inclined to be influenced by efficiency considerations than
non-economics students in such distribution decisions. Likewise, it is known that US subjects
hold more meritocratic beliefs than European subjects (see Alesina and Glaeser 2004) and we
too find in table 2.3b that the only predictable difference from nationality is that being a US
citizen somewhat increases the probability of selecting the meritocratic distribution. Being
to the right on a typical left-right political question regarding the role of government in the
economy helps predict the utilitarian distribution; whereas being on the left helps predict

maximin. This is in line with the common finding that a left-leaning political orientation is
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associated with a preference for more redistribution (see Alesina and Giuliano 2011). Again,
being risk-averse helps predict maximin, as would be expected. Finally, our evidence on
the influence of social norms is consistent with what has been found in other studies (e.g.

Krupka and Weber 2013; Kimbrough and Vostroknutov 2016).

Our results are important for three main reasons. First, distributive choices form a large
part of economic and political decision-making and understanding why people support one
economic policy over another is of significance to policymakers and social scientists alike.
Our main finding suggests that such distributive preferences do not always reveal underlying
social preferences but, more often, reflect perceived social norms. This result is important
for any welfare analysis of distributive policies, as it suggests that the use of the Pareto prin-
ciple has a weak foundation. In particular, it cannot be assumed that prosocial behaviour in
this setting reveals social preferences which can then be entered into a social welfare func-
tion for the purposes of developing policy recommendations. This, in turn, means that the
foundations of welfare economics need reworking to take account of norm-following. This
is non-trivial because we have an experiment where the influence of social preferences is

carefully distinguished from that of social norms.

Second, our follow-up experiments provide some inside into why people may be guided by
social norms as opposed to preferences in distributive decisions. There is evidence that it
arises from an epistemic problem with respect to what preferences to act upon. Those who
lack confidence in their chosen principle and who are ambiguity averse are inclined to follow

their perceived descriptive norm.

Finally, it may be possible to draw some useful substantive insights with respect to the
character of prosocial behaviour from this experiment. Some care is required because we
only have four actual distributions and had the option set been different, then there might
have been different choices. Furthermore, the character of the prosocial behaviour that is
revealed may depend on the initial distribution of income that we have assumed. Neverthe-
less, the average EU actual top 20%/bottom 20% ratio for disposable income is very close
to the 5.5 we have assumed (see Eurostat 2018). So, in this respect, the decision problem

captures something close to the current post tax relativities and may be relevant to the
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contemporary discussion regarding how further intervention might be required to alter the
income distribution. For example, both the IMF (Ostry et al. 2014) and OECD (OECD
2015) have argued that a move to greater equality would in current circumstances help to
boost productivity growth. In this context, our experiment suggests that the majority reveal

support for policies that improved the position of the bottom 20%.
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IX Appendix

IX.1 Materials and Methods

IX.1.1 Overview

We conducted our online experiment using Qualtrics for the design of the study and Prolific
Academic for the recruitment of participants. Prolific Academic is a web-based panel with
about 300,000 participants as of October 2021. Participants on Prolific have been found to
pay significantly more attention and provide responses of higher quality than those registered

on mTurk (Peer et al. 2017; Eyal et al. 2021).

Our main experiment was conducted on the 14th of November and the 9th of December
2019. The average completion time was 8 minutes and 17 seconds and respondents earned
on average £1.55 for their participation. The full survey instrument that we used is available

in Section IX.5 of this appendix and the original online survey can be accessed here.

I1X.1.2 Sampling and Survey Implementation

We conducted a total of two main waves of the experiment, as well as seven additional waves

for robustness checks. Table 2.1a provides an overview of all waves. We focused our online

Table 2.1a: Overview of individual waves

Date Sample Size Avg. Time Returned Timed Out
First Wave 14/11/2019 1,205 8.11mins 27 16
Second Wage 09/12/2019 1,203 7.45mins 32 25
Average Income Test 30/03,/2020 294 14.05mins 59 15
Social Norm Test 30/03/2020 302 11.00mins 36 3
Motivation Test 21/04/2020 1,003 15.08mins 67 37
Second Principle Test 19/11/2020 201 3.48mins 4 2
Distribution Test 25/11/2020 200 4.37mins ) 1
Wording Test 08/10/2021 222 4.14mins 12 1
Order Test 08/10/2021 218 9.52mins 21 1

experiment on participants from the US, UK and the following Western European countries:

Belgium, Denmark, Finland, France, Germany, Italy, Luxembourg, Netherlands, Norway,
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Sweden and Spain. Table 2.1b lists the number of respondents from each geographical area
by individual wave. To ensure that we reached respondents from all geographical areas, all
waves were ran in the late afternoon GMT time. Our samples are not representative of

individual countries.

Table 2.1b: Sample composition of individual waves

United United States Western Total Sample

Kingdom Europe Size
First Wave 768 165 272 1,205
Second Wave 623 280 300 1,203
Average Income Test 153 65 76 294
Social Norm Test 180 48 72 302
Motivation Test 561 48 392 1,003
Second Principle Test 18 120 63 201
Distribution Test 84 9 107 200
Wording Test 89 38 95 222
Order Test 76 42 100 218

I1X.1.3 Survey Structure
IX.1.3.1. Basic Set up

Introduction
Subjects are asked for their consent to participate in the study and reminded to read the

questions very carefully and answer honestly.

Experimental Part
Using Qualtrics’ Randomizer, subjects are randomly and evenly allocated to one of three

treatments for the following four decisions.
Decision 1. Identify guiding principle of justice.
Decision 2. Incentivised guess of what decision most people made in decision 1.

Decision 3. Select distribution.
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Decision 4. Incentivised guess of what decision most people made in decision 3.
Quiz

Demographic Questions

IX.1.3.2. Treatments

Different institutional mechanisms for eliciting justice principles and making distribution

decisions (each encoding a different idea over how best to identify what is just).
Treatment 1: Impartial Spectator. Decision 1-4 undertaken as an impartial spectator.
Treatment 2: Veil of Ignorance. Decision 1-4 undertaken behind a veil of ignorance.

Treatment 3: Non-veil of Ignorance. Decision 1-4 undertaken knowing one’s own likely

position in the distribution.

1X.1.3.3. Robustness Check 1: Average Income Test

In the main two waves of the experiment we referred to ”Total” income per distribution
choice. We therefore conducted a robustness check where we replaced ” Total” with ” Average”

in all displays of our distribution options.

IX.1.3.4. Robustness Check 2: Social Norm Test

The Krupka and Weber (2013) method uses a separate subject pool to elicit the social norm
for a particular decision problem. Our main experiment uses the same subject pool for norm
elicitation and so we conducted an additional norm elicitation experiment with a separate
subject pool. This experiment only consisted of decision 4 of the experimental part outlined

in section I1X.1.3.

IX.1.3.5. Robustness Check 3: Motivation Test

Our main robustness check was designed to test the motivations behind norm following and

included the following elements in addition to the main experiment:
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e Ambiguity preference elicitation. We followed the method developed by Cavatorta

and Schroder (2019) to measure subjects’ ambiguity preferences.

e Confidence in principle. After subjects made decision 1, they were asked to rate
their confidence in the chosen principle: On a scale from 1 to 10, please rate how

confident you are in the choice you just made.

e Identity elicitation. Following Kuo and Margalit (2012) we asked respondents the

following two additional questions in the demographics section:

1. Some people describe themselves by their nationality, their ethnicity, their race,
their religion, or their occupation. How about you? Do you identify first and
foremost by:

— Your nationality

— Your ethnicity

— Your race

— Your religion

— Your occupation

— Other (Please specify)

2. Consider your response to the previous question. How strong would you say your

attachment is to the identity you chose? Would you say your attachment is:

Not strong at all

Slightly strong

Somewhat strong

Very strong

e Self-deception elicitation. To elicit subjects’ level of self-deception we asked the

following two additional questions in the demographics section:

1. It has been argued that there will always be occasions when the kindest thing to
do is lie. But, on the other hand, if people lie, then who can you believe? Do you

agree it is okay to lie sometimes?
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— Scale ranges from 1 (Strongly agree) to 7 (Strongly disagree)

2. There is a big debate in psychology over whether deception in experiments should

be permitted. What do you think?

— Scale ranges from 1 (Never) to 7 (Whenever it helps science)

We further reversed the order of decision 3 and 4 in this robustness check to test whether
people simply chose the same distribution option in decision 4 that they chose in decision
3, for example, to appear consistent. The results in section IX.3.4 confirm that this was not
the case. This robustness check also only included the impartial spectator treatment as we

did not find significant treatment effects in our main waves.

IX.1.3.6. Robustness Check 4: Second Principle Test

To test for the possibility that our subjects have two principles that they take into consider-
ation when making the distribution choice we conducted a further robustness check asking
subjects first, whether they had another principle they agreed with and second, which of the

other principles it is.

IX.1.3.7. Robustness Check 5: Distribution Test

To ensure that subjects understood which distribution option corresponded to which justice
principle we conducted a robustness check asking subjects to identify the distribution cor-
responding to their chosen principle. This decision was incentivised. If subjects correctly

identified the corresponding distribution they received a bonus payment of 50p.

1X.1.3.8. Robustness Check 6: Wording Test

As pointed out by one referee, the wording of our principle statements is not structured in
an entirely consistent manner which could have affected subjects’ likelihood to choose one
principle over another. To test for this possibility, we conducted a robustness check with an
alternative wording of the inequality aversion and maximin statements. We also repeated
the distribution test introduced in robustness check 5 to check whether subjects are more or

less likely to correctly identify the distribution corresponding to their chosen principle given
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this alternative wording. The wording used in this test is as follows:

Maximin: Income should be distributed to improve the position of the least well-off group

in society.

Inequality Aversion: Income should be distributed to reduce inequality by minimizing

average differences in income.

IX.1.3.9. Robustness Check 7: Order Test

While we already reversed the order of decisions 3 and 4 in robustness check 2, we added a
seventh robustness check to reverse the order of decisions 1 & 2 and 3 & 4. This allows us
to test whether making the distribution decision first affects either the chosen distribution

and principle, preference consistency, or norm-following.

Table 2.2a: Summary Statistics of Demographics by Wave

. . s Second .
Main Average Social Norm Motivation L Distribution Lo ‘ .
Experiment Income Test Test Test PY,IIILC;: le Test Wording Test  Order Test
Demographics (%)
Female 60.10 49.32 56.61 60.10 47.96 52.53 55.07 48.10
Age
18-20 9.58 13.65 14.67 14.34 15.58 18.09 10.96 14.49
21-29 35.47 41.98 36.00 43.03 48.24 47.74 40.64 42.99
30-39 28.85 24.91 24.33 25.68 21.11 19.10 28.31 26.64
40-49 13.61 12.63 13.00 10.63 8.54 10.55 14.16 11.21
50-59 8.45 4.78 9.00 5.12 5.53 2.01 3.65 2.34
60+ 4.04 2.05 3.00 1.20 1.01 2.51 2.28 2.34
Students 24.92 27.55 29.33 31.70 38.31 34.50 33.78 35.94
Economics 21.47 29.33 21.67 21.38 27.00 26.00 21.62 27.19
Income
Under £20,000 51.69 50.36 51.60 53.76 58.15 46.84 36.63 38.05
£20,000 to £34,999 25.74 23.36 25.98 27.21 23.37 30.38 33.17 31.22
£35,000 to £44,999 11.69 11.68 10.32 12.17 11.96 17.72 13.86 15.12
£50,000 to £74,999 6.65 7.66 7.12 4.87 3.80 2.53 9.41 9.76
£75,000 to £99,999 2.05 2.19 2.85 1.00 1.09 2.53 4.46 3.90
Over £100,000 2.19 4.74 2.14 1.00 1.63 0.00 2.48 1.95
Sample
United Kingdom 57.77 52.04 60.00 56.04 8.96 42.00 40.09 34.86
United States 18.48 22.11 16.00 4.80 59.70 4.50 17.12 19.27
Europe 23.75 25.85 24.00 39.16 31.34 53.50 42.79 45.87
Observations 2,408 294 302 1,003 201 200 222 218

IX.2 Additional Descriptive Results

Table 2.2a reports summary statistics of all waves of the study. Our sample is clearly skewed

towards younger respondents on low income. Over 50% of our sample has an annual income
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below £20,000. Except for the Average Income Test, our sample is also predominantly

female.

IX.2.1 Distribution of Main Variables

Figures 2.2a and 2.2b report the distribution of respondents’ personal principle, injunctive
social norm, descriptive social norm, and chosen distribution for the average income and mo-
tivation test, respectively. Both distributions show a strikingly similar pattern. Meritocracy
is the most chosen personal principle, yet maximin is by far the most chosen distribution
and perceived descriptive social norm. In both distributions it is also evident that distribu-
tion choices are more closely aligned with perceived descriptive social norms than personal

principles.

Figures 2.2c and 2.2d report the distribution of respondents’ personal principle, injunctive
social norm, descriptive social norm, and chosen distribution for the wording and order tests,
respectively. Here, maximin is again the most chosen distribution and meritocracy the modal
personal principle in both tests. While maximin is also the most chosen perceived descriptive
social norm in the wording test, this is not the case in the order test. Here, utilitarianism is,
in fact, the modal perceived descriptive social norm. Importantly however, the difference be-
tween the number of respondents who chose maximin and those who chose utilitarianism as
their perceived descriptive social norm is only seven out of 218, suggesting that this finding,

which is inconsistent compared to all other robustness checks, might be due to sampling.
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Figure 2.2a: Distribution of Principle, Distribution Choice, and Norms in Aver-

age Income Test
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Figure 2.2c: Distribution of Principle, Distribution Choice, and Norms in Word-

ing Test
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IX.3 Additional Results

I1X.3.1 Main Experiment

Table 2.3b reports logistic regressions similar to table 2.5 in the main text; however, each
column now corresponds to a regression model including personal principle, perceived de-
scriptive norm, and perceived injunctive norm dummies combined. This allows us to now
also report coefficients for our control variables. Our main result, that perceived descriptive
norms are the best predictor of distribution choices, holds to this alternative specification.
The significance of the injunctive norm coefficients is however reduced compared to the re-
sults reported in table 2.5. This is likely due to the fact that injunctive norms also help
predict personal principle choices leading to multicollinearity in the combined regression

models.

1X.3.1.1. Injunctive Norm and Personal Principle

Table 2.3a reports the results of simple logistic regressions where a person’s injunctive norm
is used as a predictor of the personal principle. As is evident from the table, there is a strong
and highly significant relationship between injunctive norms and personal principles for all

four principle options.

Table 2.3a: Logistic regressions of personal principles for all treatments

Social preference

Inequality Aversion Maximin Meritocracy  Utilitarianism

Injunctive Norm 1.781%** 2.160%** 1.703*** 1.849%*

(0.108) (0.152) (0.100) (0.116)
Constant -1.652%%* -2.346%F* -0.460 -3.023%#*

(0.415) (0.553) (0.368) (0.437)
Controls v v v’ v
Country Fixed Effects v v v’ v
Session Fixed Effects v v v v’
Observations 2,219 2,219 2,219 2,219
Pseudo R-squared 0.134 0.124 0.143 0.124

Notes: Estimates come from a logistic regression. Injunctive Norm is a dummy variable equal to 1 if the subject’s perceived
social norm in the principle choice matched the chosen principle. Robust standard errors are presented in parentheses. ***
p<0.01, ** p<0.05 , * p<0.1.
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Table 2.3b: Logistic regressions of distributive choices for all treatments - complete models

All Treatments Non-Veil of Ignorance Treatment
Choice of Distribution Choice of Distribution
Inequality Aversion Maximin Meritocracy Utilitarianism Inequality Aversion Maximin Meritocracy Utilitarianism
Personal Principle 0.503*** 0.774%** 0.837*** -0.684*** 0.366 0.641** 0.335 -0.066
(0.167) (0.156) (0.165) (0.159) (0.296) (0.286) (0.315) (0.254)
Injunctive Norm 0.043 0.118 0.344** 0.106 0.225 -0.342 0.564* -0.166
(0.164) (0.175) (0.161) (0.148) (0.301) (0.330) (0.300) (0.245)
Descriptive Norm 2.513%%* 2.081%** 1.965%*** 2.062%** 2.431%%* 2.284%%* 1.617*** 2.004%**
(0.142) (0.101) (0.167) (0.113) (0.243) (0.183) (0.296) (0.196)
Selfishness 0.227 -0.490%** 0.600** 0.063
(0.236) (0.178) (0.254) (0.187)
Treatments
Veil of Ignorance 0.611%** -0.062 0.038 -0.202 (0.175)
(0.120) (0.179) (0.136) Non-Veil of 0.538%** -0.156
Ignorance
-0.073 -0.013 (0.178) (0.120) (0.186)
(0.137) Sample
United Kingdom -0.067 0.061 0.326 -0.122 -0.237
0.199 -0.088 -0.002 (0.185) (0.132) (0.220) (0.144) (0.328) (0.247)
0.238
(0.370) Uni(ted St)ates -0.188 -0.082 0.469* -0.015 -0.325 -0.143 0.770*
-0.132
(0.247) (0.166) (0.247) (0.175) (0.426) (0.308) (0.403) (0.300)
Quiz Performance -0.082 0.037 -0.121 0.038 -0.008 -0.085 0.081 0.040
(0.069) (0.047) (0.078) (0.055) (0.110) (0.083) (0.135) (0.095)
Income 0.020 -0.021 0.056 -0.011 0.061 -0.026 -0.074 0.067
(0.070) (0.046) (0.066) (0.052) (0.110) (0.080) (0.112) (0.086)
Female 0.240 0.100 0.243 -0.364*** 0.563%* -0.285 0.672%* -0.412%*
(0.155) (0.109) (0.173) (0.121) (0.268) (0.204) (0.340) (0.208)
Left-Right 0.087 0.248%** -0.094 -0.287*F* -0.107 0.379%** -0.085 -0.327%**
(0.095) (0.067) (0.096) (0.074) (0.159) (0.118) (0.173) (0.122)
Age 0.066 -0.017 0.021 -0.051 0.125 -0.091 0.280** -0.154
(0.065) (0.046) (0.071) (0.052) (0.118) (0.086) (0.130) (0.098)
Risk seeking 0.082** -0.064%** 0.012 0.033 0.120%* -0.117%%* 0.035 0.069
(0.033) (0.023) (0.033) (0.026) (0.058) (0.041) (0.056) (0.046)
Student -0.005 0.091 0.234 -0.186 0.142 0.113 0.852%* -0.611%*
(0.199) (0.138) (0.201) (0.151) (0.342) (0.253) (0.350) (0.262)
Economics -0.181 -0.245%* 0.049 0.345%* -0.409 -0.230 0.098 0.384*
(0.180) (0.129) (0.189) (0.137) (0.294) (0.223) (0.318) (0.228)
Constant -4.037*** -1.707%%* -3.104%%* -0.373 -3.529%%* -1.175% -4.713%** -0.329
(0.550) (0.381) (0.604) (0.426) (0.922) (0.650) (0.141) (0.746)
Session Fixed Effects NG v’ v’ v’ N N N v’
Observations 2,219 2,219 2,219 2,219 733 733 733 733

Notes: Estimates come from a logistic regression. Personal Principle, Injunctive Norm, and Descriptive Norm are dummy variables equal to 1 if the subject’s respective choice
of principle or norm matched the distribution choice. Selfishness is a dummy variable equal to 1 if the subject chose the distribution that maximises the payoff of the quintile
they were placed in based on their example quiz answers. The reference category for the treatment variables is the impartial spectator treatment. The reference category for
the sample variables is Western Europe. Quiz performance ranges from 0 to 5 depending on how many questions the subject answered correctly. A higher value on the
left-right variable indicates a more left-wing orientation on economic policy. Risk preferences are self-reported on a scale from 0 to 10 with 10 being the most risk-seeking
option. Student is a dummy variable equal to 1 if the subject is currently studying towards a degree and Economics is a dummy variable equal to 1 if the subject has ever
studied a course on Economics at University. Robust standard errors are presented in parentheses. *** p<0.01, ** p<0.05 , * p<0.1.



IX.3.1.2. Public Goods Game

Table 2.3c reports the results of the public goods game analysis for only the main exper-
iment. These results are directly comparable to table 2.8 in the main text. In line with
the pooled data of table 2.8, we find that descriptive norm-following significantly increases
contributions in the one-shot public goods game. The magnitude of the norm-following vari-
able is now even larger than in the pooled date. Being a descriptive norm-follower in the
distribution choice increases public good contributions, ceteris paribus, by £0.96-£1.14 in all
treatments and by £1.17-£1.51 in the non-veil of ignorance treatment only. As in the pooled
data, preference-following on the other hand does not help predict contribution levels. We
again find selfishness to not be a significant predictor of contributions and our demographic

variables very show similar patterns to the pooled analysis.

1X.3.2 Average Income Test
1X.3.2.1. Preference- and Norm-following by chosen Distribution

Table 2.3d reports the chosen distribution by personal principle, perceived injunctive norm,
and perceived descriptive norm for respondents in the Average Income Test. The pattern
visible in table 2.3d is similar to the results of the main experiment: Descriptive social
norms are more closely related to distribution choices than personal principles or perceived
injunctive norms, except for respondents who chose the maximin distribution. For all sub-
jects, maximin is again the most frequently chosen distribution. Except for those who chose
the maximin principle, the principle choice only predicts the distribution choices of 11-19%
of subjects which is no better than had the distribution outcome decisions been random.
The chi-squared test of the distribution for the principle in table 2.3d is significant at the
99%-confidence level (chi-squared of 37.32, p=0.000) indicating that the two decisions are

significantly different from each other.

IX.3.2.2. Main results

Table 2.3e reports the results of logistic regressions with individual distribution choices as

the outcome variables for respondents in the Average Income Test. This test was conducted
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Table 2.3c: Public Goods Game

One-Shot PG Game Contributions (0-20)
All Treatments

Non-Veil of Ignorance Treatment

1 (2) 3) 4)
Norm-following 1.143%** 0.964*** 1.508%** 1.173%*
(0.268) (0.284) (0.467) (0.504)
Preference-following 0.065 0.358
(0.297) (0.531)
Descriptive Norm
Utilitarianism -0.453 -1.482%**
(0.316) (0.567)
Meritocracy -0.930** -1.184
(0.461) (0.790)
Inequality Aversion -0.397 -1.031
(0.386) (0.665)
Selfishness -0.025 -0.022
(0.466) (0.465)
Treatments
Veil of Ignorance 0.082 0.082
(0.311) (0.312)
Non-Veil of Ignorance 0.069 0.078
(0.317) (0.317)
Sample
United Kingdom 0.157 0.149 0.083 0.071
(0.348) (0.348) (0.612) (0.614)
United States 0.132 0.128 0.839 0.782
(0.433) (0.433) (0.731) (0.735)
Quiz Performance 0.176 0.165 0.150 0.142
(0.123) (0.123) (0.217) (0.216)
Income -0.321%* -0.311%* -0.569%** -0.549**
(0.124) (0.124) (0.216) (0.215)
Female 0.842%** 0.842%** 0.654 0.647
(0.284) (0.284) (0.503) (0.495)
Left-Right 0.575%** 0.566%** 0.632** 0.631**
(0.179) (0.178) (0.306) (0.306)
Age 0.463*** 0.452%** 0.714%** 0.700%**
(0.117) (0.117) (0.210) (0.208)
Risk seeking 0.180%*** 0.181%** 0.165 0.171
(0.061) (0.061) (0.105) (0.104)
Student -0.288 -0.295 -0.263 -0.291
(0.350) (0.350) (0.645) (0.642)
Economics -0.316 -0.313 -0.526 -0.491
(0.334) (0.335) (0.551) (0.551)
Constant 8.730%** 9.215%** 8.269%** 9.362%**
(1.015) (1.036) (1.768) (1.810)
Session Fixed Effects v’ v’ v’ v’
Observations 2,219 2,219 733 733
R-squared 0.036 0.039 0.058 0.068

Notes: Estimates come from individual linear regressions. The outcome variable is subjects’ contribution to the hypothetical
one-shot public goods game with values ranging from 0-20. Norm-following is equal to 1 if the subject followed the perceived
descriptive norm in their distribution choice and 0 otherwise. Preference-following is equal to 1 if the subject followed their
principle in the distribution choice and 0 otherwise. The reference category for the descriptive norm variable is maximin,
which was the modal perceived descriptive norm. Selfishness is a dummy variable equal to 1 if the subject chose the
distribution that maximises the payoff of the quintile they were placed in based on their example quiz answer. The reference
category for the treatment variables is the impartial spectator treatment. The reference category for the Sample variable is
Western Europe. Quiz performance ranges from 0 to 5 depending on how many questions the subject answered correctly. A
higher value on the left-right variable indicates a more left-wing orientation on economic policy. Risk preferences are
self-reported on a scale from 0 to 10 with 10 being the most risk-seeking option. Student is a dummy variable equal to 1 if the
subject is currently studying towards a degree and Economics is a dummy variable equal to 1 if the subject has ever studied a
course on economics at university. Robust standard errors are presented in parentheses. *** p<0.01, ** p<0.05 , * p<0.1.
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Table 2.3d: Personal Principle and Norms by chosen Distribution

Chosen Distribution

Inequality

Personal Principle . Maximin Meritocracy  Utilitarianism
Aversion
Inequality Aversion 11.25% 75.00% 5.00% 8.75%
Maximin 7.14% 73.81% 2.38% 16.67%
Meritocracy 4.17% 45.00% 14.17% 36.67%
Utilitarianism 7.69% 65.38% 7.69% 19.23%
Injunctive Norm
Inequality Aversion 8.57% 67.62% 5.711% 18.10%
Maximin 6.90% 58.62% 20.69% 13.79%
Meritocracy 5.15% 52.58% 10.31% 31.96%
Utilitarianism 7.94% 63.49% 6.35% 22.22%
Descriptive Norm
Inequality Aversion 31.37% 56.86% 1.96% 9.80%
Maximin 3.55% 78.72% 4.96% 12.77%
Meritocracy 0.00% 35.71% 32.14% 32.14%
Utilitarianism 0.00% 39.19% 12.16% 48.65%

Table 2.3e: Logistic regressions of distributive choices for Average Income Test

Impartial Spectator Treatment

Choice of Distribution

Inequality Aversion Maximin Meritocracy Utilitarianism

Personal Principle 0.485 0.647* 1.278%** -0.333

(0.500) (0.382) (0.486) (0.406)
Injunctive Norm 0.169 -0.030 0.312 0.006

(0.489) (0.417) (0.465) (0.352)
Descriptive Norm 3.648*** 1.799%** 2.093%** 2.039%**

(0.761) (0.302) (0.574) (0.325)
Individual Controls v’ v’ v’ v’
Session Fixed Effects v’ v’ v’ v’
Observations 271 271 271 271

Notes: Estimates come from individual logistic regressions. Personal Principle, Injunctive Norm, and Descriptive Norm are
dummy variables equal to 1 if the subject’s respective choice of principle or norm matched the distribution choice. Robust

standard errors are presented in parentheses. *** p<0.01, ** p<0.05 , * p<0.1.

with only the impartial spectator treatment. These regression results are directly comparable

to table 2.5 in the main text. Despite the small sample size of this robustness check, de-

scriptive social norms are a highly significant predictor of distribution choices while personal

principles only matter for the distribution choices of respondents who chose the meritocratic
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distribution. Injunctive social norms do not matter at all for distribution choices in those
specifications. The descriptive social norm coefficients are similar in magnitude to those of

the main regression results.

IX.3.2.3. Public Goods Game

Table 2.3f reports the results of the public goods game analysis for only the average income
test. These results are directly comparable to table 2.8 in the main text and table 2.3c of the
appendix. In this test, descriptive norm-following is not significant. The lack of significance
is likely due to the much smaller sample size of this test compared to the main test and the

pooled analysis.

1X.3.3 Social Norm Test
1X.3.3.1. Distribution of perceived Descriptive Social Norm

Figure 2.3a reports the frequency of the perceived descriptive social norms of subjects in the
Social Norm Test. Unlike in all our other waves, utilitarianism is the modal choice while
maximin is the second most-frequent choice. As this distribution is strikingly different to
all other waves of the experiment, it suggests that the respondents make a substantially
different choice when asked to decide on the appropriate social norm for a separate group of
subjects (as proposed by Krupka and Weber 2013) than when the decision is made on the

same subject group.

IX.3.4 Motivation Test
1X.3.4.1. Motivation by Subject Group

Table 2.3g reports individual characteristics for respondents who followed their personal
principle and those who followed their perceived descriptive norm in the distribution choice.
While confidence in the chosen principle increases preference-following, more ambiguity aver-
sion (a lower ambiguity preference score) is associated with descriptive norm-following. In-
terestingly, identifying with one’s own race significantly decreases the likelihood of following

one’s perceived descriptive norm social norm.
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Table 2.3f: Public Goods Game

One-Shot PG Game Contributions (0-20)

Average Income Test

(1) (2)

Norm-following 0.240 -0.254
(0.791) (0.862)
Preference-following -0.736
(0.918)
Descriptive Norm
Utilitarianism -2.061*
(1.060)
Meritocracy -4.164%%*
(1.530)
Inequality Aversion 0.859
(1.060)
Constant 9.305%** 10.272%**
(2.797) (2.765)
Controls v’ v’
Observations 271 271
R-squared 0.046 0.097

Notes: Estimates come from individual linear regressions. The outcome variable is subjects’ contribution to the hypothetical
one-shot public goods game with values ranging from 0-20. Norm-following is equal to 1 if the subject followed the perceived
descriptive norm in their distribution choice and 0 otherwise. Preference-following is equal to 1 if the subject followed their
principle in the distribution choice and 0 otherwise. The reference category for the descriptive norm variable is maximin,
which was the modal perceived descriptive norm. Selfishness is a dummy variable equal to 1 if the subject chose the
distribution that maximises the payoff of the quintile they were placed in based on their example quiz answer. Robust
standard errors are presented in parentheses. *** p<0.01, ** p<0.05 , * p<0.1.
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Figure 2.3a: Distribution of perceived Descriptive Social Norm
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Table 2.3h reports individual predictors of respondents’ confidence in their chosen principle.
A stronger social identity is thereby associated with a higher level of confidence in one’s

chosen principle.

1X.3.4.2. Preference- and Norm-following by chosen Distribution

Table 2.3i reports the chosen distribution by personal principle, perceived injunctive norm,
and perceived descriptive norm for respondents in the Motivation Test. The pattern visible
in table 2.3i is again similar to the results of the main experiment: Descriptive social norms
are more closely related to distribution choices than personal principles, except for respon-
dents who chose the maximin distribution. The proportion of respondents who chose the
distribution that matches their perceived descriptive social norm is somewhat larger than

the proportion of respondents in the Average Income Test (see table 2.3d).

For all subjects, except for those who chose the meritocratic principle, maximin is the most
frequently chosen distribution. Except for those who chose the maximin principle, the princi-

ple choice predicts the distribution choices of 15-19% of subjects which is no better than had
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Table 2.3g: Logistic regressions of individual characteristics by subject group

Non-Veil of Ignorance Treatment

Subject Group

Personal Principle Followers

Descriptive Norm Followers

Ambiguity preference 0.035 -0.007 -0.198*** -0.200%%*
(0.077) (0.083) (0.075) (0.081)
Confidence 0.079** 0.071* 0.000 0.011
(0.038) (0.042) (0.035) (0.039)
Identity 0.025 0.049 -0.103 -0.127
(0.079) (0.088) (0.071) (0.078)
Identity group
Ethnicity 0.478 0.747* -0.677* -0.619
(0.387) (0.428) (0.347) (0.390)
Nationality 0.441 0.630 -0.487* -0.530%*
(0.301) (0.339) (0.267) (0.288)
Occupation 0.367 0.487 -0.479* -0.503
(0.318) (0.356) (0.285) (0.308)
Race 0.339 0.796 -1.352%** -1.269**
(0.524) (0.564) (0.457) (0.542)
Religion 0.580 0.653 -0.035 0.077
(0.505) (0.548) (0.475) (0.502)
Self-deception 1 0.004 0.005 -0.050 -0.028
(0.049) (0.053) (0.043) (0.048)
Self-deception 2 0.019 -0.020 -0.023 0.013
(0.043) (0.046) (0.038) (0.042)
Constant -2.344%** -2.474%** 2.300%** 2.651%**
(0.619) (0.892) (0.569) (0.798)
Individual Controls v’ v’
Observations 971 859 971 859
Pseudo R-squared 0.006 0.020 0.017 0.041

Notes: Estimates come from a logistic regression. The outcome variable ’Personal Principle Followers’ is equal to 1 if the
subject followed their personal principle in the distribution choice and 0 otherwise. The outcome variable ”Descriptive Norm
Followers” is equal to 1 if the subject followed the perceived descriptive social norm in their distribution choice and 0
otherwise. Ambiguity preference ranges from 0 to 7 (with a higher value indicating more ambiguity seeking preferences) and is
a standardized scale based on the ambiguity preference survey module developed by Cavatorta and Schroder (2019).
Confidence is measured from 1 to 10 and a higher value indicates more confidence in the chosen principle. Identity ranges
from 1 to 4 with a higher value indicating a higher level of identity. This variable was measured using the module developed
by Kuo and Margalit (2012). ’Other’ is the reference group for identity group. Self-deception 1 ranges from 1 to 7 with a
lower value indicating more self-deception. Self-deception 2 ranges from 1 to 7 with a higher value indicating more tolerance
for deception. *** p<0.01, ** p<0.05 , * p<0.1.

the distribution outcome decisions been random. The chi-squared test of the distribution for
the personal principle in table 2.3d is significant at the 99%-confidence level (chi-squared of
99.40, p=0.000) indicating that the two decisions are significantly different from each other.

IX.3.4.3. Main result

Table 2.3j reports the results of logistic regressions with individual distribution choices as the
outcome variables for respondents in the Motivation Test. This test was conducted with only

the non-veil of ignorance treatment. These regression results are also directly comparable to
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Table 2.3h: Linear Regression of Confidence in Principle

Confidence in Principle

Ambiguity preference -0.001 -0.001
(0.003) (0.003)
Identity 0.175%* 0.162%*
(0.070) (0.074)
Identity group
Ethnicity -0.506 -0.114
(0.318) (0.327)
Nationality -0.451* -0.256
(0.236) (0.257)
Occupation -0.497* -0.254
(0.260) (0.278)
Race -0.219 -0.046
(0.422) (0.471)
Religion -0.684* -0.178
(0.395) (0.407)
Self-deception 1 0.039 0.022
(0.042) (0.043)
Self-deception 2 0.051 0.020
(0.035) (0.038)
Constant 6.683%** 6.683%***
(0.815) (0.951)
Individual Controls v’
Observations 971 859
Pseudo R-squared 0.018 0.083

Notes: Estimates come from a linear regression. The outcome variable ’Confidence in Principle’ is measured from 1 to 10 and
a higher value indicates more confidence in the chosen principle. Ambiguity preference ranges from 0 to 7 (with a higher value
indicating more ambiguity seeking preferences) and is a standardized scale based on the ambiguity preference survey module
developed by Cavatorta and Schroder (2019). Identity ranges from 1 to 4 with a higher value indicating a higher level of
identity. This variable was measured using the module developed by Kuo and Margalit (2012). ’Other’ is the reference group
for identity group. Self-deception 1 ranges from 1 to 7 with a lower value indicating more self-deception. Self-deception 2
ranges from 1 to 7 with a higher value indicating more tolerance for deception. *** p<0.01, ** p<0.05 , * p<0.1.

table 2.5 in the main text. Descriptive social norms are again a highly significant predictor
of distribution choices while personal principles only matter for the distribution choices of

respondents who chose the meritocratic or maximin distribution with much smaller coeffi-
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Table 2.3i: Personal Principle and Norms by chosen Distribution

Chosen Distribution

Personal Principle Inequa‘hty Maximin Meritocracy  Utilitarianism
Aversion
Inequality Aversion 18.63% 55.23% 11.11% 15.03%
Maximin 11.94% 63.43% 5.97% 18.66%
Meritocracy 12.61% 30.95% 19.48% 36.96%
Utilitarianism 18.40% 54.25% 11.79% 15.57%
Injunctive Norm
Inequality Aversion 17.65% 54.71% 11.18% 16.47%
Maximin 13.33% 55.24% 10.48% 20.95%
Meritocracy 9.49% 34.49% 19.62% 36.39%
Utilitarianism 21.67% 51.67% 10.00% 16.67%
Descriptive Norm
Inequality Aversion 58.06% 24.19% 5.65% 12.10%
Maximin 10.61% 73.86% 6.44% 9.09%
Meritocracy 7.27% 20.00% 44.55% 28.18%
Utilitarianism 8.37% 14.64% 18.83% 58.16%

Table 2.3j: Logistic regressions of distributive choices for Motivation Test

Non-Veil of Ignorance Treatment

Choice of Distribution

Inequality Aversion Maximin Meritocracy Utilitarianism
Personal Principle 0.240 0.643*** 0.661%** -0.588%**
(0.194) (0.208) (0.202) (0.220)
Injunctive Norm 0.224 0.306 0.712%%* -0.436**
(0.192) (0.223) (0.204) (0.207)
Descriptive Norm 2.408%** 2.649%** 1.991%** 2.309%**
(0.227) (0.171) (0.256) (0.190)
Selfishness 0.396** 2.303%** -3.972%** -3.236%**
(0.193) (0.171) (0.720) (0.372)
Individual Controls v’ v’ v’ v’
Session Fixed Effects v’ v’ v’ v’
Observations 886 886 886 886

Notes: Estimates come from individual logistic regressions. Personal Principle, Injunctive Norm, and Descriptive Norm are
dummy variables equal to 1 if the subject’s respective choice of principle or norm matched the distribution choice. Selfishness
is a dummy variable equal to 1 if the subject chose the distribution that maximises the payoff of the quintile they were placed
in based on their example quiz answers. Robust standard errors are presented in parentheses. *** p<0.01, ** p<0.05 , *
p<0.1.

cients. As in the main results reported in table 2.5 in the main text, holding a utilitarian

principle or having a perceived utilitarian injunctive norm is again negatively associated with

89



choosing the utilitarian distribution. The descriptive social norm coefficients are similar to

those of the main regression results.

As this test included only the non-veil of ignorance treatment we could also include a self-
ishness variable. Contrary to our main results, selfishness is negatively associated with
choosing the meritocratic and utilitarian distribution, yet positively associated with choos-
ing the maximin distribution. This finding further supports the conclusion that selfishness

is not a consistent predictor of behaviour in our experiment.

IX.3.4.4. Public Goods Game

Table 2.3k reports the results of the public goods game analysis for only the Motivation Test.
These results are directly comparable to table 2.8 in the main text and table 2.3c and 2.3f
of the appendix. For this test, we find that norm-following is no longer significant in models
(1) and (2). The lack of significance might be due to the smaller sample size of this test

compared to the main experiment and the pooled analysis.

Interestingly, contrary to the pooled analysis and the main experimental results in table 2.3c
of the appendix, we find that selfishness is now significantly and positively associated with

contributions in model (1).

As we were able to identify subjects who are conditional co-operators in this robustness
check, we can test whether descriptive norm following in the distribution task is indeed
related to conditional cooperation in the public goods game. In table 2.3l, we report the
results of simple logit models with conditional cooperation as the outcome variable and an
interaction between descriptive norm-following and each specific norm as the explanatory
variable. Importantly, as norm-following itself was not actually significant in table 2.3k, this
test will likely underestimate the relationship between descriptive norm following and condi-
tional cooperation we would be able to observe in the pooled data or the main experiment.
Unfortunately, in those experiments we did ,not elicit conditional cooperation. Nonetheless,
as can be seen in table 2.31, at least for those who followed a descriptive norm of maximin,

norm-following is positively related to being a conditional co-operator.
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Table 2.3k: Public Goods Game - Motivation Test

One-Shot PG Game Contributions (0-20)
Motivation Test

(1) (2)

Norm-following 0.675 0.530
(0.450) (0.456)
Preference-following 0.115
(0.475)
Descriptive Norm
Utilitarianism -1.580***
(0.538)
Meritocracy -1.234
(0.749)
Inequality Aversion -0.594
(0.601)
Selfishness 1.004** 0.550
(0.424) (0.436)
Constant 10.994*** 11.837**
(1.662) (1.685)
Controls v’ v’
Observations 886 886
R-squared 0.036 0.046

Notes: Estimates come from individual linear regressions. The outcome variable is subjects’ contribution to the hypothetical
one-shot public goods game with values ranging from 0-20. Norm-following is equal to 1 if the subject followed the perceived
descriptive norm in their distribution choice and 0 otherwise. Preference-following is equal to 1 if the subject followed their
principle in the distribution choice and 0 otherwise. The reference category for the descriptive norm variable is maximin,
which was the modal perceived descriptive norm. Selfishness is a dummy variable equal to 1 if the subject chose the
distribution that maximises the payoff of the quintile they were placed in based on their example quiz answer. Robust
standard errors are presented in parentheses. *** p<0.01, ** p<0.05 , * p<0.1.

1X.3.4.5. Preference-following in perceived Social Norm

Table 2.3m reports individual characteristics for respondents who chose a perceived descrip-
tive social norm which is equivalent to their personal principle. A stronger social identifica-
tion is a weakly significant predictor of having a personal principle that is equivalent to the

perceived descriptive norm.
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Table 2.31: Conditional Cooperation

Conditional Cooperation

Utilitarianism Meritocracy Maximin Inequality Aversion
Norm-following -0.148 -0.370 0.351%%* 0.018
(0.240) (0.417) (0.162) (0.309)
Constant -1.419%*%* -1.422%%%* -1.584%** -1.440%**
(0.086) (0.082) (0.108) (0.083)
Observations 1,001 1,001 1,001 1,001

Notes: Estimates come from individual logistic regressions. The outcome variable is conditional cooperation with values equal
to 0 or 1. Norm-following is an interaction between a dummy variable for each descriptive norm and a dummy variable equal

to 1 if that norm was followed in the distribution task, and 0 otherwise. Robust standard errors are presented in parentheses.

*** p<0.01, ** p<0.05 , * p<0.1.

1X.3.5 Second Principle Test
IX.3.5.1. Second Principle Distribution

Out of the 201 subjects included in the second principle test 113 indicated that they would

take a second principle into consideration when deciding on how to distribute income in the

group.

Table 2.3n reports the chosen second principle by first principle. The first thing to note is
that maximin is not the most chosen second choice of any of the first principles. In fact, it is
the least chosen second option. We additionally find that subjects are on average significantly
(p=0.002) more confident in their first choice of principle (average of 7.325 on a 10-point

scale) as opposed to their second choice (average of 6.673).
IX.3.6 Distribution Test

IX.3.6.1. Assumed distribution by chosen principle

Out of the 200 subjects included in the distribution test, 89 correctly identified the distri-

bution associated with their chosen principle.

Table 2.30 reports the distribution subjects assumed to represent the chosen principle by
chosen principle. Subjects who chose maximin as their principle were by far the best at
identifying the distribution corresponding to their principle (77.14% correctly identified the

distribution). Out of those who chose meritocracy as their principle (which is the majority
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Table 2.3m: Logistic Regression of Principle-following in perceived Descriptive
Norm

Principle-followers in perceived Descriptive Norm

Ambiguity preference 0.108 0.088
(0.084) (0.091)
Identity 0.156* 0.165*
(0.084) (0.095)
Identity group
Ethnicity 0.402 0.697*
(0.365) (0.406)
Nationality -0.056 0.121
(0.282) (0.318)
Occupation -0.056 0.072
0.305) (0.342)
Race 0.588 0.762
(0.479) (0.541)
Religion 0.457 0.403
(0.480) (0.529)
Self-deception 1 -0.029 -0.036
(0.050) (0.055)
Self-deception 2 0.021 0.003
(0.045) (0.049)
Constant -2.558%** -2.257**
(0.619) (0.881)
Individual Controls v’
Observations 971 859
Pseudo R-squared 0.017 0.027

Notes: Estimates come from a linear regression. The outcome variable 'Principle-followers in perceive Descriptive Norm’ is
equal to 1 if the subject’s perceived descriptive social norm is equivalent to their personal principle and 0 otherwise.
Ambiguity preference ranges from 0 to 7 (with a higher value indicating more ambiguity seeking preferences) and is a
standardized scale based on the ambiguity preference survey module developed by Cavatorta and Schréder (2019). Confidence
is measured from 1 to 10 and a higher value indicates more confidence in the chosen principle. Identity ranges from 1 to 4
with a higher value indicating a higher level of identity. This variable was measured using the module developed by Kuo and
Margalit (2012). 'Other’ is the reference group for identity group. Self-deception 1 ranges from 1 to 7 with a lower value
indicating more self-deception. Self-deception 2 ranges from 1 to 7 with a higher value indicating more tolerance for
deception. *** p<0.01, ** p<0.05 , * p<0.1.

of subjects in our main waves), only 8% confused the maximin distribution with the meri-
tocratic distribution. Most of those subjects thought the utilitarian distribution to be the
meritocratic one. This emphasises the robustness of our main result, as meritocrats did not

move towards maximin out of confusion.
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Table 2.3n: Second Principle Choice by First Principle

First Principle

Second Principle Inequa‘hty Maximin Meritocracy  Utilitarianism
Aversion

Inequality Aversion 0.00% 58.62% 51.35% 70.59%

Maximin 26.67% 0.00% 21.62% 5.88%

Meritocracy 33.33% 27.59% 0.00% 23.53%

Utilitarianism 40.00% 13.79% 27.03% 0.00%

Total 100% 100% 100% 100%

1X.3.6.2. Main analysis excluding subjects with inequality aversion as a first

principle

Out of those subjects who chose inequality aversion as their principle, 52.54% confused
the maximin distribution with the inequality averse distribution. Given that this probably
explains some of the movement towards maximin in the distribution choice, we repeated
our main analysis excluding those who chose inequality aversion as their principle in table
2.3p. It is evident from the results reported in the table that excluding those with inequality
aversion as their principle does not affect our main result - descriptive social norms are still
significantly better predictors of distribution choices than personal principles or injunctive
social norms. This result holds even when we only look at subjects in the non-veil of ignorance

treatment and control for selfishness.

Table 2.30: Assumed distribution by chosen principle

Chosen Principle

Distribution Inequa‘hty Maximin Meritocracy  Utilitarianism
Aversion

Inequality Aversion 37.29% 5.71% 4.00% 22.58%

Maximin 52.54% 77.14% 8.00% 25.81%

Meritocracy 3.39% 5.71% 33.33% 3.23%

Utilitarianism 6.78% 11.43% 54.67% 48.39%

Total 100% 100% 100% 100%
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Table 2.3p:

Logistic regressions of distributive

choices (excluding inequality aversion principle-holders)

All Treatments

Non-Veil of Ignorance Treatment

Choice of Distribution

Choice of Distribution

Inequality Aversion Maximin Meritocracy Utilitarianism Inequality Aversion Maximin Meritocracy Utilitarianism
Personal Principle 1.126%%* 1.018%%* -0.897*** 0.789%** 0.687** -0.389*
(0.134) (0.174) (0.141) (0.231) (0.302) (0.227)
Injunctive Norm 0.169 0.687*** 0.718%** -0.533%** 0.137 0.148 0.659** -0.763%**
(0.194) (0.153) (0.156) (0.133) (0.351) (0.264) (0.285) (0.237)
Descriptive Norm 2.601%** 2.158*** 1.932%%* 1.993%** 2.614%** 2.258*** 1.682%** 1.924%%*
(0.176) (0.117) (0.179) (0.124) (0.303) (0.215) (0.319) (0.220)
Selfishness 0.301 -0.420%* 0.371 0.118
(0.257) (0.183) (0.267) (0.187)
Individual Controls v’ v’ v’ v’ v’ v’ N N
Session Fixed Effects v’ v’ v’ v’ v’ v’ v’ v’
Observations 1,645 1,645 1,645 1,645 530 530 530 530

Notes: Estimates come from individual logistic regressions. Personal Principle, Injunctive Norm, and Descriptive Norm are dummy variables equal to 1 if the subject’s
respective choice of principle or norm matched the distribution choice. Selfishness is a dummy variable equal to 1 if the subject chose the distribution that maximises the
payoff of the quintile they were placed in based on their example quiz answers. Robust standard errors are presented in parentheses. *** p<0.01, ** p<0.05 , * p<0.1.



IX.3.7 Wording Test
1X.3.7.1. Assumed distribution by chosen principle

Given the alternative wording of the maximin and inequality aversion statements used in
our wording test, we first check whether the proportion of subjects correctly identifying the
corresponding distribution has changed. Out of the 222 subjects included in the wording
test, 88 correctly identified the distribution associated with their chosen principle. This is a
significantly smaller proportion than subjects who correctly identified the distribution asso-
ciated with their chosen principle when we used the original wording (39.64% compared to
44.50%). This finding therefore supports the use of our original statements in our main anal-
ysis. Table 2.3q reports the distribution subjects assumed to represent the chosen principle
by chosen principle. The percentages are strikingly similar to those reported in table 2.30
of this appendix. Importantly, however, the proportion of respondents who correctly iden-
tified maximin and inequality aversion, the two principles for which the wording changed,
decreased. In fact, the percentage of subjects correctly identifying inequality aversion as the
distribution corresponding to their chosen principle decreased from just over 37% to about

29%.

Table 2.3q: Assumed distribution by chosen principle - alternative wording

Chosen Principle

Distribution Inequa.hty Maximin Meritocracy  Utilitarianism
Aversion

Inequality Aversion 28.99% 3.57% 9.41% 19.51%

Maximin 53.62% 75.00% 11.76% 26.83%

Meritocracy 10.14% 7.14% 31.76% 2.44%

Utilitarianism 7.25% 14.29% 47.06% 51.22%

Total 100% 100% 100% 100%

IX.3.7.2. Main results

Table 2.3r reports the results of logistic regressions with individual distribution choices as

the outcome variables for respondents in the Wording Test. This test was conducted with
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only the impartial spectator treatment. These regression results are directly comparable to
table 2.5 in the main text. Despite the small sample size of the robustness check and the
lower proportion of subjects who correctly identified the distribution corresponding to their
principle, the main results are strikingly robust. Descriptive social norms are a consistent
and highly significant predictor of distribution choices while personal principles are mostly
not. Only those choosing the meritocratic distribution are significantly affected by their
personal principle. The descriptive social norm coefficients are again similar to those of the

main regression results.

Table 2.3r: Logistic regressions of distributive choices for Wording Test

Impartial Spectator Treatment

Choice of Distribution

Inequality Aversion Maximin Meritocracy Utilitarianism

Personal Principle -0.248 0.404 1.534%** -0.442

(0.657) (0.455) (0.463) (0.555)
Injunctive Norm 1.265%* 0.335 0.026 0.223

(0.572) (0.429) (0.477) (0.456)
Descriptive Norm 3.252%** 1.649%*** 2.851%** 1.976%**

(0.677) (0.343) (0.598) (0.399)
Individual Controls v’ v’ v’ v’
Session Fixed Effects v’ v’ v’ v’
Observations 187 187 187 187

Notes: Estimates come from individual logistic regressions. Personal Principle, Injunctive Norm, and Descriptive Norm are
dummy variables equal to 1 if the subject’s respective choice of principle or norm matched the distribution choice. Robust
standard errors are presented in parentheses. *** p<0.01, ** p<0.05 , * p<0.1.

I1X.3.8 Order Test
1X.3.8.1. Preference- and Norm-following by chosen Distribution

Table 2.3s reports the chosen distribution by personal principle, perceived injunctive norm,
and perceived descriptive norm for respondents in the Order Test. The pattern visible in
table 2.3s is similar to the results of the main experiment: Descriptive social norms are
more closely related to distribution choices than personal principles or injunctive norms.
The percentage of descriptive norm followers is especially high for maximin with over 72%
of respondents who chose the maximin distribution following their perceived descriptive
norm. Interestingly, given this reversed order of decisions, the percentage of those who

chose the inequality averse and utilitarian distributions and follow their perceived descriptive
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social norm decreased while the opposite is the case for those who chose the meritocratic

distribution, compared to the results of our main waves.

Table 2.3s: Personal Principle and Norms by chosen Distribution

Chosen Distribution

Personal Principle Inequa‘hty Maximin Meritocracy  Utilitarianism
Aversion
Inequality Aversion 16.13% 62.90% 11.29% 9.68%
Maximin 3.33% 53.33% 13.33% 30.00%
Meritocracy 5.88% 16.47% 42.35% 35.29%
Utilitarianism 12.20% 48.78% 9.76% 29.27%
Injunctive Norm
Inequality Aversion 14.06% 51.56% 25.00% 9.38%
Maximin 9.52% 38.10% 19.05% 33.33%
Meritocracy 6.41% 33.33% 29.49% 30.77%
Utilitarianism 9.09% 40.00% 14.55% 36.36%
Descriptive Norm
Inequality Aversion 40.63% 28.13% 12.50% 18.75%
Maximin 5.56% 72.22% 13.89% 8.33%
Meritocracy 8.57% 17.14% 51.43% 22.86%
Utilitarianism 1.27% 27.85% 24.05% 46.84%

IX.3.8.2. Main results

Table 2.3t reports the results of logistic regressions with individual distribution choices as
the outcome variables for respondents in the order test. This test was conducted with
only the impartial spectator treatment. These regression results are directly comparable to
table 2.5 in the main text. Similar to all previous robustness checks, the main results hold
again. Despite the small sample size of this robustness check, descriptive social norms are a
highly significant predictor of choices across all possible distributions. The descriptive social
norm coefficients are again similar to those of the main regression results, although, given the
smaller sample size, there is more variation. Personal principles are also significant predictors
of the inequality averse and meritocratic distribution choices. Perceived injunctive norms

however do not reach conventional levels of statistical significance for any of the distribution
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options.

Table 2.3t: Logistic regressions of distributive choices for Order Test

Impartial Spectator Treatment

Choice of Distribution

Inequality Aversion Maximin Meritocracy Utilitarianism

Personal Principle 1.415%* 0.672 2.159%** 0.137

(0.576) (0.461) (0.441) (0.436)
Injunctive Norm 0.959 -0.187 0.714* 0.724

(0.592) (0.559) (0.364) (0.377)
Descriptive Norm 3.738*** 2.236*** 1.900%** 1.873%**

(0.773) (0.362) (0.460) (0.382)
Individual Controls v’ v’ v’ v’
Session Fixed Effects v’ v’ v’ v’
Observations 196 196 196 196

Notes: Estimates come from individual logistic regressions. Personal Principle, Injunctive Norm, and Descriptive Norm are
dummy variables equal to 1 if the subject’s respective choice of principle or norm matched the distribution choice. Robust
standard errors are presented in parentheses. *** p<0.01, ** p<0.05 , * p<0.1.

IX.4 Description of Variables

Principle. Categorical variable capturing the principle selected by subject i.
1. Utilitarianism

2: Meritocracy

3: Maximin

4: Inequalty Aversion.

Distribution. Categorical variable capturing the distribution selected by subject i.
1: Utilitarianism

2: Meritocracy

3: Maximin

4: Inequalty Aversion.

Injunctive Norm. Categorical variable capturing the perceived social norm for the princi-
ple choice selected by subject i.

1. Utilitarianism

2: Meritocracy

3: Maximin
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4: Inequalty Aversion.

Descriptive Norm. Categorical variable capturing the perceived social norm for the dis-
tribution choice selected by subject i.

1: Utilitarianism

2: Meritocracy

3: Maximin

4: Inequalty Aversion.

Treatment. Categorical variable capturing the treatment subject i is assigned to.
1: Impartial Spectator
2: Non-Veil of Ignorance

3: Veil of Ignorance

Gender. Dummy variable coded as 1 if subject i indicated to be female, 0 if subject i
indicated to be male. Subjects who indicated ”other” or ”prefer not to say” were coded as

missing values (n=22).

Age. Categorical variable capturing the age bracket of subject i.
1: 18-20 years old
2: 21-29 years old
3: 30-39 years old
4: 40-49 years old
5: 50-59 years old
6

: 60 years or older

Student. Dummy variable coded as 1 if subject i is currently in full-time education, 0

otherwise.

Economics. Dummy variable coded as 1 if subject i indicated that they have taken a mod-
ule in economics or a related subject at University. A value of 0 indicates that subject i

either has not taken a module in economics or has never attended higher education.

Left-Right. Categorical variable capturing how much subject i agrees with the statement:

”On economic policy matters, there is a role for the government”.
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Strongly Disagree
Disagree
Neither Agree nor Disagree

Agree

Strongly agree

Risk preferences. Variable capturing subject i’s willingness to take risks on a scale from 0
to 10, where 0 means ”completely unwilling to take risks” and a 10 means "very willing to

take risks”.

Income. Categorical variable capturing the income bracket of subject i. Values are stated
in Pound Sterling (£) for subjects from the UK, in US Dollars ($) for subjects from the US
and in Euros (€) for subjects from Western Europe.

1: Less than 20,000
2: 20,000 to 34,999
3: 35,000 to 49,999
4: 50,000 to 74,999
5: 75,000 to 99,999
6: Over 100,000

Sample. Categorical variable indicating whether subject i is a resident in the US, UK or
Western Europe.

1: Europe

2: United Kingdom

3: United States

Quiz Performance. Variable ranging from 0 to 5, capturing the number of questions sub-

ject i correctly answered in the main Quiz.

Example Quiz Performance. Variable ranging from 0 to 2, capturing the number of ques-

tions subject i correctly answered in the example quiz of the non-veil of ignorance treatment.

Study. Variable indicating whether subject i was part of the first wave of the main study

in November 2019 or the second wave in December 2019.
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Principle Following. Dummy variable coded as 1 if subject i’s chosen distribution is equal

to their chosen principle.

Descriptive Norm Following. Dummy variable coded as 1 if subject i’s chosen distribu-

tion is equal to their perceived descriptive social norm in the distribution choice.

Injunctive Norm Following. Dummy variable coded as 1 if subject i’s chosen principle

is equal to their perceived injunctive social norm in the principle choice.

Principle Following in perceived Descriptive Norm. Dummy variable coded as 1 if

subject i’s perceived descriptive social norm is equal to their chosen principle.

Injunctive Norm Following in Principle. Dummy variable coded as 1 if subject i’s

chosen principle is equal to their perceived injunctive norm.

Selfish. Dummy variable coded as 1 if subject i’s chosen distribution is the distribution
which maximises the income of their predicted quintile position from the example quiz in

the non-veil of ignorance treatment.

Decision Group. Categorical variable indicating whether subject i is a norm-follower,
principle-follower or selfish in the non-veil of ignorance treatment. Subjects that are both,
norm- and principle-followers, are coded as principle-followers. Subjects that are both, norm-
followers and selfish, are coded as selfish. Subjects that are both, principle-followers and
selfish, are coded as selfish. This coding is used to ensure the most robust test of our hy-
potheses.

1: Norm-Following

2: Principle-Following

3: Selfish

Confidence in Principle. Variable capturing subject i’s confidence in their chosen prin-
ciple on a scale from 0 to 10, where 0 means "not confident at all” and a 10 means ”Very

confident”.

Public Good Contribution. Variable ranging from 0 to 20 capturing the hypothetical

contribution of subject i in the one-shot public goods game.
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Conditional Co-operator. Dummy variable capturing whether subject i is a conditional
co-operator. This variable is equal to 1 if subject i entered increasing values for each increas-

ing hypothetical average contribution-level of the other group members.

Identity. Variable capturing subject i’s social identification with a self-defined reference
group, ranging from 1 to 4 with 1 indicating "Not strong at all” and 4 indicating ” Very

strong” social identity.

Identity Group. Categorical variable capturing the group subject i most identifies with.
This variable is also used as the reference group for the Identity variable.

: Your ethnicity

: Your nationality

: Your occupation

1
2
3
4: Your race
5: Your religion
6

: Other

Self-Deception 1. Variable capturing subject i’s self-deception measured as the level of
agreement with the statement "It is okay to lie sometimes”, ranging from 1 to 7 whereby 1

means ”Strongly agree” and 7 means ”Strongly disagree”.

Self-Deception 2. Variable capturing subject i’s self-deception measured as their response
to the statement ” There is a big debate in psychology over whether deception in experiments
should be permitted. What do you think?”, ranging from 1 to 7 whereby 1 means ”Never”

and 7 means ”Whenever it helps science”.

Ambiguity preference. Variable capturing subject i’s preference for ambiguity ranging

from 0 to 7 with 0 indicating ambiguity aversion and 7 ambiguity seeking preferences.
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IX.5 Survey Instrument

All values below are given in Pound Sterling (£). This was changed to US Dollars ($) and
Euros (€) depending on respondents’ country of residence. All options in decisions 1-4
were presented in randomized order during the survey experiment. Distribution options in

decisions 3 and 4 were presented as separate tables.

IX.5.1 Impartial Spectator Treatment

Background

A group of people are asked to do a quiz and their answers generate income. We rank their
performance from the bottom 20% of performers to the top 20% in the table below and give
the average income generated for a person in each 20% performance band. For example, this
shows someone who performs in the middle band (the 3rd 20%) generates an income of £40

on average. Please click on the arrow below to proceed.

Performance Level Awverage Income
Bottom 20% of performers £20
2nd 20% £30
3rd 20% £40
4th 20% £70
5th 20% £110

Decision 1
Which of the following statements best describes how you think income should be distributed

in this group? Please note, you are not part of this group.

e Inequalities are only justifiable if they improve the position of the least well-off group

in society.
e Inequalities should be minimized.
e Individual income should be based exclusively on his/her ability and talents.

e Income should be distributed to maximize the average income in society.
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Decision 2
All the participants of the study are now asked to select a statement. Each of you will be

rewarded with a bonus payment of 50p if you select the statement chosen by most of the

participants.

e Inequalities are only justifiable if they improve the position of the least well-off group

in society.
e Inequalities should be minimized.
e Individual income should be based exclusively on his/her ability and talents.

e Income should be distributed to maximize the average income in society.

Decision 3

Below you can see four options for distributing the income generated by the quiz. It shows for
each option how much a performer in each 20% band will receive. For example, a performer
in the bottom 20% can either receive £20, £30 or £40 depending on the distribution. As
mentioned earlier, performance on the quiz generates income for this group on average as in

the table below:

Performance Level Awverage Income
Bottom 20% of performers £20
2nd 20% £30
3rd 20% £40
4th 20% £70
5th 20% £110

Which distribution option would you choose for this group? Please note, you are not part

of this group.
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Average Income

Performance Inequa.lzty Mazximain Meritocracy — Utilitarianism
Level Aversion

Bottom 20% £30 £40 £20 £20

2nd 20% £60 £40 £30 £30

3rd 20% £60 £50 £40 £50

4th 20% £60 £60 £70 £70

5th 20% £60 £80 £110 £110
Total £270 £270 £270 £280

Decision 4

All the participants of the study are now asked to select a distribution. Each of you will be

rewarded with a bonus payment of 50p if you select the distribution chosen by most of the

participants.
Average Income

Performance [nequa'lzty Mazimain Menritocracy — Utilitarianism
Level Aversion

Bottom 20% £30 £40 £20 £20

2nd 20% £60 £40 £30 £30

3rd 20% £60 £50 £40 £50

4th 20% £60 £60 £70 £70

5th 20% £60 £80 £110 £110
Total £270 £270 £270 £280

Quiz Introduction

You will now take part in the previously mentioned quiz which is the final part of this study.
You will have 30 seconds to answer as many questions as possible. For your participation
in the quiz you will receive an additional bonus payment of 50ct after completing the study.

However, how well you perform on the quiz does not influence the size of this bonus payment.
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IX.5.2 Veil of Ignorance Treatment

Background

People in a group that you belong to are asked to do a quiz and their answers generate
income. We rank performance from the bottom 20% of performers to the top 20% in the
table below and give the average income generated for a person in each 20% performance
band. For example, the table below shows someone who performs in the middle band (the
3rd 20%) generates an income of £40 on average. In the following, you will participate in the
above mentioned quiz and your performance will affect the bonus payment you will receive

after completing the study. Please click on the arrow below to continue.

Performance Level Average Income
Bottom 20% of performers £20
2nd 20% £30
3rd 20% £40
4th 20% £70
5th 20% £110

Decision 1
Which of the following statements best describes how you think income should be distributed

in your group?

e Inequalities are only justifiable if they improve the position of the least well-off group

in society.
e Inequalities should be minimized.
e Individual income should be based exclusively on his/her ability and talents.
e Income should be distributed to maximize the average income in society.

Decision 2
All the participants in your group are now asked to select a statement. Each of you will be
rewarded with a bonus payment of 50p if you select the statement chosen by most of the

members of your group.
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Inequalities are only justifiable if they improve the position of the least well-off group

in society.

Inequalities should be minimized.

Individual income should be based exclusively on his/her ability and talents.

Income should be distributed to maximize the average income in society.

Decision 3

Below you can see four options for distributing the income generated by the quiz. It shows
for each option how much a performer in each 20% band will receive. For example, a per-
former in the bottom 20% can either receive £20, £30 or £40 depending on the distribution.
As mentioned earlier, performance on the quiz generates income for your group on average

as in the table below:

Performance Level Average Income
Bottom 20% of performers £20
2nd 20% £30
3rd 20% £40
4th 20% £70
5th 20% £110

Which distribution option would you like to choose for your group? The distribution you
choose will be implemented and affect the bonus payment you can earn through your perfor-
mance on the quiz. The conversion rate for the bonus payment is £1=1p so if your perfor-
mance puts you into the top 20% you can receive a bonus payment of 60p-110p depending

on the distribution you have chosen.
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Average Income

Performance Inequa.lzty Mazximain Meritocracy — Utilitarianism
Level Aversion

Bottom 20% £30 £40 £20 £20

2nd 20% £60 £40 £30 £30

3rd 20% £60 £50 £40 £50

4th 20% £60 £60 £70 £70

5th 20% £60 £80 £110 £110
Total £270 £270 £270 £280

Decision 4
All the participants in your group are now asked to select a distribution. Each of you will

be rewarded with a bonus payment of 50p if you select the distribution chosen by most of

the members of your group.

Average Income

Performance Inequality

Level Aversion Mazimain Menritocracy — Utilitarianism
Bottom 20% £30 £40 £20 £20
2nd 20% £60 £40 £30 £30
3rd 20% £60 £50 £40 £50
4th 20% £60 £60 £70 £70
5th 20% £60 £80 £110 £110
Total £270 £270 £270 £280

Quiz Introduction

You will now take part in the previously mentioned quiz which is the final part of this study.
You will have 30 seconds to answer as many questions as possible. How well you perform
on this quiz compared to the other participants determines in which of the five performance
quintiles you will be placed. Your previously chosen distribution and your performance on

this quiz therefore influence the bonus payment you will receive after completing the study.
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1X.5.3 Non-veil of Ignorance Treatment

Background

People in a group that you belong to are asked to do a quiz and their answers generate
income. We rank performance from the bottom 20% of performers to the top 20% in the
table below and give the average income generated for a person in each 20% performance
band. For example, the table below shows someone who performs in the middle band (the
3rd 20%) generates an income of £40 on average. In the following, you will participate in the
above mentioned quiz and your performance will affect the bonus payment you will receive

after completing the study. Please click on the arrow below to continue.

Performance Level Average Income
Bottom 20% of performers £20
2nd 20% £30
3rd 20% £40
4th 20% £70
5th 20% £110

Example Quiz
Please answer the following two questions. Based on your answers to these two questions
we will predict how well you will perform on the quiz. You have 15 seconds to answer the

questions.

e 9x 13 =

e 80/2.5 =

On the basis of your answer to these questions we predict that you would belong to the

top/middle/bottom 20% of performers in the full quiz.

Decision 1
Which of the following statements best describes how you think income should be distributed
in your group?

e Inequalities are only justifiable if they improve the position of the least well-off group

in society.
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e Inequalities should be minimized.
e Individual income should be based exclusively on his/her ability and talents.
e Income should be distributed to maximize the average income in society.

Decision 2
All the participants in your group are now asked to select a statement. Each of you will be

rewarded with a bonus payment of 50p if you select the statement chosen by most of the

members of your group.

e Inequalities are only justifiable if they improve the position of the least well-off group

in society.
e Inequalities should be minimized.
e Individual income should be based exclusively on his/her ability and talents.
e Income should be distributed to maximize the average income in society.

Decision 3

Below you can see four options for distributing the income generated by the quiz. It shows
for each option how much a performer in each 20% band will receive. For example, a per-
former in the bottom 20% can either receive £20, £30 or £40 depending on the distribution.
As mentioned earlier, performance on the quiz generates income for your group on average

as in the table below:

Performance Level Average Income
Bottom 20% of performers £20
2nd 20% £30
3rd 20% £40
4th 20% £70
5th 20% £110

Which distribution option would you like to choose for your group? The distribution you
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choose will be implemented and affect the bonus payment you can earn through your per-
formance on the quiz. The conversion rate for the bonus payment is £1=1p so if your
performance puts you into the top 20% you can receive a bonus payment of 60p-110p de-

pending on the distribution you have chosen.

Average Income

Performance Inequa'lzty Mazimain Menritocracy — Utilitarianism
Level Aversion

Bottom 20% £30 £40 £20 £20

2nd 20% £60 £40 £30 £30

3rd 20% £60 £50 £40 £50

4th 20% £60 £60 £70 £70

5th 20% £60 £80 £110 £110
Total £270 £270 £270 £280

Decision 4

All the participants in your group are now asked to select a distribution. Each of you will
be rewarded with a bonus payment of 50p if you select the distribution chosen by most of

the members of your group.

Average Income

Performance Inequa'lzty Mazximan Meritocracy — Utilitarianism
Level Awversion

Bottom 20% £30 £40 £20 £20

2nd 20% £60 £40 £30 £30

3rd 20% £60 £50 £40 £50

4th 20% £60 £60 £70 £70

5th 20% £60 £80 £110 £110
Total £270 £270 £270 £280

Quiz Introduction
You will now take part in the previously mentioned quiz which is the final part of this study.

You will have 30 seconds to answer as many questions as possible. How well you perform
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on this quiz compared to the other participants determines in which of the five performance
quintiles you will be placed. Your previously chosen distribution and your performance on

this quiz therefore influence the bonus payment you will receive after completing the study.

I1X.5.4 Quiz

Please answer as many of the below questions as possible.

e 3+5=

e 8x 16 =

e (5x8) —122=
e 100 x 10/5 =

o 40/2.5 =

IX.5.5 Public Goods Game

Before taking part in the previously mentioned quiz, you will now participate in a short
hypothetical game within a group of four participants. Each of you has an endowment of
£20. You can either contribute all or part of your endowment to a public good. The sum of
the contributions of all four participants will then be multiplied by 1.6 and divided evenly

amongst all group members.

The below table illustrates two potential scenarios of the game. In the first scenario all
participants contribute their entire endowment (£20) to the public good. In the second
scenario only the second and third player contribute half of their endowment to the public

good. Please click on the arrow below to proceed to the game.
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Scenario 1 Scenario 2

Player 1 Player 2 Player 3 Player 4 Player 1 Player 2 Player 3 Player 4
£20 £20 £20 £20 £20 £20 £20 £20

Public Good Public Good

£80 £20
x1.6= x1.6=
£128 £32

Player 1 Player 2 Player 3 Player 4 Player 1 Player 2 Player 3 Player 4
£32 £32 £32 £32 £28 £18 £18 £28

How much would you like to contribute? Please remember, the sum of the contributions of

all four participants will be multiplied by 1.6 and divided evenly amongst all group members.
Your endowment: £20

Your contribution in £:

IX.5.6 Demographics

Nationality. What is your country of birth?
Gender. What is your gender?

e Female

e Male

e Other

e Prefer not to say
Age. How old are you?

e 18-20

e 21-29

e 30-39

e 40-49
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e 50-59
e 60 or older
e Prefer not to say
Student. Are you currently studying towards a degree at University?
e Yes
e No

Economics. Have you ever taken a module on economics or a related subject area at

University?
e Yes
e No
e [ have never attended higher education
Income. What is your total personal income per year?

e Less than £20,000

£20,000 to £34,999

£35,000 to £49,999

£50,000 to £74,999

£75,000 to £99,999

Over £100,000

Prefer not to say

Risk preferences. Please tell us, in general, how willing or unwilling you are to take risks.
Please use a scale from 0 to 10, where 0 means ”completely unwilling to take risks” and a

10 means you are ”very willing to take risks”. You can also use any numbers between 0 and
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10 to indicate where you fall on the scale.

Left-Right. How much do you agree or disagree with the following statement: ”On economic

policy matters, there is a role for the government”?

e Strongly agree

o Agree

e Neither Agree nor Disagree
e Disagree

e Strongly Disagree

Rational. Were there any particular reasons for the principles and distributions you chose?

Please use the field below to explain your choices.

Feedback. Please let us know in the field below whether you have any feedback regarding

the study. Were any of the questions or tasks unclear?

IX.6 Pre-Analysis Plan

1X.6.1 Summary

Experimental economics has provided ample evidence that people frequently behave non-
selfishly in situations where they can reduce their own payoff to help others (e.g. see Fehr
et al. 2006). It is typically assumed that such pro-social behaviour arises because experi-
mental subjects are motivated by a social preference. However, this assumption has so far
not been tested. We test this assumption by conducting a survey experiment focusing on
the consistency between people’s preferences towards distributive justice and their choices
over outcomes. In particular, we will look at the role of social norms in shaping choices as

opposed to preferences and how this might affect the consistency between the two.

IX.6.2 Research Design

The survey experiment will be conducted on Prolific Academic with 1,200 subjects from the

UK, US and continental Europe. The experiment consists of three treatments, each using
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a different institutional mechanism to elicit people’s preferences over distributive justice:
An impartial spectator treatment, a veil of ignorance treatment and a treatment in which
one’s position in the group is known. Subjects then have to firstly decide on the principle
of distributive justice they most agree with (inequality aversion, maximin, meritocracy or
utilitarianism) and play a coordination game to identify whether there is a social norm
guiding their choice. Secondly, subjects are told that they will participate in a performance
quiz and have to choose a payoff distribution they would like to implement in the group. Each
payoff distribution thereby corresponds to one of the four previously mentioned principles of
justice. Their performance on the quiz and the distribution chosen will determine their payoff
after completing the experiment. Subjects are then asked again to play a coordination game
to test whether their choice of distribution was guided by a social norm. Lastly, subjects are

asked to play a one-shot public goods game.
The experiment addresses four main questions:

1. Is people’s pro-social behaviour in experimental settings consistent with their social
preferences? In other words, is there evidence consistent with the assumption that

pro-social behaviour is motivated by social preferences?

2. Does the mechanism for eliciting social preferences affect the consistency of these pref-

erences with pro-social behaviour?

3. Do the elicited social preferences and their consistency with pro-social behaviour in a

distributive task affect pro-social behaviour in a public goods game?
4. Do people’s pro-social behaviour reflect their beliefs about social norms within a group?

We will answer question 1. by comparing subjects’ choice of principle with their chosen
distribution. Question 2. will be tested by comparing people’s choices across the three
different treatments. Question 3. will be answered by testing whether subjects’ public goods
game contribution can be explained by their chosen principle and chosen distribution and
to answer question 4. we will examine whether social norms exist in the coordination game

and whether beliefs about these norms determine subjects’ choices.
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1X.6.3 Empirical Strategy

To identify whether pro-social behaviour of subjects is consistent with their social preferences,
reflects social norms and to test whether the mechanism for eliciting these preferences affects

their consistency we will estimate the following model:

Dy = Bo+ BB + BaNpi + Badi + €1 (2.4)

Whereby D is the outcome measured as the chosen distribution by subject i in treatment
t, P is the chosen social preference, N the elicited social norm in the distributive task, A a
vector of controls including age, gender, nationality, risk-aversion, income and student status

and € is the error term.

To identify whether there is a causal relationship between elicited social preferences and

public goods game contributions we will estimate the following additional model:

Ci = Bo+ b1 P + Bo D + s + ¢ (2.5)

Whereby C is the outcome variable measured as subject i’s contribution to the one-shot
public goods game, P is the chosen principle, D the chosen distribution, A the vector of

controls and € the error term.

Lastly, to estimate whether beliefs about social norms shape social preferences, rather than

just social behaviour in the distributive task, we will estimate a third additional model:

P, = Bo+ BiN; + BoAei + €1 (2.6)

Whereby P is the principle chosen by subject i in treatment t, N is the elicited social norm

in the principle decision, A\ the vector of controls and € the error term.
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IX.6.4 Hypotheses

H1: There is a significant difference between subjects’ chosen principle and chosen distribu-

tion.

H2: There is a significant difference in the level of consistency between chosen principles and

chosen distributions across treatments.

)

HS3: There is a significant positive relationship between the level of pro-sociality of subjects

chosen principle and distribution and their contribution in the public goods game.

Hy: Social norms primarily influence subjects’ choice of distribution in the group but not

their choice of principle.

1X.6.5 Model specification

Previous research has found risk-aversion to be an important factor in determining peo-
ples’ distributive preferences, particularly behind a veil of ignorance (Carlsson et al. 2005;
Schildberg-Horisch 2010). To account for this potentially biasing factor we will include a
control variable for risk-aversion into our model. We will further control for participants’
income as various studies have previously found a causal link between income-levels and pref-
erences for redistribution (e.g. see Esarey et al. 2012; Owens and Pedulla 2014; Naumann

et al. 2016).

Previous research has also found participants’ gender (Alesina and Angeletos 2005; Rehm
2005) and nationality to influence distributive preferences; particularly, whether participants
live in the United States or Europe affects their preferred level of redistribution (Alesina and
Glaeser 2004). In addition to these two factors we will also control for age and student status,
as economics students have been found to be less inequality averse in experimental settings

than the average population (Fehr et al. 2006), which may further bias our estimation.

119



IX.6.6 Weighting

The subjects participating in our experiment will be registered Prolific Academic participants
from the US, UK and continental Europe. Unlike other online subject pools like Amazon’s
Mechanical Turk, Prolific verifies participants’ identity; however, our sample is nonetheless
not representative of the general populations of each country. We will therefore weight
respondents, where appropriate, based on the age, gender and income distributions of the

countries included in our sample.

IX.6.7 Robustness Checks

Self-interest: A further potential principle which could guide subjects’ choice of principle and
outcome, other than the four principles mentioned previously, is self-interest. To account for
this potential explanation, we will estimate whether people’s performance in the sample quiz
in the non-veil of ignorance treatment determines their subsequent choice of distribution and

principle by estimating the following additional two models:

Py = Bo+ B1Qi + BaAii + € (2.7)

D; = Bo+ £1Qi + BaAei + €4 (2.8)

Whereby P and D are the principle and distribution chosen by subject i, respectively, Q is the
estimated quintile of subject i in the final quiz based on the answers to the sample questions,
A the vector of controls and e the error term. If subjects are motivated by self-interest
in their choice of principle and distribution and are aiming to maximise their own pay-off,
those estimated to perform at the top of the distribution would choose either meritocracy
or utilitarianism, those estimated to perform in the middle would choose inequality aversion

and those at the bottom would choose maximin.

Consistency: A further concern regarding the validity of our estimation may be related to
the determinants of why subjects are consistent or not consistent across the two choices.
It may be the case that subjects are aware of the distributions corresponding to particular

principles and want to appear consistent in front of the experimenters. Whilst we cannot
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directly test for this possibility, we can estimate whether the probability of being consistent
across choices is determined by any of the demographic control variables. On the other hand,
it may also be the case that subjects are more consistent in a particular treatment, as the
institutional mechanism employed allows preferences to influence distributive choices more
closely or social norms influence distributive choices less (H2). We will therefore estimate

the following binary logit model:

Yi= 080+ BT + BoAi + € (2.9)

Whereby Y is a binary outcome variable equal to 1 if subject i’s choice of principle and
outcome is consistent, T is the treatment assigned to subject i, A the vector of controls and

€ the error term.

Comprehensiveness: Given the complexity of the distributive choice participants are ex-
pected to make, it may be the case that some participants choose a distribution at random
if they do not understand the decision problem, instead of expressing a genuine preference
or reflecting expectations about social norms. To account for this potential biasing factor,
we are including a question asking for feedback at the end of the demographic questions. As
an additional robustness check we will estimate our models including all participants as well
as excluding those who mentioned being confused by the distributive choice in the feedback
section. Based on our pilot results we estimate this group to be very small (1 out of 22 pilot

participants mentioned the distributive choice to be somewhat confusing).

1X.6.8 Additional Analysis

Heterogenous treatment effects: We will test the effects of our three treatments on subjects’
choices of principle, outcome and public goods game contribution conditional on subjects’
characteristics such as level of risk-aversion, income-level, gender, age, student status and
nationality. We will further test whether subjects’ choice of principle conditional on these

demographic characteristics determines their decisions over outcomes.

Sub-group analysis: We will use demographic variables such as risk aversion, income-level,
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nationality and gender to split our sample in different subgroups and test whether the con-
sistency of subjects’ choice of principle and choice of outcome differs between these groups.
We will further test whether our treatments affect subjects’ choices differently among these
subgroups and whether the effects on public goods game contributions differ across these

groups.

Multi-Mode Analysis: We will replicate the experiment in a laboratory setting at King’s Col-
lege London to account for potential measurement error caused by the experimental mode
(Duch et al. 2020). We will do so by testing whether subjects’ choices differ systematically

between the online survey experiment and the laboratory setting.

122



Chapter 3

Experience of social mobility and
support for redistribution: Accepting

or blaming the system?

I Introduction

The level of social mobility in a society, or how much of a person’s income and education can
be predicted by that of their parents, is an important measure of economic opportunities
within that society. Social mobility has therefore received much attention as a potential
factor in explaining distributive preferences: If social mobility is high, economic outcomes
appear to be the result of effort rather than a person’s background and so demand for re-
distribution is expected to be low (Alesina and Glaeser 2004; Alesina and Angeletos 2005;
Cappelen et al. 2013). While there is now substantial evidence that individuals’ percep-
tions of societal mobility indeed affect their support for redistributive policies in this way
(Corneo and Griiner 2002; Bjgrnskov et al. 2013; Davidai and Gilovich 2015; Shariff et al.
2016; Alesina et al. 2018), less is known about how one’s own experience of mobility affects
these preferences. In fact, the limited existing evidence on the effects of personal mobility
experience on distributive preferences suggests that there is no clear relationship between

the two (Corneo and Griiner 2002; Alesina and Angeletos 2005; Clark et al. 2010; Guillaud
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2013).

Using cross-country survey data from 26 countries collected across four waves and a survey
experiment, I test a potential behavioural explanation for the previously missing link be-
tween own mobility experience and support for redistribution — the self-serving bias. This
attribution bias states that people tend to blame external circumstances for their failures
and take excessive personal credit for successes (Campbell and Sedikides 1999; Gilovich et al.
2002; Hestermann and Le Yaouanq 2021). Applying this bias to the case of social mobility
experience suggests that people who have experienced upward mobility may be more likely
to accept the system and to not extrapolate from their own experience onto society at large.
On the other hand, those who experienced downward mobility may be more likely to blame
the system and, therefore, to extrapolate from their experience onto society. This would sug-
gest that the experience of social mobility has an asymmetric relationship with perceptions

of societal social mobility and, in turn, distributive preferences.

Using the ISSP Social Inequality Cumulative (ISSP 2014), I find that such an asymmetric
relationship between the experience of social mobility and distributive preferences indeed
exists in observational cross-country data. Importantly, this relationship is not driven by
personal income levels which are well known to affect distributive preferences (Alesina and
Giuliano 2011). I further find that this asymmetric relationship also holds between the expe-
rience of social mobility and perceptions of societal mobility, suggesting that the mechanism
through which mobility experience affects distributive preferences might be how it shapes

beliefs about opportunities in society.

In an information provision experiment, I test the causality of this finding by providing
subjects with an experimental shock to their mobility experience. The basic design of the
experiment is similar to Hoy and Mager (2021), Karadja et al. (2017), and Cruces et al. (2013)
who each provide subjects with a shock to their relative income position. Subjects in my ex-
periment are asked to identify their own occupation and that of their parents when growing
up. They are also asked to subjectively estimate their own mobility experience relative to
their parents. I then calculate an experimental mobility measure for each subject equal to

the difference between the subjective estimate and an objective mobility estimate based on

124



income and education data for each occupation type. Holding this measure constant, I test
the effect of being informed of one’s objectively calculated mobility in the treatment con-
dition relative to a control condition where subjects receive unrelated but similarly framed

information.

I find that subjects who experience a negative mobility shock, by being informed of an ob-
jective mobility experience that is lower than their subjective estimate during the treatment
condition, increase their support for redistribution significantly compared to subjects with
the same experimental mobility score in the control group. Especially support for higher
governmental spending on the poor and higher taxes on the rich increases for these subjects.
Those who experience a positive mobility shock in the treatment condition do not change

their distributive preferences relative to comparable subjects in the control group.

In line with the self-serving bias, only those who experience a negative mobility shock also
change their perceptions of social mobility in society. However, neither group change their
perceived personal benefits from redistribution, suggesting that this change in distributive

preferences is not due to a rational change in perceived benefits.

I probe the robustness of the experimental results in a number of ways. First, I run a placebo
test to account for the possibility that merely over- or underestimating something and being
informed of it has an effect on perceptions and preferences. I do this by asking all subjects
to estimate the difference in length between two rivers in North America and inform those in
the control group about whether they over- or underestimated the length. I find no effects

of this information on either preferences or perceptions.

Second, I check whether the experimental mobility measure I calculate, which is essentially
a measure of misperception, is associated with any particular preferences, beliefs or demo-
graphics. I also test whether subjects who correctly identify their own mobility experience,
and therefore do not experience a shock during the treatment, differ from the other subjects

on any relevant measure. Neither is the case.

Third, I exclude subjects who do not believe the information they are provided with in

both, the treatment and control group, and check whether those subjects (49 out of 1,100)
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differ on any relevant measure. They do not, except that subjects in the treatment group
are somewhat more likely to not believe the information than those in the control, which is
not surprising. I also restrict the main analysis to subjects who spent enough time on the

treatment and control screens to read the information.’

Fourth, I test two plausible alternative models for the relationship between mobility experi-
ence and distributive preferences. I first run models with a continuous experimental mobility
measure allowing for a linear relationship between the experienced mobility shock during the
experiment and the outcome variables of interest. All preference coefficients hereby remain
insignificant and near zero. Only overall mobility perceptions are positively related to the
continuous experimental mobility measure but with a smaller coefficient than in the main
models. T also test for the possibility that subjects’ reference point is a weakly positive
mobility experience rather than no mobility experience. The experimental results do not

support this.

Finally, I report models with various alternative measures of mobility experience, such as
only looking at subjects who experienced extreme mobility shocks during the experiment,
using different measures of parents’ income and education levels, and using simple infor-
mation treatment effects without calculating the experimental mobility measure. The main
results remain robust to all of these tests: Subjects who experience negative mobility increase
their support for redistribution and decrease their perception of social mobility in society.
Subjects who experience no mobility or positive mobility do not change their preferences or

perceptions.

These findings are important for three main reasons. First, the new mechanism considered
here can explain a puzzling observation which directly contradicts standard political econ-
omy models of redistribution (Meltzer and Richard 1981): Despite the increase in inequality
over the past decades (Dabla-Norris et al. 2015) and the fall in social mobility, especially in
the United States (Chetty et al. 2014a), there has been no significant increase in support for
redistribution (Kenworthy and McCall 2008). Given that the results of this study suggest

T also report the main results for all subjects, irrespective of time spent on the treatment and control
screens and find no notable differences.
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that only those with downward mobility experiences adjust their demand for redistribution, a
decrease in absolute mobility, which means that there are both, less people with upward and
less people with downward mobility experiences, ceteris paribus, then leads to less demand
for redistribution overall. This somewhat counter-intuitive relationship is entirely consistent
with the self-serving bias and supported by the descriptive and experimental evidence pro-

vided in this paper.

Second, the suggested relationship between people’s experience of social mobility and dis-
tributive preferences allows to make predictions about changes in distributive preferences
across time. This is more difficult when only looking at people’s perceptions of societal
mobility, given that little is known about how these perceptions are formed or affected by

real-world events.

Third, this paper suggests a demand-side explanation for the Great Gatsby Curve with
a different causal direction than the mechanisms usually discussed (e.g. see Jerrim and
Macmillan 2015 and Sakamoto et al. 2014) - countries with lower levels of social mobility
may see higher levels of inequality because, as the findings of this paper suggest, the lack of

absolute mobility experience decreases demand for redistribution.

The outline of this paper is as follows. Section II provides a short overview of the relevant
literature and conceptual framework, section III uses descriptive data to look at aggregate
correlations between mobility experience and distributive preferences, and section IV de-

scribes the survey experiment and the experimental results. Section V concludes.

II Conceptual Framework

This paper builds on the substantial existing literature on determinants of preferences for
redistribution at the individual level (e.g. Corneo and Griiner 2002; Klor and Shayo 2010;
Alesina and Giuliano 2011; Luttmer and Singhal 2011; Durante et al. 2014; Kuziemko et al.
2015); specifically, on the growing literature on the relationship between social mobility and
demand for redistribution (e.g. Piketty 1995; Benabou and Ok 2001; Alesina and Angele-
tos 2005; Clark et al. 2010; Esarey et al. 2012; Bjgrnskov et al. 2013; Alesina et al. 2018;
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Fehr et al. 2020) and on the literature on the effects of procedural fairness on distributive
preferences (e.g. Alesina and Glaeser 2004; Alesina and Angeletos 2005; Cappelen et al.
2013). T also follow other studies looking at the effects of personal experiences on economic
preferences more broadly (e.g. Malmendier and Nagel 2011; Fuchs-Schiindeln and Schiindeln
2015; Malmendier and Nagel 2016; Roth and Wohlfart 2018).

Prior to reviewing some of the findings of these studies in more detail, I will briefly discuss
how social mobility has been conceptualized in the literature. Both, social mobility experi-
ence and perceptions of societal social mobility, are generally defined across two dimensions:
absolute versus relative mobility and inter- versus intragenerational mobility. Absolute mo-
bility, as I define it in this paper, is commonly measured as the correlation between children’s
and parents’ income or, more broadly, the elasticity of income from one generation to the
next. Relative mobility tends to be measured as the opportunity of a child born into the

bottom quintile to rise to the top quintile (Chetty et al. 2014a,b, 2017).

A second dimension to take into consideration when discussing social mobility is inter- versus
intragenerational mobility. While intergenerational mobility captures the effect of upbring-
ing and family background on a person’s socio-economic status, intragenerational mobility
captures fluctuations in socio-economic status across a person’s lifetime. Both, empirical es-
timates of real social mobility in society and studies of perceptions of mobility, tend to focus
on intergenerational mobility. This is at least partly due to data limitations, as intragen-
erational mobility measures require long-term panels of individuals including their income
fluctuations across time.? In this paper, I will include measures of both, absolute and rel-
ative mobility, but follow previous research by focusing on intergenerational as opposed to

intragenerational mobility.

The idea that mobility experience affects distributive preferences is not new. As argued by
Piketty (1995), mobility experience may affect distributive preferences at the individual level
by shaping beliefs about societal mobility. That is because learning about the actual level
of mobility in society by experimenting with effort levels is too costly. Few papers have so

far however empirically examined how mobility experience affects distributive preferences.

2 An example of an empirical study that uses intragenerational mobility measures is Kopczuk et al. (2010).
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Alesina and Angeletos (2005) and Corneo and Griiner (2002) find that upward experienced
mobility is associated with reduced support for redistribution. In contrast, Clark et al. (2010)
and Guillaud (2013) find the exact opposite. These studies measure mobility experience as
a dummy variable capturing whether a person believes to be better off than their parents or
not. In other words, they do not differentiate between people who experienced negative or no
mobility. They also only report self-assessed mobility experience and none use experimental

methods to test the causality of the relationship.

The relationship between perceptions of social mobility in society and preferences for redis-
tribution is, on the other hand, much better established. Most studies find that if social
mobility is perceived to be low, demand for redistribution rises and vice versa (Corneo and
Griiner 2002; Bjgrnskov et al. 2013; Davidai and Gilovich 2015; Shariff et al. 2016; Alesina
et al. 2018). One notable exception is a recent study by Fehr et al. (2020) who do not find
evidence for this relationship on a sample of German participants. Nonetheless, in most

studies this relationship is significant.

The mixed and somewhat contradictory existing descriptive evidence on the relationship
between social mobility experience and distributive preferences can easily be explained by
applying the self-serving bias and introducing perceptions of social mobility as a moderating
variable. The self-serving bias states that people blame external circumstances for their fail-
ures and take excessive personal credit for successes (Campbell and Sedikides 1999; Gilovich
et al. 2002). Applying this bias to the case of social mobility experience suggests that people
who have experienced upward mobility may feel acceptance towards the economic system
and do not extrapolate from their own experience onto society at large. They therefore do
not update their perceptions of social mobility in society. On the other hand, those who
experienced downward mobility may blame the system and, therefore, extrapolate from their
experience onto society. Their perceptions of social mobility in society decrease, which sub-

sequently increases their demand for redistribution.

This then suggests that, ceteris paribus, the experience of upward mobility does not actually
have a particular effect on support for redistribution, which would explain the contradic-

tory evidence in the existing literature. There may, of course, be other factors influencing
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distributive preferences for this group but the experience of mobility itself would not affect
distributive preferences. On the other hand, the experience of downward mobility would
lead to an increase in support for redistribution, holding other factors constant. This leads

to my first two hypotheses:

Hypothesis 1: Individuals who have experienced upward social mobility, ceteris paribus,

do not change their support for redistribution.

Hypothesis 2: Individuals who have experienced downward social mobility, ceteris paribus,

increase their support for redistribution.

If both, H1 and H2, can be supported, it would provide evidence in line with the proposed
relationship between the experience of social mobility and support for redistribution. The
self-serving bias suggests that the mechanism underlying this relationship is how the ex-
perience of mobility affects perceptions of overall mobility in society. There is however a
plausible alternative mechanism which would also be consistent with H2 and, potentially,
H1: Differences in distributive preferences could be explained by differences in beliefs about
marginal benefits from taxation. As one experiences downward mobility, perceived marginal
benefits from redistribution rise and vice versa, leading to more (less) demand for redistri-
bution. This would however not be consistent with H1, as it predicts a linear relationship
between mobility experience and distributive preferences. If the perceived marginal benefits
from redistribution for those with downward mobility experiences however outweigh the per-
ceived marginal costs of those who moved up, the relationship could still be asymmetric and
H1 and H2 could both be consistent with this explanation. Such an asymmetric relationship
is entirely plausible if one takes loss aversion (Gilovich et al. 2002) into account. Given this
possibility, merely testing H1 and H2 does not provide conclusive evidence for the self-serving
bias explanation. Testing the two suggested mechanisms is therefore the secondary aim of

this paper. Hypotheses 3 and 4 follow:

Hypothesis 3: Personal social mobility experience asymmetrically affects perceptions of

societal mobility.

Hypothesis 4: Personal social mobility experience asymmetrically affects perceived marginal
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gains from redistribution.

In the following, I first look at descriptive cross-country data to test whether hypotheses 1
and 2 hold in the aggregate. To then get at the causality of the relationship and to test

hypotheses 3 and 4, I report the results of an information provision experiment.

IIT Descriptive Data

The descriptive dataset used in this study is the ISSP Social Inequality Cumulative (ISSP
2014) which includes individual-level, representative data for all countries that participated
in at least two waves of the ISSP Social Inequality Module, a total of 26. The individual
waves of the module were conducted in 1987, 1992, 1999 and 2009, respectively and variables
included in the cumulative dataset were included in at least two waves of the Social Inequal-
ity module. Out of these four waves, three can be used for the analysis as they include data
on all the variables of interest for each individual respondent.® Overall, there are 103,538
respondents included in the dataset of which 26,866 respondents have provided responses to

all the relevant questions for this estimation.*

Support for Redistribution: The main dependent variable, support for redistribution, is based
on indicator V33 in the cumulative dataset of the ISSP Social Inequality Module. The in-
dicator reports respondents’ agreement with the statement “It is the responsibility of the
government to reduce the differences in income between people with high incomes and those
with low incomes”. Respondents can indicate that they either “Strongly agree”, “Agree”,

“Neither agree nor disagree”, “Disagree” or “Strongly disagree”.

Following Alesina and Giuliano (2011), I also look at support for redistribution as a dummy
variable given that differences between individual points on the scale (e.g. “Strongly agree”

versus “Agree”) may not be as meaningful for some respondents as the difference between

3Data for West Germany and East Germany were collected separately in all waves but will not be treated
separately in the main regression estimations. The data available for Slovakia in 1992 was in fact collected
for the whole of Czechoslovakia, which had not yet split into Slovakia and the Czech Republic at that point.

4Some relevant questions were not asked in all countries and waves which significantly reduces the
available sample size.
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overall agreeing or disagreeing with the statement.®

Additionally, T look at respondents’ agreement with the statements “Government should
spend less on benefits for the poor”, “Income differences in (R’s country) are too large” and
“Government should provide basic income for all”, also coded as dummy variables. Lastly,
I include item V40 which asks respondents about taxes in their country for those with high
incomes. Possible answers range from “much too high” to “much too low” on a scale from

1 to 5.

Perceptions of Social Mobility: 1 measure perceptions of social mobility by generating an
indicator based on individuals’ answers to three questions, focused on the relative impor-
tance of family wealth, education and social connections in determining people’s success in
life using principle component analysis (PCA).% The resulting index ranges from 0 to 100

with a higher value indicating a higher level of perceived upward social mobility.”

Ezperienced social mobility: To measure people’s own mobility experience I generate three
indicators. First, I match the occupations of respondents and their parents, which are in-
cluded as ISCO88 codes in the ISSP survey (ILO 1990), to the ISEI index of socio-economic
status (Ganzeboom et al. 1992; Ganzeboom and Treiman 1996; Ganzeboom 2010), following
in particular Yaish and Andersen (2012). This index captures the mean education and mean
income of each occupation while controlling for age. The resulting scale ranges from 16 to 90
with a higher score indicating a higher level of socio-economic status. The individual-level
experienced social mobility values (eSM) are then derived by subtracting the parental ISEI
score (ISEI,) from the respondents ISEI score (ISEI,):

To transform item V33 into a dummy variable I have followed the methodology of Corneo and Griiner
(2002) and have coded respondents who answered with “Strongly agree” or “Agree” as 1 and respondents
who answered with “Neither agree nor disagree”, “Disagree” or “Strongly disagree” as 0.

SThere is an ongoing debate in the literature about how to best measure people’s perceptions of social
mobility. A common measure of perceived social mobility is asking respondents about the likelihood of a
person born into one quintile moving to another quintile within an income distribution, most commonly
from the bottom to the top quintile. The ISSP does not include such a question but I have included it in
the survey experiment.

7A detailed description of the individual components and the distribution of the generated index can be
found in appendix section VI.1. Country-year-level estimates of the generated index can be found in table
3.1c also in section VI.1 of the appendix.
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eSM, = ISEI, — ISEI, (3.1)

Whereby the parental ISEI score is derived based on the below equation:

[SEI, = max{ISEI; ISEL,} (3.2)

Hereby, ISE1 is the father’s ISEI score and I SET,, the mother’s score. The parental ISEI
score (ISEIL,) is always equal to the score of the parent with the higher socio-economic
status and the formula (3.1) used to derive the index ensures that the sign of the generated
social mobility scale is equivalent to the direction of the experienced social mobility.® The
generated index then ranges from -72, very negative mobility, to 72, very positive mobility,

with eSM, = 0 indicating no social mobility.”?

Second, I follow previous research (e.g. Corneo and Griiner 2002) and use item V67 in the
ISSP Social Inequality Cumulative which asks respondents about their relative occupational
status compared to their father: “Please think of your present job (or your last one if you
don’t have one now). If you compare this job with the job your father had when you were
[ 14/15/16 ], would you say that the level or status of your job is (or was)...”. Respondents
can then answer with “Much higher than your father’s”, “Higher”, “About equal”, “Lower”
or “Much lower than your father’s”. I have coded respondents who did not know how or
could not answer the question as missing variables. The resulting index then ranges from -2
to 2 with negative values indicating a subjective negative experience of social mobility and

vice versa.

Third, T match country-level average hourly earnings from the Luxembourg Income Study
(LIS 2019) with the ISSP Social Inequality Cumulative based on the ten major groups of
the ISCORS8 job classifications. I aggregated the ISCOS88 classifications for the respondents,

the mother, and the father in the ISSP survey to the ten major groups and match the

8Taking the average of the sum of the scores of both parents would decrease the score of a respondent
with one working parent relative to a respondent with two working parents, where the scores of the respective
parents with the higher status are equal. Given that the comparison is made to an individual respondent,
the sum of the scores of both parents can also not be used.

9Further details of the matching procedure can be found in appendix section VI.1.2.
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average hourly earnings with the respective group of respondents’ in their country and year
of surveying.!® Unfortunately, the LIS does not go back far enough to provide accurate
income data for the parents of respondents in the ISSP survey. I have therefore estimated
the income of parents in the same way as that of respondents by matching the average hourly

earnings at the time of surveying with the ISCOS88 classification of each individual parent.

II1.1 ISEI elasticity

To check the validity of the individual-level social mobility scores of respondents and to
provide country-level social mobility estimates, I calculate the intergenerational elasticity
of ISEI scores for each country and wave available in the dataset. I estimate the inter-
generational mobility of the ISEI score by using the Poisson Pseudo Maximum Likelihood
(PPML) estimator, which has been identified as one of the most robust estimators for mo-
bility research (Mitnik 2017). The following model is generally used to estimate the IGE
(intergenerational elasticity) of income, which I adapt for the ISEI scores following Andrews
and Leigh (2009):

Y = Bo + 51X, + AGE, + AGE? + ¢ (3.3)

Whereby y, denotes the ISEI score of the respondent and X,, the ISEI score of the parents.
A polynomial for age is included as a control in the equation. f; is then the estimate of the
intergenerational elasticity of the ISEI score. To ensure that only respondents of working

age are included in the estimation, I restrict the model to respondents between the ages of

25 and 55.

Table 3.1 reports this estimate of the intergenerational elasticity of the ISEI score for each
country and wave included in the sample. A low elasticity score indicates more social mobility
and vice versa. For example, the elasticity score of 0.27 for the US in 2009 indicates that
27% of the difference between the average ISEI score in the US and that of a respondents’

parents will be transferred to the respondent.

10The waves available in the LIS database do not match directly onto the waves of the ISSP dataset.
Appendix section VI.1.3, therefore, provides an overview of the waves used for matching by country and
year.
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Table 3.1: ISEI elasticity by year (including age 25 to 55)

1987 1992 1999 2009 Average

Country

Australia 0.20 0.20 0.20 0.20
Austria 0.45 0.42 0.39 0.37 0.41
Bulgaria 0.38 0.38
Canada 0.19 0.19
Chile 0.47 0.45 0.46
Cyprus 0.36 0.32 0.34
Czech Republic 0.25 0.33 0.35 0.31
France 0.19 0.37 0.28
Germany (East) 0.30 0.27 0.47 0.35
Germany (West) 0.35 0.37 0.40 0.36 0.37
Hungary 0.32 0.33 0.25 0.42 0.33
Israel 0.31 0.31
Italy 0.35 0.35
Japan 0.16 0.16
Latvia 0.20 0.24 0.22
New Zealand 0.25 0.19 0.22
Norway 0.26 0.29 0.28 0.28
Philippines 0.23 0.23
Poland 0.39 0.37 0.35 0.37
Portugal 0.47 0.38 0.43
Russia 0.18 0.28 0.28 0.24
Slovak Republic 0.37 0.25 0.27 0.29
Slovenia 0.42 0.39 0.41
Spain 0.43 0.34 0.39
Sweden 0.28 0.34 0.31
Switzerland 0.24 0.38 0.31
United States 0.20 0.23 0.27 0.23
Average 0.34 0.29 0.31 0.34 0.32

Notes: ISEI elasticity values range from 0 to 1 with larger values indicating less socio-economic elasticity across generations
and, therefore, less mobility.

Table 3.2: Income elasticity by year (including age 25 to 55)

1987 1992 1999 2009 Average

Country

Austria 0.32 0.39 0.36
Canada 0.16 0.16
Czech Republic 0.28 0.24 0.26
Germany (West) 0.24 0.23 0.39 0.36 0.31
Israel 0.26 0.26
Slovak Republic 0.25 0.25
Spain 0.38 0.33 0.36
Switzerland 0.33 0.33
United States 0.19 0.19 0.24 0.21
Average 0.24 0.21 0.29 0.30 0.28

Notes: Income elasticity values range from 0 to 1 with larger values indicating less income elasticity across generations and,
therefore, less mobility.
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Several patterns can be observed in table 3.1. First, across all countries, social mobility
increased from 1987 to 1992 but has since then steadily decreased. This trend can already
be observed in the 1999 wave but is further increased in the 2009 wave which, of course, also
coincided with the financial crisis. There are further large differences across countries with
Canada having the highest average level of social mobility with an elasticity value of 0.19

and Chile and Portugal having the lowest levels of mobility averaged across all waves.

As a preliminary robustness check of the ISEI indicator, I compare the derived estimates to
the values obtained by Yaish and Andersen (2012), who equally match the ISEI indicator
to the ISCOS88 codes of respondents; however, for the 1992 and 1999 waves only. They
further compare the scores of respondents and their fathers only and use a Full Maximum-
Likelihood estimation model. The correlation of 0.96 suggests that the generated dataset,
including two more waves and parental occupational status rather than the father’s status

only, is a suitable expansion of this existing dataset.

III.2 Income elasticity

I estimate the income elasticity similarly to the ISEI elasticity by using the PPML estimator

and the model outlined in Section III.1. Income elasticity estimators are given in table 3.2.

Unfortunately, the LIS income data is only available for nine out of the 26 countries. These
countries show a similar trend for the income data as for the ISEI data discussed before:
From 1987 to 1992, income mobility appears to have improved on average but since then
has significantly decreased again with the 2009 wave having, on average, the lowest level of

income mobility.

II1.3 Descriptive results

I estimate the correlation between social mobility experience eSM; and respondent i’s support

for redistribution S fR;:

SfR; = eSM; + ~; + year FE + countryF E + ¢; (3.4)
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I include a vector of controls, ;, including own and parental ISEI scores, political orienta-
tion, education, gender, and age, as well as year- and country-fixed effects to account for any
macroeconomic events that may have occured at the national level or between waves and
could influence support for redistribution. Standard errors are clustered at the country-year
level. As I am estimating multiple outcome variables, I account for multiple hypothesis test-

ing by reporting adjusted p-values based on Anderson (2008).

The main descriptive results, which are all relative to respondents who experienced no mobil-
ity, are reported in table 3.3. In the first part of the table, I report the results for self-assessed
mobility experience with the father. Based on this measure, there are 7,447 respondents who
experienced negative mobility and 16,625 respondents who experienced positive mobility. No
mobility is hereby defined as a self-assessed mobility score of 0 on a scale from -2 to 2. The
second part uses objective personal mobility experience based on the ISEI score. Here, 8,553
respondents experienced negative mobility and 14,982 respondents experienced positive mo-
bility. No mobility, on this measure, is defined as an ISEI mobility score between -7.2 and
7.2 on a scale from -72 to 72. The third part uses the same objective mobility experience but
excludes subjects who misperceive the direction of their objective mobility experience. This
leaves 3,131 respondents who experienced negative mobility and 9,087 respondents who ex-
perienced positive mobility. The final part of the table reports the results for income mobility
using the LIS data. Based on this measure, there are 6,790 respondents who experienced
negative income mobility and 29,359 respondents who experienced positive income mobility.
This income mobility measure uses standardized earnings by occupation and no mobility is

defined as a standardized earnings difference within +/- 5% of the mean.

There is a clear pattern observable in table 3.3. Using the self-reported mobility measure,
a negative mobility experience is consistently associated with stronger support for redistri-
bution on all measures, as well as a significantly more negative perception of societal social
mobility. Specifically, having experienced negative mobility as opposed to no mobility on the
self-reported measure increases support for redistribution on the binary outcome variable by
13.5 percentage points and on the ordered one by 3.2 percentage points. Additionally, agree-

ment with the statement that income differences are too large increases by 20.3 percentage
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Table 3.3: Support for Redistributive Policies

Support for Support for Income . . . . Perception
Redistribution — Redistribution  Differences More spending  Universal Basic Higher Ta'x of
(binary) (ordered) too large on Poor Income Share for Rich Social mobility
) (2 3) () (5) (6) (7
Self-reported mobility ex-
perience
Negative 0.135%%* 0.159%** 0.203%** 0.140%* 0.203** 0.122%%%* -2.397%F*
(0.047) (0.040) (0.047) (0.064) (0.105) (0.043) (0.382)
[0.004] [0.001] [0.001] [0.010] [0.016] [0.004] [0.001]
Positive 0.020 0.007 0.023 0.027 0.025 0.041 -0.458
(0.042) (0.034) (0.059) (0.078) (0.043) (0.037) (0.474)
[1.000] [1.000] [1.000] [1.000] [1.000] [1.000] [1.000]
Controls v’ v’ v’ NG v’ v’ v’
Year Fixed Effects NG N N v’ v’ N N
Country Fixed Effects v’ v’ v’ v’ v’ v’ v’
Observations 24,986 24,986 25,265 12,189 6,738 24,971 16,633
ISEI mobility experience
Negative 0.159** 0.116* 0.010 0.100 0.007 0.018 -0.477
(0.054) (0.052) (0.057) (0.092) (0.114) (0.037) (0.592)
[0.022] [0.082] [1.000] [0.852] [1.000] [1.000] [1.000]
Positive -0.098 -0.057 0.095 -0.116 -0.040 -0.023 0.497
(0.040) (0.031) (0.054) (0.090) (0.086) (0.044) (0.499)
[0.118] [0.191] [0.191] [0.243] [0.519] [0.519] [0.361]
Controls v’ v’ v’ NG v’ N N
Year Fixed Effects NG N N v’ N N N
Country Fixed Effects v’ v’ v’ NG NG v’ N
Observations 26,056 26,056 26,360 12,823 6,902 26,027 17,400
ISEI mobility experience
(if aware of direction)
Negative 0.260%** 0.230%*** 0.169** 0.180* 0.217*%* 0.121%* -2.867**
(0.070) (0.062) (0.087) (0.157) (0.084) (0.070) (1.005)
[0.001] [0.001] [0.033] [0.079] [0.013] [0.045] [0.013]
Positive -0.080 -0.049 0.007 -0.049 -0.139 0.024 0.097
(0.066) (0.059) (0.087) (0.129) (0.138) (0.056) (0.951)
[1.000] [1.000] [1.000] [1.000] [1.000] [1.000] [1.000]
Controls v’ v’ v’ v’ v’ v’ v’
Year Fixed Effects v’ N N v’ v’ N N
Country Fixed Effects NG N N N v’ v’ v’
Observations 12,525 12,525 12,637 5,995 3,471 12,514 8,260
Income mobility experi-
ence
Negative -0.070 -0.109 -0.153 0.174 0.052 -0.080 0.279
(0.075) (0.062) (0.094) (0.094) (0.151) (0.062) (0.843)
[0.394] [0.329] [0.329] [0.329] [0.527] [0.329] [0.527)
Positive 0.021 -0.006 -0.136 0.052 0.295 -0.070 -0.226
(0.099) (0.092) (0.124) (0.099) (0.250) (0.060) (0.757)
[1.000] [1.000] [1.000] [1.000] [1.000] [1.000] [1.000]
Controls NG v’ N N N N N
Year Fixed Effects v’ v’ v’ v’ v’ v’ v’
Country Fixed Effects v’ v’ v’ v’ v’ N N
Observations 26,056 26,056 26,360 12,823 6,902 26,027 17,400

Notes: Estimates come from logistic (models (1), (3), (4) and (5)), ordered logit (models (2) and 6)) and linear (model (7))
regressions. Robust standard errors are clustered on a country-year level are presented in parentheses. Adjusted p-values for
multiple hypothesis testing (Anderson 2008) are presented in brackets. No mobility is defined as either a self-reported score of
0 on a scale from -2 to 2, as an ISEI mobility score of -7.2 to 7.2 on a scale from -72 to 72 or as a standardised average
earnings difference within +/- 5% of the mean. Positive and Negative mobility are then defined as above or below the no
mobility threshold of the respective measure. Controls include the personal ISEI score, the parental score, political
orientation, education, gender and age. *** p<0.01, ** p<0.05 , * p<0.1.
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points, support for more spending on the poor by 14 percentage points, support for UBI
by 20.3 percentage points and higher taxes on the rich by 2.4 percentage points. Finally,
perceived societal mobility decreases by 2.4 percentage points. The same is not the case
for those respondents who experienced upward mobility. These estimates are all relative to
respondents who have experienced no mobility. The results for the objective ISEI mobility

measure are less striking but, at least in the first two models, reveal the same pattern.

Using the objective measure only for respondents who are aware of the general direction of
their mobility experience also results in a highly significant relationship between negative
mobility experience and distributive preferences as well as mobility perceptions.!’ There is
again no significant relationship between positive mobility experiences and preferences or
perceptions. Finally, the LIS income measure shows no significant results at all.'? This is
potentially the case due to the high level of aggregation required to match the ISSP and LIS
data or because of the small number of observations which could be matched successfully.
Alternatively, it may suggest that income mobility alone does not affect perceptions and

preferences in the same way as a socio-economic mobility measure.

Overall, these descriptive results suggest that an asymmetric relationship between mobil-
ity experience and distributive preferences as well as societal mobility perceptions indeed
exists. However, and maybe unsurprisingly, this relationship is particularly strong for the
self-assessed measure of mobility and for the objective mobility measure when respondents
are aware of the direction of their mobility experience. If mobility experience was affecting
preferences through, for example, some intergenerational transmission of beliefs as proposed,
amongst others, by Piketty (1995), then one would not necessarily have to be aware of the
direction of the own mobility experience. The results in table 3.3 do not support such an

explanation.

Arguably, respondents who experienced positive or negative social mobility differ in other

HTables 3.2b and 3.2c¢ in appendix section VI.2.3. report the same regressions for respondents who
experienced very high or very low mobility on both, the subjective and the objective ISEI mobility measures.
The results show the same pattern. The effect sizes are even larger however than those in table 3.3 for
respondents who experienced very negative objective mobility and are aware of the direction.

12T also report the results of the main regressions with an alternative threshold for upward and downward
income mobility in table 3.2d in appendix section VI.2.3. The results are identical - income mobility, based
on the LIS data, is not correlated with preferences or perceptions.
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aspects besides their mobility experience, which may influence their preferences for redistri-

bution and perceptions of social mobility at the societal level.!?

While these preliminary results indicate significant and robust correlations in line with hy-
potheses 1,2 and 3, they do not allow for any causal statements about the effects of mobility
experience on distributive preferences. The ISSP also does not include a question on per-
ceived personal benefits from redistribution and so hypothesis 4 cannot be tested with this

dataset.

Specifically, there are two important issues with using observational data to make inferences
about the relationship between mobility experience and preferences. First, using mobility
experience as an explanatory variable means that one has to disentangle the effect of mobility
experience from that of a change in personal income and education-levels, which are both
known to affect distributive preferences. Controlling for personal income therefore means
that the social mobility measure captures parental income and education-levels. Vice versa,
if one were to control for parental income levels the social mobility measure would capture
own income. Arguably, the latter of these two options makes little sense. The benefit of an
experimental test is that the experience of mobility can be affected by changing perceptions
of own experiences, without actually changing personal or parental income or education lev-
els. It therefore isolates the experience of mobility from these factors as much as possible,

which is not feasible when using observational data.

The second fundamental issue with using observational data in this case is that there are
good reasons to believe that the relationship between social mobility experience and distribu-
tive preferences suffers from reverse causality. In particular, if the mechanism underlying
the relationship is the perception of societal mobility, then it is plausible that mobility ex-
perience does not just affect perceptions of societal mobility, but that the reverse is also
true: Beliefs about opportunities in society could impact people’s effort-levels which, in
turn, might influence their mobility experience. There is, in fact, evidence in the existing

literature that the perceived fairness of reward structures in workplace environments impacts

BDetails of which factors are associated with upward and downward mobility in the ISSP dataset can be
found in appendix section VI.2.1.
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people’s willingness to exert effort (e.g. Janssen 2000). Whether such a relationship exists at
the societal level between perceived social mobility and exerted effort-levels has, as far as I
am aware, not been tested yet. Nonetheless, this poses a fundamental issue to any inference

using observational data only.

IV  Survey Experiment

To account for these conceptual issues and to test the causality of the proposed relationship,
I conducted a survey experiment in April 2021 with a sample of 1,100 subjects from the
United States.!* The United States hereby provides a particularly strong test of the self-
serving bias as the US is a prime example of an individualistic country (Alesina and Glaeser
2004). Subjects might therefore be less likely to ‘blame the system’ and to extrapolate from
their own experience onto society, which provides an additional hurdle to finding a significant

relationship.

The aim of the survey experiment is to isolate the causal effect of social mobility experience
on support for redistribution and perceptions of society. Therefore, the social mobility ex-
perience of subjects has to be changed exogenously. Given that the intergenerational aspect
of mobility experience is difficult to model experimentally, an information provision experi-
ment appears to be the best option. While I cannot change the real mobility experience of
subjects, I can make use of the fact that about 50% of respondents in the ISSP survey are
somewhat misinformed about the degree of their own mobility experience.!® In particular,
I provide subjects with information on their personal intergenerational mobility experience
and test how this information, if contradictory to their previously held beliefs, changes their
support for redistribution. In other words, I provide subjects with a shock to their personal

mobility experience. Given that the descriptive results indicate that it is the mobility ex-

14The experiment was pre-registered via the American Economic Association registry for Randomized
Controlled Trials with RCT ID AEARCTR-0007580 and was granted ethical clearance from the Research
Ethics Committee at King’s College London (reference number MRSP-19/20-21021).

15Table 3.2a in section VI.2.2 and table 3.3d in section VI.3.2 of the appendix test for differences between
respondents who misperceive and correctly perceive their own mobility experience in the ISSP dataset and
the experimental data, respectively. While there are notable differences in the ISSP dataset, this is not the
case in the experimental data. In both datasets, perceived societal mobility also does not differ between the
two groups.
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perience one is aware of that affects preferences and perceptions, this experimental design
allows me to change the part of mobility experience that appears to be most important for
the purpose of this study - the mobility experience subjects are aware of. The basic design
of the experiment is similar to Hoy and Mager (2021), Karadja et al. (2017), and Cruces

et al. (2013), who each provide subjects with a shock to their relative income position.

To avoid deception and to ensure that the information provided is believable, I use subjects’
real experienced social mobility to tailor the information provision conditional on the actual
experience. I also ask subjects whether they find the information provided believable and
exclude those from the analysis who do not find it believable (49 out of 1,100).'® The basic

structure of the experiment is outlined below:!”

Part I: Subjects state their own occupation and that of their parents when they were grow-
ing up. Based on the given answers, each subject is assigned an ISCOS88 code for their
occupation and one for the occupation of each parent. They also state how they personally

assess their social mobility experience to date, relative to their parents.

Part II: Subjects are divided into control and treatment group. The treatment group is
given a short paragraph describing the person’s mobility experience and the data used to
calculate the mobility experience. To provide subjects with information about their mobility
experience, the ISEI value of the parent with the highest ISEI score is subtracted from the
subject’s ISEI score. The ISEI scores used during the experiment for each ISCOS88 code are
available in Ganzeboom (2010). The control group is given similarly framed information
about the difference in length between two rivers in the US, the Missouri and the Arkansas

river.

Part III: Post-treatment questions about distributive preferences and beliefs about social

mobility.

16Table 3.3f reports a balance test of subjects who did and did not believe the provided information. There
are no significant differences between the two groups; however, subjects assigned to the control condition
were somewhat more likely to believe the provided information than those in the treatment condition.
"The full survey instrument can be found in appendix VI.4.
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Figure 3.1: Example Treatment Information Screen

We will now tell you, based on the information you gave us earlier about your own job and
the jobs your parents had when you grew up, whether you have objectively experienced
upward, downward or no social mobility.

The data we use is based on the International Standard Classification of Occupations
(1ISCO88) and the International Standard of Occupational Status (ISEI). This measure takes
both, the required education-level and potential income of different jobs, into account.

Based on the information you gave us and this measure, you experienced upward
mobility.

To provide subjects with the information during the treatment condition, the experiment
was coded to automatically calculate an objective mobility measure using subjects’ responses
and to then display a text based on the calculated value. Figure 3.1 displays the text given

to a subject who experienced upward mobility and is randomly assigned to the treatment
group.

To make the analysis as comparable as possible to the descriptive analysis using the ISSP
data, I only sampled subjects between 25 and 55 years old who were not studying full-time

towards a university degree at the time the experiment was conducted.

IV.1 Empirical strategy

Similar to the descriptive analysis, I estimate the following model, whereby S'f R; is subject
i’s support for governmental redistribution measured by a series of survey questions, eSM;
is the experimental mobility score of subject i, D is the treatment assignment, v is a vector

of controls, and € is the error term:

The experimental mobility score (eSM) is thereby defined as the difference between self-
assessed mobility experience compared with the father (identical to item V67 in the ISSP)
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and the objective mobility experience, calculated using the ISSP and ISEI scores. For the
calculation of the experimental mobility score, the objective mobility experience is aggre-
gated into five groups ranging from -2 to 2, equal to the self-assessed mobility scores. The
experimental mobility measure can therefore range from -4 to 4 with a higher value indicating
a more positive experience. It is important to emphasize that this measure is calculated for
all subjects, irrespective of treatment assignment. Treatment effects are therefore measuring
the effects of being informed of the objective mobility experience, in other words experiencing
a mobility shock, while holding the underlying experimental mobility measure constant. This
ensures that both, the subjective as well as the objective mobility experience of subjects, is

controlled for and not confounding the estimation.!®

Given that the assumption that subjects will compare the treatment information to their
experienced mobility with the father is quite strong, I also look at an additional measure of
mobility experience, based on household income, in the experimental results. Here, I sub-
tract the family income of the subject when growing up from the current household income.
Figure 3.2 reports density plots of both measures by control (blue) and treatment group
(green). There are no notable differences between the two groups and both measures show
approximately normal distributions.

Hypothesis 1 would predict that the interaction term eSM; x D; is positive for those who
have a negative eSM value and were assigned to the treatment as opposed to the control
group, while hypothesis 2 would predict this to not be the case for those with a positive eSM

value.

To answer the secondary research question, I then regress the same set of explanatory vari-
ables on both, perceived societal mobility in the United States, and perceived personal gain

from governmental redistribution:

Hypothesis 3 would predict the interaction term to be negative for those who have a negative

18A balance test by random treatment assignment is reported in table 3.3e in section VI.3.3 of the
appendix. There is no variable that differs significantly between the treatment and control group, suggesting
that randomization was successful.
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Figure 3.2: Distribution of Mobility Shock by Treatment and Control
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eSM value and were assigned to the treatment as opposed to the control group when perceived
societal mobility is the outcome variable. Hypothesis 4 would predict the interaction term to

be positive for the same group when perceived personal gain from governmental redistribution

is the outcome variable.

This experimental test is, of course, by no means a perfect test of the effect of mobility
experience on distributive preferences. However, if a short piece of information about own
mobility experience can significantly change preferences and perceptions, it would suggest

that real changes in mobility experience likely have quite a substantial impact.
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IV.2 Experimental Results

Table 3.4: Experiment: Support for Redistribution

Support for Support for Income . . . .
Redistribution  Redistribution  Differences More spending  Universal Basic Higher Ta?(
R on Poor Income Share for Rich
(binary) (ordered) too large
1) (2) (3) (4) (5) (6)
Treatment
Upward mobility 0.130 0.249* 0.133 0.138 0.198 0.054
(0.275) (0.131) (0.106) (0.101) (0.141) (0.040)
[0.340] [0.340] [0.340] [0.340] [0.340] [0.340]
No mobility 0.185 0.118 0.116 0.047 0.134 -0.022
(0.272) (0.126) (0.106) (0.122) (0.132) (0.048)
[1.000] [1.000] [1.000] [1.000] [1.000] [1.000]
Downward mobility 0.518* 0.247* 0.140 0.275%%* 0.015 0.133%%*
(0.293) (0.149) (0.113) (0.102) (0.159) (0.039)
[0.109] [0.109] [0.173] [0.018] [0.348] [0.007]
Controls v’ v’ v’ v’ N N
Observations 596 592 593 582 590 593
Treatment
Upward income mobility -0.206 0.083 0.216 0.219%* 0.271 0.070
(0.363) (0.166) (0.142) (0.127) (0.173) (0.055)
[0.447] [0.447] [0.348] [0.348] [0.348] [0.348]
No income mobility 0.502 0.347 0.125 -0.057 0.248 0.053
(0.772) (0.266) (0.151) (0.265) (0.318) (0.105)
[1.000] [1.000] [1.000] [1.000] [1.000] [1.000]
Downward income mobility 0.323 0.268 0.210 0.400%** -0.003 0.186%**
(0.361) (0.184) (0.143) (0.137) (0.204) (0.053)
[0.278] [0.170] [0.170] [0.011] [0.492] [0.007]
Controls v’ v’ v’ v’ v’ N
Observations 283 283 283 279 282 283

Notes: Estimates come from logit (model (1)) and linear regressions. The effects are treatment effects relative to subjects
with the same experimental mobility score in the control group. Robust standard errors are presented in parentheses.
Adjusted p-values for multiple hypothesis testing (Anderson 2008) are presented in brackets. Controls include self-assessed
mobility experience, household income and political party affiliation. The analysis is restricted to subjects who indicated that
they believed the provided information and remained on the treatment and placebo screen for more than 8 seconds. ***
p<0.01, ** p<0.05 , * p<0.1.

Table 3.4 reports the main experimental results using the two different measures of exper-
imental mobility experience. The first part of the table reports the effect of being in the
treatment group as opposed to being in the control group for subjects depending on the
experimental mobility score based on the comparison with the father, as previously defined.
Using this measure, there are 322 subjects with a negative score, 455 subjects with a positive

score, and 342 subjects with a score of zero.

The second part uses the difference between current household income and family income
when subjects grew up to calculate the experimental mobility measure. Here, 175 subjects

have a negative score, 253 subjects have a positive score, and 61 subjects have a score of
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zero.' The total number of subjects reported in table 3.4 is smaller for both measures, as the
analysis is restricted to subjects who indicated that they believed the provided information

and remained on the treatment and placebo screen for more than 8 seconds.

While less striking than the descriptive results, which may be due to the significantly smaller
sample size, for four of the outcome variables the pattern of the experimental data is the
same. The effects of two measures even survive when adjusting the p-values for multiple hy-
pothesis testing, despite the small sample size: Those who experienced a downward mobility
shock in the treatment condition are significantly more likely to support more spending on
the poor and higher taxes on the rich. The coefficients are also not negligible - being in the
treatment as opposed to the control group as someone with a negative mobility score, in-
creases support for more spending on the poor by 5 percentage points and support for higher
taxes on the rich by 13 percentage points. Using the income measure, these effect sizes are
even larger - support for more spending on the poor is increased by 8 percentage points and
support for higher taxes on the rich by 19 percentage points for those with negative mobility

scores in the treatment group.

General support for governmental redistribution is only weakly affected by the treatment
with a weakly significant positive effect for those who experienced a downward mobility
shock on the first measure. A possible reason for this might be that the question explicitly
asks about whether it is the responsibility of the government to reduce differences in income.
This may be viewed more negatively in the US than in some of the other, especially Euro-

pean, countries (Alesina and Glaeser 2004) included in the descriptive ISSP dataset.

Result 1: Experiencing a positive experimental mobility shock does not significantly in-

crease support for redistribution on any of the measures (in support of H1).

Result 2: Experiencing a negative experimental mobility shock significantly increases sup-
port for governmental spending on the poor and higher taxes on the rich on both measures

(in support of H2).

19 As these values are self-reported and I am interested in the experimental mobility shock, I do not adjust
family income when growing up for inflation. Rather, I assume that subjects compared their responses to
D8 and D9 directly. The full survey experiment including the exact wording of these items can be found in
appendix section VI.4.
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IV.3 Mechanisms

To test the secondary research question and hypotheses 3 and 4, I look at the treatment
effects on perceptions of societal mobility and perceived personal benefits from redistribu-
tion. The results are reported in table 3.5. As the models included in the table test different

hypotheses, I have not adjust the p-values for multiple hypothesis testing.

Table 3.5: Experiment: Mobility and societal perceptions

Mobility
of lowest
quintile

(1) (2) (3) (4)

Overall Differences Personal
mobility due to effort benefit

Treatment
Upward mobility -0.061 0.048 -0.054 0.197
(0.134) (0.142) (0.135) (0.334)
No mobility -0.122 -0.014 0.126 0.464
(0.121) (0.137) (0.140) (0.352)
Downward mobility -0.252%* -0.359** -0.077 0.311
(0.148) (0.152) (0.155) (0.358)
Controls v’ v’ v’ v’
Observations 590 588 586 558
Treatment
Upward tncome mobility -0.066 -0.015 -0.064 0.675
(0.160) (0.170) (0.166) (0.413)
No income mobility 0.327 0.087 0.162 1.040
(0.350) (0.297) (0.300) (0.743)
Downward income mobility -0.178 -0.493** -0.041 -0.185
(0.171) (0.199) (0.183) (0.462)
Controls v’ v’ v’ v’
Observations 281 282 282 264

Notes: Estimates come from linear regressions. Robust standard errors are presented in parentheses. The effects are
treatment effects relative to subjects with the same experimental mobility score in the control group. Controls include
self-assessed mobility experience, household income and political party affiliation. The analysis is restricted to subjects who
indicated that they believed the provided information and remained on the treatment and placebo screen for more than 8
seconds. *** p<0.01, ** p<0.05 , * p<0.1.

While neither those who experienced an upward mobility shock, no shock, or a downward

shock in the treatment condition adjust their perception of the personal benefits from re-
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distribution in either of the specifications, those who experienced a negative shock clearly
changed their perception of overall social mobility in society compared to those in the control
group. This is the case for both mobility measures. Being in the treatment as opposed to the
control group as someone with a negative experimental mobility score decreases perceived
overall societal mobility by 7 percentage points on the first measure and 10 percentage points

on the second measure.

Interestingly, the perceived mobility of the lowest quintile is only weakly significantly af-
fected for those who experienced a downward shock on the first measure and beliefs about
whether income differences are due to effort or luck in society are not at all affected by the
treatment. This suggests that the experimental mobility shock affects overall beliefs about
social mobility in society, but that these beliefs do not translate into fairness perceptions
as they are usually defined in the economics literature (Alesina and Glaeser 2004; Alesina
and Angeletos 2005; Cappelen et al. 2013). These findings nonetheless provide support for
hypothesis 3 and against hypothesis 4.

Result 3: Experiencing a negative experimental mobility shock on both measures signif-
icantly decreases perceptions of overall mobility in society, while experiencing none or a

positive experimental shock has no effect on perceptions (in support of H3).

Result 4: Positive and negative experimental mobility shocks have no significant effect on

beliefs about personal benefits from redistribution (against H4).

IV.4 Robustness

Given that the experiment does not change real social mobility experience, but only creates
an experimental mobility shock for those in the treatment condition, I test the robustness

of the results in multiple ways.

A first possible concern of the experimental design is that rather than the change in subjec-
tive personal mobility experience causing a difference in preferences, it may be the case that
simply under- or overestimating something, such as own mobility experience, causes some

negative reaction that could affect preferences. To account for this possibility, subjects in the
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control group were given a placebo treatment which asked them to estimate the difference
between two of the longest rivers in North America and then gave them information framed
similar to the treatment information, telling them whether they over- or underestimated the
difference in length between the rivers. Figure 3.3 displays the text given to a subject who
underestimated the difference in length between the two rivers and was randomly assigned

to the control group. Tables 3.3a and 3.3b in appendix section VI.3.1 test the effect of the

Figure 3.3: Control Information Screen

We will now tell you, based on the answer you gave us earlier about the two rivers in North
America, the Missouri and the Arkansas river, whether you have objectively overestimated,
underestimated or correctly estimated the difference in length between the two rivers.

The data we use is based on the book "Rivers of North America" by Arthur C. Benke and
Colbert E. Cushing.

Based on the response you gave us, you underestimated the difference in length between
the two rivers.

placebo information on preferences for redistribution, perceptions of societal mobility and
perceived personal benefit from redistribution. Neither over-, nor underestimating the dif-
ference between the two rivers and being informed of the false estimation affect any of the

preferences or perceptions.

A further concern is that having a negative experimental mobility score as opposed to a
positive score may be correlated with individual characteristics that could also predict the
outcome variables of interest. Section VI.3.2 in the appendix tests for potential differences in
individual-level characteristics of subjects depending on their experimental mobility scores
for both, the income and ISEI mobility measures. There are no concerning differences be-
tween those with positive and negative scores that would affect the main results. Neither is

the case for those with experimental mobility scores of zero.

A significant factor influencing the results of information provision experiments is whether

subjects believe and pay attention to the provided information (Haaland et al. 2020). While I
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was able to ask subjects directly about the believably of the information, measuring whether
subjects actually read the provided text is more difficult. A potential proxy of paid attention
is, however, the time spent on the treatment and control screens. The average time spent
on these across all subjects was 14.5 seconds.?’ In the main estimations, I therefore exclude
subjects who spent less than 8 seconds on the screens to ensure that I only include subjects
who actually paid enough attention to fully read the provided information. This number is,
of course, somewhat arbitrary and so I report main treatment effects for all subjects, irre-
spective of time spent on the treatment and control screens in section VI.3.4 of the appendix.
The main results remain the same although the treatment effect on perceived social mobility

in society for those with negative experimental mobility scores is even stronger.

A strong assumption made by the main experimental models in tables 3.4 and 3.5 is that
subjects’ reference point for evaluating their own mobility experience is no mobility relative
to their parents. It is, however, entirely plausible that subjects actually expect to be better
or worse off than their parents and so dividing the sample into groups of positive, negative,
and no mobility may not be be most accurate. I test this possibility in multiple ways by
looking at the effects of only extreme experimental mobility shocks and by aggregating sub-
jects assuming a positive reference point.?! I find no evidence that would suggest the main

models reported in tables 3.4 and 3.5 are not suitable.

Finally, I test three alternative measures of the experimental mobility measure. First, I cal-
culate mobility only with the parent who the subject believes themselves to have experienced
the highest mobility with and then with the parent the subjects believes themselves to have
experienced the least mobility with. Both are plausible alternatives for a comparison with
the father.?? I do not find evidence that would suggest that these models are better esti-
mates than the main models reported in tables 3.4 and 3.5. Second, I test treatment effects
without calculating the experimental mobility measure, but instead look at simple informa-

tion effects while controlling for pre-treatment beliefs about the own mobility experience.

20Gection VI.3.4 in the appendix provides further analysis of respondents who did and did not believe the
information provided.

2IThe results of these tests can be found in tables 3.3i and 3.3j in section V1.3.5 and tables 3.3u and 3.3v
in section VI.3.6 of the appendix.

22Section VI.3.5 in the appendix.
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The main results remain the same, however, the effects on preferences for redistribution are
only weakly significant in these models. The effects on societal mobility beliefs are some-
what stronger than the main models which differentiate between the effects of positive and
negative mobility.2> Third, I test whether a continuous mobility measure better predicts
preferences and beliefs. This is not the case.?? In fact, when using the continuous measure,

none of the effects on preferences for redistribution remain.

IV.5 Party Affiliation

Following Alesina et al. (2018), who find that information about societal mobility only
changes distributive preferences of Democrats, I also test treatment effects for Democrats
and Republicans separately. Contrary to expectations, the effect of the self-serving bias is
stronger for Republicans. In particular, as illustrated in figure 3.4, experiencing an effective
negative mobility shock decreases agreement with the statement “The government should
spend less on the poor” somewhat for Republicans in the treatment (p<0.1) as opposed
to the control group. The same is not the case for those Republicans who experienced a
positive shock or for Democrats. Given this interesting treatment effect on Republicans, I
also test differences in the mechanism variables for Democrats and Republicans. An even
more striking pattern emerges here. The effect of the treatment on perceptions of mobility
is primarily driven by Republicans who have a more negative view of societal mobility if
they were assigned to be in the treatment as opposed to the control group and experienced
a negative mobility shock. Even more interesting however is that for Republicans, not for
Democrats, the perceived personal benefits from redistribution are significantly increased
if they are assigned to the treatment group and experienced an effective negative mobility
shock. The coefficient here is also very large. While hypothesis 4 can therefore be rejected

in the aggregate, it cannot be rejected for Republicans.

Result 5: While beliefs about personal benefits from redistribution are not affected by either
a downward or upward mobility shock in the aggregate, Republicans increase their perceived

benefit from redistribution if they experience a downward mobility shock significantly.

23Subsection 3 of section VI.3.5 in the appendix.
24Subsection 4 of section VI.3.5 in the appendix.
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Figure 3.4: Treatment effects by political affiliaton

Less Spending on Poor Mobility of lowest Quintile Personal benefit from Redistribution
—a— — — -
Positive Shock 4 Positive Shock Positive Shock -
—— —— ——
. m e
Negative Shock Negative Shock Negative Shock
— —— ——
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Notes: Figures are based on linear regressions. 95% confidence intervals are shown. The mobility shock is measured as the
difference between self-assessed mobility and objective mobility. The effects are treatment effects relative to respondents with
the same hypothetical shock in the control group. Controls include self-assessed mobility with the father, and personal

income. The analysis is restricted to subjects who indicated that they believed the provided information.

V Conclusion

How does the experience of social mobility affect distributive preferences? The results of
this paper suggest that the experience of social mobility is asymmetrically related to dis-
tributive preferences and mediated by perceptions of overall mobility within society. While
negative mobility experience increases support for redistribution by changing perceptions
of social mobility in society, positive mobility experience neither changes perceptions nor
preferences. Therefore, as absolute social mobility decreases, which has been the case over
the past couple of decades (see tables 3.1 and 3.2), ceteris paribus, demand for redistribution
also decreases. This somewhat counter-intuitive finding is entirely consistent with a common
attribution bias, the self-serving bias. Those with negative mobility experiences blame the
system and extrapolate from their negative experience onto society at large, which increases
their demand for redistribution. On the other hand, those with positive mobility experiences

accept the system and, do not extrapolate from their experience onto perceptions of societal
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mobility, leading to no less support for redistribution.

In this paper, I have first estimated the correlation between personal mobility experience
and distributive preferences with observational data from 26 countries collected across four
waves spanning three decades. I have calculated three different measures of mobility ex-
perience for each individual respondent and found that experiencing negative mobility, if
one is aware of the direction of the own mobility experience, significantly increases support
for redistribution and decreases perceptions of societal mobility. This is not the case for
those who experienced upward mobility. In the survey experiment, I find a similar patter.
Experiencing a negative mobility shock during the experiment significantly increases sup-
port for governmental spending on the poor and higher taxes on the rich. The mechanism
driving this effect appears to be a change in perceptions of societal mobility. Experiencing
the negative experimental mobility shock significantly decreases perceptions of overall social
mobility in society while experiencing a positive mobility shock does not. Interestingly, this
effect is strongest for Republicans who adjust their beliefs and preferences substantially af-
ter experiencing the negative shock. For this subgroup, beliefs about personal benefits from

redistribution also change significantly.

Given the nature of the research question, this study has, of course, some limitations. An
information provision experiment can only provide a weak, short term shock to personal
mobility experience and not all subjects believed the information provided. Given this, it
is however even more surprising that the experiment resulted in any significant changes in
preferences and beliefs. Future research in this area may be able to do more to simulate the

experience of intergenerational social mobility, for example, in the laboratory.

An aspect that may also be addressed in future research is that of potential differential ef-
fects for men and for women. While I have followed previous research by using a question on
personal mobility experience with the father as one of my main explanatory variables (Cor-
neo and Griiner 2002), this may not be the best measure for everyone. Specifically, women
might compare their own income or status to that of their mothers, rather than their fathers.

This possibility is supported by the fact that women are more likely to misperceive their own
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t.25. Given that this measure of misperception uses

mobility experience in the ISSP datase
mobility with the father, it may be the case that women do not actually misperceive their
mobility, but simply do not compare themselves to their fathers, but instead to their moth-
ers. Unfortunately, many participants in the survey experiment stated that their mothers

did not work when they were growing up and so such a comparison is difficult due to a lack

of available data, at least with this sample.

Finally, there is an important qualification to the results of this paper. While objective mo-
bility experience matters, it primarily does so when respondents are aware of the direction of
their own experience. This may be unsurprising (e.g. see Gugushvili (2016) who finds that
perceptions matter more than experience) but potentially also makes it more difficult to use
the results of this study to make predictions about distributive preferences across time when
only objective mobility measures are available. About half of the respondents in the ISSP
and in the experimental data are, however, in fact, aware of their own mobility experience.
Additionally, given that the relationship between objective experience and preferences is
weak for those that are unaware of their experience, the predictions should still hold in the

aggregate.

Despite these qualifications, the implications of the findings reported in this paper are sig-
nificant. As the descriptive data reveals, social mobility has decreased in a majority of
countries included in the ISSP dataset over the last decades. Ample research has also shown
that income inequalities have increased over the same time period (Dabla-Norris et al. 2015).
This paper provides a potential explanation for why these trends have not resulted in an
increased demand for governmental redistribution. That is, because mobility experience is
not linearly related to distributive preferences, but asymmetrically. A decrease in absolute
mobility, therefore, leads, ceteris paribus, to less demand for redistribution. This finding
also provides a potential demand-side explanation for the Great Gatsby Curve — countries
with lower levels of social mobility may see higher levels of inequality because the lack of

experience of absolute mobility decreases demand for redistribution.

25See table 3.2a in section VI.2.2 in the appendix.
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V1 Appendix

VI.1 Data and Methodology

VI.1.1 Perception of Social Mobility Indicator

To capture the perception of social mobility of respondents as accurately as possible, I gen-
erated an indicator based on individuals’ answers to three separate questions focused on
different aspects of mobility within society using principle component analysis (PCA). Indi-
cator V8 in the cumulative dataset of the ISSP Social Inequality Module asks respondents
“How important is coming from a wealthy family for getting ahead in life?”. Respondents
can respond with either “Essential”, “Very important”, “Fairly important”, “Not very im-

portant” or “Not important at all“.

Table 3.1a: Distribution of Components of the Perceived Social Mobility Index

Very Fairly Not very Not important

Important Important important at all Total

Essential

Indicator

How important is

coming from a wealthy

family for getting

ahead in life? 8.59% 20.50% 30.91% 27.29% 12.72% 100%
How important is

having well-educated

parents for getting

ahead in life? 7.96% 27.78% 36.60% 20.28% 7.37% 100%
How important is

knowing the right

people for getting

ahead in life? 16.52% 34.20% 33.62% 12.36% 3.29% 100%

Indicator V9 asks respondents “How important is having well-educated parents for getting
ahead in life?”. Respondents can again respond with either “Essential”, “Very important”,
“Fairly important”, “Not very important” or “Not important at all“. Finally, indicator
V14 asks respondents “How important is knowing the right people for getting ahead in
life?”. Respondents can again respond with either “Essential”, “Very important”, “Fairly
important”, “Not very important” or “Not important at all“. The distribution of responses

to all three indicators is reported in table 3.1a. The correlation between indicator V8 and
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V9 is 0.46, between V8 and V14 0.36 and between V9 and V14 0.24. These three indicators
each ask about a different aspect of social mobility — parental wealth, parental education
and personal connections — which correspond to the three forms of capital as defined by

Bourdieu (1986).

To combine the three questions into one indicator, I have used principal component analysis
(PCA) following Esarey et al. (2012) who also use PCA to generate an index of individual-
level ‘conservatism’ based on survey data. This method allows me to isolate the underlying
common component of perceived social mobility in individuals’ responses to these three

separate questions.

Figure 3.1a: Distribution of Perceived Social Mobility Index
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The first principal component has by far the largest Eigenvalue of all three potential com-
ponents and is the only component that is correlated with all three indicators in the correct

direction. The compositions of the different components can be found in table 3.1b.
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Table 3.1b: Principal Components

Component Component Component

1 2 3
Variable
V8 0.6308 -0.1546 -0.7604
V9 0.5822 -0.5537 0.5954
V14 0.5130 0.8183 0.2592

To make the interpretation of the values more intuitive I normalised the index and multiplied
each value by 100. The resulting index then ranges from 0 to 100 with a higher value
indicating a higher level of perceived social mobility. Figure 3.1a shows the distribution of
the generated index in percent. An overview of country-level mean values of the generated

index by waves can be found in table 3.1c.

VI.1.2 Matching Procedure for the socio-economic index of social mobility

The ISEI is available for 533 of the individual ISCOS88 occupation types (Ganzeboom and
Treiman 1996, appendix A 221-37). Respondents in the ISSP dataset indicated a total of
566 different ISCO88 occupation types, leading to a total of 670 respondents for which no
status score is available based on the ISEI. On top of that 1,059 ISEI values are missing for
fathers of respondents and 25 values are missing for respondents’ mothers. Most of these
respondents are armed forces personnel (347 of respondents, 802 of respondents’ fathers and
15 of respondents’ mothers) which the ISEI treats differently depending on the role of the
individual within the armed forces (Ganzeboom and Treiman 1996, 209). For example, an
ordinary soldier has an ISEI score of 40 whilst a non-commissioned officer has a score of 56.
Given that the ISSP does not provide any further information on the role of respondents
within the military, no ISEI score can reasonably be included for these respondents without
biasing the estimate given the large disparity of ISEI scores for different armed forces per-
sonnel. Another group of respondents which do not match directly onto the ISEI scores are
middle school teachers, as these are divided into those on an academic track and those on a

vocational track in their ISEI ranking. The ISEI score difference between the two groups is
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Table 3.1c: Perceived Social Mobility Index by year (mean)

1987 1992 1999 2009 Average

Country

Australia 55.42 49.65 49.10 51.39
Austria 41.26 44.12 42.91 42.76
Bulgaria 42.93 36.73 39.83
Canada 52.95 52.95
Chile 43.73 43.73
Cyprus 47.21 47.21
Czech Republic 57.57 51.03 54.30
France 54.34 54.34
Germany (East) 48.08 40.61 44.35
Germany (West) 45.47 49.08 41.43 45.33
Hungary 49.81 49.77 42.15 47.24
Israel 41.82 41.82
Italy 40.84 41.81 42.50 41.71
Japan 59.28 59.28
Latvia 42.77 42.77
New Zealand 52.16 57.00 54.58
Norway 57.93 55.87 56.90
Philippines 37.28 42.86 40.07
Poland 38.86 35.58 37.22
Portugal 46.39 46.39
Russia 42.94 42.24 42.59
Slovak Republic 50.10 41.21 45.66
Slovenia 51.27 42.81 47.04
Spain 43.29 43.29
Sweden 53.43 53.93 53.68
Switzerland 49.08 51.07 50.08
United Kingdom 51.15 52.63 53.36 52.38
United States 48.34 48.83 44.31 47.16
Average 47.67 51.19 47.91 49.11
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only four points and so I decided to match respondents and their parents with the occupa-
tion ‘middle school teacher’ to ISEI code 2322 which is the vocational track-subgroup. This
covers all ten remaining missing values for respondents’ mothers. The remaining 272 missing
ISET values for respondents and 234 missing values for respondents’ fathers are all country-
specific classifications from Norway and New Zealand that cannot reasonably be assigned to
existing ISEI codes without any further information. These respondents are therefore also

excluded from the analysis.

Table 3.1d: Luxembourg Income Waves used by Country and Year

1987 1992 1999 2009
Country
Austria at00p at10p
Canada ca98p
Czech Republic cz96p cz10p
Germany (West) de87p de91p de98p de09p
Israel il10p
Slovak Republic sk10p
Spain es00p es10p
Switzerland ch10p
United States us91p us00p uslOp

VI1.1.3 Luxembourg Income Study - Matching Procedure

To match the Luxembourg Income Data to ISSP respondents’ occupations I retrieved average
gross hourly wages for people between the ages of 25 and 55 by ISCOS88 occupation type,
country and year. Where average gross hourly wages were not available, I used average net

hourly wages. Table 3.1d lists the individual LIS waves used by country and year.

V1.2 Additional Analysis of Descriptive Data

VI.2.1 Likelihood of experiencing upward social mobility

Figure 3.2a reports the likelihood of having experienced positive social mobility by basic
demographic characteristics, using the three available measures of social mobility experience:

self-assessed, socio-economic and income mobility.
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Figure 3.2a: Likelihood of a positive social mobility experience by demographic
characteristics
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As Figure 3.2a illustrates, there are some differences between the three alternative indicators.
The three demographic factors which have a uniform and significant relationship with re-
spondents’ likelihood of having experienced positive mobility are parental ISEI scores, which
are negatively associated with a positive mobility experience, as well as education and self-
placement on the income distribution, which are both positively associated with experiencing
upward mobility. The direction of the correlation between social mobility experience and

these three factors is not surprising.

Interestingly, women are significantly more likely to have experienced upward mobility when
using the socio-economic scale but assess themselves to have experienced more negative or
stagnating mobility than men. Age and marital status mostly do not appear to matter sig-

nificantly to the likelihood of having experienced upward mobility.

Political orientation does not significantly differ between those who experienced positive and
those who experienced negative or stagnating mobility when looking at the two objective

measures. There is a slight but significant negative relationship between the self-assessed
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measure and political orientation which suggests that those who believe themselves to have
experienced negative or stagnating mobility are slightly more left-wing. However, this effect
is minimal and only exists for one of the three indicators. This is encouraging for the inter-
pretation of the effect of the left-right indicator on perceptions of social mobility. The other

factors which differ between the two groups are controlled for in the main estimation.

VI.2.2 Balance Test of Misinformation

Table 3.2a reports mean values of individual-level characteristics for respondents who are
misinformed and correctly informed about the direction of their own mobility experience in
the ISSP Cumulative, as well as t-statistics for differences in means. Unsurprisingly, there
are a lot of significant differences between the two groups. Given that this dataset is not used
to make any causal claims, this is however not a significant issue. The same balance test for
the experimental data reported in part C.2 illustrates that almost none of these differences
can be found in the experimental data. Additionally, there are no significant differences in
perceived social mobility between those who are misinformed and correctly informed about

the direction of their own mobility experience in the ISSP Cumulative.

Table 3.2a shows that those who are misinformed are both, more likely to overestimate their
own mobility experience with the father and to have a lower ISEI mobility score themselves.
While there are some significant differences on the main preference variables of interest, these
do not point into a consistent direction - those who misperceive their own mobility are more
supportive of redistribution in general but less likely to support more spending on the poor.
The demographics show that misperception is not driven by parental ISEI scores but by own
ISET scores - those who are more likely to misperceive have a somewhat lower ISEI score
than those who perceive the direction of their mobility experience correctly. Interestingly,
there are no party differences but those who misperceive are somewhat less educated and

more likely to be women.
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Table 3.2a: Balance Test by Misinformation

ISEI Mobility

Correct  Misinformed  t-statistic

Mobility Experience

Self-assessed 0.47 0.55 -8.43%**
(1.07) (0.96) (45,398)

ISEI 8.39 5.42 16.85%**
(20.33) (15.54) (45,398)

Income 0.03 0.02 1.05
(0.73) (0.62) (16,430)

Beliefs and Preferences

SfR (binary) 0.66 0.68 -4.27HF*
(0.47) (0.47) (44,043)
SfR (ordered) 3.71 3.76 -5.00%**
(1.18) (1.16) (44,043)
Inc. Diff too large 0.82 0.83 -2.92%%*
(0.39) (0.38) (44,494)
More on poor 0.69 0.67 3.91%%*
(0.46) (0.47) (22,772)
UBI 0.67 0.67 -0.66
(0.47) (0.47) (12,665)
Higher Tax on rich 4.00 4.01 -0.84
(0.76) (0.77) (43,395)
Overall Mobility 47.26 47.15 0.45
(19.77) (20.24) (31,151)
Demographics
ISEI score 45.75 42.59 20.09%**
(17.09) (15.72) (45,398)
Parents’ ISEI score 37.36 37.17 1.29
(16.48) (14.86) (45,398)
Party affiliation 291 2.91 0.05
(0.88) (0.86) (22,180)
Education 2.86 2.67 14.27%%*
(1.44) (1.41) (45,091)
Gender 0.49 0.51 -2.90%**
(0.50) (0.50) (45,345)
Age 46.38 46.56 -1.20
(15.60) (15.73) (45,237)

Notes: Table reports the mean values for respondents based on whether they perceived the direction of
their own mobility experience correctly or not. Definitions of the variables are identical to table 3.3 in
the main text. Asterisks indicate significant differences in mean values between samples from a Wald test
of significance (with degrees of freedom in parentheses). Standard deviations are below the means, in
parentheses. *** p<0.01, ** p<0.05 , * p<0.1.

169



VI.2.3 Alternative Definitions of Mobility Experience
VI1.2.3.1. High Mobility Experiences

Tables 3.2b and 3.2c report main results of the ISSP Cumulative survey data for respondents
who experienced very high or very low mobility on the self-assessed measure (table 3.2b) and
the ISEI mobility score (table 3.2c). As the self-assessed measure ranges from -2 to 2 with
higher values indicating more upward mobility relative to the father, table 3.2b simply reports

results for those with values of 2 or -2 relative to those with no mobility (a score of 0).

The ISEI mobility score ranges from -72 to 72 with higher values also indicating more positive
mobility. For comparison these values are reduced into 5 groups with values also ranging
from -2 to 2. ISEI mobility scores within 10% of 0 are labelled as no mobility, values between
10% and 25% are labelled as upward or downward mobility and anything above the 25%
threshold is labelled as high downward or upward mobility. Table 3.2c¢ reports results for
only those respondents who are above the 25% threshold. In other words, respondents with
an ISEI mobility score above 18 or below -18 compared to those with an ISEI mobility score

between 7.2 and -7.2.

The results in table 3.2b are consistent with the main results reported in table 3.3: Those who
experienced very negative mobility express more support for redistribution on all measures
and also perceive social mobility within society as significantly more negative. Those who
experienced very positive mobility show no increase in support for redistribution except for
one measure - a higher tax share for the rich. This is surprising as this is not the case in the

main models.

In the first panel of table 3.2c¢, none of the coefficients are significant. Neither those who
experienced very high upward nor those who experienced very high downward mobility adjust
their preferences for redistribution compared to those with no mobility experience. This is
mostly consistent with the main results as mobility experience, when not accounting for
those who misperceive their own mobility, does not have a consistent significant effect on
preferences or beliefs. The second panel of table 3.2c reports the effect of very high downward

and upward mobility experience for those who are aware of the direction of their mobility
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Table 3.2b: Support for Redistribution - High Self-assessed Mobility

Support for Support for Income . . . . Perception
Redistribution  Redistribution  Differences More spending  Universal Basic Higher Ta-x of
(binary) (ordered) too large on Poor Income Share for Rich Social mobility
) (2 3) ) (5) (6) (7
Self-reported mobility ex-
perience
Very Negative 0.081* 0.173%* 0.354*** 0.317*** 0.332%* 0.204** -3.672%%*
(0.083) (0.069) (0.074) (0.099) (0.142) (0.086) (0.799)
[0.050] [0.013] [0.001] [0.002] [0.013] [0.013] [0.001]
Very Positive -0.012 0.005 0.003 0.146 -0.007 0.151%%%* -0.542
(0.074) (0.062) (0.080) (0.073) (0.089) (0.047) (0.718)
[1.000] [1.000] [1.000] [0.161] [1.000] [0.008] [1.000]
Control v’ v’ v’ v’ v’ N N
Year Fixed Effects v’ N N v’ N N N
Country Fixed Effects NG N N N v’ v’ v’
Observations 12,826 12,826 12,960 6,333 3,591 12,821 8,681

Notes: Estimates come from logistic (models (1), (3), (4) and (5)), ordered logit (models (2) and 6)) and linear (model (7))
regressions. Robust standard errors clustered on a country-year level are presented in parentheses. Adjusted p-values for
multiple hypothesis testing (Anderson 2008) are presented in brackets. Very positive mobility is a score of 2 and very negative
mobility is a score of -2 on the self-assessed mobility scale. All models are relative to respondents with a score of 0 on the
self-assessed mobility scale. Controls include the personal ISEI score, the parental score, political orientation, education,
gender and age. *** p<0.01, ** p<0.05 , * p<0.1.

Table 3.2c: Support for Redistribution - High ISEI Mobility

Support for Support for Income . . . . Perception
Redistribution  Redistribution  Differences More spending  Universal Basic Highor Ta'x of
(binary) (ordered) too large on Poor Income Share for Rich Social mobility
) (2 3) (4) (5) (6) (M
ISEI mobility experience
Very Negative 0.182 0.158 0.064 -0.095 0.131 0.107 -1.010
(0.096) (0.079) (0.111) (0.113) (0.155) (0.070) (1.206)
[0.261] [0.261] [0.477] [0.412] [0.412] [0.264] [0.412]
Very Positive -0.129 -0.038 0.069 0.056 -0.032 -0.094 1.015
(0.088) (0.070) (0.109) (0.119) (0.122) (0.083) (1.028)
[1.000] [1.000] [1.000] [1.000] [1.000] [1.000] [1.000]
Control NG v’ N v’ v’ v’ N
Year Fixed Effects N N N v’ N N v’
Country Fixed Effects v’ v’ v’ NG v’ v’ N
Observations 17,744 17,744 17,938 8,622 4,575 17,717 11,630
ISEI mobility experience
(if aware of direction)
Very Negative 0.341%* 0.243** 0.326%* 0.037 0.609** 0.327** -3.275%*
(0.111) (0.099) (0.186) (0.162) (0.215) (0.130) (1.578)
[0.015] [0.020] [0.042] [0.133] [0.016] [0.020] [0.031]
Very Positive -0.116 -0.017 -0.063 0.085 -0.256 -0.114 0.516
(0.114) (0.097) (0.169) (0.155) (0.217) (0.102) (1.470)
[1.000] [1.000] [1.000] [1.000] [1.000] [1.000] [1.000]
Control v’ v’ v’ v’ v’ v’ N
Year Fixed Effects NG v’ v’ v’ v’ v’ N
Country Fixed Effects NG N N N v’ N v’
Observations 8,774 8,774 8,850 4,181 2,402 8,768 5,723

Notes: Estimates come from logistic (models (1), (3), (4) and (5)), ordered logit (models (2) and 6)) and linear (model (7))
regressions. Robust standard errors clustered on a country-year level are presented in parentheses. Adjusted p-values for
multiple hypothesis testing (Anderson 2008) are presented in brackets. Very positive mobility is a score of 2 and very negative
mobility is a score of -2 on the reduced ISEI mobility scale. All models are relative to respondents with a score of 0 on the
reduced ISEI mobility scale. Controls include the personal ISEI score, the parental score, political orientation, education,
gender and age. *** p<0.01, ** p<0.05 , * p<0.1.

171



experience. Consistent with table 3.3 in the main text, mobility experience now has a
significant effect on all reported preferences except for more spending on the poor, as well

as a significant and negative effect on social mobility perceptions.

VI1.2.3.2. Different Definition of ISEI Mobility Experience

While the income mobility measure based on the LIS dataset reported in table 3.3 of the
main text did not show any significant effects on preferences or beliefs, this could be due to

how the income mobility groups are calculated.

Income mobility is defined as the difference in standardised average earnings between the
respondent and the parent with the highest standardised average earnings. The income
mobility measure then defines no mobility as being within +/- 5% of the mean standardised
average earnings difference. A difference above that as defined as upward mobility and a
difference below that is defined as downward mobility. Given that this threshold of +/- 5%
of the mean is somewhat arbitrary, table 3.2d reports income mobility models based on the
LIS dataset using a +/- 10% threshold to define no mobility. This, effectively, increases the
number of respondents who are defined as having experienced no mobility and increases the

threshold to define a respondent as having experienced upward or downward mobility.

Again, consistent with the findings in table 3.3 of the main text, upward or downward
income mobility has no effect on preferences and beliefs in table 3.2d. Neither those who
experienced upward income mobility nor those who experienced downward income mobility
show any significant difference in distributive preferences and mobility beliefs compared to

those who experienced no income mobility based on this measure.
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Table 3.2d: Support for Redistribution - LIS Income Measure

Support for Support for Income . . . . Perception
Redistribution ~ Redistribution — Differences More spending  Universal Basic ngher Ta?( of
(binary) (ordered) too large on Poor Income Share for Rich Social mobility
@ (2 3) ) (5) (6) (7
Income mobility experi-
ence
Negative -0.008 -0.057 -0.011 0.028 0.069 -0.016 0.102
(0.075) (0.066) (0.089) (0.068) (0.123) (0.076) (0.835)
[1.000] [1.000] [1.000] [1.000] [1.000] [1.000] [1.000]
Positive 0.100 0.079 0.024 -0.090 0.455 0.014 -0.533
(0.111) (0.106) (0.133) (0.070) (0.266) (0.074) (0.638)
[1.000] [1.000] [1.000] [1.000] [1.000] [1.000] [1.000]
Control v’ v’ N v’ v’ N N
Year Fixed Effects v’ N N v’ N N v’
Country Fixed Effects NG N v’ N v’ N v’
Observations 26,056 26,056 26,360 12,823 6,902 26,027 17,400

Notes: Estimates come from logistic (models (1), (3), (4) and (5)), ordered logit (models (2) and 6)) and linear (model (7))
regressions. Robust standard errors clustered on a country-year level are presented in parentheses. Adjusted p-values for
multiple hypothesis testing (Anderson 2008) are presented in brackets. The income mobility measure defines no mobility as
being within +/- 10% of the mean standardised average earnings difference. Controls include the personal ISEI score, the
parental score, political orientation, education, gender and age. *** p<0.01, ** p<0.05 , * p<0.1.

V1.3 Additional Analysis of Experimental Data

VI.3.1 Placebo Test

To account for the possibility that simply under- or overestimating something causes some
negative reaction that might affect preferences, subjects in the control group of the survey
experiment were given a placebo treatment. During the demographics part of the experiment,
subjects were asked how long they believe the difference in length between the longest river
in North America, the Missouri river, and the fifth longest river in North America, the
Arkansas river to be. If randomly assigned to the placebo treatment, subjects were then told
whether you objectively under-, over-, or correctly estimated the difference in length between
the two rivers. Overall, there were 797 subjects who underestimated, 303 who overestimated
and 19 who correctly estimated the difference in length of the two rivers, allowing for a
margin of error of 4+ /- 15 miles. After a first initial pilot using two different rivers, I changed
the placebo to the Missouri and the Arkansas river as I wanted to ensure that a significant
enough number of subjects would underestimate the difference (given that the group I am

primarily interested in for the main estimations are the under-estimators).

Table 3.3a and table 3.3b report the results for the placebo group. As none of the coefficients

reach conventional levels of significance, the placebo test suggests that simply under- or
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overestimating something does not affect the outcome variables of interest.

Table 3.3a: Placebo: Support for Redistribution

Support for Support for Income . . . .
Redistribution  Redistribution  Differences More spending  Universal Basic Higher Ta?(
R on Poor Income Share for Rich
(binary) (ordered) too large
1) (2) (3) (4) (5) (6)
Placebo Treatment
Underestimate -0.199 -0.159* -0.012 0.128 -0.122 -0.040
(0.147) (0.091) (0.080) (0.079) (0.098) (0.028)
Overestimate -0.041 0.096 0.041 -0.003 0.106 -0.015
(0.210) (0.125) (0.117) (0.108) (0.129) (0.039)
Controls v’ v’ v’ v’ v’ v’
Observations 895 895 896 873 890 897

Notes: Estimates come from logit (model (1)) and linear regressions. The effects are placebo treatment effects relative to
comparable subjects in the treatment group. Robust standard errors are presented in parentheses. The analysis is restricted
to subjects who indicated that they believed the provided information. *** p<0.01, ** p<0.05 , * p<0.1.

Table 3.3b: Placebo: Mobility and Societal Perceptions

g/f[?]c?\i;ts}; Overall Differences Personal
o mobility due to effort benefit
quintile

(1) (2) (3) (4)

Treatment

Underestimate -0.120 -0.059 0.044 0.035
(0.087) (0.097) (0.092) (0.215)

Owverestimate -0.027 0.094 0.179 -0.016
(0.119) (0.129) (0.125) (0.301)

Controls v’ v’ v’ v’

Observations 886 887 886 842

Notes: Estimates come from linear regressions. Robust standard errors are presented in parentheses. The effects are placebo
treatment effects relative to comparable subjects in the treatment group. The analysis is restricted to subjects who indicated
that they believed the provided information. *** p<0.01, ** p<0.05 , * p<0.1.
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V1.3.2 Individual-level characteristics by mobility experience

Table 3.3c reports mean values of individual-level characteristics for subjects who experi-
enced an effective downward mobility shock as opposed to an upward mobility shock during
the survey experiment, as well as t-statistics for differences in means. Importantly, these
mean values include subjects who were in the treatment as well as in the control groups. In
other words, the values include subjects who were informed and not informed of the respec-
tive shocks. The two measures reported are ISEI and income mobility shocks as defined in

table 3.4 in the main text.

While there are obvious differences in the variables used to generate the mobility measures
between those who experienced upward and downward shocks, there is a striking lack of
significant differences in any of the other variables. The only variable not used for the gen-
eration of the measures with significant differences is the personal benefit variable. Here,
those who experienced an upward mobility shock on both measures are more likely to think
that they personally benefit from redistribution. This may be due to the fact that those in
control and treatment group are included in the mean values and those who experienced an
upward shock are more likely to believe themselves to be worse off relative to others prior

to receiving the treatment.

The differences in relative and household income between those who experienced an upward-
and downward-mobility shock, while seemingly counter-intuitive at first, merely reflect that
those that considered themselves to be worse off prior to receiving the treatment are more
likely to experience an upward mobility shock when being informed of their objective mobil-

ity experience.

Table 3.3d reports mean values of individual-level characteristics for subjects who experi-
enced any mobility shock as opposed to no mobility shock during the survey experiment, as
well as t-statistics for differences in means. Importantly, these mean values include subjects
who were in the treatment as well as in the control groups. In other words, the values include
subjects who were informed and not informed of the respective shocks. The two measures

reported are ISEI and income mobility shocks as defined in table 3.4 in the main text.
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Table 3.3c: Balance Test by Mobility Shock

ISEI Mobility Income Mobility

Upward Shock  Downward Shock  t-statistic =~ Upward Shock  Downward Shock  t-statistic

ISEI Data
Treatment assignment 0.50 0.50 0.00 0.53 0.54 -0.23
(0.51) (0.51) (762) (0.50) (0.50) (426)
Mobility experience 9.49 -13.67 16.87*** 16.38 -12.75 21.04%**
(20.92) (15.11) (755) (12.55) (15.82) (419)
ISEI 55.76 45.44 7.6T*** 62.55 45.23 11.23***
(19.86) (15.96) (755) (13.28) (18.35) (419)
father’s ISEI 40.23 50.19 -6.12%** 40.68 48.48 -3.61%%*
(22.69) (21.38) (755) (21.30) (22.67) (419)
mother’s ISEI 29.33 40.74 -6.59%** 29.77 38.15 -3.63%%*
(23.10) (24.14) (755) (22.49) (24.57) (419)
Perceptions
seSM with father -0.58 0.41 -12.24%%* 0.00 0.21 -1.73*
(1.09) (1.02) (687) (1.11) (1.20) (391)
seSM with mother 0.258 0.435 -1.93* 0.57 0.52 0.39
(1.18) (1.13) (646) (1.11) (1.15) (373)
Relative past income -0.01 -0.07 0.88 0.27 -0.51 10.25%**
(0.91) (0.85) (762) (0.78) (0.76) (426)
Relative income -0.16 0.15 -4.50%** -0.24 0.70 -11.66%**
(0.96) (0.86) (762) (0.89) (0.72) (426)
Demographics
Age 35.65 35.48 0.32 36.11 35.17 1.30
(7.62) (7.19) (762) (7.51) (7.26) (426)
Gender 0.49 0.52 -0.81 0.56 0.44 2.31%*
(0.50) (0.50) (753) (0.50) (0.50) (422)
Education 2.97 2.94 0.42 3.19 2.92 3.03%**
(0.92) (0.89) (762) (0.92) (0.92) (426)
Household Income 6.28 6.79 -2.60%** 6.57 7.47 -3.59%%*
(2.71) (2.59) (749) (2.47) (2.58) (418)
Party affiliation 1.22 1.21 0.23 1.24 1.22 0.31
(0.41) (0.41) (609) (0.43) (0.42) (328)
Beliefs and Preferences
SfR (binary) 0.56 0.55 0.20 0.54 0.54 -0.01
(0.50) (0.50) (757) (0.50) (0.50) (424)
SfR (ordered) 0.40 0.29 1.09 0.30 0.30 -0.06
(1.30) (1.29) (757) (1.25) (1.33) (424)
Inc. Diff too large 1.14 1.17 -0.34 1.06 1.16 -0.91
(1.16) (1.05) (759) (1.16) (1.05) (424)
More on poor 1.21 1.17 0.43 1.21 1.16 0.43
(1.08) (1.08) (739) (1.02) (1.08) (419)
UBI 0.52 0.46 0.66 0.42 0.30 0.83
(1.37) (1.35) (755) (1.35) (1.39) (424)
Higher Tax on rich 1.20 1.15 0.90 1.12 1.05 0.92
(0.76) (0.78) (752) (0.75) (0.89) (418)
Mob. lowest quintile -0.57 -0.57 0.02 -0.58 -0.51 -0.59
(1.21) (1.17) (752) (1.15) (1.18) (422)
Overall mobility -0.33 -0.31 -0.15 -0.24 -0.25 0.14
(1.30) (1.29) (750) (1.32) (1.32) (421)
Diff. due to effort -0.60 -0.59 -0.07 -0.59 -0.60 0.07
(1.26) (1.21) (752) (1.21) (1.22) (423)
Personal benefit 3.87 3.29 2.72%¥* 3.91 3.08 2.97¥**
(2.90) (2.70) (704) (2.79) (2.65) (392)

Notes: The table reports mean values for subjects based on their experienced mobility shock during the experiment, irrespective
of treatment assignment. Definitions of the variables are identical to tables 3.4 and 3.5 in the main text. Asterisks indicate
significant differences in mean values between samples from a Wald test of significance (with degrees of freedom in parentheses).
Standard deviations are below the means, in parentheses. *** p<0.01, ** p<0.05 , * p<0.1.
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Table 3.3d: Balance Test by Mobility Shock vs. No Shock

ISEI Mobility Income Mobility
Shock  No Shock  t-statistic Shock No Shock  t-statistic
ISEI Data
Treatment assignment 0.50 0.50 0.09 0.51 0.47 -1.05
(0.50) (0.50) (1,102) (0.50) (0.50) (1,102)
Mobility experience -0.36 -5.38 -3.41%%* -2.27 -0.69 0.96
(21.89) (24.01) (1,095) (23.73) (18.51) (1,095)
ISEI 51.37 51.24 -0.11 50.89 52.88 1.48
(19.00) (17.67) (1,095) (18.82) (17.68) (1,095)
father’s ISEI 44.46 51.75 5.05%** 46.55 47.32 0.47
(22.67) (20.88) (1,095) (22.65) (21.42) (1,095)
mother’s ISEI 34.18 34.46 0.18 33.98 35.27 0.73
(24.20) (24.54) (1,095) (24.13) (24.88) (1,095)
Perceptions
seSM with father -0.12 -0.26 -1.66* -0.18 -0.10 0.83
(1.17) (1.43) (1,029) (1.25) (1.30) (1,029)
seSM with mother 0.34 0.33 -0.16 0.33 0.36 0.30
(1.16) (1.35) (944) (1.23) (1.22) (944)
Relative past income -0.04 0.10 2.36** -0.01 0.07 1.31
(0.88) (0.92) (1,104) (0.89) (0.93) (1,104)
Relative income -0.03 0.01 0.61 -0.026 0.012 0.55
(0.93) (1.00) (1,104) (0.96) (0.93) (1,104)
Demographics
Age 35.58 35.74 0.34 35.50 36.09 1.09
(7.44) (7.37) (1,104) (7.42) (7.38) (1,104)
Gender 0.50 0.46 -1.27 0.49 0.49 0.00
(0.50) (0.50) (1,090) (0.50) (0.50) (1,090)
Education 2.95 3.07 2.05%* 2.98 3.02 0.67
(0.91) (0.85) (1,104) (0.90) (0.86) (1,104)
Household Income 6.49 6.47 -0.11 6.48 6.52 0.23
(2.67) (2.63) (1,085) (2.64) (2.71) (1,085)
Party affiliation 1.22 1.23 0.39 1.21 1.24 0.66
(0.41) (0.42) (881) (0.41) (0.43) (881)
Beliefs and Preferences
SfR (binary) 0.56 0.53 -0.69 0.56 0.53 -0.79
(0.50) (0.50) (1,098) (0.50) (0.50) (1,098)
SfR (ordered) 0.35 0.27 -1.02 0.33 0.30 -0.40
(1.30) (1.23) (1,098) (1.27) (1.29) (1,098)
Inc. Diff too large 1.16 1.16 0.04 1.17 1.11 -0.67
(1.11) (1.09) (1,101) (1.10) (1.12) (1,101)
More on poor 1.19 1.17 0.37 1.22 1.05 2.10%*
(1.08) (1.06) (1,072) (1.05) (1.14) (1,072)
UBI 0.49 0.41 -0.91 0.47 0.46 -0.17
(1.36) (1.32) (1,093) (1.35) (1.34) (1,093)
Higher Tax on rich 1.18 1.11 -1.50 1.16 1.16 0.08
(0.77) (0.77) (1,083) (0.77) (0.76) (1,083)
Mob. lowest quintile -0.57 -0.47 1.27 -0.58 -0.40 2.04**
(1.19) (1.16) (1,091) (1.16) (1.25) (1,091)
Overall mobility -0.32 -0.24 0.98 -0.34 -0.14 2.11%*
(1.30) (1.30) (1,091) (1.29) (1.31) (1,091)
Diff. due to effort -0.60 -0.59 0.08 -0.63 -0.47 1.71%
(1.24) (1.24) (1,090) (1.24) (1.23) (1,090)
Personal benefit 3.61 3.99 1.96* 3.74 3.70 -0.22
(2.82) (2.92) (1,027) (2.83) (2.94) (1,027)

Notes: The table reports mean values for subjects based on whether they received a mobility shock during the experiment or
not. Definitions of the variables are identical to tables 3.4 and 3.5 in the main text. Asterisks indicate significant differences in
mean values between samples from a Wald test of significance (with degrees of freedom in parentheses). Standard deviations
are below the means, in parentheses. *** p<0.01, ** p<0.05 , * p<0.1.
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As in table 3.3c most of the variables where significant differences in means can be observed
are those variables used to generate the shock variables. Using the ISEI mobility measure,
none of the other variables show significant differences between those who experienced no
shock and those who experienced either a positive or negative shock. A few more differences
are observable when using the income mobility measure. Specifically, those who experienced
no mobility shock are significantly less likely to support less government spending on the
poor, have a slightly more negative view of the mobility of the lowest quintile in society
and slightly lower overall perceived mobility. These differences make the main finding, that
those who experience a negative mobility shock and are informed of that shock reduce their

mobility perception and certain preferences, even more striking.

VI1.3.3 Balance Test by Treatment Assignment

Table 3.3e reports mean values of individual-level characteristics by random treatment as-
signment, as well as t-statistics for differences in means. None of the variables reported show
significant differences between the treatment and control group, suggesting that the random

assignment was successful.

VI1.3.4 Information Provision Tests

Table 3.3f reports mean values of individual-level characteristics grouped by whether the sub-
ject believed the information provided during the experiment or not, as well as t-statistics
for differences in means. There is, strikingly, only one variable which shows significant differ-
ences in means: treatment assignment. Maybe somewhat unsurprisingly, subjects who were
randomly assigned to be in the treatment as opposed to the control group are more likely
to state that they do not believe the information provided. Given that the treatment infor-
mation directly relates to the personal experiences of subjects while the placebo information
does not, this is a reasonable difference. Given that there are no other significant differences
between the two groups, there do not appear to be fundamental differences between those

who believed the information and those who did not (which are excluded in the main anal-

ysis).
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Table 3.3e: Balance Test by Treatment Assignment

Treatment Group  Control Group  t-statistic

ISEI Data
Mobility experience -1.72 -2.10 -0.28
(23.16) (22.24) (1,093)
ISEI 51.39 51.22 -0.15
(19.01) (18.18) (1,093)
father’s ISEI 46.36 47.00 0.47
(22.65) (22.11) (1,093)
mother’s ISEI 35.45 33.21 -1.52
(23.61) (24.89) (1,093)
Perceptions
seSM with father -0.152 -0.174 -0.28
(1.29) (1.24) (1,027)
seSM with mother 0.33 0.34 0.09
(1.21) (1.25) (944)
Relative past income 0.02 -0.01 -0.64
(0.88) (0.91) (1,102)
Relative income 0.01 -0.04 -0.79
(0.96) (0.94) (1,102)
Demographics
Age 35.37 35.88 1.13
(7.11) (7.71) (1,102)
Gender 0.51 0.47 -1.52
(0.50) (0.50) (1,088)
Education 3.00 2.98 -0.30
(0.87) (0.92) (1,102)
Household Income 6.54 6.43 -0.65
(2.68) (2.63) (1,083)
Party affiliation 1.23 1.21 -0.59
(0.42) (0.41) (880)
Beliefs and Preferences
SfR (binary) 0.57 0.53 -1.45
(0.50) (0.50) (1,096)
SfR (ordered) 0.37 0.28 -1.29
(1.28) (1.27) (1,096)
Inc. Diff too large 1.18 1.13 -0.75
(1.05) (1.15) (1,099)
More on poor 1.23 1.14 1.40
(1.05) (1.10) (1,070)
UBI 0.50 0.44 -0.64
(1.35) (1.34) (1,091)
Higher Tax on rich 1.18 1.14 -0.90
(0.75) (0.79) (1,082)
Mob. lowest quintile -0.59 -0.49 1.47
(1.16) (1.20) (1,089)
Overall mobility -0.32 -0.28 0.50
(1.30) (1.30) (1,089)
Diff. due to effort -0.57 -0.62 -0.59
(1.27) (1.20) (1,088)
Personal benefit 3.75 3.71 -0.19
(2.89) (2.83) (1,025)

Notes: Table reports the mean values for subjects based on their treatment assignment. Definitions of the
variables are identical to tables 3.4 and 3.5 in the main text. Asterisks indicate significant differences in
mean values between samples from a Wald test of significance (with degrees of freedom in parentheses).
Standard deviations are below the means, in parentheses. *** p<0.01, ** p<0.05 , * p<0.1.
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Table 3.3f: Balance Test by Info Belief

Yes No t-statistic
ISEI Data
Treatment assignment 0.50 0.73 3.24%*
(0.50) (0.45) (944)
Mobility experience -2.03 -0.12 0.57
(22.95) (18.06) (937)
ISEI 51.84 52.33 0.18
(18.59)  (18.01) (937)
father’s ISEI 47.15 47.22 0.02
(22.30) (26.02) (937)
mother’s ISEI 34.63 36.14 0.42
(24.24)  (26.57) (937)
Perceptions
seSM with father -0.16 0.02 0.91
(1.26) (1.26) (881)
seSM with mother 0.34 0.46 0.61
(1.22) (1.31) (810)
Relative past income 0.02 0.00 -0.16
(0.89) (1.00) (945)
Relative income -0.01 0.31 2.32
(0.94) (0.94) (945)
Demographics
Age 35.46 37.02 1.44
(7.39) (7.35) (945)
Gender 0.50 0.38 -1.59
(0.50) (0.49) (931)
Education 3.00 3.08 0.59
(0.90) (1.06) (945)
Household Income 6.49 7.04 1.41
(2.64) (2.87) (932)
Party affiliation 1.21 1.25 0.55
(0.41) (0.44) (772)
Beliefs and Preferences
SfR (binary) 0.57 0.49 -1.05
(0.50) (0.51) (941)
SfR (ordered) 0.39 0.13 -1.37
(1.25) (1.48) (941)
Inc. Diff too large 1.18 1.11 -0.45
(1.09) (1.17) (942)
More on poor 1.23 1.02 1.36
(1.05) (1.31) (920)
UBI 0.51 0.50 -0.04
(1.32) (1.47) (937)
Higher Tax on rich 1.17 1.10 -0.58
(0.76) (0.95) (929)
Mob. lowest quintile -0.54 -0.50 0.21
(1.18) (1.43) (933)
Overall mobility -0.29 -0.27 0.10
(1.30) (1.65) (934)
Diff. due to effort -0.61 -0.44 0.95
(1.22) (1.50) (933)
Personal benefit 3.79 3.56 -0.54
(2.83) (2.94) (886)

Notes: Table reports the mean values for subjects based on whether subjects believed the information provided or not. Def-
initions of the variables are identical to tables 3.4 and 3.5 in the main text. Asterisks indicate significant differences in mean
values between samples from a Wald test of significance (with degrees of freedom in parentheses). Standard deviations are
below the means, in parentheses. *** p<0.01, ** p<0.05 , * p<0.1.
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Apart from whether or not subjects believed the provided information, how careful the
information was read may also influence treatment effects. While this cannot directly be
measured, I can measure the time subjects spent on the treatment and placebo screens as
a proxy for attention paid to the provided information. The average time spent was 14.5
seconds. Table 3.4 in the main text reports main treatment effects for subjects who spent
more than 8 seconds on the treatment and placebo screens. While this length is somewhat
arbitrary, it is roughly enough time to carefully read through the provided paragraph. Table
3.3g below reports treatment effects for all subjects, irrespective of the time spent on the
treatment and placebo screens. The results are consistent with the findings reported in table
3.4 although more noisy. On both measures included in the table, those who experienced a
downward mobility shock show again significantly more support for more spending on the

poor and for higher taxes on the rich.

Table 3.3g: Experiment: Support for Redistribution

Support for Support for Income . . . .
Redistribution  Redistribution  Differences  V10t¢ spending  Universal Basic  Higher Tax
. on Poor Income Share for Rich
(binary) (ordered) too large
(1 2 (3) 4 (5) (6)
Treatment
Upward mobility 0.305 0.255* 0.042 0.110 0.209* 0.056
(0.215) (0.100) (0.089) (0.084) (0.111) (0.031)
[0.169] [0.071] [0.294] [0.169)] [0.137] [0.137]
No mobility 0.289 0.060 0.074 0.101 0.022 0.005
(0.219) (0.104) (0.085) (0.097) (0.110) (0.037)
[1.000] [1.000] [1.000] [1.000] [1.000] [1.000]
Downward mobility 0.321 0.215 0.158 0.220** 0.036 0.094**
(0.244) (0.125) (0.094) (0.091) (0.131) (0.035)
[0.163] [0.103] [0.103] [0.045) [0.204] [0.038]
Controls v’ v’ v’ N v’ N
Observations 817 808 809 787 804 810
Treatment
Upward income mobility -0.012 0.066 0.031 0.093 0.087 0.030
(0.284) (0.131) (0.120) (0.109) (0.144) (0.046)
[1.000] [1.000] [1.000] [1.000] [1.000] [1.000]
No income mobility 0.017 0.063 -0.158 -0.133 0.179 0.069
(0.545) (0.240) (0.183) (0.226) (0.259) (0.082)
[1.000] [1.000] [1.000] [1.000] [1.000] [1.000]
Downward income mobility 0.340 0.307* 0.219* 0.334%** 0.082 0.164%**
(0.331) (0.167) (0.127) (0.126) (0.185) (0.050)
[0.149] [0.095] [0.095] [0.021] [0.282] [0.007]
Controls v’ v’ v’ v’ v’ v’
Observations 369 369 369 362 366 369

Notes: Estimates come from logit (model (1)) and linear regressions. The effects are treatment effects relative to subjects
with the same experimental mobility score in the control group. Robust standard errors are presented in parentheses.
Adjusted p-values are not reported for these estimations as the sample size is quite small compared to the descriptive data.
Controls include self-assessed mobility experience, household income and political party affiliation. The analysis is restricted
to subjects who indicated that they believed the provided information. *** p<0.01, ** p<0.05 , * p<0.1.
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Table 3.3h reports main treatment effects on the mobility perception variables for subjects
irrespective of the time spent on the treatment and placebo screens. Here, the results are
also consistent with those reported in 3.5 of the main text where subjects who spent less
than 8 seconds on the treatment and placebo screens are excluded. There is a significant
negative effect on overall perceived mobility for those who experienced a downward mobility
shock on both measures. Additionally, those who experienced a downward mobility shock

are now also perceiving the mobility of the lowest quintile significantly more negatively.

Table 3.3h: Experiment: Mobility and societal perceptions

Mobility

of lowest Overall Differences Personal
.. mobility due to effort benefit
quintile
(1) (2) (3) (4)
Treatment
Upward mobility -0.105 -0.037 -0.013 -0.019
(0.101) (0.113) (0.104) (0.261)
No mobility -0.082 -0.014 0.056 0.439
(0.095) (0.107) (0.107) (0.278)
Downward mobility -0.330%*** -0.338*** -0.096 0.232
(0.121) (0.129) (0.129) (0.298)
Controls v’ v’ v’ v’
Observations 808 800 799 763
Treatment
Upward itncome mobility -0.101 -0.045 0.076 0.001
(0.131) (0.144) (0.135) (0.333)
No income mobility 0.242 0.147 0.088 0.418
(0.279) (0.232) (0.231) (0.633)
Downward income mobility -0.193 -0.477*** -0.055 -0.292
(0.159) (0.182) (0.163) (0.416)
Controls v’ v’ v’ v’
Observations 365 365 366 347

Notes: Estimates come from linear regressions. Robust standard errors are presented in parentheses. The effects are
treatment effects relative to subjects with the same experimental mobility score in the control group. Controls include
self-assessed mobility experience, household income and political party affiliation. The analysis is restricted to subjects who
indicated that they believed the provided information. *** p<0.01, ** p<0.05 , * p<0.1.
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VI.3.5 Main analysis with alternative definitions of Mobility Experience
VI1.3.5.1. Extreme mobility shocks

Table 3.3i reports main treatment effects for subjects who experienced extreme mobility
shocks during the experiment. This is defined as either a mobility shock score of -2 and less
or +2 and more. Given that restricting the models to subjects with such extreme values
significantly reduces the sample size, unsurprisingly, almost none of the results remain when
accounting for multiple hypothesis testing. Only on the income mobility measure do the main
results survive, although only with weak significance: those who experienced a downward

shock significantly increase their support for more spending on the poor and higher taxes on

the rich.
Table 3.3i: Experiment: Support for Redistribution
Support for Support for Income X . N . .
Redistribution  Redistribution  Differences More spending  Universal Basic Higher Ta?(
R on Poor Income Share for Rich
(binary) (ordered) too large
1) (2) (3) 4) (5) (6)
Treatment
Upward mobility 0.511 0.281 0.099 0.276 0.206 0.020
(0.353) (0.167) (0.151) (0.130) (0.191) (0.051)
[0.325] [0.308] [0.445] [0.257] [0.393] [0.534]
No mobility 0.467 0.089 0.082 0.163 0.078 0.001
(0.240) (0.114) (0.093) (0.106) (0.122) (0.041)
[0.441] [0.725] [0.725] [0.455] [0.725] [1.000]
Downward mobility 0.495 0.319 0.324 0.233 0.115 0.053
(0.393) (0.197) (0.149) (0.157) (0.198) (0.065)
[0.350] [0.302] [0.220] [0.302] [0.390] [0.386]
Controls v’ v’ v’ v’ v’ v’
Observations 475 468 468 457 465 469
Treatment
Upward income mobility 0.187 0.175 0.041 0.065 0.092 0.142
(0.464) (0.218) (0.210) (0.196) (0.238) (0.063)
[1.000] [1.000] [1.000] [1.000] [1.000] [0.194]
No income mobility 0.100 0.052 -0.189 -0.083 0.162 0.067
(0.566) (0.249) (0.195) (0.237) (0.266) (0.087)
[1.000] [1.000] [1.000] (1.000] [1.000] (1.000]
Downward income mobility 0.064 0.149 0.102 0.373* -0.061 0.156*
(0.426) (0.222) (0.169) (0.162) (0.251) (0.061)
[1.000] [1.000] [1.000] [0.071] [1.000] [0.071]
Controls v’ v’ v’ N v’ N
Observations 193 193 193 190 190 193

Notes: Estimates come from logit (model (1)) and linear regressions. The effects are treatment effects relative to subjects
with the same experimental mobility score in the control group. Robust standard errors are presented in parentheses.
Adjusted p-values are not reported for these estimations as the sample size is quite small compared to the descriptive data.
Controls include self-assessed mobility experience, household income and political party affiliation. The analysis is restricted
to subjects who indicated that they believed the provided information and remained on the treatment and placebo screen for
more than 8 seconds. *** p<0.01, ** p<0.05 , * p<0.1.

183



The fact that the results for those who experienced extreme mobility shocks during the ex-
periment are not vastly different to the main results, merely somewhat less significant, is

however encouraging.

Table 3.3j reports main treatment effects on the mobility perception variables for subjects
who experienced extreme mobility shocks during the experiment. The results are very sim-
ilar to those reported in 3.5 of the main text: On both measures, those who experienced
downward mobility shocks have a significantly more negative overall perception of mobil-
ity. In addition, on the first measure, those subjects also have a significantly more negative

perception of the mobility of the lowest quintile.

Table 3.3j: Experiment: Mobility and societal perceptions

Mobility
of lowest
quintile

(1) (2) (3) (4)

Overall Differences Personal
mobility due to effort benefit

Treatment
Upward mobility 0.041 0.072 0.099 -0.315
(0.167) (0.182) (0.170) (0.403)
No mobility -0.110 -0.089 0.034 0.262
(0.107) (0.119) (0.119) (0.303)
Downward mobility -0.466%** -0.573%** -0.270 -0.416
(0.174) (0.198) (0.206) (0.469)
Controls v’ v’ v’ v’
Observations 469 466 463 448
Treatment
Upward income mobility -0.053 0.011 0.267 -0.417
(0.217) (0.250) (0.239) (0.503)
No income mobility 0.368 0.273 0.124 0.209
(0.300) (0.260) (0.239) (0.657)
Downward income mobility -0.196 -0.631%** 0.066 -0.271
(0.210) (0.251) (0.235) (0.558)
Controls v’ v’ v’ v’
Observations 181 178 179 173

Notes: Estimates come from linear regressions. Robust standard errors are presented in parentheses. The effects are
treatment effects relative to subjects with the same experimental mobility score in the control group. Controls include
self-assessed mobility experience, household income and political party affiliation. The analysis is restricted to subjects who
indicated that they believed the provided information and remained on the treatment and placebo screen for more than 8
seconds. *** p<0.01, ** p<0.05 , * p<0.1.

184



VI1.3.5.2. Main treatment effects using mobility with parents

A strong assumption made for the first measure of the models reported in table 3.4 and 3.5
in the main text is that subjects will use their self-reported mobility with their father as
a pre-treatment reference point. All the models using the first measure in the main text
therefore report mobility shocks based on item Q1 from the survey instrument. It is however
not unlikely that subjects will use a combination of Q1 and Q2 (mobility relative to the
mother) to assess their self-assessed mobility. As self-assessed mobility with the mother was
not asked during the ISSP Cumulative, I have only used mobility with the father in the
main text. Tables 3.3k to 3.3n below report the main treatment effects using two alternative
measures of self-assessed mobility to calculate the mobility shock: First, the maximum of Q1
and Q2 and second the minimum of Q1 and Q2. In other words, tables 3.3k and 3.3l report
the results using the parent who the subject believes themselves to have experienced the
most mobility in comparison to and tables 3.3m and 3.3n report the results using the parent

who the subject believes themselves to have experienced the least mobility in comparison to.

Table 3.3k: Support for Redistribution - Maximum Mobility Measure

Support for Support for Income . . . .
Redistribution  Redistribution  Differences  107¢ spending - Universal Basic  Higher Tax
. on Poor Income Share for Rich
(binary) (ordered) too large
(1 2 (3) 4 (5) (6)
Treatment
Upward mobility 0.570* 0.422%* 0.082 0.179* 0.391** 0.047
(0.307) (0.136) (0.122) (0.102) (0.147) (0.046)
[0.087] [0.013] [0.201] [0.087] [0.021] [0.138]
No mobility -0.146 0.020 0.159 0.195 0.078 0.005
(0.311) (0.151) (0.119) (0.126) (0.152) (0.052)
[1.000] [1.000] [1.000] [1.000] [1.000] [1.000]
Downward mobility 0.341 0.178 0.142 0.112 -0.018 0.085
(0.241) (0.119) (0.091) (0.100) (0.129) (0.035)
[0.245] [0.245] [0.245] [0.309)] [0.421] (0.107]
Controls v’ v’ v’ N N N
Observations 596 592 593 582 590 593

Notes: Estimates come from logit (model (1)) and linear regressions. The effects are treatment effects relative to subjects
with the same experimental mobility score in the control group. Robust standard errors are presented in parentheses.
Adjusted p-values are not reported for these estimations as the sample size is quite small compared to the descriptive data.
Controls include self-assessed mobility experience, household income and political party affiliation. The analysis is restricted
to subjects who indicated that they believed the provided information and remained on the treatment and placebo screen for
more than 8 seconds.. *** p<0.01, ** p<0.05 , * p<0.1.

Looking first at the models using the maximum mobility value of both parents, the only
significant effects that remain after accounting for multiple hypothesis testing are that those

who experienced an upward mobility shock based on this alternative specification are more
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likely to support redistribution and Universal Basic Income. This is inconsistent with any
of the other results reported in the main text and appendix. Interestingly, these findings
from table 3.3k also do not match the null-results in table 3.3l. In other words, it seems
that these effects are not driven by particular changes in mobility perceptions or perceived
personal benefit from redistribution. It may be worth noting that this alternative measure
is more likely to pick up on perceived mobility with the mother as many mothers of subjects
in the experiment did not work (26%). It may therefore pick up on a difference between
subjects whose mothers are or were part of the workforce and those who were/are not. What
drives these effects when using the maximum mobility score of the parents may therefore be

an avenue for future research.

Table 3.31: Mobility and societal perceptions - Maximum Mobility Measure

giflcl)slljs}; Overall Differences Personal
o mobility due to effort benefit
quintile
(1) (2) 3) (4)
Treatment
Upward mobility -0.153 -0.055 -0.046 0.414
(0.149) (0.159) (0.155) (0.383)
No mobility -0.092 -0.108 0.077 0.618
(0.140) (0.157) (0.159) (0.387)
Downward mobility -0.164 -0.127 -0.018 0.107
(0.118) (0.126) (0.123) (0.297)
Controls v’ v’ v’ v’
Observations 590 588 586 558

Notes: Estimates come from linear regressions. Robust standard errors are presented in parentheses. The effects are
treatment effects relative to subjects with the same experimental mobility score in the control group. Controls include
self-assessed mobility experience, household income and political party affiliation. The analysis is restricted to subjects who
indicated that they believed the provided information and remained on the treatment and placebo screen for more than 8
seconds. *** p<0.01, ** p<0.05 , * p<0.1.

Tables 3.3m and 3.3n report models using the minimum mobility value of both parents. One
of the two main results survives here (those who experienced a downward mobility shock
are more likely to support higher taxes on the rich) and no other coefficients are significant.
This is consistent with the main results in table 3.4. Equally, a downward mobility shock

significantly reduces the perception of overall mobility in society, although only weakly using
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this measure. Again, these results are consistent with those in table 3.5 in the main text.

Table 3.3m: Support for Redistribution - Minimum Mobility Measure

Income

Support for Support for . . . .
Redistribution  Redistribution  Differences More spending  Universal Basic Higher Ta?(
. on Poor Income Share for Rich
(binary) (ordered) too large
1) (2) (3) 4 (5) (6)
Treatment
Upward mobility 0.116 0.237 0.124 0.150 0.159 0.033
(0.259) (0.125) (0.102) (0.094) (0.132) (0.040)
[0.527] [0.513] [0.513] [0.513] [0.513] [0.513]
No mobility 0.201 0.124 0.162 0.119 0.072 0.026
(0.268) (0.123) (0.102) (0.115) (0.130) (0.043)
[1.000] [1.000] [1.000] (1.000] [1.000] (1.000]
Downward mobility 0.643 0.276 0.089 0.201 0.119 0.132**
(0.321) (0.168) (0.120) (0.119) (0.181) (0.045)
[0.127] [0.145] [0.206] [0.145] [0.206] [0.019]
Controls v’ v’ v’ v’ v’ v’
Observations 596 592 593 582 590 593

Notes: Estimates come from logit (model (1)) and linear regressions. The effects are treatment effects relative to subjects
with the same experimental mobility score in the control group. Robust standard errors are presented in parentheses.
Adjusted p-values are not reported for these estimations as the sample size is quite small compared to the descriptive data.
Controls include self-assessed mobility experience, household income and political party affiliation. The analysis is restricted
to subjects who indicated that they believed the provided information and remained on the treatment and placebo screen for
more than 8 seconds.. *** p<0.01, ** p<0.05 , * p<0.1.

Table 3.3n: Mobility and societal perceptions - Minimum Mobility Measure

Mobility
of lowest
quintile

Overall
mobility

Differences
due to effort

Personal
benefit

(1)

(2)

3)

(4)

Treatment

Upward mobility -0.094 -0.005 -0.062 0.430
(0.127) (0.134) (0.126) (0.329)

No mobility -0.132 -0.077 0.064 0.341
(0.116) (0.134) (0.141) (0.335)

Downward mobility -0.236 -0.297* -0.002 0.117
(0.170) (0.172) (0.169) (0.380)

Controls v’ v’ v’ v’

Observations 590 588 586 558

Notes: Estimates come from linear regressions. Robust standard errors are presented in parentheses. The effects are
treatment effects relative to subjects with the same experimental mobility score in the control group. Controls include
self-assessed mobility experience, household income and political party affiliation. The analysis is restricted to subjects who
indicated that they believed the provided information and remained on the treatment and placebo screen for more than 8

seconds. *** p<0.01, ** p<0.05 , * p<0.1.
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VI1.3.5.3. Main treatment effects using mobility information

Table 3.30: Support for Redistribution - Information Effects

Support for Support for Income . . . .
Redistribution  Redistribution  Differences More spending  Universal Basic Higher Ta?(
. on Poor Income Share for Rich
(binary) (ordered) too large
1) (2) (3) 4 (5) (6)
Treatment
Upward mobility 0.264 0.207 0.130 0.076 0.181 0.017
(0.263) (0.124) (0.109) (0.102) (0.134) (0.042)
[0.873] [0.873] [0.873] [0.873] [0.873] [0.873]
No mobility 0.484 0.347 0.133 0.173 0.074 0.046
(0.431) (0.183) (0.134) (0.170) (0.201) (0.060)
[0.671] [0.534] [0.671] [0.671] [0.929] [0.799]
Downward mobility 0.209 0.151 0.128 0.211%* 0.078 0.091*
(0.243) (0.125) (0.094) (0.094) (0.129) (0.037)
[0.457] [0.294] [0.294] [0.085] [0.517] [0.085]
Controls v’ v’ v’ v’ v’ N
Observations 596 592 593 582 590 593

Notes: Estimates come from logit (model (1)) and linear regressions. The effects are treatment effects relative to subjects
with the same experimental mobility score in the control group. Robust standard errors are presented in parentheses.
Adjusted p-values are not reported for these estimations as the sample size is quite small compared to the descriptive data.
Controls include self-assessed mobility experience, household income and political party affiliation. The analysis is restricted
to subjects who indicated that they believed the provided information and remained on the treatment and placebo screen for
more than 8 seconds.. *** p<0.01, ** p<0.05 , * p<0.1.

Table 3.3p: Mobility and societal perceptions - Information Effects

Nf[?blht}; Overall Differences Personal
of fowes mobility due to effort benefit
quintile

(1) (2) (3) (4)

Treatment

Upward mobility 0.030 0.074 0.056 0.405
(0.126) (0.131) (0.133) (0.313)

No mobility -0.003 -0.054 -0.101 0.165
(0.194) (0.202) (0.168) (0.475)

Downward mobility -0.349%** -0.277** -0.017 0.303
(0.117) (0.131) (0.134) (0.320)

Controls v’ v’ v’ v’

Observations 590 588 586 558

Notes: Estimates come from linear regressions. Robust standard errors are presented in parentheses. The effects are
treatment effects relative to subjects with the same experimental mobility score in the control group. Controls include
self-assessed mobility experience, household income and political party affiliation. The analysis is restricted to subjects who
indicated that they believed the provided information and remained on the treatment and placebo screen for more than 8
seconds. *** p<0.01, ** p<0.05 , * p<0.1.
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While the models used to report the main treatment effects in tables 3.4 and 3.5 of the main
text look at the difference between pre-treatment beliefs about own mobility experience and
treatment information, another way of measuring treatment effects is by simply looking at
the effects of receiving a certain treatment information on its own. This is what I report
in tables 3.30 to 3.3r. Tables 3.30 and 3.3p look at overall information effects of receiving
a positive, negative or neutral information about one’s own mobility experience compared
to someone in the control group with the same mobility experience. Tables 3.3q and 3.3r
report the same but only for subjects who received very positive or very negative mobility

information.

Table 3.3q: Support for Redistribution - High Information Effects

Support for Support for Income X . N . . .
Redistribution  Redistribution  Differences More spending  Universal Basic Higher Ta?(
. on Poor Income Share for Rich
(binary) (ordered) too large
1) (2) (3) (4) (5) (6)
Treatment
Upward mobility 0.192 0.237 0.093 0.117 0.233 0.052
(0.394) (0.191) (0.195) (0.162) (0.214) (0.064)
[1.000] [1.000] [1.000] [1.000] [1.000] [1.000]
No mobility 0.414 0.359 0.135 0.188 0.053 0.044
(0.431) (0.187) (0.145) (0.179) (0.210) (0.064)
[0.790] [0.507] [0.790] [0.790] [1.000] [0.957]
Downward mobility 0.469 0.186 0.039 0.252 0.108 0.021
(0.352) (0.187) (0.133) (0.147) (0.201) (0.058)
[1.000] [1.000] [1.000] [1.000] [1.000] [1.000]
Controls v’ v’ v’ v’ v’ v’
Observations 327 324 324 319 321 324

Notes: Estimates come from logit (model (1)) and linear regressions. The effects are treatment effects relative to subjects
with the same experimental mobility score in the control group. Robust standard errors are presented in parentheses.
Adjusted p-values are not reported for these estimations as the sample size is quite small compared to the descriptive data.
Controls include self-assessed mobility experience, household income and political party affiliation. The analysis is restricted
to subjects who indicated that they believed the provided information and remained on the treatment and placebo screen for
more than 8 seconds.. *** p<0.01, ** p<0.05 , * p<0.1.

The results in table 3.30 are entirely consistent with those in table 3.4 of the main text but
are only weakly significant when accounting for multiple hypothesis testing (the two main
variables of interest reach standard levels of significance when not using adjusted p-values).
Those who received a negative mobility information significantly increased their support for
more spending on the poor and higher taxes on the rich compared to subjects with the same
mobility experience but no information provision in the control group. Neither those who
received neutral nor those who received positive information adjusted their preferences in

any significant way.
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Table 3.3r: Mobility and societal perceptions - High Information Effects

g;[?cl:ilets}; Overall Differences Personal
.. mobility due to effort benefit
quintile

(1) (2) (3) (4)

Treatment

Upward mobility 0.020 0.031 0.240 0.587
(0.208) (0.217) (0.228) (0.491)

No mobility 0.026 -0.021 -0.103 0.076
(0.205) (0.217) (0.180) (0.497)

Downward mobility -0.302%* -0.174 -0.079 0.500
(0.171) (0.200) (0.187) (0.493)

Controls v’ v’ v’ v’

Observations 323 320 321 302

Notes: Estimates come from linear regressions. Robust standard errors are presented in parentheses. The effects are
treatment effects relative to subjects with the same experimental mobility score in the control group. Controls include
self-assessed mobility experience, household income and political party affiliation. The analysis is restricted to subjects who
indicated that they believed the provided information and remained on the treatment and placebo screen for more than 8
seconds. *** p<0.01, ** p<0.05 , * p<0.1.

The results in table 3.3p are also entirely consistent with those in table 3.5 of the main text.
Those who received a negative mobility information significantly decreased their perception

of overall mobility in society and their perception of the mobility of the lowest quintile.

Overall, these information treatment effects are encouragingly consistent with the main
results using the shock measures. Unsurprisingly, when taking pre-treatment beliefs into
account, as I do in the main models in tables 3.4 and 3.5, the effects are somewhat stronger

and more robust (at least for the models looking at preferences rather than beliefs).

When looking at only those subjects who were told that they experienced very high or very
low mobility during treatment, as I do in tables 3.3q and 3.3r, almost none of the results
survive. This is most likely due to the much larger sample size as the signs of the coefficients

remain largely the same.

VI1.3.5.4. Main treatment effects using a continuous mobility measure

Rather than splitting up subjects in those with negative, neutral or positive experiences,

tables 3.3s and 3.3s report treatment effects using a continuous shock measure.
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Table 3.3s: Support for Redistribution - Continuous Shock

Support for Support for Income . . . .
Redistribution  Redistribution  Differences More spending  Universal Basic Higher Ta?(
R on Poor Income Share for Rich
(binary) (ordered) too large
1) (2) (3) (4) (5) (6)
Treatment
Mobility -0.085 0.010 0.001 0.013 0.071 -0.010
(0.115) (0.059) (0.046) (0.041) (0.060) (0.017)
[1.000] [1.000] [1.000] [1.000] [1.000] [1.000]
Controls v’ v’ v’ v’ v’ v’
Observations 596 592 593 582 590 593

Notes: Estimates come from logit (model (1)) and linear regressions. The effects are treatment effects relative to subjects
with the same experimental mobility score in the control group. Robust standard errors are presented in parentheses.
Adjusted p-values are not reported for these estimations as the sample size is quite small compared to the descriptive data.
Controls include self-assessed mobility experience, household income and political party affiliation. The analysis is restricted
to subjects who indicated that they believed the provided information and remained on the treatment and placebo screen for
more than 8 seconds.. *** p<0.01, ** p<0.05 , * p<0.1.

Table 3.3t: Mobility and societal perceptions - Continuous Shock

Nf[?blhtﬁ Overall Differences Personal
Of Towes mobility due to effort benefit
quintile

(1) (2) (3) (4)

Treatment

Mobility 0.086 0.124** 0.025 0.028
(0.053) (0.057) (0.056) (0.136)

Controls v~ v~ v’ v’

Observations 590 588 586 558

Notes: Estimates come from linear regressions. Robust standard errors are presented in parentheses. The effects are
treatment effects relative to subjects with the same experimental mobility score in the control group. Controls include
self-assessed mobility experience, household income and political party affiliation. The analysis is restricted to subjects who
indicated that they believed the provided information and remained on the treatment and placebo screen for more than 8
seconds. *** p<0.01, ** p<0.05 , * p<0.1.

The coefficients in these two tables indicate the effect of a one-point increase in the expe-
rienced mobility shock in the treatment compared to the control group. A larger value on
the shock measure is hereby associated with a more positive shock. As is evident, none of
the preferences are affected by the shock in a continuous way. This is unsurprising given the
earlier discussion about a lacking relationship between mobility experience and preferences in
the main text. Only one variable is significantly affected by the continuous measure in table

3.3s: Overall mobility. Here, a more positive mobility shock is associated with an increase

in perceived societal mobility. Again, this is somewhat unsurprising given the existing liter-
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ature discussed earlier. Overall, the results in tables 3.3s and 3.3s suggest that continuous
models are not helpful in understanding the effects of mobility experience on redistributive

preferences.

V1.3.6 Main analysis assuming positive mobility expectations

A possibility not previous discussed is that subjects may expect to have experienced some
upward mobility and that the reference point should therefore not be those who experienced
no mobility but those who experienced weakly positive mobility. This would suggest that
subjects who are told that they experienced no mobility similarly adjust their preferences
and beliefs as those who are told that they experienced downward mobility. Tables 3.3u
and 3.3v test this possibility for both, preferences and beliefs. Evidently, as none of the
coefficients reach any level of significance when accounting for multiple hypothesis testing,
there is no evidence for this explanation. It does not seem to be the case that subjects expect
to be better off than their parents but instead, that no mobility, is a reasonable reference

point to use.

Table 3.3u: Support for Redistribution - Upward Expectations

Support for Support for Income X . R . . y
Redistribution  Redistribution  Differences More spending  Universal Basic Higher Ta?(
. on Poor Income Share for Rich
(binary) (ordered) too large
1) (2) (3) (4) (5) (6)
Treatment
High upward mobility 0.140 0.308 0.244 0.335 0.300 0.041
(0.469) (0.217) (0.191) (0.147) (0.244) (0.060)
[0.490] [0.377] [0.377] [0.161] [0.377] [0.490]
Upward mobility 0.132 0.223 0.080 0.046 0.146 0.064
(0.321) (0.155) (0.116) (0.122) (0.162) (0.047)
[1.000] [1.000] [1.000] [1.000] [1.000] [1.000]
Downward € no mobility 0.345 0.180 0.126 0.154 0.075 0.054
(0.215) (0.104) (0.085) (0.088) (0.110) (0.034)
[0.197] [0.197] [0.197] [0.197] [0.197] [0.197]
Controls v’ v’ v’ v’ v’ v’
Observations 596 592 593 582 590 593

Notes: Estimates come from logit (model (1)) and linear regressions. The effects are treatment effects relative to subjects
with the same experimental mobility score in the control group. Robust standard errors are presented in parentheses.
Adjusted p-values are not reported for these estimations as the sample size is quite small compared to the descriptive data.
Controls include self-assessed mobility experience, household income and political party affiliation. The analysis is restricted
to subjects who indicated that they believed the provided information and remained on the treatment and placebo screen for
more than 8 seconds.. *** p<0.01, ** p<0.05 , * p<0.1.
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Table 3.3v: Mobility and societal perceptions - Upward Expectations

g;[?gile?; Overall Differences Personal
.. mobility due to effort benefit
quintile

(1) (2) (3) (4)

Treatment

High upward mobility 0.068 0.084 -0.064 -0.196
(0.205) (0.215) (0.210) (0.541)

Upward mobility -0.128 0.022 -0.055 0.393
(0.161) (0.173) (0.163) (0.394)

Downward € no mobility -0.186 -0.180 0.028 0.395
(0.104) (0.112) (0.111) (0.270)

Controls v’ v’ v’ v’

Observations 590 588 586 558

Notes: Estimates come from linear regressions. Robust standard errors are presented in parentheses. The effects are
treatment effects relative to subjects with the same experimental mobility score in the control group. Controls include
self-assessed mobility experience, household income and political party affiliation. The analysis is restricted to subjects who
indicated that they believed the provided information and remained on the treatment and placebo screen for more than 8
seconds. *** p<0.01, ** p<0.05 , * p<0.1.

VI.4 Survey Instrument

Thank you for participating in this study. In the following, you will be asked a series of
questions about your own social mobility experience. Please read the questions very carefully

and answer honestly.
Part I: Demographics

D1: How old are you?
D2: What is your gender?

e Female

e Male

e Other

e Prefer not to say

D3: How many children do you have?
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I do not have children

e 5 or more
D4: Please indicate your marital status:
e Single
e Married
e Cohabiting with a partner
e Other
D5: What is your highest level of educational attainment?

e No formal qualification

Primary education

Secondary education

Undergraduate degree or equivalent (e.g. bachelor’s degree)

Graduate degree or equivalent (e.g. master’s degree)
e Doctoral Degree (e.g. PhD)

D6: What is your father’s highest level of educational attainment?
e No formal qualification

e Primary education
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e Secondary education
e Undergraduate degree or equivalent (e.g. bachelor’s degree)
e Graduate degree or equivalent (e.g. master’s degree)
e Doctoral Degree (e.g. PhD)
D7: What is your mother’s highest level of educational attainment?

e No formal qualification

Primary education

Secondary education

Undergraduate degree or equivalent (e.g. bachelor’s degree)

Graduate degree or equivalent (e.g. master’s degree)

Doctoral Degree (e.g. PhD)
D8&: What is your total household income before tax?

e Under $10,000

$10,000 - $20,000

$20,001 - $30,000

$30,001 - $40,000

$40,001 - $50,000

$50,001 - $60,000

$60,001 - $80,000

$80,001 - $100,000

$100,001 - $150,000
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e $150,001 - $200,000
e Above $200,000

e Don’t know

e Prefer not to answer

D9: To the best of your knowledge, what was your family’s household income when growing

up (not accounting for inflation)?

Under $10,000

$10,000 - $20,000

$20,001 - $30,000

$30,001 - $40,000

$40,001 - $50,000

$50,001 - $60,000

$60,001 - $80,000

$80,001 - $100,000

$100,001 - $150,000

$150,001 - $200,000

Above $200,000

Don’t know

e Prefer not to answer
D10: What is your current employment status?

e Full-time employee

196



Part-time employee

Self-employed or small business owner

Unemployed and looking for work

Student

e Not in labour force (for example: retired, or full-time parent)

D11: To which of these groups do you consider you belong? You can choose more than one

group.
e American Indian or Alaska Native
e Asian
e Black or African-American
e Native Hawaiian or other Pacific Islander
e Spanish, Hispanic or Latino
e White
e Other group
e Prefer not to answer
D12: How much of the time do you think you can trust the government to do what is right?
e Never
e Only some of the time
e Most of the time

o Always

197



D13: In politics people sometimes talk of left and right. Where would you place yourself on
the following scale? (Scale from 0 - left to 10 - right)

D14: Please select your current job from the below dropdown menu (or your last one if you
don’t have one now).

D19: Which party do you feel closest to?%6
e Democratic Party
e Republican Party
e Other
e Don’t know
D20: Who did you vote for in the recent 2020 Presidential Election?

e Joe Biden

Donald Trump

Other candidate

Didn’t vote

e Don’t remember
e Prefer not to say

D15: Please select your fathers’ job when you were about 14 years old from the below
dropdown menu.
D16: Please select your mothers’ job when you were about 14 years old from the below
dropdown menu.
D17: What do you think is the difference in length in miles between the longest river in

North America, the Missouri river, and the fifth longest river in North America, the Arkansas

26Ttem D19 and item D20 were not included in the pre-analysis plan but added prior to running the main
study.
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river?2”

D18: Before proceeding to the next set of questions, we want to ask for your feedback about
the responses you provided so far. It is vital to our study that we only include responses
from people who devoted their full attention to this study. This will not affect in any way the
payment you will receive for taking this survey. In your honest opinion, should we use your
responses, or should we discard your responses since you did not devote your full attention

to the questions so far?

e Yes, I have devoted full attention to the questions so far and I think you should use

my responses for your study.

e No, I have not devoted full attention to the questions so far and I think you should

not use my responses for your study.

Part II: Pre-treatment experience of Social Mobility

Q1: Please think about your present job (or your last one if you don’t have one now). If you
compare this job to the job your father had when you were growing up, would you say that

the status of your job is:

e Much higher than your father’s

Higher

About equal

e Lower

Much lower than your father’s

I never had a job

e My father did not have a job while I was growing up

2"In the original pre-analysis plan this question asked about the Missouri and the Mississippi river. After
an initial pilot I changed the Mississippi to the Arkansas river as too many people had underestimated the
difference between the other two rivers and so a placebo analysis based on the original question would not
have been useful.
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o [ don’t know

Q2: Please now think again about your present job (or your last one if you don’t have one
now). If you compare this job to the job your mother had when you were growing up, would

you say that the status of your job is:

e Much higher than your mother’s

Higher

About equal

e Lower

Much lower than your mother’s

I never had a job

My mother did not have a job while I was growing up
e [ don’t know

Q3: When you were growing up, compared with other families back then, would you say

your family income was:
e Far below average
e Below average
e Average
e Above average
e Far above average
Q4: Right now, compared with other households, would you say your household income is:
e Far below average
e Below average
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e Average
e Above average
e Far above average

Part III: Treatment & Control
Treatment:

We will now tell you, based on the information you gave us earlier about your own job and
the jobs your parents had when you grew up, whether you have objectively experienced

upward, downward or no social mobility.

The data we use is based on the International Standard Classification of Occupations (ISCOS88)
and the International Standard of Occupational Status (ISEI).

Based on the information you gave us, you experienced high upward mobility /upward mo-

bility /no mobility/ downward mobility /high downward mobility.
Control:

We will now tell you, based on the answer you gave us earlier about the two rivers in North
America, the Missouri and the Arkansas river, whether you have objectively overestimated,

underestimated or correctly estimated the difference in length between the two rivers.

The data we use is based on the book ”"Rivers of North America” by Arthur C. Benke and
Colbert E. Cushing.

Based on the response you gave us, you overestimated/correctly estimated/underestimated

the difference in length between the two rivers.
Part IV: Post-treatment preferences for redistribution and beliefs

Q5: Please indicate to what extent you agree or disagree with the following statements:

1. Tt is the responsibility of the government to reduce the differences in income between

people with high incomes and those with low incomes.

2. Differences in income in your country are too large.
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3. The government should spend less on benefits for the poor.
4. The government should provide basic income for all.

5. In your country, a person born into the lowest income quintile has a good chance of

improving their standard of living as an adult.
6. In your country, everybody has a chance to make it and be economically successful.

7. In your country, income differences are the result of differences in effort rather than

luck.

e Strongly agree

o Agree

e Neither agree nor disagree
e Disagree

e Strongly disagree

e Can’t choose

Q6: Please tick one box for each of these to show how important you think it is for getting

ahead in life. ..
1. How important is coming from a wealthy family?
2. How important is having well-educated parents?

3. How important is knowing the right people?

e Essential
e Very important
e Fairly important

e Not very important
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e Not important at all
e Can’t choose

Q7: Do you think people with high incomes should pay a larger share of their income in

taxes than those with low incomes, the same share, or a smaller share?

e Much larger share
e Larger

The same share

Smaller

Much smaller share

Can’t choose

Q8: To what extent do you believe that income differences arise from luck and to what
extent from differences in efforts and skills? (Scale from 0 - 'from luck’ to 10 - ’from effort

and skills’)

Q9: To what extent do you think it is acceptable for income differences to exist if they arise

from luck? (Scale from 0 - 'not acceptable at all’ to 10 - ’completely acceptable’)

Q10: Do you think you personally benefit from redistribution by the government? (Scale
from 0 - "Not at all to my benefit’ to 10 - "Completely to my benefit’)

Part V: End
C1: Do you feel that this survey was biased?
e Yes, left-wing bias
e Yes, right-wing bias
e No, it did not feel biased
C2: Did you find the information we provided you with believable?
C3: Do you have any feedback or impressions regarding this survey?
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V1.5 Pre-Analysis Plan

VI.5.1 Motivation

This study seeks to understand, with the aid of a behavioural insight, how individuals’ per-

sonal experience of intergenerational social mobility shapes their distributive preferences.

It addresses, with an experiment, a puzzle in the literature on distribution preferences. There
is considerable evidence in this literature that individuals’ perceptions of societal social mo-
bility affect their support for redistribution (Corneo and Griiner 2002; Davidai and Gilovich
2015; Bjernskov et al. 2013; Shariff et al. 2016; Alesina et al. 2018). However, the evidence
on how ones’ own experience of mobility affects preferences is mixed (Corneo and Griiner
2002; Alesina and Angeletos 2005; Clark et al. 2010; Guillaud 2013). This is surprising, given
that personal mobility experience seems to be an obvious, and previously proposed (Piketty

1995), candidate for explaining distributive preferences.

In the experiment, I consider two potential mechanisms through which the experience of
social mobility could affect distributive preferences. The first is a simple application of the
(selfish) rational choice model: social mobility causes real changes in benefits to an indi-
vidual from redistribution. The second mechanism exploits the well-documented connection
between perceptions of social mobility and distributive preferences. It argues social mobility

experience affects perceptions of societal mobility and, in turn, distributive preferences.

While the first mechanism suggests a linear relationship between experience of social mo-
bility and support for redistribution, I argue, contrary to previous studies, that the second
mechanism points to an asymmetric relationship between the two variables. This is because
of a behavioural insight, the self-serving bias, which states that people blame external cir-
cumstances for their failures and take excessive personal credit for successes (Gilovich et al.
2002; Campbell and Sedikides 1999). Applying this bias to the case of social mobility ex-
perience suggests that people who have experienced upward mobility may believe that they
“beat the odds” and do not extrapolate from their own experience onto society at large.
On the other hand, those who experienced downward mobility may “blame the system” and

therefore extrapolate from their experience onto society. Such an asymmetric relationship
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between mobility experience and distributive preferences would explain the mixed evidence

in the existing literature.

Understanding how the experience of social mobility affects support for redistribution is im-

portant for three main reasons:

First, the new mechanism considered here may explain why despite the growth of inequality
and the fall in social mobility, especially in the United States (Chetty et al. 2014a), there
has been no significant strengthening of redistributive preferences (Kenworthy and McCall
2008). That is because a decrease in absolute mobility would mean that there are both,
less people with upward and less people with downward mobility experience, ceteris paribus,

leading to less demand for redistribution overall.

Second, the proposed relationship between people’s experience of social mobility and dis-
tributive preferences allows to make predictions about changes in distributive preferences
across time. This is more difficult when only looking at people’s perceptions of societal
mobility, given that little is known about how these perceptions are formed or affected by

real-world events.

Third, economic policy makers focus increasingly on equalising opportunities by increasing
social mobility rather than equalising outcomes by redistributing earned income (Augousti-
nos and De Garis 2012; Friedman 2016). This is a good political strategy only in so far as one
is a substitute for the other. This is what the literature on perceived societal social mobility
suggests — as the perception of mobility in a country improves, demand for redistribution
decreases. If the experience of mobility is however asymmetrically related to distributive
preferences, then improvements to social mobility will not actually translate into less de-

mand for redistribution but potentially even increase that demand.

This study will also add to the growing number of information provision experiments in

social sciences and thereby help advance this new methodology (Haaland et al. 2020).
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VI.5.2 Research Design

Using the ISSP Social Inequality Cumulative (ISSP 2014) matched with the ISEI Index
(Ganzeboom et al. 1992; Ganzeboom and Treiman 1996), I have already been able to find
evidence for an asymmetric relationship between social mobility experience and distributive
preferences (as well as societal mobility perceptions) in the aggregate. The aim of this pro-
posed study is to test the causality of the relationship and to differentiate between the two

potential mechanisms outlined above.

While I cannot change the real intergenerational mobility experience of respondents, I can
make use of the fact that about 50% of respondents in the ISSP survey were consistently
misinformed about the direction of their own mobility experience. This fact allows me to test
the relationship through an information provision experiment. In particular, I will provide
respondents with information on their personal intergenerational mobility experience and
test how this information, if contradictory to their previously held beliefs, changes their sup-
port for redistribution. In other words, I will provide respondents with an effective personal

mobility shock.

The experiment will be coded in Qualtrics with a representative subject pool of the United
States population recruited via Prolific Academic. To avoid deception and ensure that the
information provided is believable, I will use respondents’ real experienced social mobility to
tailor the information provision conditional on the actual experience, as opposed to randomly
giving people potentially false information about their own experience. The basic structure

of the experiment is outlined below:

Part I: Respondents state which ISCOS88 code best describes their own job title and that of
their parents when they were growing up. They also state how they personally assess their

social mobility experience to date relative to their parents.

Part II: Respondents are divided into control and treatment group. The treatment group
is given a short paragraph describing the person’s mobility experience and the data used to

calculate the mobility experience.?® The control group is given similarly framed information

28To provide respondents with information about their mobility experience, the ISEI value of the parent
with the highest ISEI score will be subtracted from the respondent’s ISEI score. ISEI scores for each ISCO88
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about the differences in length of the two longest rivers in the US, the Missouri and the

Mississippi river.

Part III: Post-treatment questions about distributive preferences and beliefs about social

mobility.

To provide subjects with the information treatment, the experiment is coded to automati-
cally calculate the mobility experience based on subjects’ responses and to then display a
text based on the calculated value. These values are grouped into 5 categories: high upward
mobility /upward mobility /no mobility/ downward mobility /high downward mobility. Sub-
jects are also told explicitly within the paragraph which datasets were used to generate this

information.
I will test the following main research question and hypotheses:
Do changes in perceived mobility experience asymmetrically affect distributive preferences?

H1: Respondents who experience an effective negative personal mobility shock will express

more support for redistribution post-treatment than respondents in the control group.

H2: Respondents who experience an effective positive personal mobility shock will express
the same level of support for redistribution post-treatment as respondents in the control

group.?

If both, H1 and H2, can be confirmed, this is preliminary evidence for the proposed re-
lationship between experience of social mobility and support for redistribution mediated
by perceptions of societal mobility. However, it would still be possible that differences in
distributive preferences between treatment and control group could be explained by beliefs
about marginal benefits from taxation. For example, due to loss aversion, subjects who
experienced an effective negative mobility shock may adjust their distributive preferences to
a significantly larger extent than those who experienced an effective positive mobility shock

because they believe their marginal benefits from redistribution to be larger.

code are available in Ganzeboom (2010).

29Respondents who are already aware of the direction of their mobility experience may also display a
stronger asymmetric relationship between their mobility experience and distributive preferences once their
experience becomes more salient post-treatment.
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To further test the underlying mechanism, I will therefore ask subjects in both, treatment
and control group, about their perceptions of societal mobility in the United States and
about the extent to which they believe themselves to benefit from governmental redistribu-
tion. While an asymmetric change in the treatment group, relative to the control group, in
the first variable would support the self-serving bias explanation, an asymmetric change in
the second variable would support the rational choice explanation for the relationship. This

is to answer my secondary research question:
What explains changes in distributive preferences?

H3: Effective personal mobility shocks asymmetrically affect perceptions of societal mobil-
ity.
H4: Effective personal mobility shocks asymmetrically affect perceived marginal gains from

redistribution.

In a pilot experiment ran with 100 respondents from the United States in October 2020, I
found that the information treatment had a highly significant effect (pj0.01) on respondents
who experienced an effective negative mobility shock, but no effect on those who experienced
an effective positive mobility shock, supporting both H1 and H2. T was not yet able to test
H3 and H4 during the pilot experiment.

Based on a power analysis conducted using the data from my pilot study, I will require a
total of n=3,200 respondents, with 1,600 respondents in the treatment and control group,
respectively, to confidently find a significant treatment effect for H1 and to confidently be
able to confirm H2.

VI1.5.3 Empirical Strategy

To answer my primary research question, I will estimate the following model, whereby PfR
is individual i’s support for governmental redistribution measured by a series of survey ques-
tions, eSM is the effective social mobility shock individual i experiences during the experi-

ment, measured as the difference between self-assessed social mobility and objective social
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mobility, D is the treatment assignment, v is a vector of controls and e is the error term:

Hypothesis 1 would predict that the interaction term eSM;zD; is positive for those who have
a negative eSM value and were assigned to the treatment as opposed to the control group,

while hypothesis 2 would predict this to not be the case for those with a positive value of

eSM.

To answer the secondary research question, I will regress the same set of explanatory variables
on both, perceived societal mobility in the United States, and perceived personal gain from

governmental redistribution as measured on a 10-point scale.

Hypothesis 3 would predict the interaction term to be positive for those who have a negative
eSM value and were assigned to the treatment as opposed to the control group when perceived
societal mobility is the outcome variable. Hypothesis 4 would predict the interaction term to
be positive for the same group when perceived personal gain from governmental redistribution

is the outcome variable.

V1I.5.4 Robustness

Believability: A key concern in information provision experiments is that subjects do not
believe the information they are provided with (Haaland et al. 2020). I have therefore added
questions at the end of the study asking whether subjects believe the researchers to have a

political bias and whether they found the information provided believable.

Social mobility and family structures: An important issue in social mobility research is
that the mothers of a lot of people currently in the workforce were not actively in the
workforce themselves when the respondents were growing up (Beller 2009). This can lead
to different estimates of personal mobility experience for women and men if men tend to

compare themselves to their fathers and women to their mothers. The subjective mobility
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experience of a female respondent with a mother who was not in the workforce may then
reflect their difference to their mother while the objective mobility experience measure would
only take the father into account. This would however only be an issue if it affected the
believability of the information treatment for women more so than for men. To be able to
test whether this is indeed the case, I measure self-assessed social mobility threefold: relative

to the father, relative to the mother and to the parental household overall.
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Chapter 4

Prosocial Risk-Taking: Distributive
preferences in the presence of

externalities

I Introduction

Many decisions people make have the potential to increase overall welfare by creating posi-
tive externalities. This is especially the case for decisions that are personally risky: Starting
a business, developing new technologies, or investing into new ventures, are all decisions that
involve uncertainty about personal gains and losses, but have potential positive externalities
for wider society. For example, an entrepreneur may create knowledge spillovers through her
products and services, while taking on personal risk over her own earnings. In this paper,
[ will refer to these decisions as prosocial risk-taking (Do et al. 2017). Prosocial risk-taking
may be especially important in addressing societal challenges, such as economic inequalities
or the climate emergency (Embry et al. 2019), through social entrepreneurship or by cre-
ating climate-friendly technologies. The likelihood of a person taking such prosocial risk is
however affected by whether and how societies reward this decision. A growing literature on
the optimal taxation of innovation is therefore concerned with how to ideally incentivise and

reward innovators (e.g. Djankov et al. 2010; Da Rin et al. 2011; Stantcheva 2021a; Akcigit
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and Stantcheva 2020; Akcigit et al. 2022). While this literature is concerned with the opti-
mal supply of such policies, there is so far no research on the demand for policies aimed at
rewarding prosocial risk-takers. Specifically, how potential positive externalities affect dis-
tributive preferences is an open question. In this paper, I provide a simple theoretical model
and a first experimental test of how distributive preferences are affected by the potential

positive externalities of prosocial risk-taking.

The potential positive externalities of prosocial risk-taking can affect distributive preferences
in a couple of ways which have so far not been taken into account in the literature and the
experiment is designed with this in mind: The first and obvious one is that distributive pref-
erences over income earned from risky choices could be sensitive to those potential positive
externalities. While distributive preferences over income earned from risky decisions have
been examined by Cappelen et al. (2013a) and others, it is plausible that these preferences
would be affected if risk-taking also creates a potential benefit for others. This possibil-
ity has, however, not been examined yet. The second and less obvious consequence of the
presence of positive externalities is that they create windfall gains for the individuals who
receive them. Those individuals enjoy benefits which have nothing to do with their own
choice of actions. Much less is known about distributive preferences with respect to windfall
gains than with respect to outcomes for individuals that can be directly traced to decisions
made by those individuals. For this reason, I focus on the allocation of windfall gains in my

experimental design.

A large existing literature in economics is concerned with understanding the determinants
of individuals’ distributive preferences (Fehr and Schmidt 1999; Corneo and Griiner 2002;
Falk et al. 2003; Alesina and Angeletos 2005; Klor and Shayo 2010; Cappelen et al. 2010;
Alesina and Giuliano 2011; Luttmer and Singhal 2011; Cappelen et al. 2013b; Durante et al.
2014; Kuziemko et al. 2015; Alesina et al. 2018a,b; Stantcheva 2021b). The main finding,
especially of the experimental strand of this literature, is that income earned through effort is
redistributed less than income earned through luck (Cherry et al. 2002; Cherry and Shogren
2008; Krawczyk 2010; Cappelen et al. 2013a; Lefgren et al. 2016; Gee et al. 2017; Rey-Biel
et al. 2018; Almas et al. 2020). Here, income is usually distributed by a third-party spec-
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tator with no stake in the outcomes, to isolate people’s prosocial preferences. Some papers
have also looked at how income from risky choices is redistributed, finding that most redis-
tribute little even if outcomes were unlucky (Cappelen et al. 2013a; Mollerstrom et al. 2015;
de Oliveira et al. 2017). This suggests that people tend to be held accountable for the choices
they make when it comes to distributive preferences. While these studies have developed
a good understanding of the effects of different earnings mechanisms on distributive prefer-
ences, how these preferences are affected when choices can also create externalities remains
an open question. Most closely related, a small literature has looked at how a surplus is
divided if subjects contributed unequal amounts to this surplus (Ruffle 1998; Rodriguez-Lara
and Moreno-Garrido 2012). Here, subjects who contribute more to the surplus also tend to

receive a larger payoff.

Almost all of the existing experimental studies on distributive preferences focus on how
income earned through these different mechanisms is redistributed, mostly by third-party
spectators, but how genuine windfalls are distributed is so far not well understood. Some-
what related, Chowdhury and Jeon (2014) study the effects of increased common show-up
payments on dictator game behaviour and find that dictators distribute more if the show-up
payment is larger. Importantly however, an increase in the show-up payment is not directly
comparable to a windfall gain as it is still earned through participation in the experiment.
Heap et al. (2021) use actual windfalls to study group identification in dictator games. How

windfall gains are distributed by third-party spectators is however also an open question.

To provide a first experimental test of how potential externalities affect distributive prefer-
ences, I run an experiment consisting of decision makers and spectators. Decision makers
have the option to choose a lottery or a safe payoff. In a control group, both choices only
affect the own income of the decision maker. In the treatment group, decision makers face an
identical choice between a lottery and a safe payoff; however, the lottery might also produce
positive externalities for other, anonymous participants. Whether these potential positive
externalities realise is unknown ex ante and the likelihood of them realising is independent

of the outcome of the lottery.

After decision makers have made their choices, spectators have to allocate a windfall bonus
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between randomly selected pairs of decision makers. Pairs are designed to always be com-
posed of one decision maker who chose the safe option and one who chose the lottery. In
a within-subject design, spectators make 20 such allocation decisions across three different
conditions which are randomised in order. One of their allocation decisions is ultimately
selected at random to determine the payment of a decision-maker pair. In the control con-
dition, pairs are selected from the control group of decision makers and so no potential
externalities are present. Spectators therefore make their allocation decisions knowing only
whether the decision makers in each pair selected the safe or risky option and their respective
income. In the ex ante treatment, decision makers are selected from the treatment group.
As in the control condition, spectators know which choices decision makers made and their
respective income, but are not informed about whether the potential externalities actually
generated. In the ex post treatment, spectators are fully informed about decision makers

choices, income, and whether the externality realised.

The results of the experiment mostly support the expectations of my theoretical model and
suggest that spectators reward decision makers for prosocial risk-taking. On average, the
share of the windfall bonus allocated to the risk-taker increases from 49% to 53% if risk-
taking can result in potential externalities. This result is independent of the risk-taker’s own
income and, on average, identical for the ex post and ex ante treatment. As predicted by
the theoretical model, this effect also increases as the opportunity cost of choosing the risky
option increases. Specifically, as the value of the safe option increases by $1, the reward

allocated to the risk-taker increases by about 28-30ct in both treatments.

While these main treatment effects suggest that individuals have a significant preference for
rewarding prosocial risk-taking, the results also indicate outcome bias: Spectators primarily
reward risk-takers if the externality actually realised ex post. In fact, the treatment effect
disappears when focusing only on the scenarios in the ex post treatment condition where the
externality did not realise. That is, despite risk-takers having no agency over the likelihood of
the externality realising. Additionally, and contrary to the theoretical prediction, spectators
do not compensate risk-takers more in either treatment if the personal lottery was unsuc-

cessful. Taken together, these two additional findings indicate that while spectators reward
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prosocial risk-taking if outcomes are unknown, they only reward successful risk-takers ex
post and do not compensate prosocial risk-taking if unsuccessful. These outcome-dependent
findings are in line with a growing literature on attribution bias in distributive preferences
(Gurdal et al. 2013; Brownback and Kuhn 2019; Cappelen et al. 2016; Andre 2021; Konig-
Kersting et al. 2021).

The implications of these main findings are primarily relevant for the stability of policies
aimed at rewarding prosocial risk-takers, such as entrepreneurs and innovators. While peo-
ple have a preference to reward prosocial risk-takers, they only wish to do so if the prosocial
risk-taker was successful in generating positive externalities, even if this outcome is the result
of pure luck. In practice, this finding suggests that policies aimed at rewarding prosocial
risk-takers may receive support ex ante, but will likely lose this support ex post, if external-
ities did not realise. For example, monetary rewards for potential innovators may be in line
with people’s preferences to reward prosocial risk-taking ex ante. However, the support for
such a policy is likely unstable and highly dependent on the success of those innovators ex
post. This would be the case, even if the successful or unsuccessful outcome could not have
been predicted ex ante. An important follow-up question for future research is, therefore,
how this instability of policy support, if such policies are implemented, might affect the

likelihood of subsequent prosocial risk-taking by decision makers.

As further analysis of spectator beliefs and choices indicates, spectators appear to trade-off
their personal fairness criteria over earned income with a desire to reward prosocial risk-
taking. In practice, this means that while a spectator might be a choice egalitarian in the
control condition, this preference is traded-off against a desire to increase the reward for
the risk-taking subject when risk-taking can generate externalities. Theoretically, this find-
ing suggests that the desire to reward externality-generating choices can be added as an
additional term in existing fairness models (Cappelen et al. 2007; Almas et al. 2020). The
additional analysis, however, also reveals substantial heterogeneity in distributive decision

making over prosocial risk-taking and identifies five distinct reward types among spectators.

Finally, the results also indicate that decision makers take substantially more risk when risk-

taking can create potential positive externalities for others. This is the case even though

215



reputational concerns most likely do not affect choices, as all participants are anonymous
and unlikely to ever interact in person. In a belief elicitation, risk takers indicate, however,
that they expect to receive a larger share of the reward in the treatment compared to the
control condition. This indicates that a potential motive for prosocial risk-taking might be
the expected subsequently larger share of the windfall bonus. What motivates prosocial
risk-taking in the first place can, however, not be identified conclusively within the given
experimental design of this paper. Spectators also underestimate how strongly decision-
makers react to the possibility to generate positive externalities for others. They believe the
average first-stage treatment effect to be only half its actual size. They also underestimate
the importance of opportunity costs for prosocial risk-takers. Another potentially interesting
question for future research would therefore be whether spectator preferences change if these

incorrect beliefs about prosocial risk-taking are corrected.

The outline of this paper is as follows. Section II develops a simple and generalisable theoret-
ical framework that incorporates externalities into distributive decision making and outlines
the main hypotheses following from this. Section III describes the experimental design and

section IV reports the results and further analysis of spectator beliefs. Section V concludes.

II Theoretical Framework

To provide a generalisable framework to analyse distributive choices in the presence of ex-
ternalities, I propose a theoretical model that takes the size of any potential externalities
and the expected costs and benefits of exposing oneself to risk into account. My basic model
builds on the decision model proposed in Cappelen et al. (2007, 2013a, 2016). This model as-
sumes that in a situation in which an impartial spectator decides on the allocation of money
between two individuals, each spectator holds a specific fairness criterion which specifies a
fair allocation of money to each of the two individuals. While a stakeholder would trade off
their fairness criterion with their own self-interest, a spectator is exclusively motivated by
their fairness criterion as self-interest cannot affect the decision of the spectator (Cappelen

et al. 2013a).
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There are two possible ways in which externalities can enter this model: First, as an addi-
tional fairness criterion that affects choices only in the presence of externalities. Second, as
an additional term in the utility function that spectators weigh against their fairness criterion
over decision makers’ own income. I choose the second option in this paper, for the following
reason: In most of the scenarios in which externalities are present, a desire to reward risk
takers and common fairness criteria contradict each other. For example, a risk taker’s own
lottery might be successful and the risk taker becomes the person with the higher income in
the pair. An inequality averse spectator who also wants to reward risk taking would then
have to weigh her desire to reward the risk taker against her desire to decrease inequality
within the pair. Depending on where she positions herself on this trade-off, she may then
either allocate the bonus to equalise incomes, allocate it to the risk taker as a reward, or
decide on a combination of these two options. I therefore assume that spectators’ fairness

criteria are independent of their desire to reward risk takers.

For a given subject, a spectator may then choose an allocation of payoff y based on the below
equation. I assume for now that there are only two subjects ¢ and j and that both subjects

face the same choice set with options a =1 and a = 0:

(vi — FE)?

V(y) = =8 oX

+0(e; — dy)y; (4.1)

Here, as in Cappelen et al. (2007, 2013a, 2016), [ is the weight attached to fairness over
earned income, F'E the share of the bonus the subject should receive based on the spectator’s
fairness criterion, and X the total available bonus. This first term of the equation is almost
identical to the model proposed in Cappelen et al. (2013a). The second term of the equation
is where externalities enter the model. It captures the weight ¢ attached to the unallocated
externalities e; generated by choosing option a = 1 over a = 0. These externalities are
assumed to be ”"unallocated” as the spectator has no information on the recipient of the
externalities when making their choice. Spectators are also assumed to account for expected
benefits in the payoffs subjects receive when choosing option a = 1 over a = 0 by reducing
the reward and, vice versa, to increase the reward as the expected cost of choosing the option

that creates the externality rises. This is captured by the term d;.
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Given the well-documented presence of outcome bias in distributive decision making (e.g.
Brownback and Kuhn 2019; Cappelen et al. 2016; Andre 2021; Konig-Kersting et al. 2021),
the value of e; and d; is likely going to vary depending on whether outcomes have already
been realised or not. Spectators may also differ in their tendency to display outcome bias.

Specifically, e; is then given as:

Elr(a; =1) — m(a; = 0)] if 7 is unknown
plr(a; =1) —m(a; =0)] 4+ (1 — p)E[r(a; = 1) — w(a; = 0)] if 7 is known
(4.2)
Here, 7 is the size of the total unallocated externalities. If 7 is unknown, e; is equal to the
difference in the expected size of the total unallocated externality m when subject ¢ chooses
option a; = 1 as opposed to a; = 0. If, however, outcomes are already realised and spectators
know the value of 7, then they may display some degree of outcome bias. This is captured
by a a value of p > 0. A spectator who displays complete outcome bias, i.e. does not take

ex ante options into account at all, has a value of p = 1. Equally, d; is given as:

p Elyi(a; = 1) — yi(a; = 0)] if y; is unknown

plyi(a; = 1) —yi(a; = 0)] + (1 — p)Elyi(a; = 1) — y;(a; = 0)] if y; is known
(4.3)

Similarly, if the actual payoff of the risk taking subject y,. is yet unknown, d; is equal to
the difference in expected payoffs y; for subject ¢+ when choosing option a = 1 as opposed to
a = 0. If, however, spectators know the outcome of the personal lottery of the risk taking
subject, then they may display again some degree of outcome bias as captured by a value
of p > 0. In practice, this suggests that spectators assess the cost of the risky decision as
lower (higher), if the personal lottery was successful (unsuccessful), and reduce (increase)

their reward accordingly.

If spectators are motivated by a particular fairness view over the own income of the decision
makers, they may follow a choice egalitarian or ex ante fairness criterion (Cappelen et al.
2013a) and decide on an even split of the bonus. Alternatively, spectators may follow an

inequality averse or ex post criterion (Fehr and Schmidt 1999) and decide to equalise out-
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comes.

To ensure that spectators can follow either of these allocation rules while also rewarding
risk-takers, the size of the windfall bonus exceeds the maximum possible level of inequality
within the pair, which equals $3.5, as well as the maximum value for e; — d;, which is $2.5.!
Given this, spectators have a large enough choice set so that I can observe interior solutions
of the proposed decision model for all subjects. The optimal choice of y for a spectator is
then given by:

y'=FE+ %(ei —d;) (4.4)

In practice, this predicts that a spectator who is motivated both, by a particular fairness
criterion and by potential externalities, would allocate to subject ¢ the amount the given
fairness criterion suggests, as well as an externality reward depending on the relative im-
portance of § over 5. I can thus estimate the reward parameter ¢ by comparing spectator

allocations between treatment and control for given values of e; and d;.

II.1 Hypotheses

The theoretical model outlined in section II allows me to make several predictions about
spectator decisions. First, if e; —d; is positive, which is the case for all decisions in which the
safe option A is equal to $1.50 or larger, then the model predicts that a spectator who has a
positive reward parameter § will increase y,., the share allocated to the subject choosing the
lottery, in the presence of potential positive externalities in the ex ante treatment condition.
Outcome bias cannot influence spectator choices in this treatment as the realised values of
m(a; = 1) — w(a; = 0) and y,(a; = 1) — y,(a; = 0) are unknown and therefore only the

expected values can influence e; and d;. These theoretical predictions lead to Hla:

Hypothesis 1a: y,, the share of the bonus allocated to the subject choosing the lottery, is

higher in the ex ante treatment than in the control condition.?

!The externality has an expected value of $1 as the $2 only realise in 50% of cases irrespective of the
outcome of the lottery. If a spectator has to redistribute between two subjects, whereby one chose the lottery
and one took $3.5, the maximum safe option available, then this implies d = —$1.5 and so e; —d; = $1+$1.5.

2That is, if the difference between the expected size of the externality and the expected personal benefit
from choosing the risky option is positive or zero. Therefore, H1 will primarily be tested for decisions where
option A > $1.
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The model further predicts that for larger values of the safe option A, the value of e; — d;
increases. This means that spectators who have a positive reward parameter § will reward
risk takers more in the presence of potential positive externalities if the expected value of

the lottery chosen decreases relative to the available safe option.® H1b follows:

Hypothesis 1b: The treatment effect in Hla increases as the value of the safe option A

increases.

As outlined in section II, an extensive literature on financial decision making as well as
distributive preferences for choices that are affected by luck, points to the importance of
outcome bias in spectator (or principal) decision making (e.g. Brownback and Kuhn 2019;
Cappelen et al. 2016; Andre 2021; Kénig-Kersting et al. 2021). Outcome bias is captured
in the theoretical model by a value of p > 0. Assuming that spectators display some degree
of outcome bias in their decision making, the model predicts a larger treatment effect on y,
when the externality realised than when it did not. That is, because spectators may not
take into account the ex-ante choice set available to decision makers, but focus mostly on

the ex-post monetary outcomes. H2a follows:

Hypothesis 2a: The ex post treatment effects in Hla and H1b are larger when the exter-

nality realised than when it did not.

Given that the probabilities of the externality realising and the lottery being successful for
the risk-taking subject are independent in the proposed experimental design, I am also able
to test whether the outcome of the personal lottery, irrespective of whether the externality
realised, affects y,., the share of the bonus allocated to the subject choosing the lottery. The
theoretical model here predicts that if p > 0, the positive treatment effect on y,, predicted
in Hla, will be larger if the personal lottery was unsuccessful compared to when it was suc-
cessful. That is, because for a positive value of p, the value of e; — d; increases if the lottery

was unsuccessful and decreases if it was successful. H2b follows:

3This effect could be nonlinear as it may be particularly strong in those cases where the expected
monetary value (EMV) of the lottery is smaller than the EMV of the safe option (when the safe option is
> $2). That is, because risk takers incur an actual cost to their own expected payoff in those instances,
which spectators may wish to compensate. For simplicity, such non-linearity is not included in the theoretical
model.
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Hypothesis 2b: The ex post treatment effects in Hla and H1b are larger when the personal

lottery was unsuccessful than when it was successful.

While not central to the main research question of this study, the first stage of the experimen-
tal design also allows me to test whether the choices made by decision makers are affected
by the potential positive externalities of the risky option. This is, in fact, a topic which has
received very little attention in the experimental literature so far. To the best of my knowl-
edge, only one paper has tested the effects of externalities on risky choices (de Oliveira 2021).
She finds that while subjects are less willing to make risky choices in the presence of nega-
tive externalities, they are not more willing to expose themselves to risk to create positive
externalities for others. Given that the externalities in her experimental design are certain,
this would suggest that subjects who are faced with only potential positive externalities, as
is the case in my design, may be even less likely to respond to these externalities with more
risk seeking behaviour. Importantly, the decision makers in this study are, however, aware of
the third stage of the experiment, and know that a spectator will judge their choices before
awarding a windfall bonus. Even though they might therefore not be motivated to choose
the risky option due to altruism (de Oliveira 2021), they may nonetheless expect spectators
to judge the risk taking behaviour favourably when positive externalities could result from

their choice. H3 follows:

Hypothesis 3: Decision makers are more risk seeking in the treatment than in the control
group.

H3 also provides a further justification for providing spectators with hypothetical as well as
real decision scenarios, given that the distribution of choices is likely to be different in the

treatment as opposed to the control group.

III Experimental Design

My basic experimental design follows in particular Cappelen et al. (2013a) by asking an
impartial spectator to decide on a fair allocation of a monetary bonus between two decision

makers. The impartial spectator frame hereby allows me to isolate distributive preferences
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by eliminating the possibility of any selfish considerations affecting the decision making.
Prior to spectators making their distributive choice, decision makers have to choose between
a lottery and a safe income. In the treatment condition, choosing the lottery does not just
yield a potentially high reward for the decision maker if successful, but might also result in
positive externalities for the participant pool. The probability of the externality realising
and the personal lottery being successful are, however, independent of each other for two
reasons: First, this aspect of the design allows for a clean estimation of the parameters of
my decision model outlined in II. Second, risky choices may also have positive externalities
even if the outcome of the choice itself is unsuccessful. In the case of entrepreneurship, an

example of this are knowledge spillovers (Acs et al. 2009).

Importantly, this positive externality will not benefit the two decision makers in the pair but
will be used to reward randomly chosen participants from other, unrelated studies. This is
a crucial aspect of the design as it allows me to hold both, expected payoffs and the degree
of inequality within pairs, constant. It also ensures that there are no strategic reasons for
decision makers to expose themselves to risk to generate the externality beyond a potential
desire to be received as altruistic by the spectators. In the experimental instructions, I also
do not refer to "externalities” at any point to avoid any positive or negative connotation

subjects may have with the word.

Finally, the expected monetary value (EMV) of the risky option is, in some decisions, lower
than the EMV of the safe option. While these risky options are strictly dominated for a risk
averse or risk neutral subject when no potential externalities are present, this aspect of the
design allows me to test whether decision makers become more risk seeking in the presence

of externalities; and, how spectators value such choices.

I depart from most existing studies by asking spectators not to redistribute the earned in-
come of the pair but to allocate an additional monetary bonus between the two decision
makers. This addresses a concern arising from the literature on distributive preferences over
income earned from different choices: Given that a substantial proportion of spectators can
be classified as acting according to a choice egalitarian or ex ante fairness criterion (e.g. Cap-

pelen et al. 2013a), one would likely observe little baseline redistribution in a design that
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asks spectators to redistribute existing earnings as opposed to distributing an additional
bonus. By asking spectators to allocate an additional monetary amount, I am therefore
able to observe the distributive preferences of all spectators. Additionally, while most of the
experimental literature on distributive preferences focuses on subjects’ choices over endow-
ments, preferences over windfall gains have been studied less. As the existence of positive
externalities means that many people’s income will, at least partly, consist of what from the
perceptive of that individual are windfalls, I focus on spectators’ distributive choices over a

windfall gain.

Stage 1: Participants recruited via Prolific Academic participate in either the control or

treatment condition that determines individual payoffs.

Control: Subjects are asked to decide between the following two options seven times,
one choice being randomly selected for payment, each time with a slightly different value
for option 1:

Option 1: $0.5/$1/$1.5/$2/$2.5/$3/$3.5

Option 2: A 50% chance to receive $4 and a 50% chance to receive $0.

Treatment: Subjects are asked to decide between the following two options seven times,
one choice being randomly selected for payment, each time with a slightly different value
for option 1:

Option 1: $0.5/$1/$1.5/$2/$2.5/$3/$3.5

Option 2: A 50% chance to receive $4 and a 50% chance to receive $0. Irrespective of
the outcome of the lottery, there is a 50% chance that an externality of $2 will generate

which will be used to reward two randomly chosen participants from other studies.

Stage 2: Participants are paired based on the procedure outlined in IV.2 and one of the
seven decisions subjects made is randomly chosen to determine payoffs. Each pair consists
of a subject that chose the lottery and a subject that chose the safe option for the randomly
selected decision. This is however unknown to subjects prior to making their choice, to en-
sure that subjects cannot make strategic decisions about the likely composition of the pair.

Importantly, only subjects within the same treatment condition are matched.
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Stage 3: Impartial Spectators, who have not participated in the first two stages of the
experiment, are asked to allocate a windfall bonus of $4 between pairs of decision makers in
one control and two treatment conditions. Each spectator makes allocation decisions in all

three conditions, but the order in which spectators see these conditions is randomized:

Control condition: Spectators allocate the $4 between pairs of decision makers from
the control group in stage 1. They receive full information of the choices made and the

resulting earnings of each decision maker.

Ex ante treatment condition: Spectators allocate the $4 between pairs of decision
makers from the treatment group in stage 1. They receive full information of the choices
made and on the resulting earnings of the decision makers but no information on whether

the externality realised or not.

Ex post treatment condition: Spectators allocate the $4 between pairs of decision
makers from the treatment group in stage 1. They receive full information of the choices
made, the resulting earnings of the decision makers, and on whether the externality

realised or not.

Figure 4.1 shows example scenarios spectators might face during the experiment. Impor-
tantly, spectators only compare the decisions of two subjects for the same choice set, i.e.,
the choices made when faced with the same safe and risky option. They also do not have

the option to communicate with the participants.

Overall, spectators make 20 such allocation decisions - 5 in the control condition, 5 in the
ex ante treatment condition, and 10 in the ex post treatment condition - with 19 being
hypothetical and one resulting in actual payoffs for a participant pair. Spectators however

do not know which of the allocation decisions will result in actual payoffs when making their

decisions.*

4This method is commonly used in experimental designs to increase the number of observed choices
without affecting the behaviour of the subjects (Charness et al. 2016).
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Figure 4.1: Example Spectator Scenarios in Control & Treatments
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Notes: These figures illustrate example screens spectators face during the experiment. The top left panel shows a control

condition scenario, the top right panel shows an ex ante treatment condition scenario, and the two bottom panels show ex post

treatment scenarios with different outcomes for the lottery over the externality. For comparability, the personal lottery decision

makers faced and its outcome is identical and positive in all four cases.
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IV Results

The main experiment was conducted via Prolific Academic in July 2022 with a total sample
size of 180 spectators and 360 decision makers. The experimental design and all tests con-
ducted in the following analysis were pre-registered via the American Economic Association
registry for Randomized Controlled Trials with RCT ID AEARCTR-0009701.5 The average
time subjects took to complete the experiment was 15.64 minutes. The average earnings

were $5.52, which corresponds to an average hourly rate of $21.18.

IV.1 Prosocial Risk-Taking

Before analyzing spectator choices, I first turn to the results of the decision maker stage.
Figure 4.2 reports the proportion of decision makers choosing the risky option for a given
value of the safe option. The blue bars indicate the amount of risk taking in the control
conditions and the green bars the corresponding amount of risk taking in the treatment
condition. In both conditions, decision makers become decreasingly likely to choose the
risky option as the value of the safe option increases. This preliminary result is encouraging
as it indicates decision makers understand the choices they are asked to make and rationally
decrease their risk taking as the relative benefit of doing so also decreases. A share of 11.61%
of decision makers in the control condition always choose the safe option, while none choose
the risky option throughout. On average, decision makers in the control group are risk

averse.

As figure 4.2 illustrates, the proportion of decision makers choosing the risky option in the
treatment condition increases significantly for all values of the safe option compared to the
control condition. This difference is also statistically significant in the aggregate (p<0.001)
in a Pearson’s chi-squared test. The results of the first stage of the experiment therefore

provide strong support for hypothesis 3:

Result 1: Decision makers are significantly more likely to take risk in the treatment than

in the control condition.

5The pre-analysis plan can be accessed at the AEA registry and in appendix VI.4.
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Figure 4.2: Proportion of decision makers choosing the risky option (EMV=§2)
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Notes: The figure reports the proportion of decision makers choosing the risky option with an expected value of $2, given the
amount of the safe option and treatment condition. For example, ”C: $1” reports the proportion of decision makers choosing
the risky option with EMV=8$2 if the safe option is equal to $1 and there is no possibility to generate externalities. Significance
levels indicate the results of simple t-test. *** p<0.01, ** p<0.05 , * p<0.1.

Table 4.1a in appendix section VI.1 reports a balance test by random treatment assignment
of decision makers. As not all variables are perfectly balanced between the two samples,
table 4.1b also reports treatment effects controlling for those unbalanced variables. Result
1 is robust to all of the conducted tests. In fact, the unbalanced variables actually make it
less likely that a treatment effect would be observed. Therefore, the reported result is likely

an underestimate of the true first stage treatment effect.

IV.2 Spectator Allocation Decisions

Figure 4.3 summarises the mean share of the bonus allocated to the risk-taking subject by
treatment condition. While spectators allocate, on average, $1.95 to the risk-taker in the
control condition, this value increases to $2.10 in the ex ante and ex post treatment condi-
tions. The differences between the control and respective treatment conditions are highly
statistically significant. The right part of figure 4.3 restricts the same analysis to those

scenarios where the safe option was larger than $1. As outlined in section II.1, the theoret-
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Figure 4.3: Share allocated to risk taker by treatment
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Notes: The figure reports the share of the total bonus of $4 allocated to the subject who chose option B by treatment condition.
The figure on the left includes all scenarios while the figure on the right includes only those scenarios where the safe option was
larger than $1. Significance levels indicate the results of non-parametric Wilcoxon rank-sum tests. *** p<0.01, ** p<0.05 , *

p<0.1.

ical framework predicts a positive treatment effect primarily if the difference between the
expected size of the externality, which equals $2, and the expected personal benefit from
choosing the risky option, is positive or zero. That is, because choosing the lottery in sce-
narios where the safe option is equal to $1 or less is a strictly dominated choice for a risk
neutral decision maker even if the potential externalities are taken into account. Spectators

may therefore not consider such decisions as prosocial risk-taking.

In line with this prediction, the treatment effect on the mean share of the bonus allocated
to the risk-taker is also larger in the right panel of figure 4.3. Here, spectators allocate,
on average, $1.98 to the risk-taker in the control condition, $2.19 to those in the ex ante
treatment condition, and equally $2.19 to those in the ex post treatment condition. On
average, risk takers therefore receive more than half of the bonus in the treatment condition
in scenarios where the safe option is larger than $1. These treatment effects are again highly

statistically significant and provide support for Hypothesis 1a:
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Result 2: The share of the bonus allocated to the subject choosing the lottery is signifi-

cantly higher in both treatment conditions than in the control condition.

While hypothesis 1a only focused on the comparison between the control and ex ante treat-
ment conditions, the main result also holds for the ex post treatment condition. In fact,
the difference between the ex post and ex ante treatment conditions is insignificant in both
panels of figure 4.3. This main finding is also robust to various additional tests reported
in section VI.2 of the appendix. Specifically, the treatment effect is stronger if spectators
are more confident in their allocation decision and if they performed better when answer-
ing the understanding questions in the beginning of the experiment. They are also robust
to including a large number of control variables as reported in table 4.2d of the appendix.
Although it is not entirely obvious that the order in which spectators make their allocation
decisions should matter, table 4.1c in appendix section VI.1 reports a balance test by the
first treatment condition block spectators were randomly assigned to see. As not all vari-
ables are perfectly balanced between those three groups of spectators, table 4.1d also reports
treatment effects controlling for those unbalanced variables. The results are robust to all of

these additional specifications.

As outlined in the theoretical framework, hypothesis 1b predicts that the treatment effect
increases as the value of the safe option increases. That is, because the opportunity cost of
choosing the lottery also increases for the risk-taking subject. Table 4.1 reports treatment
interaction effects with the level of the safe option. Given that the theoretical framework
predicts that the treatment effect should primarily be observed as the value of the safe option
increases above $1, the results are reported for the full set of scenarios and for those with
the safe option above $1 specifically. All the coefficients in table 4.1 are highly significant
and positive, suggesting that the treatment effect increases as the value of the safe option in-
creases. The coefficients are somewhat smaller when focusing only on those scenarios where
the value of the safe option is above $1, but this difference is not statistically significant. Us-
ing the smaller estimates, these results suggest that as the value of the safe option increases
by $0.50, the share of the bonus allocated to the risk taker increases, on average, by $0.14.

In other words, 28% of the increase in the safe option is, on average, given as a bonus to the
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Table 4.1: Treatment interactions with level of safe option

Full Results Above $1
Ex Ante Ex Post Ex Ante Ex Post
Treatment x Level 0.157*** 0.154%*** 0.137%** 0.133***
(0.022) (0.019) (0.031) (0.029)
Constant 1.788*** 1.788%** 1.848%*** 1.848%**
(0.039) (0.039) (0.072) (0.072)
Observations 3,700 3,700 2,641 2,641

Notes: Estimates come from linear regressions. A one unit increase in the level of the safe option equals an increase of $0.50.
Robust standard errors are presented in parentheses. *** p<0.01, ** p<0.05 , * p<0.1.

risk taker.

Result 3: The increase in the share of the bonus given to the risk taker in the treatment

conditions increases as the value of the safe option A increases.

Figure 4.4 provides a further, and more detailed, visual test of this hypothesis. The blue line
indicates the average share of the bonus given to the risk-taking subject by different values
of the safe option A. The light green line does the same for the ex ante treatment and the

dark green line for the ex post treatment. Shaded areas indicate 95% confidence intervals.
While the two treatment condition lines overlap quite closely for all values of the safe option
A, the control condition values are lower for almost all values of the safe option. Interest-
ingly, there does not appear to be a linear increase in the difference between the control and
treatment values. The values appear mostly indistinguishable until the safe option equals
$1.5. At this point, the share allocated to the risk taker in the control condition drops sig-
nificantly compared to the treatment conditions. The difference then becomes insignificant
again at $2 but remains weakly significant and mostly stable until the safe option equals
$3.5. Most of the interaction effect reported in table 4.1, therefore, appears to be driven by

the increase in the treatment effect after the safe option increases to $1.5.

IV.2.1 Outcome Bias over Lottery and Externalities

As outlined in section II, my theoretical framework predicts that outcome bias will show

up twofold in spectators’ allocation decisions: First, as outcome bias over externalities, and
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Figure 4.4: Increase in share allocated to risk taker by treatment
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Notes: The figure reports the share of the total bonus of $4 allocated to the subject who chose option B by treatment condition
for each value of the safe option A. As in all figures, the blue line corresponds to the control condition, the light green line

corresponds to the ex ante treatment condition and the dark green line corresponds to the ex post treatment condition.

second, as outcome bias over personal lottery outcomes. Specifically, hypothesis 2a predicts
that the treatment effect found previously will be larger if the positive externalities realised
compared to if they did not. Hypothesis 2b predicts that the effect will also be larger if
the personal lottery of the risk-taking subject was unsuccessful as opposed to successful. In
other words, while spectators may reward prosocial risk-taking in itself, this reward is ex-
pected to be larger if the positive externalities actually realised and if the risk-taking subject
was unlucky in their personal lottery. Table 4.2 provides a first test of these predictions
focusing only on the ex post treatment, where outcomes are known. The coefficients are
interaction effects of an observation being in the ex post treatment condition as opposed to
the control and a particular outcome. Focusing first on whether the externality realised or
not, the coefficients show significant outcome bias in the share allocated to the risk taker.

If the externality realised, risk takers are rewarded with, on average, $0.23 more in the ex
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Table 4.2: Ex Post treatment effect interactions with outcomes

Amount allocated to Risk-Taker

Externality Lottery
v’ X v’ b'e
Treatment x Outcome 0.225%** 0.049* 0.165%** 0.156%**
(0.049) (0.049) (0.056) (0.059)
Constant 1.947%** 1.947%** 1.656%** 2.233%**
(0.034) (0.034) (0.045) (0.049)
Observations 2,775 2,775 2,775 2,775

Notes: Estimates come from linear regressions. Treatment x Outcome reports coefficients for interactions between the ex post
treatment condition and particular outcomes, such as the externality realising (v) or not (x), and the personal lottery of the
risk-taker being successful (\/) or not (x). Robust standard errors are presented in parentheses. *** p<0.01, ** p<0.05 , *

p<0.1.
post treatment condition compared to the control condition. This is a 12% increase on the
reward risk-takers receive in the control condition. If the externality however did not realise,
there is no conventionally significant increase in the reward allocated to the risk-taker in the
ex post treatment condition compared to the control condition. This means that a decision
maker who took a personal risk that could have created positive externalities but by chance
did not, is rewarded the same as a decision maker who took a personal risk with no possible

benefit for others. This finding provides strong support for H2a:

Result 4: The treatment effect is significantly larger and only statistically significant if the

externality realised ex post.

Moving to the interaction effects between the ex post treatment and the outcome of the
personal lottery, there is no evidence of outcome bias. While there is a positive treatment
effect for both potential outcomes of the personal lottery, this effect is not significantly larger
or different in the scenarios where the personal lottery did not realise. In fact, if anything,
the treatment effect is somewhat larger if the personal lottery did realise; however, the two
coefficients are not significantly different from each other. This result suggests that, contrary
to the predictions of the theoretical framework, a decision maker who took a personal risk
that could have created positive externalities for others, does not get compensated more if

the personal risk did not pay off, relative to a decision maker who took a personal risk with
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no possible benefit for others.® Hypothesis 2b can therefore not be supported:

Result 5: The treatment effect is not significantly larger if the personal lottery was unsuc-

cessful ex post; if anything, it is somewhat smaller.

In summary, the main results suggest that the possibility to generate positive externalities
significantly increases prosocial risk taking and that, on average, spectators reward proso-
cial risk-takers by increasing the reward they allocate to them by 8%. This reward also
increases, as the personal cost of prosocial risk-taking increases. However, if outcomes are
already known, spectators only reward those risk-takers who, by chance, actually gener-
ated positive benefits for others. Prosocial risk-takers who did not generate externalities
by chance but faced the same choice set ex ante, get rewarded the same as risk-takers in
the control condition where externalities could not be generated at all. Spectators also, on
average, do not compensate prosocial risk-takers more than risk-takers in the control group
if the personal risk did not pay off. In the following, I will test how to best organise the data
at the individual-level and whether beliefs of spectators can explain the distributive choices

made.

IV.3 Reward Types and Fairness Criteria

The within-subject design of the experiment allows me to estimate spectator-level treat-
ment effects and reward types to gain a better understanding of how potential externalities
affect distributive decision making. Figure 4.5 reports distributions of these individual treat-
ment effects for the ex ante as well as the ex post treatment, divided into scenarios where
the externality realised and those where it did not. Each value is calculated by comparing
a spectator’s choices between scenarios in the control and treatment conditions which are
identical in the level of the safe option and the outcome of the lottery for the risk-taking

subject. The difference in the share given to the risk-taking subject between the respec-

6Tt should be noted that the comparison of the treatment x outcome interactions is not identical here to
that for the outcomes over the externality. That is, as there was no possibility for externalities to generate in
the control condition and so the comparison in the first two columns is each to the control condition where
no externalities are present. On the other hand, column three and four each report the treatment x outcome
interaction effect compared to the same outcome in the control condition. This technical difference is however
not relevant for the interpretation of the results.
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tive treatment and control scenarios is then averaged separately for each spectator and the
resulting individual-level treatment effects are reported in the figure. The red dotted line

reports the average individual-level treatment effect.

The distributions of individual-level treatment effects show a similar pattern for each of the
three treatment scenarios. A bit less than half of all spectators have an individual-level
treatment effect of zero in each treatment scenario. The remaining majority of spectators
show striking heterogeneity in how they reward prosocial risk-taking, with individual-level
treatment effects ranging from -$4 to +$4. As reported previously in the main results, there
is a positive average treatment effect in the ex ante treatment and in the ex post treatment
if the externality realised. There is, on average, no treatment effect in the ex post treatment
if the externality did not realise. The red dotted line indicating the average is here almost

exactly at $0.

IV.3.1 Reward Types

The individual-level treatment effects for each spectator further allow me to organise specta-
tors into reward types. Given that this paper is a first experimental test of how externalities
affect distributive choices, this is also the first attempt at specifying such reward types.
Each reward type proposed below can be modeled using the theoretical framework outlined

previously by adjusting the reward parameter ¢ and the outcome bias parameter p.

Table 4.3 reports the share of spectators who can be classified as a particular reward type
and the average bonus share given to the risk-taker by treatment condition for each type.
The table also reports the share of spectators within each group of reward types who can be
classified as choice egalitarian or inequality averse based on their control decisions. Finally,
the table reports the average level of confidence spectators of a particular type indicated to
have when making their distributive choices in the treatment scenarios.

Consistent with the heterogeneity in individual-level treatment effects reported in figure 4.5,
there is also substantial heterogeneity in reward types. At least five distinct types can be
identified with a substantial share of spectators within each category. About 13% of specta-

tors do not reward prosocial risk-taking at all and have an individual-level treatment effect
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Figure 4.5: Distribution of Individual-level Treatment Effects
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Notes: Each figure displays a density plot of individual-level treatment effects of all spectators by treatment condition. The ex
post treatment condition is divided into scenarios where the externality realised and those, where it did not. Spectator-specific
treatment effects are equal to the average difference in the absolute share of the bonus given to the risk-taker comparing control

and treatment conditions where the safe option and the lottery outcome are identical.

of zero across all treatment conditions. A larger share, about 18% of spectators, always
reward prosocial risk-taking, irrespective of whether the decision is made ex ante or ex post
and whether the externality actually realised ex post. 13.50% of spectators only reward
prosocial risk-taking ex ante. This group of spectators even has a slightly negative average
treatment effect in the ex post scenarios. The largest share of spectators, about 20.50%,
can be classified as rewarding success as they have a positive individual treatment effect in
the ex post scenarios where the externality realised. This group also has a negative average
treatment effect for scenarios where the externality did not realise, suggesting that these
spectators even punish prosocial risk-takers who were unsuccessful in generating the exter-
nality. The size of this negative average treatment effect is more than twice as large as the

main treatment effect reported in figure 4.3. About 15% of spectators behave in exactly the
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Table 4.3: Reward Types

Avg. Bonus Avg. Bonus Avg. Bonus Choice Inequality
Spectator Share Ei Ante Ef Post 0 Ef Post 1 Egalitarian Averse) Confidence
Always Zero 12.97% 0.00 0.00 0.00 54.17% 16.67% 8.34
Always Positive 18.38% 1.15 1.10 1.15 2.94% 29.41% 7.42
Ex Ante Only 13.51% 0.84 -0.69 -0.22 12% 16% 7.93
Success Reward 20.54% 0.17 -0.43 0.76 13.16% 26.32% 7.36
Failed Reward 12.97% 0.01 0.73 -0.31 8.33% 45.83% 7.08
No Type 21.62% -0.46 -0.02 -0.07 10% 40% 7.66

Notes: Reward Types are based on individual-level treatment effects for the ex ante condition, ex post condition where the
externality realised, and the ex post condition where the externality did not realise. Choice Egalitarian and Inequality Averse
report the share of spectators that follow either fairness criteria with 80% consistency in the control. Here, Inequality Averse
refers to weak inequality aversion as specified in table 4.4. Confidence reports the average level of self-reported confidence in
the distribution decisions within all treatment conditions.

opposite way and reward prosocial risk-takers ex post if the externality did not generate,
but do not reward them if it did generate. Finally, a bit less than 22% of spectators cannot
be categorised into any of the previously mentioned reward types. This group of spectators
appears to reward prosocial risk-takers less in the ex ante than in the control condition, but
appear to have an individual-level treatment effect of around 0 in the ex post conditions.
While, on average, prosocial risk-taking is therefore rewarded primarily in the ex ante and
ex post treatment if the externality generated, these main results conceal significant hetero-

geneity in reward types across spectators.

Table 4.3 also reports interesting heterogeneity in fairness criteria over earned income across
reward types. Specifically, the majority of spectators who never reward prosocial risk-taking
are also choice egalitarians in the control condition. On the other hand, almost half of all
spectators who reward prosocial risk-takers if the externality did not realise are inequality
averse in the control condition. The largest group of spectators who can be classified as a
reward type, those who reward prosocial risk-taking if the externality realised, do not show a
distinct pattern in their fairness criteria. If anything, these spectators seem to be less likely

to be inequality averse than most of the others.

IV.3.2 Consistency of Fairness Criteria

As discussed in section II, spectators are assumed to follow a personal fairness criterion
over earned income in the control condition which they trade-off against a desire to reward

prosocial risk-takers in the treatment conditions. This suggests that the share of spectators
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who can be classified as following particular fairness criteria over earned income should be
lower in the treatment as opposed to the control scenarios, as spectators are motivated by

more than their personal criteria in the treatment conditions.

Table 4.4 reports the number of subjects who follow a particular fairness criterion in the
control condition as well as the share of those subjects who are consistent in following
this criterion across treatments. A spectator is classified as following a particular fairness
criterion if at least 80% or 60% of the decisions within a treatment condition are made in
line with the particular criterion. This translates to at least four or three of five decisions
in the control and ex ante condition and at least eight or six of ten decisions in the ex post
condition, respectively. Out of a total of 185 spectators, 28 spectators can be classified as
being choice egalitarians in 80% of control condition scenarios. This number increases to 52
if the consistency requirement is reduced to 60%. Much fewer spectators can be classified
as strictly inequality averse, meaning that they equalise outcomes. 14 and 18 spectators
follow this criterion under the 80% and 60% consistency, respectively. As strict inequality
aversion is somewhat difficult to implement correctly, given that spectators have to calculate
how much of the $4 bonus each decision makers would have to receive, I also test for the
consistency of weak inequality aversion. This preference is specified as simply giving more to
the decision maker who initially has lower earnings and is therefore much easier to implement.
Here, 41 and 87 spectators can be classified as following weak inequality aversion in their
decision making under the 80% and 60% consistency requirement, respectively.

As table 4.4 illustrates, on average, the consistency across all three criteria decreases from
control to the ex ante and then to the ex post treatment condition. In most cases, less
than half of those who follow a particular criterion in the control condition are consistent in

following this criterion across all treatment conditions.

Table 4.1e in the appendix provides an analysis of demographic variables associated with
holding particular fairness criteria in the control group and table 4.2¢ estimates treatment
effects by fairness criteria in the control condition. This second analysis suggests that only
spectators who can already be classified as holding a fairness criterion in the control condition

react to the treatment by increasing their reward given to the risk taker. This provides
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Table 4.4: Consistency of fairness criteria

Fairness criterion
Choice Egalitarian Strict Inequality Aversion Weak Inequality Aversion

80% consistency

Ex Ante 64.29% 50.00% 54.55%
Ex Post 60.71% 50.00% 43.64%
Full 53.57% 28.57% 27.27%
Control 28 14 41
60% consistency

Ex Ante 59.62% 50.00% 66.67%
Ex Post 53.85% 55.56% 72.41%
Full 44.23% 38.89% 51.72%
Control 52 18 87

Notes: The percentages indicate the share of spectators who followed a particular criterion in the control condition and also
followed that criteria in one or both of the treatment conditions. Strict inequality aversion means that spectators equalised
ultimate payoffs while weak inequality aversion means spectators gave more to the decision maker who had a lower initial
payoff.

further support for a theoretical model in which spectators, on average, trade-off a fixed

fairness criterion with a positive reward parameter.

IV.4 Spectator Beliefs

To better understand the main treatment effects, spectators were also asked why they be-
lieved decision makers chose the safe or risky option, and what they believe to be the effects
of the generated externality for the participant pool. Additionally, they were asked to pro-
vide incentivised estimates of the number of decision makers who chose the risky option for
each given value of the safe option. Appendix VI1.2.3 reports the full results of these belief

elicitations.

Figure 4.6 reports incentivised spectator beliefs about the share of decision makers who chose
the risky option for each given level of the safe option by treatment condition. Although
spectators believe decision makers were significantly more likely to choose the risky option
in the treatment than control condition, these differences are, in fact, much smaller than the
actual differences in decision maker choices reported in figure 4.2. Most strikingly however,

when comparing these two figures, is that spectators vastly underestimate how much deci-
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sion makers respond to the opportunity costs of risk-taking at the different levels of the safe
option A. While the difference in the share of decision makers who chose the risky option
in the scenario with a safe option of $0.5 compared to the scenario with the safe option of
$3.5 is 88.52% in the control and 86.98% in the treatment condition, spectators estimate
these same differences to only be equal to 22.83% and 26.54%, respectively. Spectators
underestimate the likelihood of decision makers taking risk when the opportunity cost of
doing so is low but also overestimate the likelihood of decision makers taking risk when the
opportunity cost is high. Importantly, this is the case for the control as well as treatment
conditions. On average, spectators estimate the average first-stage treatment effect to be an
increase in risk-taking of 5.98 percentage points, while the actual increase in risk-taking is

10.26 percentage points, almost twice as large.

Figure 4.6: Spectator Beliefs about share of risk-taking decision makers by treat-
ment condition
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Notes: The figure reports the share of decision makers spectators believe chose the risky option B, given the amount of the safe
option and treatment condition. For example, ”C: $1” reports the share of decision makers spectators belief chose the risky
option if the safe option was equal to $1 and there was no possibility to generate externalities. Significance levels indicate the

results of simple t-test. *** p<0.01, ** p<0.05 , * p<0.1.

Taken together, these findings suggest that spectators (1) underestimate how strongly deci-
sion makers take opportunity costs into account and (2) underestimate how strongly decision

makers react to the possibility to generate positive externalities for others. This implies that
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the main results likely underestimate the treatment effect one would observe if spectators
were well-informed about decision makers’ choices. Given that spectators do not personally
benefit from allocating less of the bonus to risk-takers and receive additional rewards if the
provided estimates are correct, it is also unlikely that these beliefs are motivated in some

way.

A question naturally following from the previous findings is what spectators believe to be
decision-makers’ motives in choosing the risky option. Here, incentivising responses is, of
course, not possible as there is no way to identify decision-makers true motives. Figure 4.7,
therefore, provides the results of a non-incentivised belief elicitation. Spectators were asked
to state why they believe some decision makers chose the risky option B. For comparability,
they were asked to select one of multiple options they most agreed with. The left panel of
figure 4.7 reports the share of spectators who selected the option ”To maximise their own
payoft” by treatment condition. The right figure does the same for the option ”To generate

the additional $2 for the other participants”. These two statements

Figure 4.7: Spectator Beliefs about why decision makers took risk
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Notes: Spectators were asked why they think some participants chose the risky option B. The left figure reports the share of
spectators who selected the option ”To maximise their own payoff” by treatment condition. The right figure does the same
for the option ”To generate the additional $2 for the other participants”, which was however only an option in the treatment

conditions.
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are the only statements on which spectator beliefs differ significantly between control and

treatment conditions.”

As figure 4.7 illustrates, spectators are significantly less likely to believe decision makers want
to maximise their own income by taking the risky option in the treatment as opposed to the
control condition. This seems to be explained by some spectators believing that the main
reason decision makers took the risky option was to generate the externality for others in the
treatment conditions. This suggests that the treatment effect, on average, might be driven
by a change in the motives spectators believe risk-takers to have when choosing the risky
option. While not statistically significant, it is also interesting to note that this difference
on both measures is larger between the control and ex ante conditions as opposed to the

control and ex post conditions.

Finally, spectators were also asked which attributes of the scenarios they took into account

when making their allocation decisions. Here, they were asked to allocate a total of 100

Figure 4.8: What mattered to your allocation decision? - 100 points
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Notes: Spectators were asked to allocate 100 points between a selection of attributes depending on the significance of the
attributes for the spectator’s decision maker in each treatment condition. The left figure reports the average points allocated
to the attribute ”Inequality between participants” by treatment condition while the right figure does the same for the attribute

”The choices participants made”.

"The full results of this belief elicitation can be found in appendix VI.2.3.
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points across multiple options. The full results of this elicitation can be found in appendix

VI.2.3.

Figure 4.8 reports the average points allocated to two options: The left panel of the figure
reports the results for the attribute ”Inequality between participants” while the right panel
does the same for the attribute ”The choices participants made”. These two options were
specifically designed to test for inequality aversion and choice egalitarianism in spectator
reasoning. While there appears to be a drop in the points allocated to " The choices partici-
pants made” between the control and treatment conditions, this difference is not statistically
significant. The points allocated to ”Inequality between participants” are strikingly consis-

tent across treatments.

In line with the discussion in section III, these findings provide further support for the theo-
retical assumption that spectators trade-off their fairness criterion with their desire to reward

prosocial risk-taking.

V Conclusion

Rewarding prosocial risk-taking may be a crucial strategy to address societal challenges such
as the climate emergency. The aim of this paper has been to provide a theoretical framework
and first experimental test of how prosocial risk-taking, and potential externalities more
broadly, affect distributive decision making. The results of this paper suggest that individuals
do, in fact, reward prosocial risk-taking. On average, spectators increase the share of the
bonus allocated to the risk-taker from 49% to 53% if risk-taking potentially generates positive
externalities for others. The treatment effect also increases as the opportunity cost of taking

risk increases.

This main treatment effect however masks outcome bias and substantial heterogeneity in
distributive decision-making. While individuals reward prosocial risk-taking if outcomes are
unknown; they only reward successful prosocial risk-takers ex post and do not compensate
unlucky risk-takers who took on prosocial risk. That is, despite the fact that individuals

are more likely to believe that risk-takers have altruistic motives when there are potential
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positive externalities resulting from taking the risk. At least five distinct reward types of
spectators can also be identified, the largest group consisting of spectators who only reward

prosocial risk-taking if successful.

These results have potential implications for both, policy making and economic theory. If
prosocial risk-taking is a behaviour societies wish to reward, then the results of this paper
suggest that support for such policies will likely be unstable. While a large share of people
may have a preference to reward prosocial risk-taking ex ante, on average, a policy in line
with this preference will likely lose support ex post, if the potential positive externalities did
not realise. Important questions for further research are therefore whether this instability
in policy support has effects on the prevalence of prosocial risk-taking itself and whether
there are ways to reduce the outcome bias in people’s preferences over rewarding prosocial

risk-takers.

Finally, the results of this paper demonstrate the importance of a dimension of distributive
decision-making which has, so far, not received much attention: Externalities. This paper has
looked at prosocial risk-taking, which focuses on stochastic choices and positive externalities.
Often, externalities, however, also have negative implications for overall welfare and can affect
distributive decision-making in deterministic settings. The size and type of externalities
might also be important to distributive choices and their relevance might vary across different
reward types. There is, therefore, a lot of scope for future research on the role of externalities
in distributive decision making. The aim of this paper has been to provide a theoretical
framework and an experimental design which can be adapted to study many more aspects

of externalities in distributive decision-making.
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V1 Appendix

VI.1 Descriptive Analysis of Experimental Data

VI.1.1 Balance Test of First Stage Treatment Assignment

Although decision makers are not the primary subjects of the experiment, table 4.1a reports
a balance test for decision makers in the first stage of the experiment by random treatment
assignment. Detailed descriptions of each variable can be found in appendix VI.3. Interest-
ingly, quite a few variables are not properly balanced in the decision maker sample despite
the random assignment. Specifically, decision makers in the treatment group are more likely
to be female, less likely to have studied economics at university, somewhat less likely to be

black or African-American, and display slightly less ambiguity aversion.

To test whether prosocial risk-taking in the first stage is driven by any of these underlying
demographic differences between the samples, table 4.1b reports the results of simple and
logit regressions with the switch point of decision makers as the outcome variables. The
switchpoint is hereby defined as the level of the safe option at which decision makers moved
from the risky to the safe option in the first two models and as a dummy variable dependent
on whether the decision maker switched before or after the safe option is equal to $2. This
binary specification of the switchpoint aims to capture risk-seeking behaviour within the

personal lottery decision.

The results of these regressions show that the main first stage treatment effect is robust
to adding the required control variables based on the balance test in table 4.1a. Decision
makers in the treatment group are significantly more likely to switch to the safe option at a
higher level of the safe option A, and are also substantially more likely to display risk neutral
or risk seeking behaviour by switching at a level of the safe option above $1.50. On average,
the highly significant coefficient of 0.862 in the full model suggests that decision makers in
the treatment group switch almost one level later than decision makers in the control group,

even when accounting for the unbalanced variables in the sample.
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Table 4.1a: Balance Test by treatment assignment of decision makers

Control  Treatment  t-statistic

Demographics
Age 40.37 40.37 -0.009
(13.78) (14.09) (2,518)
Gender 0.61 0.45 7.83%%*
(0.49) (0.50) (2,469)
Education 4.40 4.47 -1.07
(1.47) (1.47) (2,497)
Income 54,960 58,665 -1.81%*
(50,040) (47,334) (2,469)
Employment 0.70 0.66 2.09**
(0.46) (0.47) (2,518)
Economics 0.47 0.35 5.59%%*
(0.02) (0.01) (2,518)
Ethnicity
American Indian or Alaska Native 0.00 0.00 -1.90*
(0.00) (0.00) (2,518)
Asian 0.10 0.12 -1.76*
(0.30) (0.33) (2,518)
Black or African-American 0.16 0.11 3.35%**
(0.36) (0.31) (2,518)
Native Hawaiian or Pacific Islander 0.00 0.00 -1.90*
(0.00) (0.06) (2,518)
Spanish, Hispanic or Latino 0.07 0.05 1.90*
(0.26) (0.23) (2,518)
White 0.72 0.73 -0.52
(0.45) (0.44) (2,518)
Preferences
Risk seeking 4.78 4.72 0.60
(2.18) (2.48) (2,518)
Ambiguity aversion 16.63 15.66 4.10%**
(5.72) (5.56) (2,518)
Left-Right Placement 3.65 3.55 0.78
(2.76) (2.83) (2,462)
Party affiliation
Democrats 0.61 0.63 -0.76
(0.49) (0.48) (2,518)
Republicans 0.18 0.20 -1.28
(0.38) (0.40) (2,518)
Other 0.11 0.12 -0.21
(0.32) (0.32) (2,518)
2020 Vote
Joe Biden 0.57 0.54 1.13
(0.50) (0.50) (2,518)
Donald Trump 0.17 0.16 0.80
(0.38) (0.37) (2,518)
Other 0.02 0.03 -1.42
(0.13) (0.16) (2,518)
Didn’t vote 0.21 0.22 -0.31
(0.41) (0.41) (2,518)

Notes: Table reports the mean values for decision makers based on treatment group assignment. Detailed
descriptions of each variable can be found in appendix section VI.3. Asterisks indicate significant differences
in mean values between samples from a simple test of significance (with degrees of freedom in parentheses).
Standard deviations are below the means, in parentheses. *** p<0.01, ** p<0.05 , * p<0.1.

250



When looking at the treatment effects interacted with each of the unbalanced variables,
some interesting patterns emerge. Although male decision makers react more strongly than
female decision makers to the treatment by switching later in the individual interactions
model, this is not robust to any of the other specifications. Decision makers who studied
economics at university, however, are more likely to switch at a later point in the treatment
group in both interaction models. They are no more likely to become risk neutral or risk
seeking in the treatment group though. The opposite pattern can be observed for black and
African-American decision makers. They are substantially more likely to become risk neutral
or risk-seeking when risk-taking leads to potential positive externalities for others, compared
to other ethnicities. Finally, ambiguity aversion does not seem to have a substantial impact

on the treatment effect.

Table 4.1b: Prosocial Risk-taking of Decision Makers with Controls

Full Results Above $1.50
Indv. Full Indv. Full
Interacted Interacted Controls Interacted Interacted Controls
Treatment - - 0.862%** - - 0.659***
- - (0.185) - - (0.249)
Male 0.516%** 0.230 0.336* 0.255 0.029 0.064
(0.195) (0.229) (0.187) (0.237) (0.268) (0.226)
Economics 0.777F** 0.670%** 0.297 0.438* 0.351 0.074
(0.221) (0.248) (0.191) (0.253) (0.288) (0.233)
Black 0.774** 0.520* 0.131 1.201*** 1.103** 0.580*
(0.312) (0.309) (0.250) (0.428) (0.438) (0.320)
Ambiguity 0.027*** 0.008 -0.025 0.022* 0.010 -0.009
(0.010) (0.011) (0.016) (0.012) (0.014) (0.020)
Constant - 3.616%** 3.481*** - -0.746*** -0.893**
- (0.136) (0.332) - (0.174) (0.414)
Observations 326 326 322 358 358 353

Notes: Estimates come from linear regressions. Models 1 and 4 report results from individual regressions with interactions
between the specific control variable and the treatment. Models 2 and 5 report results from one model in which the treatment
is interacted with each control variable separately. Models 3 and 6 report a simple model in which the variables are added as
control variables. Robust standard errors are presented in parentheses. *** p<0.01, ** p<0.05 , * p<0.1.

Given that decision makers in the treatment group are more likely to be female, less likely
to have studied economics, and less likely to be black or African-American, these results
actually indicate that the first stage treatment effect reported in the main text is most likely
an underestimate of the true treatment effect. That is, as each of these demographic groups

more present in the treatment than control group also react less strongly to the treatment.
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VI.1.2 Balance Test of Second Stage Treatment Assignment

As the second stage of the experiment consists of a within subject design, whereby specta-
tors see all three treatment conditions but in randomised order, a balance test by treatment
assignment cannot be conducted. However, to test whether the randomised viewing order
is correlated with any demographic variables, table 4.1c reports the results of a balance
test by the first treatment condition spectators were randomly assigned to. This can be
conducted as spectators made allocation decisions in randomly ordered treatment blocks.
In other words, spectators, for example, first made five allocation decisions in the control
scenario, then five in the ex ante, and then ten in the ex post treatment condition. The table
therefore reports the results of a balance test based on the first randomly shown treatment
block. The significance tests are always conducted between the control and the respective

treatment conditions.

Similarly to the random treatment assignment of decision makers, there are multiple demo-
graphic variables which are correlated with the randomly assigned first treatment condition
spectators saw. However, only some are significantly different in both, the ex ante and ex
post conditions, compared to the control. Given that the primary concern about the viewing
order would be that being informed of the potential treatment externalities before complet-
ing the control condition might bias results, this aggregate comparison between seeing either
of the treatment as opposed to the control condition first seems most important. Specifi-
cally, spectators who first completed either of the treatment conditions were more likely to
be female, more highly educated, very slightly more likely to be asian and spanish, hispanic,
or latino, somewhat more likely to place themselves further towards the right of a political
left-right scale, somewhat less likely to have voted for Joe Biden, and more likely to not have
voted at all in the 2020 election. Simiarly to table 4.1b, table 4.1d reports the results of
simple regressions with the absolute share of the bonus allocated to the risk taking subject

as the outcome variable.

The first result to note is that the main treatment effects are robust to including all the
variables as controls that are unbalanced in the sample. Additionally, none of the variables

show a consistent treatment effect interaction across all the reported models.
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Table 4.1c: Balance Test by first treatment condition of spectators

Control Ex Ante t-statistic = Ex Post  t-statistic

Demographics
Age 39.27 40.20 -1.52 41.67 -4.20%**
(14.20) (15.59) (2,358) (14.89) (2,598)
Gender 0.46 0.32 6.91%%* 0.37 4.52%**
(0.50) (0.47) (2,318) (0.48) (2,598)
Education 4.06 4.62 -9.74%%* 4.52 -7.40%%*
(1.50) (1.23) (2,358) (1.65) (2,598)
Income 48,246 49,020 -0.53 57,232 -5.94%%%
(32,248)  (35,732) (2,158) (41,173) (2,438)
Employment 0.67 0.65 0.62 0.67 -0.27
(0.47) (0.48) (2,358) (0.47) (2,598)
Economics 0.38 0.51 -6.30%** 0.39 -0.37
(0.49) (0.50) (2,358) (0.49) (2,598)
Ethnicity
American Indian or Alaska Native - - - 0.03 -6.22%%%
- - - (0.17) (2,598)
Asian 0.08 0.11 -2.48%* 0.12 -3.41%%%
(0.27) (0.31) (2,358) (0.32) (2,598)
Black or African-American 0.11 0.13 -1.21 0.10 0.55

(0.31) (0.33) (2,358) (0.31) (2,598)
Native Hawaiian or Pacific Islander - - - -

Spanish, Hispanic or Latino 0.08 0.20 -8.67F** 0.18 -7.62%%*

(0.27) (0.40) (2,358) (0.38) (2,598)
White 0.73 0.65 3.99%** 0.66 4.07F**
(0.44) (0.48) (2,358) (0.47) (2,598)
Preferences
Risk seeking 5.11 5.49 -3.89%** 5.02 1.09
(2.30) (2.44) (2,358) (2.13) (2,558)
Ambiguity aversion 15.52 15.82 -1.28 15.34 0.81
(6.03) (5.00) (2,358) (5.28) (2,598)
Left-Right Placement 3.56 3.85 -2, 78*** 3.82 -2.37%*

(2.69) (2.42) (2,338) (2.85) (2,558)
Party affiliation

Democrats 0.52 0.47 2.48%* 0.61 -4.55%**
(0.50) (0.50) (2,358) (0.49) (2,598)
Republicans 0.22 0.20 1.32 0.19 1.77*
(0.42) (0.40) (2,358) (0.40) (2,598)
Other 0.22 0.27 -2.85%** 0.16 3.76%**
(0.42) (0.45) (2,358) (0.37) (2,598)
2020 Vote
Joe Biden 0.60 0.47 6.40%** 0.54 3.40%**
(0.49) (0.50) (2,358) (0.50) (2,598)
Donald Trump 0.13 0.20 -4.84%%* 0.15 -1.64
(0.33) (0.40) (2,358) (0.36) (2,598)
Other 0.05 0.04 1.35 0.01 4.84%%*
(0.21) (0.19) (2,358) (0.12) (2,598)
Didn’t vote 0.14 0.25 -6.90%*** 0.27 -8.00%**

(0.35) (0.44) (2,358) (0.44) (2,598)

Notes: Table reports the mean values for spectators based on the first treatment condition block they were
randomly allocated to make distribution decisions for. Asterisks indicate significant differences in mean
values between samples from a simple test of significance (with degrees of freedom in parentheses). Standard
deviations are below the means, in parentheses. *** p<0.01, ** p<0.05 , * p<0.1.
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Table 4.1d: Main Treatment Effects with Controls

Ex Ante Ex Post
Indv. Full Indv. Full

Interacted Interacted Controls Interacted Interacted Controls

Treatment - - 0.142%** - - 0.149***
. . (0.049) - . (0.043)
Male 0.157** 0.103 0.066 0.066 -0.013 0.005
(0.066) (0.073) (0.053) (0.049) (0.052) (0.043)
Education 0.027*** 0.011 -0.018 0.038*** 0.048*** 0.021
(0.010) (0.018) (0.016) (0.008) (0.012) (0.013)
Asian 0.223** 0.171 0.053 0.176** 0.183* 0.103
(0.112) (0.126) (0.092) (0.086) (0.095) (0.077)
Spanish, Hispanic, Latino -0.089 -0.142* -0.132%* 0.051 0.053 -0.009
(0.081) (0.086) (0.065) (0.063) (0.067) (0.056)
Left-Right Placement 0.017* 0.006 -0.019 0.018%* 0.001 -0.010
(0.010) (0.013) (0.012) (0.007) (0.009) (0.010)

Joe Biden Vote 0.122%* 0.058 -0.156** 0.091** -0.088 -0.161%*
(0.052) (0.079) (0.079) (0.041) (0.056) (0.063)

No Vote -0.022 -0.068 -0.136 -0.106* -0.217F** -0.202%**
(0.075) (0.095) (0.083) (0.057) (0.068) (0.068)

Constant - 1.962%** 2.208*** - 1.958%** 2.019%**
- (0.034) (0.127) - (0.034) (0.107)
Observations 1,820 1,820 1,800 2,730 2,730 2,700

Notes: Estimates come from linear regressions. Models 1 and 4 report results from individual regressions with interactions
between the specific control variable and the treatment. Models 2 and 5 report results from one model in which the treatment
is interacted with each control variable separately. Models 3 and 6 report a simple model in which the variables are added as
control variables. Robust standard errors are presented in parentheses. *** p<0.01, ** p<0.05 , * p<0.1.

)

The only variable showing a consistent and significant effect across all models is the "no
vote” variable in the ex post treatment condition. Those spectators who self-reported to not
have voted in the 2020 election, on average, are less likely to reward the risk taker in the
ex post treatment condition than in the control. They are also, however, less likely to re-

ward the risk taker across the control and ex post conditions, as the negative and significant

coeflicient in the control model shows.

VI.1.3 Demographics by Fairness Criteria in Control Condition

Table 4.1e reports differences in demographics between spectators who were identified as
having either a choice egalitarian or weakly inequality averse fairness criterion. For the pur-
pose of this comparison, the 60% consistency requirement was used, meaning that spectators
had to make at least three of the five control allocation decisions in line with the criterion. As

fairness criteria are endogenous, the results in table 4.1e are not relevant for the robustness
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of any of the main treatment effects.

Spectators who have a choice egalitarian criterion in the control condition are somewhat
older, more likely to be male, less educated, have a lower household income, are more likely
to be employed, and are less likely to have studied economics. There are also more likely to
be white and less likely to be asian and, although only weakly significanly so, less likely to be
spanish, hispanic, or latino. Arguably, the sample size for American Indian or Alaska Native
is too small to justify an interpretation of the significance test for this variable. Choice
egalitarians are also less likely to be ambiguity averse and less likely to be Republicans than

inequality averse spectators.

V1.2 Additional Results

VI.2.1 Main effects with different specifications
VI1.2.1.1. Treatment effects by confidence

Table 4.2a reports interactions of treatment and levels of confidence in the allocation deci-
sions. Spectators were asked about their level of confidence in their decision on a ten-point

scale after each allocation scenario.

The results show that the treatment effect is stronger for spectators who are more confident
in their allocation decisions. This result is comparable for both treatment conditions and
also increases somewhat when focusing only on those scenarios where the safe option is above
$1. This result is encouraging as it suggests that the treatment effect is due to a conscious

choice by spectators.

VI1.2.1.2. Treatment effects by understanding

Table 4.2b reports interactions of treatment assignment and the level of understanding of
spectators. Prior to making their first allocation decisions, spectators were asked four ques-
tions about the scenarios they would face. After answering each question, they were provided

with the correct answer to each question. The specific questions can be found in appendix

VI4.
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Table 4.1e: Demographics by revealed fairness criteria of spectators

Choice Inequality

Egalitarian ~ Aversion t-statistic

Demographics
Age 40.96 39.29 -2.91%%*
(15.19) (14.35) (2,778)
Gender 0.33 0.38 3.01%%*
(0.47) (0.49) (2,758)
Education 4.15 4.45 4.95%**
(1.62) (1.45) (2,778)
Income 45,401 52,840 5.06%**
(31,206) (39,492) (2,618)
Employment 0.69 0.64 -2.63%**
(0.46) (0.48) (2,778)
Economics 0.38 0.43 2.11%*
(0.49) (0.49) (2,778)
Ethnicity
American Indian or Alaska Native 0.02 0.00 -5.84%%*
(0.14) (0.00) (2,778)
Asian 0.02 0.15 11.28***
(0.00) (0.01) (2,778)
Black or African-American 0.13 0.13 -0.62
(0.34) (0.33) (2,778)
Native Hawaitan or Pacific Islander - - -
Spanish, Hispanic or Latino 0.13 0.16 1.87*
(0.34) (0.37) (2,778)
White 0.71 0.66 -3.08%**
(0.45) (0.48) (2,778)
Preferences
Risk seeking 5.17 5.13 -0.53
(2.38) (2.28) (2,738)
Ambiguity aversion 14.67 15.47 3.68%**
(6.03) (5.21) (2,778)
Left-Right Placement 3.50 3.57 0.69
(2.40) (2.63) (2,718)
Party affiliation
Democrats 0.60 0.56 -1.70*
(0.49) (0.50) (2,778)
Republicans 0.13 0.18 3.39%**
(0.34) (0.39) (2,778)
Other 0.21 0.23 1.12
(0.41) (0.42) (2,778)
2020 Vote
Joe Biden 0.58 0.57 -0.11
(0.49) (0.49) (2,778)
Donald Trump 0.12 0.14 1.71%
(0.32) (0.34) (2,778)
Other 0.00 0.03 6.09%**
(0.00) (0.18) (2,778)
Didn’t vote 0.23 0.23 -0.05
(0.42) (0.42) (2,778)

Notes: Table reports the mean values for spectators based on their revealed fairness criteria in the control
condition assuming 60% consistency and using the weak definition of inequality aversion. Asterisks indicate
significant differences in mean values between samples from a simple test of significance (with degrees of
freedom in parentheses). Standard deviations are below the means, in parentheses. *** p<0.01, ** p<0.05 ,
* p<0.1.
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Table 4.2a: Treatment interactions with level of confidence

Full Results Above $1
Ex Ante Ex Post Ex Ante Ex Post
Treatment x Confidence 0.016%** 0.015%** 0.023*** 0.022%**
(0.006) (0.005) (0.007) (0.006)
Constant 1.963*** 1.975%** 2.000*** 2.005***
(0.033) (0.033) (0.038) (0.037)
Observations 1,833 2,731 1,309 1,949

Notes: Estimates come from linear regressions. Confidence is self-reported and ranges from 1 to 10 with higher values
indicating more confidence in the allocation decision. Robust standard errors are presented in parentheses. *** p<0.01, **

p<0.05 , * p<0.1.

In table 4.2b, the understanding variable is coded on a five-point scale with 0 for spectators
who got all questions wrong and 4 for spectators who correctly answered all questions. As
the table reports, a higher value on this understanding scale increases the treatment effect
for both treatments. Similarly to the confidence models in table 4.2a, this effect is even
stronger when focusing only on the scenarios where the safe option is above $1. Again, these

results are encouraging as they suggest that a better understanding of the decision problem

led to spectators increasing their reward for prosocial risk-taking.

Table 4.2b: Treatment interactions with degree of understanding

Full Results Above $1
Ex Ante Ex Post Ex Ante Ex Post
Treatment x Understanding 0.061*** 0.068*** 0.075%*** 0.079%***
(0.014) (0.012) (0.016) (0.014)
Constant 1.928%** 1.910%** 1.971%%* 1.957#**
(0.033) (0.032) (0.038) (0.036)
Observations 1,850 2,775 1,322 1,982

Notes: Estimates come from linear regressions. Understanding ranges from 0 to 4 depending on the number of questions
correctly answered. A higher value indicates a better understanding of the decision problem. Robust standard errors are
presented in parentheses. *** p<0.01, ** p<0.05 , * p<0.1.
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VI1.2.1.3. Treatment effects by fairness criteria

The experimental design allows for spectators to be classified by their fairness criteria in
the control condition. Table 4.2c¢ therefore reports interactions between control condition
fairness criteria and treatment effects. In other words, the models reported in the table test

whether certain types of spectators react more strongly to the treatment than others.

Both, choice egalitarians and weakly inequality averse spectators have a robust and highly
significant positive treatment effect across both, the ex ante and the ex post treatment con-
ditions. Interestingly, spectators who cannot be classified as either choice egalitarians or as
inequality averse only have a robustly positive and significant treatment effect in the models
when using a strict definition of inequality aversion. Under the 60% consistency requirement
for weak inequality aversion the treatment effect for this subject group disappears entirely.
This suggests that the treatment effect is entirely driven by spectators whose allocation de-
cisions in the control group already follow a version of the two fairness criteria. This result
is especially surprising considering that even under the 60% consistency requirement and
the weak definition of inequality aversion, still 46 out of 185 spectators cannot be classified
as following a particular fairness criterion so given that each spectator contributes a total
of 20 allocation decisions, the lack of a significant treatment effect for this group is unlikely
to be an issue of power. Additionally, the coefficients are substantially smaller and at times
negative for this group, again suggesting that there really is no treatment effect in either the

ex post or ex ante conditions for this group of spectators.

This finding also provides additional support for the proposed theoretical model assuming
that spectators have a given fairness criterion in the control condition which they trade-off

against a reward parameter in the treatment conditions.
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Table 4.2c: Treatment interactions with fairness criteria

Full Results Above $1
Ex Ante Ex Post Ex Ante Ex Post
80% consistency
Treatment x CE 0.137%** 0.158%*** 0.165%*** 0.201%***
(0.050) (0.049) (0.061) (0.060)
Treatment x strict TA -0.048 0.119 0.091 0.290%***
(0.120) (0.097) (0.130) (0.104)
Treatment x NF 0.174%** 0.161%** 0.227%** 0.192%**
(0.054) (0.046) (0.062) (0.052)
Treatment x CE 0.137%** 0.158%*** 0.165%*** 0.201%***
(0.050) (0.049) (0.061) (0.060)
Treatment x weak TA 0.269%** 0.199%** 0.413*** 0.354%***
(0.070) (0.059) (0.076) (0.066)
Treatment x NF 0.092 0.134%*** 0.100 0.119**
(0.061) (0.049) (0.071) (0.057)
60% consistency
Treatment x CE 0.131** 0.130%*** 0.199*** 0.123**
(0.052) (0.047) (0.059) (0.056)
Treatment x strict TA 0.052 0.170* 0.190 0.357***
(0.109) (0.090) (0.118) (0.097)
Treatment x NF 0.176*** 0.167*** 0.214%*** 0.212%%*
(0.060) (0.049) (0.068) (0.056)
Treatment x CE 0.131** 0.130%*** 0.199*** 0.123**
(0.052) (0.047) (0.059) (0.056)
Treatment x weak TA 0.268*** 0.211%%* 0.359*** 0.328***
(0.060) (0.051) (0.067) (0.057)
Treatment x NF -0.046 0.085 -0.086 0.041
(0.093) (0.068) (0.109) (0.080)
Observations 1,850 2,775 1,322 1,982

Notes: Estimates come from linear regressions. Strict inequality aversion means that spectators equalised ultimate payoffs
while weak inequality aversion means spectators gave more to the decision maker who had a lower initial payoff. Consistency
relates to the number of decisions spectators made in line with the particular criterion. NF refers to spectators who cannot be
classified by either of the fairness criteria in the control condition. Robust standard errors are presented in parentheses. ***
p<0.01, ** p<0.05 , * p<0.1.
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VI.2.1.4. Treatment effects with demographic controls

Although table 4.1d already reports main treatment effects with controls based on the un-
balanced variables reported in table 4.1c, table 4.2d below reports main treatment effects for
the full sample and for scenarios with the safe option above $1 including all available control
variables in the dataset. The first result to note is again that the main treatment effects
are robust to the inclusion of this battery of control variables. The coefficients are also still
remarkably similar to the effect observed in the simple treatment comparison in figure 4.3 in
the main text. None of the control variables have a similarly robust and significant effect on
the share allocated to the risk taker as the treatment assignment. Being employed decreases
the share to a similar extent as the treatment assignment in the ex post condition. A higher
degree of risk seeking preferences is also somewhat robustly associated with a higher reward
for the risk taker while higher ambiguity aversion is correlated with a lower reward for the
risk taker. These two findings suggest that spectators judge decision makers based on their
own preferences which is not surprising. Interestingly, in the ex post condition, any type of
party affiliation is associated with a higher reward for the risk taker. On the other hand, a

vote for Joe Biden in 2020 is associated with a lower reward.

VI1.2.2 Pre-registered interaction effects

As outlined in the pre-analysis plan, table 4.2e reports estimates of the increasing treatment
effect reported in table 4.1 in the main text, interacted with outcomes over the personal
lottery and externalities. The coefficients can be read as the increase in the amount allocated

to the risk-taker for a given outcome and treatment group, if the safe option increases by

50ct.

The reported results indicate, similarly to table 4.2, that spectators show outcome bias over
the externality in the ex post treatment group. The coefficient for the scenarios in which
the externality realised is somewhat larger than if the externality did not realise. Both are
highly significant. This suggests that spectators increase the reward they allocate to risk-

takers more as the value of the safe option rises, if the externality realised.
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Table 4.2d: Treatment effects with complete demographic controls

Full Results Above $1
Ex Ante Ex Post Ex Ante Ex Post
Treatment 0.127** 0.136*** 0.196*** 0196***
(0.050) (0.044) (0.057) (0.050)
Demographics
Age -0.002 -0.003* -0.001 -0.003
(0.002) (0.002) (0.002) (0.002)
Gender 0.025 -0.052 -0.036 -0.060
(0.055) (0.045) (0.064) (0.051)
Education -0.034* 0.005 -0.044%* 0.012
(0.018) (0.014) (0.020) (0.017)
Income 0.007 0.012%* 0.014 0.012
(0.008) (0.007) (0.010) (0.008)
Employment -0.045 -0.140%** -0.029 -0.193%**
(0.062) (0.051) (0.071) (0.058)
Economics 0.094* 0.019 0.093 -0.007
(0.056) (0.046) (0.064) (0.052)
Ethnicity
American Indian or Alaska Native 0.210 0.384** 0.156 0.427**
(0.268) (0.178) (0.313) (0.186)
Asian 0.079 0.119 0.066 0.207**
(0.109) (0.087) (0.126) (0.097)
Black or African-American 0.042 -0.092 0.044 -0.102
(0.110) (0.088) (0.131) (0.099)
Natiwve Hawaiian or Pacific Islander - - - -
Spanish, Hispanic or Latino -0.111 -0.014 -0.050 0.038
(0.085) (0.069) (0.095) (0.076)
White 0.070 0.088 0.078 0.100
(0.090) (0.073) (0.101) (0.081)
Preferences
Risk seeking 0.031%* 0.058%** 0.019 0.039%**
(0.012) (0.010) (0.014) (0.012)
Ambiguity aversion -0.008 -0.012%** -0.015%** -0.017%%*
(0.005) (0.004) (0.006) (0.005)
Left-Right -0.015 0.008 -0.006 0.004
(0.015) (0.013) (0.017) (0.014)
Party affiliation
Democrats 0.491%** 0.677%** 0.342 0.583%**
(0.157) (0.124) (0.210) (0.160)
Republicans 0.302* 0.380*** 0.160 0.379**
(0.165) (0.128) (0.214) (0.161)
Other 0.292* 0.374%** 0.091 0.321%**
(0.159) (0.125) (0.211) (0.159)
2020 Vote
Joe Biden -0.396%** -0.293%** -0.247* -0.194*
(0.117) (0.093) (0.141) (0.105)
Donald Trump -0.165 -0.115 0.050 -0.040
(0.134) (0.105) (0.159) (0.113)
Other -0.080 0.393%* -0.003 0.305%*
(0.209) (0.157) (0.246) (0.183)
Didn’t vote -0.259** -0.184* -0.165 -0.168
(0.120) (0.096) (0.147) (0.107)
Constant 2.014%** 1.557*%* 2.154%*** 1.782%%*
(0.237) (0.197) (0.286) (0.232)
Observations 1,680 2,520 1,201 1,807

Notes: Estimates come from linear regressions. Detailed descriptions of each variable can be found in appendix section VI.3.
Robust standard errors are presented in parentheses. *** p<0.01, ** p<0.05 , * p<0.1.
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Table 4.2e: Increasing treatment effect interactions with outcomes

Amount allocated to Risk-Taker

Externality Lottery
v’ X v’ b'e
Control x Level x -0.025 0.195%**
(0.023) (0.029)
Ex Ante x Level x 0.050** 0.268%**
(0.023) (0.028)
Ex Post x Level x 0.181*** 0.127*** 0.031 0.279%**
(0.022) (0.022) (0.020) (0.023)
Observations 3,700 3,700 3,700 3,700

Notes: Estimates come from linear regressions. Coefficients report the effect of a particular treatment assignment interacted
with the level of the safe option and interacted with a particular outcome. Robust standard errors are presented in
parentheses. *** p<0.01, ** p<0.05 , * p<0.1.

Turning to the results of the interaction effects with outcomes over the risk-takers personal
lottery, a similar pattern across all treatment groups can be observed. While spectators
increase the reward of the risk-taking decision maker as the value of the safe option rises if
the personal lottery was unsuccessful, there is no significant increase if the personal lottery
was successful. Importantly, this increase in the reward of the risk-taking decision maker is
somewhat larger in the treatment groups than in the control group, if the personal lottery was
unsuccessful. While, on average, spectators do not reward risk-takers more if the personal
lottery was unsuccessful in the treatment compared to the control group, as reported in table

4.2, they seem to nonetheless respond more to the opportunity cost of choosing risk in the

treatment group.

VI.2.3 Full Results of Belief elicitation

Figure 4.2a illustrates spectators’ responses to the question ”Why do you think some partic-
ipants chose the risky option B?”. Each panel reports the share of spectators by treatment

condition who selected a particular option as the most important in answering that question.

Spectators were asked this question after each treatment or control block which allows for
this comparison of answers across conditions. As already reported in the main text, the only

significant treatment difference can be observed for the option ”To maximize their own
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Figure 4.2a: Full Spectator Beliefs about why decision makers took risk

—— e p——

Control ExAnte ExPost Control ExAnte ExPost Control Exnte ExPost

Control Exnte ExPost Control ExAnte ExPost

Notes: Spectators were asked why they think some participants chose the risky option B. From top left to bottom right, the
panels report the share of spectators by treatment conditions who selected the option ”To maximise their own payoff”, ”To
maximize the pair’s payoff”, ” To influence your allocation decision of the additional $4”, ”To generate the additional $2 for the
other participants”, ”Other”. The only significant difference between treatments can be observed for the first statement and

the fourth, which was however only an option in the treatment conditions.

payoft”. Spectators are less likely to select this option as the most important one in an-
swering the question in either treatment condition compared to the control conditions. This
difference can be explained by the option "To generate the additional $2 for the other par-
ticipants”, which is only an option in the treatment conditions but selected by a small share

of spectators as the most important option in explaining decision makers’ risk-taking.

After each treatment or control block of allocation decisions, spectators were also asked why
they believe some decision makers took the safe option A. Figure 4.2b reports in each panel

the share of spectators by treatment condition who selected a particular option as the most
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Figure 4.2b: Full Spectator Beliefs about why decision makers took safe option

L e

Control ExAnte Ex Post Control Ex Ante ExPost

0.00 E i i 0.00

Control ExAnte Ex Post Control Ex Ante ExPost

Notes: Spectators were asked why they think some participants chose the safe option A. From top left to bottom right, the
panels report the share of spectators by treatment conditions who selected the option ”To maximise their own payoff”, ”To
maximize the pair’s payoff”, ”To influence your allocation decision of the additional $4”, ”Other”. There are no significant

differences between treatments for any of the statements.

important in answering that question. Compared to figure 4.2a, it is striking how consistent
spectator responses are across treatment conditions. There are no significant differences but
the means are also almost identical across the conditions. This result suggests that there are
no spillovers in beliefs about the decision maker who did not take the risk when externalities

become part of the decision problem.

Spectators were also asked after each treatment or control condition block, which attributes
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Figure 4.2c: Full Spectator Beliefs about allocation decisions
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Notes: Spectators were asked which attributes they considered when making their allocation decisions. From top left to bottom
right, the panels report the share of spectators by treatment conditions who selected the option ”Inequality in earnings between
participants”, ” The choices participants made”, ” The outcome of the personal lottery”, ”Other”, ” The potential benefit for the
participant pool of choosing option B”, ”Whether the additional $2 generated for the participant pool”. The fifth option was
added for both treatment conditions and the sixth only for the ex post treatment condition. There are no significant differences

between treatments for any of the statements.

they considered when making their allocation decisions. Figure 4.2c¢ reports the share of

spectators who selected a particular attribute as most important by treatment condition.

The most selected option across all treatment conditions is ”Inequality in earnings between
participants”. Between 40-45% of spectators select this option as the most important in
each condition. The second most chosen option is ”The choices participants made”. Here,
although not statistically significant, there is a substantial drop of almost 10% in the share
of spectators who select this option as most important between the control and treatment

conditions. This difference can be explained by the small share of spectators who opt for the
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options ”The potential benefit for the participant pool of choosing option B” or ”Whether

the additional $2 generated for the participant pool” in the treatment conditions.

These beliefs are interestingly in line with the results reported in table 4.2c as spectators who
are choice egalitarians in revealed and stated preferences seemingly trade-off their fairness
criterion with a consideration for rewarding prosocial risk-taking in the treatment condi-

tions.

VI.3 Description of Variables

Share b. Continuous variable indicating the absolute share of the $4 bonus spectators al-

located to the decision maker who chose the risky option B.
Age. Continuous variable indicating the self-reported age of subject i.

Gender. Dummy variable coded as 1 if subject i indicated to be male, 0 if subject i indi-
cated to be female. Subjects who indicated ”other” or ”prefer not to answer” were coded as

missing values.

Education. Categorical variable capturing subject i’s highest level of education.
: Primary education or less

Some high school

High school degree/GED

Some college

2-year college degree

4-year college degree

Master’s degree

Professional degree (JD, MD, MBA)

Doctoral degree

Income. Categorical variable capturing the income bracket of subject i. Values are stated
in US Dollar ($).

1: Under $10,000

2: $10,000 to $20,000
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$20,001 to $30,000
$30,001 to $40,000
$40,001 to $50,000
$50,001 to $60,000
$60,001 to $80,000
$80,001 to $100,000
$100,001 to $150,000
10: $150,001 to $200,000
11: $200,001 to $350,000
12: $350,001 to $500,000
13: Above $500,000

Employment. Dummy variable coded as 1 if subject i indicated that they are in either full
or part time employment or a business owner and 0 if subject i indicated to be unemployed,

retired or a student.

Economics. Dummy variable coded as 1 if subject i indicated that they have taken a mod-
ule in economics or a related subject at University. A value of 0 indicates that subject i

either has not taken a module in economics or has never attended higher education.

Left-Right Placement. Continuous variable capturing subject i’s self-reported placement

on a political left-right scale with 0 indicating ”Left” and 10 indicating ”Right”.

Party affiliation. Categorical variable capturing subject i’s self-reported political party
affiliation. Those who responded with "Don’t know” were coded as missing variables.

1: Democratic Party

2: Republican Party

3: Other

2020 Vote. Categorical variable capturing subject i’s self-reported vote in the 2020 Presi-
dential election. Those who responded with ”"Don’t remember” or ”Prefer not to say” were

coded as missing variables.

1: Joe Biden
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2: Donald Trump
3: Other candidate
4: Didn’t vote

Risk seeking. Variable capturing subject i’s willingness to take risks on a scale from 0 to
10, where 0 means ”completely unwilling to take risks” and a 10 means ”very willing to take

risks”.

Ambiguity aversion. Variable capturing subject i’s degree of ambiguity aversion on a scale
from 4 to 28. This variable combines subjects’ responses to the four questions of item D12
which can be found in appendix VI.4 and is taken from the module on measuring ambiguity
aversion in (Cavatorta and Schroder 2019). The possible responses to each question range
from 1 indicating ”strongly agree” to 7 indicating ”strongly disagree”. A higher value on

this scale therefore indicates a lower degree of ambiguity aversion.
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V1.4 Experimental Instrument

VI.4.1 Stage I: Decision Makers

Decisions 1-7 are presented in randomized order during the experiment and vary in the
amount of the certain option A (from $0.5 in decision 1 to $3.5 in decision 7). Below, only
decision 3 (with a certain option of $1.50) is shown as an example. Text which is only shown

in the treatment condition is highlighted.

Introduction:

Thank you for participating in this study. In the following, you will be asked to make a
number of decisions that will influence the bonus payment you can receive for this study.
Specifically, you will be asked seven times to decide between two options. Option A is always
a certain payment while option B is a lottery with a potentially higher payoff. If you choose
option B and irrespective of the outcome of the lottery, there is also a 50% chance that an
additional $2 will generate. If this is the case, we will use these $2 to reward two randomly

chosen participants from other studies. Below is an example decision you might face:

Option A (certain) Option B (risky) Option A (certain) Option B (risky)
RS =8 S &8
. - W N L
A certain $1.5 A 50% chance to receive A certain $1.5 A 50% chance to receive
$4 and a 50% chance to $4 and a 50% chance to
receive $0 receive $0

+50% chance to generate

a bonus payment for other [
porticipants MM

$1 $1

Figure 4.4a: Control Screen Figure 4.4a: Treatment Screen

While option B will remain the same throughout the seven decisions, the value of option A,

which is a certain payment, will vary.

After you made your decisions, you will be paired with another participant and one of the
decisions you made will be randomly selected to determine your bonus payment. All of the

seven decisions you make have an equal chance of being selected for payment.
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You will then be asked a set of questions about yourself and about the choices you just made.

Before you receive your bonus payment, a third participant will have the option to allocate
an additional $4 between you and the other participant as they wish. Depending on the
choices you make and the decision of the third participant, you can therefore receive a total
of $8 in bonus payments in this study. To receive a bonus payment, you need to complete

the full study. This should take about 10 minutes.

Understanding:
Before you make your first decision, please answer the following questions. Your final pay-
ment will not depend on your answers to these questions. However, please answer to the

best of your ability as your answers will impact the quality of our research.®

U1: How many decisions are you asked to make?
°5
o7
e 10
e Don’t know
U2: Which one of the two options remains the same throughout the decisions?
e The certain option A
e The risky option B
e Don’t know
U3: What will determine your final bonus payment? Please select all that apply.
e The sum of all the choices you make

e One randomly selected choice

8 After subjects have submitted their answers to U1-U4, the correct answers will be displayed before they
can proceed to the next page.
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e The allocation decision of $4 by a third participant between you and the other partic-

ipant in your pair
e The sum of all the choices made by the other participant in your pair
e Don’t know

U4: If you choose the risky option B, how high is the chance that $2 will generate that we

will use to pay additional participants?
e 0%

25%

50%

75%

100%

Don’t know
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Example Decision:

Please carefully consider the below two options. The option you choose has a chance of 1 in
7 to determine your bonus payment for this study. Once you leave this screen, you cannot
change the decision you made. Please remember that if you choose option B and irrespective
of the outcome of the lottery, there is also a 50% chance that an additional $2 will generate
that will be used to reward two randomly chosen participants from other studies. Which

option would you like to choose?

Option A (certain) Option B (risky) Option A (certain) Option B (risky)
4 - g r - y 4 - 2 -
A certain $1.5 A 50% chance to receive A certain $1.5 A 50% chance to receive
$4 and a 50% chance to $4 and a 50% chance to
receive $0 receive $0

+50% chance to generate

a bonus payment for other e o
participants MM
sl sl

Figure 4.4b: Control Screen Figure 4.4b: Treatment Screen

Confidence: On a scale from 0 to 10, please indicate how confident you are in the decision

you just made.
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Reasoning Questions:

J1: Please explain your reasoning for the decisions you just made:

J2: Did you choose option B in any of the decisions:
e Yes
e No

J3: [if previous question Yes] Why did you choose option B in those cases? Please select all

that apply.
e To maximise my own payoff
e To generate the additional $2 for the other participants
e To influence the allocation decision of the $4 by the third participant
e Other

J4: Which of the reasons you selected for choosing option B was most important for your

decision making?

e To maximise my own payoff

To generate the additional $2 for the other participants

To influence the allocation decision of the $4 by the third participant

Other

All were of equal importance
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Belief Questions:

B1: Please assume for now that the below decision will get selected for payment and the
other participant in your pair did not choose the same option as you. Remind yourself of the
choice you made. How much of the additional $4 do you expect the third participant would

allocate to you in this case if they were fully informed about your and the other participant’s

choices?
Option A (certain) Option B (risky) Option A (certain) Option B (risky)
Q‘ &D “ G‘
A certain $2 A 50% chance to receive A certain $2 A 50% chance to receive
$4 and a 50% chance to $4 and a 50% chance to
receive $0 receive $0
+50% f‘:shagcﬁjggc;o;a!; [ 3 )
P men for oth @@
Figure 4.4c: Control Screen Figure 4.4b: Treatment Screen

Confidence: On a scale from 0 to 10, how confident are you in the estimate you just

provided?

B2: On a scale from 0 to 10, how much autonomy do you feel you have over your final

earnings?
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VI1.4.2 Stage II: Spectators

Decisions 1-20 are presented in randomized order during the experiment. Below, one decision

from each treatment and control condition is shown as an example.

Introduction:

Thank you for participating in this study. In the following, you will be asked to decide on
an allocation of money between two participants. You will be asked to make a total of 20
allocation decisions. While 19 of these decisions are hypothetical, 1 will determine the actual
payment for a participant pair. Please consider each decision carefully as we will not inform
you about which of the 19 decisions is the one that determines actual payoffs for the two
participants. After making the 20 allocation decisions you will be asked a set of questions
about yourself and about the choices you just made. You will also have the opportunity to

earn an additional bonus payment.

Control Condition:

You will now be asked to make your first /next five allocation decisions. All of the participants
within the pairs already had the chance to receive an income based on a choice they were
asked to make. Specifically, they were asked to decide between two options. Option A is
always a certain payment while option B is a lottery with a potentially higher payoff. Below

is an example of a decision they might have faced:

Option A (certain) Option B (risky)

¢1 >
RS

A certain $1.5 A 50% chance to receive
$4 and a 50% chance to
receive $0
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While option B always remains the same across all potential scenarios you will face, the
value of option A, which is a certain payment, may vary. You will be informed about the
decision the participants faced, the choice they made, and their resulting current

earnings. You then have the option to allocate an additional $4 between the pair.

Ex ante Treatment Condition:

You will now be asked to make your first /next five allocation decisions. All of the participants
within the pairs already had the chance to receive an income based on a choice they were
asked to make. Specifically, they were asked to decide between two options. Option A is
always a certain payment while option B is a lottery with a potentially higher payoff. If
a participant chose option B and irrespective of the outcome of the lottery, there was also
a 50% chance that an additional $2 generated. In these cases, the $2 have been used to
reward two randomly chosen participants from other studies. Participants were aware of
this possibility when making their decisions. Below is an example of a decision they might

have faced:

Option A (certain) Option B (risky)

A certain $1.5 A 50% chance to receive
$4 and a 50% chance to
receive $0

+ 50% chance to generate

a bonus payment for other ii

participants

While option B always remains the same across all potential scenarios you will face, the
value of option A, which is a certain payment, may vary. You will be informed about the
decision the participants faced, the choice they made, and their resulting current
earnings but not about whether the additional $2 generated. You then have the option

to allocate an additional $4 between the pair.
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Ex post Treatment Condition:

You will now be asked to make your first/next ten allocation decisions. All of the partici-
pants within the pairs already had the chance to receive an income based on a choice they
were asked to make. Specifically, they were asked to decide between two options. Option
A is always a certain payment while option B is a lottery with a potentially higher payoff.
If a participant chose option B and irrespective of the outcome of the lottery, there was
also a 50% chance that an additional $2 generated. In these cases, the $2 have been used
to reward two randomly chosen participants from other studies. Participants were aware of
this possibility when making their decisions. Below is an example of a decision they might

have faced:

Option A (certain) Option B (risky)

A certain $1.5 A 50% chance to receive
$4 and a 50% chance to
receive $0

+ 50% chance to generate

a bonus payment for other e o
participants n n

While option B always remains the same across all potential scenarios you will face, the
value of option A, which is a certain payment, may vary. You will be informed about the
decision the decision the participants faced, the choice they made, their result-
ing current earnings, and whether the additional $2 generated. You then have the

option to allocate an additional $4 between the pair.

Understanding:
Before you make your first decision, please answer the following questions. Your final pay-

ment will not depend on your answers to these questions. However, please answer to the
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best of your ability as your answers will impact the quality of our research.”

U1l: How many decisions are you asked to make in total?
e 10
e 20
e 30

Don’t know

U2: Which one of the two options remains the same throughout the decisions?
e The certain option A
e The risky option B
e Don’t know

U3: How many of your decisions will result in an actual payment for the two participants?

Don’t know

U4: If a participant chose the risky option B, how high is the chance that $2 will generate

that we will use to pay additional participants?*’

o 0%

9 After subjects have submitted their answers to U1-U4, the correct answers will be displayed before they
can proceed to the next page.

10This questions is displayed together with U1-U3 if spectators are randomly allocated to see one of the
treatment conditions first. If spectators see the control conditions first, this question is displayed on its own
after the introduction of the second condition.
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25%

50%

5%

100%

e Don’t know

Reminder:
You will now make five/ten allocation decisions. Please remember that one of your decisions

will determine the real payment of two individuals who participated in this study.
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Control Decision Example:

Please carefully consider the below scenario. Participant 1 and 2 both faced the following

decision:

Option A (certain) Option B (risky)

A certain $1.5 A 50% chance to receive
$4 and a 50% chance to
receive $0

The outcomes for both participants and the choices they made are given below:

Participant 1 Participant 2
Earnings: $4 Earnings: $1.5
Choice: Option B Choice: Option A

You are now asked to allocate an additional amount of money between the pair. You can

allocate this money as you wish. Please note, you have to allocate the total amount of $4.

Please specify the amount you would like to allocate to each participant. You may use up
to two decimal points when specifying each amount. Please ensure the two values add up to
$4 before proceeding.
Participant 1 (in $):
Participant 2 (in $):
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Confidence: On a scale from 0 to 10, please indicate how confident you are in the decision

you just made.
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Ex Ante Treatment Decision Example:
Please carefully consider the below scenario. Participant 1 and 2 both faced the following

decision:

Option A (certain) Option B (risky)

A certain $1.5 A 50% chance to receive
$4 and a 50% chance to
receive $0

+ 50% chance to generate

a bonus payment for other ii

participants

The outcomes for both participants and the choices they made are given below. Whether

the additional $2 generated or not will be revealed after your allocation decision:

Participant 1 Participant 2
Earnings: $4 Earnings: $1.5
Choice: Option B Choice: Option A

. [ 3 )

. 2
Additional $2: ? nm
2

You are now asked to allocate an additional amount of money between the pair. You can

allocate this money as you wish. Please note, you have to allocate the total amount of $4.

Please specify the amount you would like to allocate to each participant. You may use up
to two decimal points when specifying each amount. Please ensure the two values add up to

$4 before proceeding.

Participant 1 (in $):
Participant 2 (in $):

Confidence: On a scale from 0 to 10, please indicate how confident you are in the decision
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you just made.

Ex Post Treatment Decision Example:

Please carefully consider the below scenario. Participant 1 and 2 both faced the following

decision:

Option A (certain) Option B (risky)

A certain $1.5 A 50% chance to receive
$4 and a 50% chance to
receive $0

+ 50% chance to generate

a bonus payment for other ii

participants

The outcomes for both participants and the choices they made are given below. Because
participant 2 chose the risky option B, an additional $2 generated and two randomly chosen
participants from other studies have been given a $1 bonus payment ($2 in total) / De-
spite participant 2 having chosen option B, the additional $2 did not generate and the two
randomly chosen participants from other studies have not been given a $1 bonus payment

($2 in total):

Participant 1 Participant 2
Earnings: $4 Earnings: $1.5
Choice: Option B Choice: Option A

-, [ K )
Additional $2: No nm
$0 $0

You are now asked to allocate an additional amount of money between the pair. You can

allocate this money as you wish. Please note, you have to allocate the total amount of $4.

Please specify the amount you would like to allocate to each participant. You may use up
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to two decimal points when specifying each amount. Please ensure the two values add up to

$4 before proceeding.

Participant 1 (in $):
Participant 2 (in $):

Confidence: On a scale from 0 to 10, please indicate how confident you are in the decision

you just made.
Beliefs and Preferences!!
B1: How did you decide on the allocation of income within the participant pairs?

B2a: Which of the following attributes did you consider when making your allocation deci-

sions? Please select all that apply.
e Inequality in earnings between participants

e The choices participants made

The outcome of the personal lottery in option B

Whether the additional $2 generated for the participant pool!?

The potential benefit for the participant pool of choosing option B

Other

B2b: How important were each of the attributes you just selected for your allocation deci-
sions? Please allocate a total of 100 points across the attributes you selected. Please ensure
that the more important an attribute was to your decision making, the more points you

allocate to it.

B3a: Why do you think some participants chose the risky option B? Please select all that

apply.

e To maximise their own payoff

11B1-B4 are asked after each condition. Highlighted options are only displayed in the two treatment
conditions. B5-B9 are asked after all three conditions were completed.
12This option is only included in the ex ante treatment condition.
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e To maximise the pair’s payoff

e To generate the additional $2 for the other participants
e To influence your allocation decision of the additional $4
e Other

B3b: Which of the reasons you just selected do you think was the main reason why some

participants chose the risky option B?

B3conf: On a scale from 0 to 10, please indicate how confident you are that this was the

main reason why some participants chose the risky option B.
B4: Why do you think some participants chose the certain option A? Please select all that
apply.

e To maximise their own payoff

e To maximise the pair’s payoff

e To influence your allocation decision of the additional $4

e Other

B4b: Which of the reasons you just selected do you think was the main reason why some

participants chose the certain option A?

B4conf: On a scale from 0 to 10, please indicate how confident you are that this was the

main reason why some participants chose the certain option A.

B5: What percentage of decision makers do you believe chose the risky option B in the
below scenarios? You will receive a bonus payment of 10ct for each estimate that is within
+/-5 percentage points of the correct answer. If all of your estimates are correct, you will

therefore be able to earn an additional bonus payment of $1.13

I think the percentage of decision makers who chose the risky option B in the scenario where

13Each spectator is asked to answer B5 for five randomly selected values of A in the control and treatment
condition.
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the certain option A was [x]| and it was not possible to generate the additional $2 is:
10% 20% 30% 40% 50% 60% 70% 80% 90% 100%

I think the percentage of decision makers who chose the risky option B in the scenario where

the certain option A was [x]| and it was possible to generate the additional $2 is:
10% 20% 30% 40% 50% 60% 70% 80% 90% 100%

B6a: Which of the following do you believe apply? Please choose all options that you agree

with. The $2 for the two other randomly chosen participants:
e Will decrease income inequality between all participants on Prolific Academic
e Will increase income inequality between all participants on Prolific Academic
e Will benefit the two participants who receive it
e Will not matter to the two participants who receive it
e [s unfair because they did nothing to receive it

e Will increase the total amount of money all participants on Prolific Academic have

combined

B6b: Which of the statements you just selected do you agree with most? The $2 for the

two other randomly chosen participants:

B7: On a scale from 0 (lower) to 10 (higher), what do you believe is the effect of the $2
the two randomly chosen participants might receive, if a decision maker chose option B, on

income inequality between all participants on Prolific Academic?

B8: Do you believe risk-taking should be rewarded?
e Yes
e No
e [ don’t know

e [ don’t have an opinion on this
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B9: Do you believe risk-taking for the benefit of society should be rewarded?
e Yes
e No
e [ don’t know

e [ don’t have an opinion on this
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V1.4.3 Demographics

In this final part of the study, we will ask you a few of questions about yourself. Please read
the questions carefully and answer honesty. This part should take only 2-3 minutes.

D1: How old are you?

D2: What is your gender?

e Female

e Male

e Other

e Prefer not to answer

D3: To which of these groups do you consider you belong? You can choose more than one

group.
e American Indian or Alaska Native
e Asian
e Black or African-American
e Native Hawaiian or other Pacific Islander
e Spanish, Hispanic or Latino
e White
e Other group
e Prefer not to answer
D4: Which category best describes your highest level of education?
e Primary education or less

e Some high school
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e High school degree/GED

e Some college

e 2-year college degree

e 4-year college degree

e Master’s degree

e Doctoral degree

e Professional degree (JD, MD, MBA)
e Prefer not to answer

D5: What is your total (annual) household income before tax?

e Under $10,000

$10,000 - $20,000

$20,001 - $30,000

$30,001 - $40,000

$40,001 - $50,000

$50,001 - $60,000

$60,001 - $80,000

$80,001 - $100,000

$100,001 - $150,000

$150,001 - $200,000

$200,001 - $350,000

$350,001 - $500,000
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e Above $500,000
e Don’t know
e Prefer not to answer
D6: What is your current employment status?
e Full-time employee
e Part-time employee
e Self-employed or small business owner
e Medium or large business owner
e Unemployed and looking for work
e Student
e Not currently working and not looking for work (e.g. full-time parent)
e Retiree
e Prefer not to answer
D7: Have you ever taken a module on economics or a related subject area at university?
e Yes
e No
e [ have never attended higher education

D8: In politics people sometimes talk of left and right. Where would you place yourself on

the following scale?

D9: Which party do you feel closest to?
e Democratic Party

e Republican Party
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e Other
e Don’t know
D10: Who did you vote for in the recent 2020 Presidential Election?
e Joe Biden
e Donald Trump
e Other candidate
e Didn’t vote
e Don’t remember
e Prefer not to say

D11: Please tell us, in general, how willing or unwilling you are to take risks. Please use a
scale from 0 to 10, where 0 means ”completely unwilling to take risks” and a 10 means you
are ”"very willing to take risks”. You can also use any numbers between 0 and 10 to indicate

where you fall on the scale.

D12: Please respond to the following statements by indicating the extent to which you agree

or disagree with them on a scale from 1 (I strongly agree) to 7 (I strongly disagree).
e There is a right way and a wrong way to do almost everything
e Practically every problem has a solution
e [ feel relieved when an ambiguous situation suddenly becomes clear
e | find it hard to make a choice when the outcome is uncertain

D13: Do you have any feedback or impressions regarding this study?
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V1.5 Pre-Analysis Plan

VI.5.1 Motivation

Many decisions people make have the potential to create positive externalities. This is espe-
cially the case for decisions that are made under uncertainty: Starting a business, developing
new technologies, or investing into new ventures, are all decisions that involve uncertainty
about personal gains and losses, but have potential positive externalities for wider society.
For example, a successful entrepreneur may create jobs, knowledge spillovers, or improve
welfare through her products and services. The likelihood of a person choosing such en-
trepreneurial activities is however affected by whether and how societies reward this deci-
sion.! One channel that may affect such rewards are individuals’ distributive preferences.
If individuals hold a preference to reward risk takers who create positive externalities for
society, then this creates demand for policies in line with such preferences. How potential
externalities affect distributive preferences is however an open question. In this study, I will
provide a theoretical framework and a first experimental test of how potential externalities

affect distributive preferences when income is earned under uncertainty:.

VI1.5.2 Experimental Design

My basic experimental design follows in particular Cappelen et al. (2013a) by asking an
impartial spectator to decide on a fair allocation of a monetary bonus between two decision
makers. Prior to spectators making their distributive choice, decision makers have to choose
between a lottery and a safe income. In the treatment condition, choosing the lottery does
not just yield a potentially high reward for the decision maker if successful, but might also

result in positive externalities for the participant pool.

Stage 1: Participants recruited via Prolific Academic participate in either the control or

treatment condition that determines individual payoffs.

Control: Subjects are asked to decide between the following two options seven times,

one choice being randomly selected for payment, each time with a slightly different value

4For example, providing entrepreneurs with tax breaks has been shown to incentivise similar en-
trepreneurial activities (e.g. Djankov et al. 2010; Da Rin et al. 2011; Venéncio et al. 2020).
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for option 1:
Option 1: $0.5/$1/$1.5/$2/$2.5/$3/$3.5
Option 2: A 50% chance to receive $4 and a 50% chance to receive $0.

Treatment: Subjects are asked to decide between the following two options seven times,
one choice being randomly selected for payment, each time with a slightly different value
for option 1:

Option 1: $0.5/$1/$1.5/$2/$2.5/$3/$3.5

Option 2: A 50% chance to receive $4 and a 50% chance to receive $0. Irrespective of
the outcome of the lottery, there is a 50% chance that an externality of $2 will generate

which will be used to reward two randomly chosen participants from other studies.

Stage 2: Participants are paired based on the procedure outlined in IV.2 and one of the
seven decisions subjects made is randomly chosen to determine payoffs. Each pair consists
of a subject that chose the lottery and a subject that chose the safe option for the randomly
selected decision. This is however unknown to subjects prior to making their choice, to en-
sure that subjects cannot make strategic decisions about the likely composition of the pair.

Importantly, only subjects within the same treatment condition are matched.

Stage 3: Impartial Spectators, who have not participated in the first two stages of the
experiment, are asked to allocate a windfall bonus of $4 between pairs of decision makers in
one control and two treatment conditions. Each spectator makes allocation decisions in all

three conditions, but the order in which spectators see these conditions is randomized:

Control condition: Spectators allocate the $4 between pairs of decision makers from
the control group in stage 1. They receive full information of the choices made and the

resulting earnings of each decision maker.

Ex ante treatment condition: Spectators allocate the $4 between pairs of decision
makers from the treatment group in stage 1. They receive full information of the choices
made and on the resulting earnings of the decision makers but no information on whether

the externality realised or not.

Ex post treatment condition: Spectators allocate the $4 between pairs of decision
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makers from the treatment group in stage 1. They receive full information of the choices
made, the resulting earnings of the decision makers, and on whether the externality

realised or not.

Figure 4.5a shows example scenarios spectators might face during the experiment. Impor-
tantly, spectators only compare the decisions of two subjects for the same choice set, i.e.,
the choices made when faced with the same safe and risky option. They also do not have

the option to communicate with the participants.

Overall, spectators make 20 such allocation decisions - 5 in the control condition, 5 in the
ex ante treatment condition, and 10 in the ex post treatment condition - with 19 being
hypothetical and one resulting in actual payoffs for a participant pair. Spectators however
do not know which of the allocation decisions will result in actual payoffs when making their

decisions.'?

VI.5.3 Research Question and Hypotheses

The primary research question of this study is ‘How do positive externalities affect distribu-

tive choices for income earned under uncertainty?’. 1 make several theoretical predictions:

Hypothesis 1a: The share of the bonus allocated to the subject choosing the lottery is

higher in the ex ante treatment than in the control condition.!®

Hypothesis 1b: The treatment effect in Hla increases as the value of the safe option A

increases.!”

Hypothesis 2a: The ex post treatment effects in Hla and H1b are larger when the exter-

nality realised than when it did not.

15This method is commonly used in experimental designs to increase the number of observed choices
without affecting the behaviour of the subjects (Charness et al. 2016).

16That is, if the difference between the expected size of the externality and the expected personal benefit
from choosing the risky option is positive or zero. Therefore, H1 will primarily be tested for decisions where
option A > $1.

1"This effect could be nonlinear as it may be particularly strong in those cases where the EMV of the
lottery is smaller than the EMV of the safe option (when the safe option is > $2). That is, because risk
takers incur an actual cost to their own expected payoff in those instances which spectators may wish to
compensate.
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Figure 4.5a:

Example Spectator Scenarios in Control & Treatments

Option A (certain)

s

;
%

A certain $1.5

Participant 1
Earnings: $4

Choice: Option B

Option B (risky)

A 50% chance to receive
$4 and a 50% chance to
receive $0

Participant 2
Earnings: $1.5

Choice: Option A

Option A (certain)

= =

B

A certain $1.5

Participant 1
Earnings: $4
Choice: Option B

- . [ )
Additional $2: ? MM
? ?

Option B (risky)

)

=

A 50% chance to receive
$4 and a 50% chance to
receive $0

+50% chance to generate

TSI

participants
$1 $1

Participant 2
Earnings: $1.5

Choice: Option A

Option A (certain)

%99

A certain $1.5

Participant 1
Earnings: $4

Choice: Option B

Option B (risky)

£
3

A 50% chance to receive
$4 and a 50% chance to
receive $0

+50% chance to generate

a bonus payment for other e o
participants MM
s 81

Participant 2
Earnings: $1.6

Choice: Option A

Option A (certain)

A certain $1.5

Participant 1
Earnings: $4

Choice: Option B

Option B (risky)

iz

>

A 50% chance to receive
$4 and a 50% chance to
receive $0

+50% chance to generate

a bonus payment for other ii
participants
s 81

Participant 2
Earnings: $1.5

Choice: Option A

- Additional $2: Yes (]

$0 S0 $1 81

Additional $2: No

Notes: These figures illustrate example screens spectators face during the experiment. The top left panel shows a control
condition scenario, the top right panel shows an ex ante treatment condition scenario, and the two bottom panels show ex post
treatment scenarios with different outcomes for the lottery over the externality. For comparability, the personal lottery decision

makers faced and its outcome is identical and positive in all four cases.

295



Hypothesis 2b: The ex post treatment effects in Hla and H1b are larger when the personal

lottery was unsuccessful than when it was successful.

While not central to the main research question of this study, the first stage of the experimen-
tal design also allows me to test whether the choices made by decision makers are affected

by the potential positive externalities of the risky option. H3 follows:

Hypothesis 3: Decision makers are more risk seeking in the treatment than in the control
group.
H3 also provides a further justification for providing spectators with hypothetical as well as

real decision scenarios, given that the distribution of choices is expected to be different in

the treatment as opposed to the control group.

VI1.5.4 Sampling

Based on a power analysis, a minimum total number of 840 spectator decisions is required
for each control and treatment condition to achieve a power target of 0.9. Given that each
spectator makes at least five individual allocation decisions for each condition, and to allow
for potential attrition or other unforeseeable circumstances, a total of 180 spectators and
360 decision makers will be recruited. Of those 360 decision makers, 120 will be randomly
allocated to the control group and 240 to the treatment group. This results in 3600 individual
spectator decisions with 180 of those decisions determining the actual payoff of pairs of

decision makers.

Spectators and decision makers will be recruited via Prolific Academic and the experiment

will be coded in Qualtrics. Randomization will be done automatically via Qualtrics.

VI1.5.4.1. Participation Criteria

Prolific Academic allows to restrict participation based on pre-defined critera. I will restrict

participation to the following subjects:

1. Those currently resident in the United States.
2. Subjects who have not participated in the pilot study.
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Additionally, I will exclude subjects from the main analysis if they have not completed all

seven (or 20 for spectators) decisions.

VI1.5.4.2. Matching of Decision Maker Pairs

As decision maker pairs have to consist of a person who chose the certain option A and a
person who chose the risky option B for a given amount of option A, the matching of pairs
will be conducted as follows:

1. Decision makers are grouped based on the first decision they saw during the experiment
(the order of decisions is randomized for each subject).

2. Decision makers within each group receive a random number from a subset, depending
on the choice they made for the given decision (either option A or option B).

3. Decision makers with the same numbers in the option A and option B subsets are
paired.

4. Those decision makers who could not be paired are allocated to new groups based on
the second decision they saw during the experiment.

5. Steps 2-4 are repeated until all decision makers are paired or all 7 decisions are
exhausted for matching. In that case, the remaining decision makers are paired randomly
with a random decision being selected, even if both decision makers chose the same option
for this decision, and spectators are asked to decide on the allocation of the bonus between

those pairs. These decisions may be used for additional analysis.

VI1.5.5 Empirical Strategy
VI1.5.5.1. Main Outcome Variable

The main outcome variable of interest to test hypotheses 1la-2b is the share of the bonus
allocated to the subject in the decision pair who chose the risky option B. This is denoted
as y, and is equal to $4-y,, whereby y, is equal to the share of the bonus allocated to the
subject who chose the safe option A. Spectators can choose values with up to two decimal

points to allow for sufficient variation in spectator choices.
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V1.5.5.2. Hypothesis Testing

To estimate average treatment effects, I plan to use non-parametric Wilcoxon rank-sum tests.
Additionally, I will run simple regression models with spectator-fixed effects to account for
the fact that each spectator contributes 20 individual observations in my sample.

To test Hla, I then estimate the following simple model:

Yrd = & + 51TAT,d + €rd (45)

Here, a is equal to the share of the bonus y, the risk-taking decision maker receives in the
control condition where no externalities are present for a given decision d. d; is then equal to
the effect of the ex ante treatment condition (T'A, 4) on y,. As I expect 0, to only be positive
if the difference between the size of the expected externality and the benefit of choosing the
lottery is positive, I restrict the above analysis to those decisions where option A > $1.

To test H1b, I estimate the below model:

Yr = 52TA7‘ X dr + €r (46)

Here, 0, is equal to the combined effect of a $1 increase in the safe option A and being in
the ex ante treatment as opposed to the control condition on the share of the bonus y, the

risk-taking decision maker receives. H1b predicts that d, will be positive.

To test H2a and H2b I will estimate the following models:

yr = 03T P, X e, + ¢, (4.7)

yr = 64TP x I, + € (4.8)

Here, e, and [, are dummy variables equal to 1 if the externality or personal lottery of the
risk-taking subject realised, respectively. T P, now refers to the ex post treatment condition.

H2a predicts a positive d3 in equation 4.7 and H2b predicts a negative 4 in equation 4.8.

I will also test whether the effect predicted by H1b, and estimated in equation 4.6, increases
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when the externality realised as predicted by H2a; and whether it decreases when the personal

lottery did not pay off, as predicted by H2b. To this end, I will estimate the following models:

yr = 65T P, X dy X €, + €, (4.9)

Yr = 06T P. X d, X I, + € (4.10)

Here, e, and [, are again dummy variables equal to 1 if the externality or personal lottery
of the risk-taking subject realised, respectively. TP, again refers to the ex post treatment
condition. H2a predicts a positive 05 in equation 4.9 and H2b predicts a negative dg in

equation 4.10.

Finally, to test H3, I will calculate the proportion of decision makers who chose the risky
option B for each level of option A and conduct a Pearson’s chi-squared test of the frequency

distributions for the treatment and control groups.

VI1.5.5.3. Exploratory Analysis of potential mechanisms

If the previously outlined analysis supports Hla and y, is larger in the (ex ante) treatment
than control group, I plan to explore the underlying potential mechanisms for such an effect
by testing whether spectator beliefs (B1-B9) differ significantly between the treatment and

control conditions.

I further plan to estimate whether spectators follow particular fairness ideals following Cap-
pelen et al. (2013a). Specifically, I will estimate the probability of spectators following an
ex ante (choice egalitarian), or ex post (inequality averse) fairness ideal in their allocation
decisions. I will then estimate whether the distribution of these fairness ideals differs be-
tween treatment and control conditions. I will also test whether the presence of externalities
might create a trade-off between the fairness ideal of a spectator and a desire to reward
the risk-taking decision maker. To this end, I will develop a theoretical model building on
the model developed by Cappelen et al. (2007, 2013a, 2016) and structurally estimate its

parameters.
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VI1.5.5.4. Heterogeneity Analysis

I plan to test for heterogeneous treatment effects along the following dimensions:

Level of confidence in distributive choice
Gender (D2)

Education level (D4)

Household income (D5)

Political left-right placement (D8)

Party affiliation (D9)

Risk preferences (D11)

© »® s ok -

Ambiguity aversion (D12)

VI1.5.6 Ethics

This study has received ethical approval from King’s College London. The reference number
is MRSP-21/22-30100. No deception is being used in this experiment and no information is
collected that would allow subjects to be personally identified.

VI1.5.7 Power Analysis

Using the results of a pilot study conducted in December 2021, a simple power analysis can
be conducted to estimate the required sample size for the main experiment. While none of
the treatment effects reached conventional levels of significance in the pilot, the coefficients
ranged from 0.298 to 0.598. I therefore assume a conservative treatment effect of 0.250, an
alpha of 0.05 and use the standard deviation of the main outcome variable of 1.58 observed
in the pilot sample. The figure below reports the required sample size for a given level of
statistical power. To reach statistical power of 0.9 a sample size of at least 1679 is required.
Importantly, all of the hypotheses tests will be conducted between the control condition and
only one of the two treatment condition. Therefore, a total of 840 observations per control

and treatment condition are required.
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Figure 4.5b: Power Analysis: Hypothetical Treatment Effect = 0.25, SD = 1.58
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